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1. Introduction  

Existing studies generally find that actively managed equity funds underperform their 

respective benchmarks and charge high management fees. However, seemingly despite this, 

actively managed equity funds have steadily increased in number and funds invested relative 

to index funds. Some studies have suggested that this is because of a so-called ‘smart money 

effect’, that is, the ability of investors to identify funds that are able to perform better in the 

future and then place money in these funds. Examples in developed markets include Gruber 

(1996) and Zheng (1999) in the US, Keswani and Stolin (2008) in the U.K, Vicente, Ortiz and 

Andreu (2008) and Andreu, Ortiz and Sarto (2008) in Germany and Spain, Gharghori, 

Mudumba and Veeraraghavan (2007), Gharghori, Sujoto and Veeraraghavan (2008) in 

Australia, and in emerging markets, Peng, Chen, Shyu and Wei (2011) in Taiwan. However, 

some other studies also find no evidence of a smart money effect in managed funds, including 

Sapp and Tiwari (2004) in the US and ul Haq, Khurshed and Espenlaub (2011) in the U.K and 

Renneboog, Ter Horst and Zhang (2008) in terms of socially responsible investment (SRI) 

funds worldwide. The evidence of smart money is thus not only limited but also mixed and this 

compels us to investigate if smart money exists in other national markets and for other types 

of mutual funds. In this regard, and to our best knowledge, no existing work examines the smart 

money effect in Malaysia and in the context of Islamic equity funds.  

This paper investigates the smart money effect in Malaysia—a key emerging market with the 

largest number of Islamic equity funds worldwide (Marzuki and Worthington 2014). Our 

planned analysis closely follows the seminal method established in Sapp and Tiwari (2004). 

However, as an extension, we also investigate if there is difference in fund selection ability 

between the two key groups of investors, namely, Islamic equity fund (IEF) and conventional 

equity fund (CEF) investors. Our study involves conducting performance tests on new money 

portfolios. We employ two models to conduct the performance tests following Fama and 

French’s (1993) three-factor and Carhart’s (1997) four-factor models. In our approach, we 

analyse the performance of funds at aggregate level constructed on the previous year new 

money flow information to address the following two main questions. First, is there a smart 

money effect in either or both the Malaysian IEF and CEF industries. Secondly, is there any 

difference in fund selection ability between IEF and CEF investors?  We employ Malaysian 

equity funds data for both IEF and CEF to explore the above research questions over the period 

1999 to 2008.  
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Before proceeding, an important comment is in order. First, most existing smart money studies 

employ monthly or quarterly money flow data on the basis that investors are active, relatively 

high-frequency traders. In this study, we are obliged to rely upon annual money flow data. This 

is because it is the only frequency available to investigate the flow of funds in Malaysia, as 

laboriously collected from the annual reports and prospectuses of the individual funds, a 

situation not unexpected in nearly all emerging markets where the mechanisms for collecting 

this information remain in their infancy. Nevertheless, the assumption that managed fund 

investors are also active traders, therefore motivating the use of higher frequency data, 

contradicts the established evidence regarding investor behaviour in most countries, including 

the US [see, for example, Ke (2006)]. Essentially, by employing less frequent data, we assume 

Malaysian investors switch funds only relatively occasionally. Our findings contrast strongly 

with the extant literature. On average, there is no evidence of a smart money effect (the 

identification of better performing funds) for Malaysian IEF investors over the period 1999 to 

2008. This suggests that the Malaysian IEF investors exhibit no systematic fund selection 

ability. However, there is some evidence that IEF investors are instead able to identify poorly 

performing funds and disinvest from these funds accordingly. Conversely, there is a weak 

evidence of smart money in CEF investors.  

This study is novel in at least three regards. First, even though the managed funds literature is 

quite extensive and well developed, it is highly concentrated in the area of their performance 

and performance persistence. Other aspects of managed funds, such as their governance and 

flow–performance relationships, are the focus of interest much less commonly. Moreover, as 

with research on the performance of managed funds, the existing research mainly focuses on 

developed markets in the US, the UK, Europe, and Australia, with fund flows in emerging 

markets comparatively under researched. Similarly, the research also heavily focused in the 

managed funds as a general with few comparative studies of conventional and other types of 

managed funds, including SRI funds and as here IEF. It is also appropriate to extend the 

techniques employed in developed markets (mostly the US) to emerging markets as well as 

other fund types.       

Second, despite the growth of Islamic finance, research in this area remains relatively scarce. 

Islamic finance and IEF are the fastest growing segments of the global financial industry and 

within the Islamic financial system, respectively, with the number of Islamic funds worldwide 

increasing threefold from 200 funds in 2003 to 680 funds in 2008, (Eurekahedge, 2008). At the 

same time, the value of assets managed through Islamic mutual funds has grown from US$20 
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billion in 2003 to US$44 billion in 2008 (Ernst & Young, 2009). Of this, equity funds represent 

the largest (about 40 percent) segment of Islamic mutual funds, followed by fixed income (16 

percent), real estate and private equity (13 percent), with the remaining funds in cash, 

commodities and other asset classes. Islamic mutual funds are found across the globe, including 

North America and Europe, more than half are based in the Middle East and the Asia-Pacific 

(International Financial Services London, 2010, p. 5). Nonetheless, very few studies 

specifically address the behaviour of Islamic depositors, borrowers and investors [for 

exceptions, see Abdullah et al. (2007), Ismail and Shakrani (2003), and Nathie (2009)]. This 

study thus provides useful information about not only a relatively unexplored segment (Islamic 

managed funds), but also new insights into the investor behaviour of a very sizeable global 

religious community (Muslims). 

Finally, Malaysia is an interesting context to investigate the behaviour of Islamic fund 

investors. First, the development of Islamic finance in Malaysia was one of the earliest and 

fastest in Southeast Asia, albeit growing from a small base. Currently, Islamic banking is about 

one-fifth the size of conventional banking in Malaysia with takaful (insurance) assets 

representing about seven percent of the industry. While the Islamic mutual funds market is also 

relatively small though rapidly growing (in terms of net asset value about 13 percent of the 

industry), Malaysia has quickly become one of the key players in the world of Islamic fund 

management. Its unique capital market structure where Islamic financial system works in 

parallel with the conventional financial system provides a unique setting to study the behaviour 

of investors. The Malaysian market also has the largest number of individual Islamic mutual 

funds (more than 60 percent of the global Islamic fund market) and is second-largest in terms 

of the size of Islamic mutual fund assets under management (Abderrezak, 2008; Eurekahedge, 

2008). Table 1 highlights the relative growth of Islamic and conventional mutual funds in 

Malaysia. It is then a good context to investigate both IEF and CEF, especially given the dearth 

of existing work concerning this setting.  

 <INSERT TABLE 1 HERE> 

The remainder of this paper is organised as follows. Section 2 briefly reviews the institutional 

setting of the Malaysian mutual fund industry. Section 3 reviews the existing literature on the 

smart money effect. Section 4 describes the data, Section 5 explains the research methodology, 

and Section 6 reports the results. Section 7 concludes the paper. 
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2. The Malaysian mutual fund industry 

The most important factor contributing to the introduction of Islamic mutual funds in Malaysia 

was the launch of the Skim Amanah Saham Nasional (ASN) [National Unit Trust Scheme] and 

the Amanah Saham Bumiputera (ASB) [Bumiputra Unit Trust] in the 1980s. The main 

objective of these funds was to encourage Bumiputra (native Malays as distinct from Chinese, 

Indian or other Malaysians) to participate in the corporate sector and to improve their 

socioeconomic standing. The success of these funds led to strong demand for Islamic mutual 

funds as most Bumiputra are also Muslims, with the first Islamic equity fund introduced in 

1993 by the Arab–Malaysian Unit Trust Berhad, the Tabung Ittikal (the Ittikal Fund). Marzuki 

and Worthington (2014) discuss these developments in detail. 

The Malaysian Islamic fund management industry has since grown from just two Islamic unit 

trust funds in 1993 to 136 funds, representing 25 percent of all 539 Malaysian mutual funds, 

with a combined net asset value (NAV) of RM16.41 billion (US$5.03 billion) as at March 

2008. Between 2003 and 2007, assets under management (AUM) in these Islamic funds 

increased by 44 percent, with exponential growth expected to continue with the increase in the 

number of Shariah (Islamic law) compliant stocks listed on the Malaysian and international 

stock markets. As at May 2008, 85 percent of all listed companies on the Bursa Malaysia were 

Shariah compliant, accounting for 64 percent or US$193.3 billion of total market 

capitalization. Islamic mutual funds are therefore one of the most important components of the 

Malaysian Islamic financial system in general and the Islamic capital market in particular. 

Currently, Malaysia also has the largest number of Islamic mutual funds in the world 

comprising 152 funds managed by 39 fund families, and second only to Saudi Arabia in terms 

of total AUM. Marzuki and Worthington (2015) provide a useful analysis of the investment 

screening process in these funds.   

Malaysia’s success in this area lies in the integration of key structural components, namely the 

Islamic banking sector, Islamic debt capital and equity markets, Islamic money market, the 

Takaful industry, and a number of other peripheral Islamic institutions, and its regulatory 

infrastructure, including financial liberalization and government incentives to promote the 

Islamic fund management industry. Recent incentives include allowing foreign investors to 

own up to 70 percent of stockbroking companies (up from 49 percent) and foreign fund 

managers to establish 100 percent foreign-owned fund management companies in Malaysia. 

We can attribute the proliferation of Shariah compliant products and services, including 
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Shariah mutual funds, to the strong support of the Malaysian government as well as concerted 

efforts by key market players, regulators, including the Securities Commission of Malaysia 

(SCM) and the Federation of Investment Managers Malaysia (FIMM), and several other 

financial intermediaries. This has led to a significant increase in the depth and breadth of the 

industry.  

3. Literature Review 

One of the dominant areas in the mutual fund literature is the study of fund flows. The bulk of 

this work investigates the relationship between cash flows into and out of mutual funds as a 

function of past performance and other fund characteristics.  Another strand of literature  in 

fund flows, which is the focus of this paper, investigating if mutual fund investors are able to 

identify future good performing funds in which to place their money and, alternatively, to move 

their money out of funds that subsequently perform poorly (Gruber, 1996; Sapp and Tiwari, 

2004; Zheng, 1999). That is, are investors able to make value-enhancing decisions and not 

simply chase past performance. The key insight was first initiated by Gruber (1996) when he 

puzzled over why when the underperformance of actively managed mutual funds is so evident 

in the literature, the growth of this type of fund had been steadily increasing.  Sampling 227 

US equity funds over the period January 1985 to December 1994, Gruber found that new 

money flow into mutual funds enjoyed a significantly higher risk-adjusted return when 

compared with the average return for all investors in these funds.            

Zheng (1999) repeated this study using a sample of US equity funds from 1970 to 1993 along 

with several more comprehensive performance metrics, including the Fama–French three-

factor model and Shanken’s (1990) conditional performance measure. Zheng (1999) found 

similar results to Gruber (1996), termed the “smart money” effect. However, Zheng (1999) 

also found the smart money effect was, however, temporary and largely but not completely 

explained by the strategy of chasing past winners (momentum). At the macro level, Zheng 

(1999) found that the smart money effect was not significant and uninfluenced by 

macroeconomic information or style effects. Investors may thus use past cash flow information 

in small funds to choose those that will outperform in subsequent periods as the smart money 

effect is generally more pronounced in small funds. Zheng (1999) documented that past 

performance attracts heavy money flows and funds that receive high money flows perform 

significantly better than those that lose money. However, according to Zheng (1999) this effect 

is short lived and that a ‘betting the winner’ strategy explained much of the results.  
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Later, Sapp and Tiwari (2004) considered US equity funds from 1970 to 2000. Unlike the two 

earlier studies, they found no smart money effect after controlling for Jegadeesh and Titman 

(1993) type price momentum. However, this does not arise when Keswani and Stolin (2008) 

employed the same four-factor performance measurement, including a momentum factor, in 

their smart money analysis. Using data on funds from 1991 to 2000 Keswani and Stolin (2008) 

concluded that smart money was evident in the UK market. The analysis also revealed that the 

smart money effect was stronger when using monthly instead of quarterly intervals. Another 

advantage of this study was that they used actual flow data into and out of the fund instead of 

money flow calculated from changes in net asset value or asset returns. Other studies that have 

not identified the smart money effect include Ke (2006) and ul Haq et al. (2011).  

In subsequent work, Frazzini and Lamont (2008) employed longer sample periods and found 

that money flows are in fact best explained by ‘dumb money’: investors chasing past high 

performers, not future better performers. By actively reallocating funds across different mutual 

funds, existing investors experienced significantly decreasing wealth in the long term. As for 

SRI funds, Renneboog, et al. (2008) documented that SRI investors are not smart in selecting 

future performing funds. This is because funds that attract most flows are not generating higher 

returns. This is due to decreasing returns to scale where heavy money flows to mutual funds 

will increase performance but at a slower rate and, finally, deteriorating. This implies that 

ethical money is not financially smart in the sense that the mutual fund reallocation decisions 

of SRI investors reduce their wealth.    

Wermer (2003) investigates the reasons behind the outperformance of funds that receive high 

cash inflow by examining fund portfolio holdings. Supporting findings of Sapp and Tiwari 

(2004) he finds that investors are merely chaser of past fund performance and they incidentally 

benefit from momentum returns. He also observes that the magnitude of momentum earnings 

is much larger than previously thought. He concludes that managers of outperforming funds 

receive higher cash inflows and then invest further these cash inflows in momentum stocks so 

these funds continuously earn good performance. In contrast, managers of underperforming 

funds are reluctant to dispose the losing stocks to purchase new momentum stocks. This 

behaviour is termed as disposition effect by Odean (1998). This explains why momentum 

stocks are the reason of winning funds continues to earn favourable returns compared to losing 

funds for a much longer period from other studies. 
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As there is strong evidence that supports that there is a flow performance relationship, Edelen 

(1999) investigated whether there is a relationship between fund flow and future return. He 

argued that the liquidity offered to investors obliges fund managers to purchase new assets, 

which they would not necessarily have bought had the fund not experienced an inflow. The 

general argument is that this liquidity-motivated trading reduces fund returns. Greene and 

Hodges (2002) also argued that fund flow had a negative impact on fund returns the following 

day, especially for international funds but not domestic funds. Yet again, while there is 

contradictory (inconclusive) evidence in the relationship between fund flows and future 

performance in conventional mutual funds, there is no available evidence concerning Islamic 

mutual funds.  

4. Data 
We investigate the presence of ‘smart money’ in Malaysian IEFs and CEFs over the sample 

period from January 1999 to December 2008. We focus on equity funds for two main reasons. 

First, as shown in Table 2, these funds represent the largest number of both IEFs and CEFs 

operating in Malaysia. Second, these funds exhibit consistency in overall asset allocation and 

the applicability of asset pricing models. Our main data sources are the Morningstar (2010) 

database and the annual reports and prospectuses of the funds. We collect monthly returns data 

from Morningstar. All other information, including assets under management (AUM), the 

management expense ratio (MER), portfolio turnover ratio (PTR), equity holdings, and the number 

of funds in the fund’s family are from the annual reports and prospectuses.   

<INSERT TABLE 2 HERE> 

We sample 117 Malaysian equity funds with equity holdings of at least 65 percent by market-

value weight. This comprises 34 IEFs and 83 CEFs. The number of funds varies over time 

through the creation of new funds and the merger of existing funds, with the minimum number 

of funds in any year being five IEFs and 31 CEFs. We refine our sample using the following 

procedure. To start with, for any given year t, we excludes funds that involved in a merger in 

year t, t + 1 or t + 2. We do this because the receipt of assets by the acquiring fund from the 

acquired fund through merger will distort the observed flow of funds. Consequently, we 

remove fund-year observations from the sample during the merger year.  
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Another potential problem is that the sample may suffer from survivorship bias whereby we 

inadvertently exclude failed funds from the sample because they no longer exist. Two 

considerations are in order. First, our sample is already small given the nature of the developing 

market examined and further adjustment of the sample to counter survivorship bias would not 

improve this situation. Second, the short investment horizon and the fact that nearly all of the 

funds removed from our sample are through merger suggest such adjustments may not be 

necessary. Finally, we follow Chevalier and Ellison (1997), Goetzman and Peles (1997) and 

Sirri and Tufano (1998) in arguing a priori that with mutual funds flow study, there is no 

significant difference in results when performing analyses on a survivorship bias-free or 

survivorship bias sample. 

Table 3 provides summary statistics for the sample of IEF and CEF from 1999 to 2008. For 

IEF, the mean and median fund sizes are RM157.99 and RM62.32 million, respectively. For 

CEF, the mean and median fund sizes are 158.32 million and RM75.23 million, respectively. 

This indicates that CEF are slightly larger than IEF. The mean and median yearly net cash 

flows are RM–0.11 and RM–0.91 million respectively for IEF and RM–19.13 and RM–5.92 

million respectively for CEF. Clearly, in terms of the absolute flow of funds, CEF exhibited 

larger negative net flows than IEF.  But in percentage terms, the mean and median percentage 

flows were respectively 13.47 and –1.50 percent for IEF and –2.63 and –10.27 percent for CEF 

which in contrast with the value of RM net money flows.  As with RM money flows, the mean 

and median percentage net money flows for both types of funds were negative, indicating that 

both types of funds experienced larger outflows than inflows in the sample period.  

<INSERT TABLE 3 HERE> 

The mean management expense ratio (MER) for IEF and CEF are 1.77 percent and 1.75 

percent, respectively, with standard deviations of 0.69 for IEF and 0.98 for CEF. This indicates 

that the dispersion of MER for IEF is relatively smaller. The average PTR for IEF and CEF is 

approximately equal; however, the standard deviation of PTR is larger for IEF compared with 

CEF (151.63 vs. 70.67 percent, respectively). This indicates that there is greater variation in 

the number of times investments turnover in IEF funds than in CEF funds. PTR for CEF is 

more stable than IEF.     

<INSERT TABLE 4 HERE> 

<INSERT TABLE 5 HERE>  
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Table 4 and Table 5 detail the number of IEF and CEF, respectively, in each year of the sample 

period. As shown in Table 4, the minimum and the maximum number of IEF funds in the 

sample period are five in 1999 and 33 in 2008. Out of five funds in 1999, three funds receive 

positive flows while 2 funds receive negative flows. In 2008, out of 33 funds, 16 funds receive 

positive flows, while 17 funds receive negative flows. The largest net positive and net negative 

money flows are RM86.40 million in 2001 and RM87.55 million in 1999. Interestingly, only 

on four occasions do these positive net money flows earn higher average excess returns in the 

following years when compared to the negative net money flows. This suggests that IEF 

investors are unable to earn higher average excess returns for the money put into IEF portfolios 

in comparison to investors divesting from IEF portfolios.   

As shown in Table 5, the minimum and the maximum number of CEF funds in the sample 

period are 31 in 1999 and 77 in 2006, respectively. Out of 31 funds in 1999, 13 funds receive 

positive flows while 18 funds receive negative flows. In 2006, out of 77 funds, 7 funds receive 

positive flows, while 70 funds receive negative flows. The largest net positive and net negative 

money flows are RM71.96 million in 2000 and RM83.23 million in 2007. In nearly all of the 

sample years, investors earn higher average excess returns for money invested in the CEF 

portfolio when compared to investors who disinvest. We consider this further in the following 

two sections.        

5. Empirical method  

Several measures are important in analysing the existence of smart money. The main 

considerations are the need to define flows measures and performance measures as explained 

further in the following subsections. In this study, we evaluate the performance of mutual fund 

investors by assessing the performance of their aggregate fund flows. Essentially, we estimate 

their flows and then track the performance of the different money flow portfolios. 

Fund flow measures 

Similarly, to the extant literature, we employ a standard procedure in constructing the flow of 

funds in that we use implied flows instead of the actual amount money flows into and out of 

mutual funds. We employ two different measurements of implied flows: the absolute amount 

of money flows (in Ringgit Malaysia (RM)) and normalised money flows (the growth rate of 

money flows). The RM amount of money flow is defined as the annual change in assets under 

management (AUM) net of fund returns (Rit) during the period and is calculated as: 
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𝐑𝐑𝐑𝐑 𝐅𝐅𝐅𝐅𝐅𝐅𝐅𝐅𝒊𝒊,𝒕𝒕 =  𝑨𝑨𝑨𝑨𝑨𝑨𝒊𝒊,𝒕𝒕 − 𝑨𝑨𝑨𝑨𝑨𝑨𝒊𝒊,𝒕𝒕−𝟏𝟏 �𝟏𝟏 + 𝑹𝑹𝑹𝑹𝑹𝑹𝒊𝒊,𝒕𝒕�        (1) 

where 𝐴𝐴𝐴𝐴𝐴𝐴𝑖𝑖,𝑡𝑡 is total assets under management for fund i at the end of year t, 𝐴𝐴𝐴𝐴𝐴𝐴𝑡𝑡−1    is 

total assets under management for the fund i at the end of year t-1, and 𝑅𝑅𝑅𝑅𝑅𝑅𝑖𝑖,𝑡𝑡 is the raw return 

for fund i during year t (we convert the monthly return in the Morningstar database to a yearly 

holding return).  

To take into account of the size of the mutual funds, we also calculate percentage or normalised 

net money flows (as the results are similar, we report the results only using RM flows). With 

this measure, we divide the money flow by the previous year’s AUM as follows:   

𝑭𝑭𝑭𝑭𝑭𝑭𝑭𝑭𝒊𝒊,𝒕𝒕 =  𝑨𝑨𝑨𝑨𝑨𝑨𝒊𝒊,𝒕𝒕−𝑨𝑨𝑨𝑨𝑨𝑨𝒊𝒊,𝒕𝒕−𝟏𝟏 �𝟏𝟏+𝑹𝑹𝑹𝑹𝑹𝑹𝒊𝒊,𝒕𝒕�
𝑨𝑨𝑨𝑨𝑨𝑨𝒊𝒊,𝒕𝒕−𝟏𝟏

        (2) 

As we do not know the exact movement of investment during the holding period, we need to 

make underlying assumptions as follows. First, we assume that all new money invested or 

withdrawn from the fund along with the reinvestment of dividends takes place at the end of the 

period when computing the flows. Second, we assume that the net flows into and out of the 

fund do not affect the fund’s return during the period in which the money flow is measured. 

These assumptions are similar to the work in Gruber (1996) and Zheng (1999). As discussed 

earlier, we employ annual flows instead of the monthly or quarterly flows as frequently used 

in other studies, the principal reason being that only annual data is available.          

Portfolio construction 

In order to evaluate fund selection ability among Malaysian investors, we construct several 

portfolios based on the previous year money flows. This method is identical to the approach in 

Zheng (1999), referred to there as the portfolio approach. We construct new money portfolios 

as follows. At the beginning of each year, and based on the previous yearly net money flows 

of funds, we separate the sample of mutual funds into positive and negative net new money 

portfolios. Positive new money flow portfolio contains all funds, which experience positive 

money flow in the previous year while negative new money portfolio contains all funds, which 

experience negative new money in the previous year. We also divide all funds in the sample 

into high and low new money portfolios. We use median value as the cut-off point to separate 

funds with high and low net money flows. We also construct average all fund portfolios as 

benchmark to compare the performance of the above portfolios. We use three types of 

weighting scheme to construct those portfolios. These are equally weighted, value weighted 

and cash flow weighted. We calculate equally weighted portfolio returns for positive and 

negative net money flows, average all fund portfolio and for high and low net money flow 
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portfolios. We also calculate value (AUM) weighted portfolio returns for positive and negative 

net money flows and average all fund portfolios. Finally, we only calculate cash flow weighted 

return for positive and negative net new money portfolios.   

In total, we construct ten types of portfolios as follows: 
Portfolios Descriptions 
EW average  Equally-weighted average portfolios of all available funds  
VW average  Value (AUM)-weighted average portfolios of all available funds  
EW positive flows Equally-weighted of all available funds with positive money-flows 
EW negative flows Equally-weighted of all available funds with negative money-flows 

VW positive flows AUM or value-weighted of all available funds with positive money-flows (also 
called as positive old money-flows) 

VW negative flows AUM or value-weighted of all available funds with negative money-flows (also 
called as negative old money-flows) 

MW positive Money-flow weighted of all available funds with positive money-flows  
MW negative Money-flow weighted of all available funds with negative money-flows  
High flow Equally-weighted of all available funds with money-flows above median 
Low flow Equally-weighted of all available funds with money-flows below median 

Throughout the remainder of the analysis, we determine the performance of mutual fund 

investors by comparing the return performances of these ten portfolios.  

Portfolio performance measures 

We estimate the risk-adjusted return of the above portfolios using a time-series regression 

approach. This approach starts by calculating the time series of raw returns for each of the ten 

portfolios and performing OLS regressions to estimate portfolio factor loadings and alpha 

estimates from three and four-factor model equations. Following Sapp and Tiwari (2004), the 

performance of the fund portfolios is evaluated by analysing the intercepts (alpha values) from 

regressions of the two-asset pricing models. If the alpha value is close to zero (and statistically 

insignificant), it implies that the model explains the returns on the fund portfolios.  

If the estimated alpha is positive/negative (and statistically significant) for the positive/negative 

portfolios, respectively, it implies that the model does not explain the returns on the test 

portfolios and that the smart money effect exists. Significantly positive alpha for positive cash 

flows indicates that new investors tend to select funds that subsequently perform well. In 

addition, a significantly positive alpha for negative cash flows indicates that investors may 

realize their gains too soon. Hence, an assessment of whether the smart money effect exists 

will be made using the alpha values from a three-factor (Fama and French, 1996) and four-

factor (Carhart, 1997) model. The respective equations for these performance measures are: 

𝑹𝑹𝒊𝒊,𝒕𝒕 − 𝑹𝑹𝒇𝒇,𝒕𝒕 = 𝜶𝜶𝒊𝒊 + 𝜷𝜷𝒊𝒊�𝑹𝑹𝒎𝒎,𝒕𝒕 − 𝑹𝑹𝒇𝒇,𝒕𝒕� + 𝜷𝜷𝑺𝑺,𝒊𝒊𝑺𝑺𝑨𝑨𝑺𝑺𝒕𝒕 + 𝜷𝜷𝑽𝑽,𝒊𝒊𝑯𝑯𝑨𝑨𝑭𝑭𝒕𝒕 + 𝜷𝜷𝑨𝑨,𝒊𝒊𝑨𝑨𝑭𝑭𝑨𝑨𝒕𝒕 + 𝜺𝜺𝒊𝒊,𝒕𝒕     (3)                                                                                             
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where 𝑅𝑅𝑖𝑖,𝑡𝑡 is the average monthly fund returns, 𝑅𝑅𝑓𝑓,𝑡𝑡 is the risk-free rate; 𝑅𝑅𝑚𝑚𝑡𝑡 is market returns, 

SMB is the fund allocation size estimator, HML is the fund allocation book-to-market 

estimator, MOM is the fund allocation momentum estimator, 𝛽𝛽𝑀𝑀𝑖𝑖 is a measure of the sensitivity 

of the fund to the market, 𝛽𝛽𝑆𝑆𝑖𝑖 is a measure of the fund exposure to the size of securities (a 

positive coefficient implies a sensitivity to small-cap stocks), 𝛽𝛽𝑉𝑉𝑖𝑖 is a measure of the fund’s 

exposure to value or growth securities (a positive coefficient implies exposure to high book-

to-market securities), 𝛽𝛽𝑀𝑀,𝑖𝑖 is a measure of the fund’s exposure to contrarian or momentum 

strategies (a positive coefficient implies exposure to momentum strategies), 𝛼𝛼𝑖𝑖 is a measure of 

stock selection ability (if positive the fund has superior stock selection ability), and 𝜀𝜀𝑖𝑖𝑡𝑡  is 

random error.  

As Fama–French factors (SMB and HML) and Carhart’s (1997) momentum factor (MOM) 

returns are not publicly available for countries outside the US, especially for emerging 

countries like Malaysia, we rely on the online research tool provided by Style Research Ltd. to 

construct monthly returns for these factors and the market factor (MKT). The construction of 

the benchmark factors draws on the Worldscope database. Because of this limitation, we use 

the same benchmark for both portfolios, IEF and CEF. This method is similar to the earlier 

work by Bauer, et al. (2005), Renneboog, et al. (2008) and Hoepner, et al. (2009).  

Market excess return �𝑅𝑅𝑚𝑚,𝑡𝑡 − 𝑅𝑅𝑓𝑓,𝑡𝑡�  is calculated as the return of a value-weighted portfolio of 

all stocks in Malaysia (including ‘live’ and ‘dead’ companies) available in the Worldscope 

database (the market wide equity index supplied by Worldscope database aims to cover 98 

percent of market capitalisation) minus the risk-free rate, as represented by the three-month 

Malaysian Treasury bill rate. The size factor (small-minus-big or 𝑆𝑆𝐴𝐴𝑆𝑆𝑡𝑡) is the return difference 

between portfolios of small and large stocks. The small portfolio is the lower half of the 

portfolio of stocks ranked by market capitalisation. The book-to-market factor (high-minus-

low or 𝐻𝐻𝐴𝐴𝐻𝐻𝑡𝑡) is the difference between the return of the top-30 and bottom-30 percent of 

stocks ranked according to the book-to-market ratio.  

The momentum factor (𝐴𝐴𝑀𝑀𝐴𝐴𝑡𝑡) is the difference between the top-30 and bottom 30-percent of 

the portfolio of stocks ranked based on prior return. All of the factors are value weighted and 

constructed using one-month lagged information. Consistent with Fama and French (1993) and 

Carhart (1997), the size and the book-to market factors are rebalanced at the end of June of 

each year, while the momentum factor is rebalanced at the end of each month. According to 
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Renneboog et al. (2008), these factors are virtually identical to the Fama–French factors using 

the CRSP database. 

This study uses the three-month Malaysian Treasury bill rate as a proxy for risk free rate. This 

data is available from the Monthly Statistical Bulletin published by the Bank Negara Malaysia 

(Central Bank of Malaysia). This is an annualised holding period yield on a three-month 

Treasury bill and therefore is converted to a monthly equivalent consistent with the monthly 

returns of the mutual funds and the market’s return. The monthly equivalents of the annualised 

yield is estimated as a geometric mean as follows (equivalent continuously compounded 

monthly rate). 

 (𝟏𝟏 + 𝑨𝑨𝑨𝑨𝑨𝑨𝑨𝑨𝑨𝑨𝑨𝑨𝒊𝒊𝑨𝑨𝑨𝑨𝑨𝑨 𝒀𝒀𝒊𝒊𝑨𝑨𝑨𝑨𝑨𝑨)𝟏𝟏/𝟏𝟏𝟏𝟏 − 𝟏𝟏        

 (4) 

6. Empirical results 

This paper develops the smart money effect following Gruber (1996), Zheng (1999) and Sapp 

and Tiwari (2004). The risk-adjusted returns of new money portfolios are measured using Fama 

and French (1996) three-factor alpha and Carhart’s (1997) four-factor alpha.  

Table 6 presents descriptive statistics for all new money portfolios over the period 2000 to 

2009. The table provides mean monthly returns in excess of risk-free rate (the 3-month 

Malaysian Treasury bill rate), median, and standard deviation for Islamic and conventional 

equity fund investors, monthly excess market return, as well as the risk-free rate. We note that 

positive cash flow portfolios have a higher average return compared to negative cash flow 

portfolios for all portfolios regardless of the weighting method used. However, none of the 

positive portfolios has mean excess returns higher than the mean of excess market return. This 

indicates that the excess returns for all portfolios including average portfolio of all funds, asset 

weighted portfolio of all funds and portfolios constructed based on previous money- flows are 

unable to outperform excess market returns. 

<INSERT TABLE 6 HERE> 

We divide the results into three main analyses. These are (1) performance of positive versus 

negative new money-flows; (2) performance of new versus old money-flows and (3) 

performance of high versus low money-flows. We use two performance models to measure 

the performance of these portfolios. These are: (1) the three-factor and (2) the four-factor 
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models. Sapp and Tiwari (2004) find that incorporating momentum factor makes the value 

of alpha of the portfolios as well as the different portfolios become smaller in magnitude 

and insignificant. Because of this effect, we focus our discussion mainly on the results 

obtained using the Carhart (1997) four-factor model. Due to space constraints, we limit our 

discussion to the alpha and omit other variables such as SMB, HML and MOM. 

Performance of positive new money versus negative new money 

Table 7 presents the alpha estimates of the Fama–French (1993) three-factor and the Carhart 

(1997) four-factor models of positive and negative new money-flow portfolios for 

Malaysian IEFs (columns 2 to 4), CEFs (columns 5 to 7) and the differences in the estimates 

between IEFs and CEFs (columns 8 to 10). In Panel A, we construct these money-flow 

portfolios based on the previous year net money-flows (positive or negative) and weighted 

equally by the number of funds in the portfolio. The table also reports the equally-weighted 

average portfolios, the difference in the estimated alphas between the positive and negative 

portfolios, and between positive and average portfolios. Panel A.1 and Panel A.2 present 

the alpha estimates of the three-factor and four-factor models, respectively. We identically 

arrange the alpha estimates of these money-flow portfolios in Panel B except that we use 

money-flow weighted instead of equally-weighted, and the average all fund portfolio is the 

average portfolio weighted by the value of the asset under management (value-weighted 

average portfolios). 

<INSERT TABLE 7 HERE> 

We start with Panel A in Table 7 for equally weighted portfolios. Looking at the three-factor 

model, the alpha of positive money-flow portfolio earns 3 basis points per month while the 

alpha for negative money-flow portfolio earns –10 basis points per month. Even though the 

signs of each portfolio indicates that investors exhibit fund selection ability (moving money 

to funds that are performing well and disinvest from funds that are performing poor 

subsequently), the results are not statistically significant. The alpha of the average portfolio 

is –3 basis points per month and insignificant. The results indicate that none of the strategies 

is able to earn either significantly positive or negative alphas. 

Next, we compare the positive money-flow with negative money-flow as well as with the 

average portfolio. We find the difference between the alphas for the former two portfolios 

and the latter two portfolios are statistically insignificant, 13 and 6 basis points each per 

month, respectively. Hence, the so-called ‘smart money’ effect does not exist among IEF 
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investors. Even when we take the difference between the positive new money flows and 

average all fund portfolios, we only obtain a six basis point difference, which is also statistically 

insignificant.   

When we control for return momentum in the four-factor model, we note that the value of 

alphas has shrunk compared with the value of alphas in the three-factor model. For instance, 

the alpha for positive and negative money-flow portfolios shrinks to –3 and –18 basis points 

per month, respectively. The corresponding four-factor alpha for the average portfolio 

equals to an insignificant –9 basis points. Similarly, we note that the alpha for the difference 

between the positive and negative money-flow portfolios is smaller (9 basis points per 

month) than from alpha of the same portfolio in the three-factor model. The same goes 

when we compare the positive money-flow and average portfolios, amounting to 7 basis 

points per month. In summary, the results for the equally-weighted money-flows portfolios 

for IEF investors shows that there is no ‘smart money’ effect present in either the three- or 

four-factor models. 

We next examine the performance of money-flow portfolios that use money-flow weighting 

scheme, as reported in Panel B in Table 7. Unlike an equal-weighting scheme, a money-flow-

weighting scheme has the benefit of placing greater emphasis on funds experiencing the 

largest absolute money-flows. The three-factor alphas for the positive and negative money-

flow portfolios are 10 and –5 basis points per month, respectively and insignificant. The 

average portfolio (value-weighted) has essentially zero basis points per month. The 

‘difference’ portfolio of positive minus negative money-flows) is insignificantly 15 basis 

points per month. Interestingly, the estimated alpha for the ‘difference’ portfolio of positive 

money-flow and average portfolios is 10 basis points and significant at the 10 percent level. 

This indicates a weak presence of ‘smart money’ effect among IEF investors based on the 

money-flow weighted portfolios, which suggests that IEF investors who choose to invest 

in IEFs portfolio earn higher risk-adjusted return than the average investors who naively 

invest in all IEFs. 

When controlling for return momentum, and similarly to our experience with equally-

weighted portfolios, the alpha values fall. The four-factor alphas for the positive and 

negative money-flow portfolio shrink to 5 and 9 basis points per month respectively. The 

four-factor alpha for average portfolio also shrinks to –2 basis points per month. However, 

all results are insignificant. We next examine the alphas of the difference between the 
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positive and the negative money-flow portfolios as well as between the positive money-

flow and average portfolios. Using the four-factor alpha, there is no significant difference 

between these two pair of portfolios. This indicates the presence of ‘smart money’ in IEFs 

with the three-factor model disappears when the four-factor model is used. This result 

supports the work of Sapp and Tiwari (2004). In summary, we conclude that there is no 

‘smart money’ present in Malaysian IEFs using both equal weighted and money-flow 

weighted methods. 

We next examine the ability of CEF investors to predict future fund performance, which 

we present in columns 5 to 7. Using equally weighting scheme, the three-factor alpha for 

the positive and negative money-flow portfolios are 4 and –7 basis points per month, 

respectively. Even though the sign indicates that positive and negative money-flow 

portfolios yield positive and negative returns respectively, both are insignificant. The alpha 

for the average portfolio is –5 basis points per month. The ‘difference’ portfolios between 

positive and negative money-flows as well as between positive and average are 11 and 10 

basis point per month, respectively, and are not significant. 

For the four-factor model, the alphas for positive and negative money-flow portfolios 

decrease to –3 and 10 basis points per month, respectively. The alpha for the average 

portfolio is –10 basis points per month. Comparing positive and negative money-flow as 

well as positive money-flow and average portfolios, both earn 7 basis points per month and 

are insignificant. It is interesting to find that using money-flow weighted portfolio, positive 

money-flow gives a significant (at the 5 percent level) alpha of 7 basis points per month. 

Both negative money-flow and average (value-weighted) portfolios yield alphas of zero. 

These result in the alphas for both difference portfolios (between positive and negative 

money-flow and, between positive money-flow and average) significantly (at 5 percent 

level) 8 basis points per month. Both Gruber (1996) and Zheng (1999) found similar results 

in the three-factor model which support the presence of ‘smart money’. 

The four-factor model alpha for positive money-flow portfolio remains significant at 10 

percent level, even though the alpha reduced to 6 basis points per month. The negative 

money-flow and average portfolios are –1 basis point and essentially zero per month, 

respectively. The alphas for the difference portfolios between positive and negative money-

flow, and between positive new money-flow and average are similar, 7 basis points per 

month (significant at the 10 percent level). These results indicate that even though both 
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models produce decreased alpha values and significance levels, the presence of ‘smart 

money’ is evident among CEF investors. This is in contrast to Sapp and Tiwari (2004) who 

found disappearance of ‘smart money’ effect after controlling for the momentum factor. In 

summary, we can conclude that there is a strong evidence of ‘smart money’ in CEF 

investors using money-flow weighted portfolios. 

Performance of new money flow portfolio versus old money flow portfolio 

We repeat the above analysis by comparing new and old money-flow portfolios.  Old money 

flow portfolio consists of the same funds except we weight the portfolio by the total assets of 

each fund at the beginning of the year instead of the corresponding cash flows at prior year. 

We start with the results for IEF investors followed by those for CEF investors and then 

evaluate how the fund selection abilities of these different sets of investors differ. 

Table 8 presents the alpha estimates of the Fama–French (1993) three-factor and Carhart 

(1997) four-factor models of new and old money-flow portfolios for Malaysian IEFs 

(columns 2 to 4), CEFs (columns 5 to 7) and the differences in the estimates between IEFs 

and CEFs (columns 8 to 10). Panel A reports the positive new money-flow, positive old 

money-flow and the difference in the estimated alphas between the positive new and old 

money-flow portfolios. The positive new money-flow portfolios are the money-flow 

weighted of all available funds with positive money-flow. The positive old money-flow 

portfolios are the value (asset under management (AUM))-weighted (previous year AUM 

before the addition of new money-flow) of all available funds with positive money-flow 

portfolio. The old money-flow represents existing funds in the portfolio. We construct these 

new money-flow (positive and negative) portfolios based on the previous year net money-

flows. Panel A.1 and Panel A.2 present the alpha estimates of the three-factor and four-

factor models, respectively. We identically arrange the alpha estimates in Panel B except 

that we use negative money-flow instead of positive money-flow portfolios.  

<INSERT TABLE 8 HERE> 

The three-factor alphas for the positive new money-flow and positive old money-flow 

portfolios are 10 and 9 basis points per month, respectively (statistically insignificant). The 

alpha for the ‘difference’ portfolio between new and old money-flow portfolios is 

essentially zero. We repeat the above using the four-factor model, the alpha for these 

portfolios (new money-flow, old money-flow and new versus old-money-flow) reduced 

slightly and remain insignificant (5, 4 and 1 basis points per month, respectively). 
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We obtain similar results when repeating the above estimations (the three and four-factor 

models) on the negative money-flow portfolios, which also comprise the new, the old and 

the new versus old money-flow. All estimations yield insignificant alpha (see Panel B in 

Table 8). We conclude that there is no presence of ‘smart money’ using these models. 

We present the results of CEFs in columns 5 to 7 in Table 8. The three-factor alphas for the 

positive new money-flow and positive old money-flow portfolios are 7 and 6 basis points 

per month (significant at 5 percent level), respectively. The alpha for the difference between 

positive new and old money-flow portfolios is one basis point per month (significant at 10 

percent level). This indicates that the CEF investors are smart in the sense that investors 

who put new money in these funds earn slightly higher returns than existing investors in 

these funds.  

However, the four-factor alpha for the positive new money-flow portfolio shrinks to 6 basis 

point per month (significant at the 10 percent level). Similarly, the four-factor alphas for 

the positive old money-flow and the difference between positive new and old money-flow 

portfolios shrink to 3 and 1 basis points per month, respectively. Our results support the 

work of Sapp and Tiwari (2004) where the evidence of ‘smart money’ in the three factor 

alpha no longer exists when we include the momentum factor. 

The three-factor and four-factor alphas for the negative new and old money-flow portfolios 

are not significantly different from zero. Thus, the three- and four-factor alphas for the 

difference portfolio between negative new and negative old money-flow portfolio are also 

not significantly different from zero. We suggest that CEF investors are able to move 

money into CEFs, which become better performing funds in the future. However, their 

disinvestment strategy is not effective. In contrast, IEF investors naively invest in and 

disinvest from IEFs. 

Performance of high versus low money flow portfolio 

We next compare the alphas of high and low money flow portfolios. We again repeat the above 

analysis to the high and low money flow portfolios and examine the difference between these 

portfolios. We start with the results for IEF then followed by CEF investors and finally how 

the fund selection ability of these investors differs. 

Table 9 presents the alpha estimates of the Fama–French (1993) three-factor and Carhart 

(1997) four-factor models of high and low money-flow portfolios for Malaysian IEFs 
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(columns 2 to 4), CEFs (columns 5 to 7) and the differences in the estimates between IEFs 

and CEFs (columns 8 to 10). The table also reports the equally-weighted average portfolios, 

the difference in the estimated alphas between the high and low portfolios, and between 

high and the equally-weighted average portfolios. We construct these new money-flow 

portfolios based on the previous year net money-flows. The high money-flow portfolio 

refers to the portfolio consists of funds with net new money-flows above the median value 

for a particular year. Likewise, the low money-flow portfolio refers to all other funds that 

do not fit the previous criteria. Panel A and Panel B present the alpha estimates of the three-

factor and four-factor models, respectively. 

<INSERT TABLE 9 HERE> 

We start by analysing the high and low money flow portfolio for IEF investors using the three-

factor model. We find that both high and low money-flow portfolios, even though giving 

favourable positive value for high and negative value for the low money-flow portfolios, 

the three-factor alphas are essentially zero (3 and –10 basis points per month, respectively). 

The three-factor alpha for average portfolio is –3 basis points per month. The different 

portfolios for both between high and low money-flow, and between high money-flow and 

average give insignificant alpha values (13 and 6 basis points per month, respectively), 

which are equivalent to zero.  

However, using the four-factor model, there are different and interesting results. While high 

money-flow portfolio reduced to a zero alpha, the low money-flow portfolio reduced from 

insignificant –10 insignificant to significantly –19 basis points alphas per month. This 

results in significant alpha value of 19 basis points for the different portfolio between high 

and low money-flow portfolios (significant at 10 percent significant level). However, the 

value of alpha is not significant for the ‘difference’ portfolio between high and average 

portfolios. These results indicate that even though IEF investors do not exhibit ‘smart 

money’ effect, on average, they are smart in moving away from non-performing funds. 

For the CEF investors, we find that the three-factor alphas for the high and low money-

flow portfolios are –2 and –8 basis points per month, respectively, both with insignificant 

p-values. The three-factor alpha for the average portfolio is –5 basis points per month. Both, 

the different portfolio between high and low money-flow and between high and average 

portfolios are 6 and 3 basis points per month, respectively, with both insignificant p-values.  
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Similar with the previous portfolios, with four-factor model, the alpha values reduced to –

8 and –11 basis points for high and low money-flow portfolios, respectively. Even though 

we get significant negative result for the low money-flow portfolio, the four-factor alpha 

for the difference portfolio between high and low money-flow portfolios is insignificant (3 

basis points per month). The difference portfolio between high money-flow and average 

portfolios is also not significant (2 basis points per month). 

Based on this approach, CEF investors do not appear smart in indentifying funds that will 

be performing well above the average investors. However, there are some indications that 

they are able to move out their money from funds that are performing poor subsequently. 

However, their strategy do not results in significant gain as the estimated alpha between 

high and low as well as high and average is both insignificant. 

The difference in fund selection ability between IEF and CEF investors 

We construct ‘difference’ portfolios to determine if there is a difference in fund selection ability 

between IEF and CEF investors for all groups of portfolios. A ‘difference’ portfolio is the 

difference in monthly return between IEFs and CEFs in each of the 10 portfolios. Then, we 

repeat all the same analyses on these ‘difference’ portfolios to determine the difference between 

fund selection ability between these two groups of investors. This method is similar to 

Renneboog et al. (2011). We find that the differences in alphas are not statistically significant 

from zero between all trading strategies (refer to the last three columns in Table 7, Table 8 and 

Table 9). We conclude that even though the ‘smart money’ effect exists in the CEF portfolios, 

the difference is not significant when compared with the IEF portfolios. 

7. Discussion and conclusion 

In this paper, we consider the presence of ‘smart money’ effect in Malaysian IEF and CEF 

investors. The hypothesis is whether Malaysian IEF investors are able to identify funds that 

will outperform benchmark factors in the future or if these investors are able to anticipate 

mutual fund returns by directing money into funds that subsequently give superior returns. 

In addition, we investigated if there is any difference between IEF and CEF investors. We 

found that there is no evidence of a ‘smart money’ effect that could explain the tremendous 

growth of IEFs in Malaysia in general and among IEFs in particular. However, investors 

exhibited some fund selection ability in identifying IEFs that perform poorly in subsequent 
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year. Conversely, although the results are mixed, we concluded that there is weak evidence 

that CEF investors are smart on average and are able to select funds that are able to perform 

well in the future. 

We contribute to the literature by presenting several new findings. First, this is the first 

study that investigates the presence of ‘smart money’ in the Malaysian IEF industry and 

compares the abilities of IEF and CEF investors in this regard. Similar to Renneboog et al. 

(2011) in SRI funds, we found that the smart money is not present in the Malaysian IEFs. 

Comparing IEF and CEF investors, we found that CEF investors unlike IEF investors have 

some ability to select funds that are able to perform well in the future. Thus, only CEF 

investors possess fund selection ability overall. 

Second, these findings significantly improve our understanding of the behaviour of 

investors in the mutual fund industry in Malaysia where Islamic capital market is part of 

the broader conventional market. The lack of smart money effect may be attributable to the 

following. First, the growth of the mutual funds in Malaysia in general and IEFs in 

particular is mainly due to support from government in the form of tax benefits, 

liberalisation that favour IEFs and other favourable regulations. Second, Malaysian 

investors may not be as sophisticated (or informed) as investors in larger capital market, 

such as the US, the UK and Australia. Finally, the frequent name changes and 

disappearance of existing funds due to mergers as well as frequent introduction of new 

funds in the Malaysian mutual fund industry may also contribute to an insignificant ‘smart 

money’ effect for Malaysian mutual funds.  

There are three main limitations in this study. First, while the data represents a large sample of 

Islamic and conventional domestic equity funds, it may not be representative of the Islamic 

equity funds as a whole. Therefore, caution needs to be exercised in drawing conclusions or 

inferences in relation to the broader market of Islamic funds. The sample size is rather small 

and only limited to a single developing country. Second, in relation to flow measures, the study 

only use implied flows while recent studies have used the individual components of flows 

(inflows and outflows).  

Finally, we only have access to annual data for assets under management (AUM) and net asset 

value (NAV) in Malaysia. This problematic in that most other research on mutual fund flows 

uses either monthly or quarterly data, with some studies finding that mutual fund investors 

make decisions at frequencies that are closer to monthly than annually. As highlighted by 
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Keswani and Stolin (2008), when comparing the results using monthly and quarterly data, 

quarterly (less frequent) data makes it much more difficult to detect fund-selection ability 

relatively to monthly data. This could explain some of our results. 
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Table 1. Growth of Malaysian mutual fund industry, 1999–2010 

  1999 2000 2001 2002 2003 2004 2005 2006 2007 2008 2009 2010 
No. of management companies 34 34 37 39 39 36 36 38 39 39 39 39 
No. of approved funds*: 107 127 163 188 226 291 340 416 521 579 541 564 

Conventional 94 110 132 144 171 220 257 316 387 430 397 412 
Islamic 13 17 32 44 55 71 83 100 134 149 144 152 

Net asset value (NAV) (RM bil.) 43.26 43.3 47.34 53.7 70.08 87.39 98.49 121.76 169.41 134.41 191.71 226.81 
Conventional 41.87 41.62 44.92 50.5 65.33 80.62 90.00 112.59 152.55 117.22 169.63 202.77 
Islamic 1.39 1.68 2.42 3.2 4.75 6.76 8.49 9.17 16.86 17.19 22.08 24.04 

Market Capitalisation Bursa Malaysia (RM bil.) 552.60 444.35 464.64 481.61 640.00 722.04 695.27 848.70 1106.15 663.80 999.53 1,275.00 
NAV to Bursa Malaysia market capitalisation (%) 7.83 9.74 10.18 11.15 10.95 12.1 14.17 14.35 15.32 20.25 19.18 17.79 

Source: Securities Commission annual report s (Securities Commission Malaysia, 2012) *Includes fund approved but not yet launched #Not including unit holders account at 
IUTA that operates nominee account system 
 

 

Table 2. Islamic mutual funds by asset allocation from 2006–2010 

Type of fund 2006 2007 2008 2009 2010 
No. NAV No. NAV No. NAV No. NAV No. NAV 

Balanced funds 19 1.25 21 1.7 21 1.24 22 1.6 22 1.6 
Sukuk funds 18 1.56 19 1.8 18 1.5 20 1.4 21 1.8 
Equity funds 50 5.6 62 10.4 70 9 72 4.7 78 17.2 
Others 13 0.75 32 3 40 5.45 36 4.4 34 3.4 
Total 100 9.16 134 16.9 149 17.19 150 12.1 155 24 
Notes: NAV in Ringgit Malaysia (RM) billion. Other funds include feeder, fixed income, 
money market, structured product and mixed asset funds. Source: Securities Commission 
Annual Report 2006–10 (Securities Commission Malaysia, 2012) 
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Table 3. Descriptive statistics for IEFs and CEFs, 1999–2008 

This table shows the distribution of the principal variables over the sample period 1999 to 2008. AGE is the number of years since inception. AUM is 
assets under management in millions of Malaysian Ringgits (RM). RM FLOW is the absolute change in AUM net of fund returns during the period in 
million. RM is Malaysian ringgit. FLOW is the proportion of annual change in AUM net of fund returns during the period divided by previous year 
AUM. PTR is the portfolio turnover and MER is the management expense ratio. Std. dev. is standard deviation. The total number of fund years 
considered is 178 and 552 for Islamic equity funds (IEFs) and conventional equity funds (CEFs), respectively. 

 IEF (n=34) CEF (n=83) 
 Mean Median Std. dev. Mean Median Std. dev. 

AGE 6.89 4.77 7.07 11.25 7.91 9.57 
AUM  157.99 62.32 256.92 158.32 75.23 209.56 
RM FLOW –0.11 –0.91 103.23 –19.13 –5.92 66.21 
FLOW 13.47 –1.50  83.93 –2.63 –10.27 73.38 
PTR  86.02 67.50 151.63 85.73 66.00 70.67 
MER  1.77 1.65 0.69 1.75 1.63 0.98 
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Table 4. Summary of positive and negative flows for IEFs by year 

This table shows the distribution of the principal variables over the sample period 1999 to 2008. AUM is the asset under management in millions of Malaysian Ringgit (RM). FLOW is 
the proportion of annual change in asset under management (AUM) net of fund returns during the period divided by previous year AUM. PTR is the portfolio turnover and MER is the 
management expense ratio. Std.dev. is standard deviation. Excess return is the excess return for the following year. 

Year 1999 2000 2001 2002 2003 2004 2005 2006 2007 2008 Total 
Positive flow 

No. of funds 3 5 6 8 13 10 15 7 3 16 86 
AUM 126.34  636.30  1,125.01  1,769.19  2,287.41  1,281.19  3,101.60  1,544.69  635.26  3,340.69  – 
FLOW 52.43 127.75 50.98 59.63 65.34 79.80 90.63 16.39 53.73 48.03 – 
Excess return  0.2418 –0.2777 0.1449 –0.0574 0.1372 –0.0734 –0.0034 0.4327 –0.1679 –0.0873 – 

Negative flows 
No. of funds 2 3 2 1 1 7 7 22 30 17 92 
AUM 231.84  278.00  93.12  82.84  81.06  1,386.89  895.93  2,790.59  3,882.71  2,551.34  – 
FLOW –71.11  –23.42  –3.58  –3.57  –10.41  –19.69  –17.28  –25.14  –62.35  –18.61  – 
Excess return  0.1550 –0.2736 0.2076 0.0498 –0.0223 -0.0612 0.1075 0.3816 –0.1165 –0.0080 – 
 
Total IEF funds 5 8 8 9 14 17 22 29 33 33  

 
 

Table 5. Summary of positive and negative flows for CEFs by year 

This table shows the distribution of the principal variables over the sample period 1999 to 2008. AUM is the asset under management in millions of Malaysian Ringgit (RM). FLOW is 
the proportion of annual change in asset under management (AUM) net of fund returns during the period divided by previous year AUM. PTR is the portfolio turnover and MER is the 
management expense ratio. Std.dev. is standard deviation. Excess return is the excess return for the following year. 

Year 1999 2000 2001 2002 2003 2004 2005 2006 2007 2008 Total 
Positive flows 

No. of funds 13 14 24 25 25 14 14 7 8 7 151 
AUM 2,833.08  4,606.69  5,558.42  5,727.04  5,799.80  2,936.71  1,363.01  431.26  442.43  276.43  – 
FLOW 41.70 88.67 16.72 92.16 56.38 61.82 28.04 29.35 149.09 18.58 – 
Excess return  0.2470 –0.1998 0.1900 0.0428 0.1085 -0.0103 0.0050 0.4878 -0.2182 0.0670 – 

Negative flows 
No. of funds 18 21 20 25 28 42 49 70 65 63 401 
AUM 1,658.75  2,485.88  1,686.87  3,751.68  5,167.91  8,522.98  9,193.48  9,463.91  9,070.42  6,414.70  – 
FLOW –17.21 –10.06 –7.80 –7.49 –9.59 –24.04 –14.99 –33.94 –56.53 –19.16 – 
Excess return  0.1880 –0.2529 0.1326 0.0342 0.2132 –0.0571 0.0789 0.3492 –0.1790 0.0366 – 
 
Total CEF funds 31 35 44 50 53 56 63 77 73 70  
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Table 6. Descriptive statistics of IEF and CEF excess returns, 2000-2009 

This table presents the descriptive statistics of 10 portfolios. The first two portfolios are average portfolios and the next eight portfolios are new money-flow 
portfolios constructed based on the previous year money-flows information. EW average is equally-weighted average portfolio of all available funds. VW average 
is value-weighted average portfolio of all available funds. EW positive flow is equally-weighted of all available funds with positive money-flows. EW negative 
flow is equally-weighted of all available funds with negative money-flow. VW positive flow is value-weighted of all available funds with positive money-flows 
(also called as positive old money-flows). VW negative flow is value weighted of all available funds with negative money-flow (also called as negative old money-
flows). MW positive is money-flow weighted of all available funds with positive money-flows. MW negative is money-flow weighted of all available funds with 
negative money-flows. High flow is equally-weighted of all available funds with money-flows above median. Low flow is equally-weighted of all available funds 
with money-flows below median. 

  IEF CEF 
  Mean Median Std. dev. Mean Median Std. dev. 
EW average 0.0027 0.0029 0.0414 0.0031 0.0055 0.0466 
VW average 0.0003 0.0002 0.0049 0.0001 0.0001 0.0010 
EW positive flow 0.0031 0.0028 0.0402 0.0041 0.0063 0.0457 
EW negative flow 0.0018 0.0030 0.0436 0.0031 0.0062 0.0476 
VW positive flow 0.0012 0.0004 0.0099 0.0009 0.0005 0.0054 
VW negative flow 0.0008 0.0003 0.0183 0.0001 0.0001 0.0018 
MW positive flow 0.0013 0.0005 0.0096 0.0009 0.0006 0.0055 
MW negative flow 0.0009 0.0003 0.0184 0.0001 0.0001 0.0018 
High flow 0.0030 0.0047 0.0396 0.0031 0.0072 0.0454 
Low flow 0.0023 0.0032 0.0439 0.0032 0.0054 0.0481 
Market portfolio 0.0048 0.0073 0.0527 – – – 
Risk-free rate 0.0023 0.0023 0.0004 – – – 
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Table 7. Performance of positive and negative money-flow portfolios 

This table presents the alpha estimates of the Fama–French (1993) three-factor and the Carhart (1997) four-factor models of positive and negative money-flow portfolios for Malaysian 
IEFs (columns 2 to 4), CEFs (columns 5 to 7) and the differences in the estimates between IEFs and CEFs (columns 8 to 10). In Panel A, we construct these money-flow portfolios based 
on the previous year net money-flows (positive or negative) and weighted equally by the number of funds in the portfolio. The table also reports the equally-weighted average portfolios, 
the difference in the estimated alphas between the positive and negative portfolios, and between positive and average portfolios. Panel A.1 and Panel A.2 present the alpha estimates of 
the three-factor and four-factor models, respectively. We identically arrange the alpha estimates in Panel B with exception that we use money-flow weighted instead of equally-weighted 
and the average portfolio is the value (asset under management)-weighted average portfolios. Coef. is alpha coefficient. Std. err. is the standard error. The standard errors are Newey–
West adjusted. 

  IEF   CEF   IEF–CEF  

 Coef. 
Std. 
err. 

p-
value Coef. Std. err. p-value Coef. Std. err. p-value 

 Panel A: Equally-weighted portfolios 
 Panel A.1. Three-factor alpha 
Positive 0.0003 0.0011 0.8132 0.0004 0.0011 0.6822 –0.0002 0.0011 0.8785 
Negative –0.0010 0.0013 0.4182 –0.0007 0.0006 0.2590 –0.0003 0.0013 0.7949 
Average  –0.0003 0.0010 0.7478 –0.0005 0.0006 0.4118 0.0002 0.0008 0.7898 
Positive vs. negative 0.0013 0.0014 0.3557 0.0011 0.0009 0.2174 0.0002 0.0016 0.9220 
Positive vs. average 0.0006 0.0005 0.2875 0.0010 0.0008 0.2212 –0.0004 0.0009 0.6689 
 Panel A.2. Four-factor alpha 
Positive –0.0003 0.0012 0.8385 –0.0003 0.0010 0.7438 0.0001 0.0011 0.9399 
Negative –0.0018 0.0012 0.1469 –0.0010 0.0006 0.1156 –0.0008 0.0012 0.4996 
Average  –0.0009 0.0011 0.4108 –0.0010 0.0007 0.1312 0.0001 0.0008 0.9285 
Positive vs. negative 0.0016 0.0013 0.2329 0.0007 0.0009 0.4622 0.0009 0.0014 0.5289 
Positive vs.  average 0.0007 0.0005 0.1851 0.0007 0.0008 0.3864 0.0000 0.0009 0.9902 
 Panel B: Money-flow weighted portfolios 
 Panel B.1. Three-factor alpha 
Positive 0.0010 0.0006 0.1155 0.0007 0.0003 0.0364 0.0002 0.0004 0.5922 
Negative –0.0005 0.0011 0.6327 0.0000 0.0001 0.5386 –0.0005 0.0010 0.6494 
Average  0.0000 0.0002 0.8805 0.0000 0.0000 0.7120 0.0000 0.0002 0.9171 
Positive vs. negative 0.0015 0.0012 0.2387 0.0008 0.0004 0.0417 0.0007 0.0010 0.4731 
Positive vs. average 0.0010 0.0006 0.0830 0.0008 0.0003 0.0313 0.0003 0.0004 0.4700 
 Panel B.2. Four-factor alpha 
Positive 0.0005 0.0005 0.3599 0.0006 0.0004 0.0750 –0.0001 0.0004 0.7115 
Negative –0.0009 0.0011 0.3973 –0.0001 0.0001 0.3604 –0.0009 0.0010 0.4163 
Average  –0.0002 0.0002 0.1584 0.0000 0.0000 0.2858 –0.0002 0.0002 0.1804 
Positive vs. negative 0.0014 0.0013 0.2766 0.0007 0.0004 0.0743 0.0007 0.0010 0.4932 
Positive vs. average 0.0007 0.0005 0.1651 0.0007 0.0004 0.0579 0.0001 0.0003 0.8650 
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Table 8. Performance of new versus old money flow portfolios 
This table presents the alpha estimates of the Fama–French (1993) three-factor and the Carhart (1997) four-factor models of new and old money-flow portfolios for Malaysian IEFs 
(columns 2 to 4), CEFs (columns 5 to 7) and the differences in the estimates between IEFs and CEFs (columns 8 to 10). Panel A reports the positive new money-flow, positive old 
money-flow and the difference in the estimated alphas between the positive new and old money-flow portfolios. The positive new money-flow portfolios are the money-flow weighted 
of all available funds with positive new money-flow. The positive old money-flow portfolios are the value (asset under management (AUM))-weighted (previous year AUM before the 
new flow) of all available funds with positive new money-flow portfolio. We construct these new money-flow portfolios based on the previous year net money-flows. Panel A.1 and 
Panel A.2 present the alpha estimates of the three-factor and four-factor models, respectively. We identically arrange the alpha estimates in Panel B with exception that we use negative 
money-flow instead of positive money-flow portfolios. Coef. is alpha coefficient. Std. err. is the standard error. The standard errors are Newey-West adjusted. 

  IEF   CEF   
IEF–
CEF  

 Coef. Std. err. p-value Coef. Std. err. p-value Coef. Std. err. p-value 
 Panel A: Positive money-flow 
 Panel A.1. Three-factor alpha 
New money 0.0010 0.0006 0.1155 0.0007 0.0003 0.0364 0.0002 0.0004 0.5922 
Old money 0.0009 0.0006 0.1400 0.0006 0.0003 0.0575 0.0003 0.0004 0.5106 
New vs. old  0.0000 0.0001 0.4293 0.0001 0.0001 0.0950 –0.0001 0.0001 0.4436 
 Panel A.2. Four-factor alpha 
New money 0.0005 0.0005 0.3599 0.0006 0.0004 0.0750 –0.0001 0.0004 0.7115 
Old money 0.0004 0.0006 0.4580 0.0005 0.0003 0.1139 –0.0001 0.0004 0.7354 
New vs. old  0.0001 0.0001 0.1997 0.0001 0.0001 0.1198 0.0000 0.0001 0.9046 
 Panel B: Negative money-flow 
 Panel B.1. Three-factor alpha 
New money –0.0005 0.0011 0.6327 0.0000 0.0001 0.5386 –0.0005 0.0010 0.6494 
Old money –0.0006 0.0010 0.5440 0.0000 0.0001 0.7269 –0.0006 0.0010 0.5427 
New vs. old  0.0001 0.0002 0.4945 0.0000 0.0000 0.2044 0.0001 0.0002 0.4187 
 Panel B.2. Four-factor alpha 
New money –0.0009 0.0011 0.3973 –0.0001 0.0001 0.3604 –0.0009 0.0010 0.4163 
Old money –0.0010 0.0010 0.3617 0.0000 0.0001 0.4716 –0.0009 0.0010 0.3718 
New vs. old  0.0000 0.0002 0.7845 0.0000 0.0000 0.3000 0.0001 0.0002 0.6962 
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Table 9. Performance of high versus low money flow portfolios 
This table presents the alpha estimates of the Fama–French (1993) three-factor and the Carhart (1997) four-factor models of high and low money-flow portfolios for Malaysian IEFs 
(columns 2 to 4), CEFs (columns 5 to 7) and the differences in the estimates between IEFs and CEFs (columns 8 to 10). The table also reports the equally-weighted average 
portfolios, the difference in the estimated alphas between the high and low portfolios, and between high and the equally-weighted average portfolios.We construct these new money-
flow portfolios based on the previous year net money-flows. The high money-flow portfolio refers to the portfolio consists of funds with net new money-flows above the median 
value for a particular year. Likewise, the low money-flow portfolio refers to all other funds that do not fit the previous criteria. Panel A and Panel B present the alpha estimates of 
the three-factor and four-factor models, respectively. Coef. is alpha coefficient. Std. err. is the standard error. The standard errors are Newey-West adjusted. 

  IEF   CEF   IEF–CEF  

 Coef. 
Std. 
err. p-value Coef. 

Std. 
err. p-value Coef. 

Std. 
err. p-value 

 Panel A. Three-factor alpha 

High flow 0.0003 0.0013 0.8114 –0.0002 0.0008 0.7915 0.0005 0.0010 0.6029 

Low flow –0.0010 0.0009 0.3054 –0.0008 0.0006 0.1959 –0.0002 0.0010 0.8441 

Average –0.0003 0.0010 0.7478 –0.0005 -0.0006 0.4118 0.0002 0.0008 0.7898 

High vs. low  0.0013 0.0012 0.2827 0.0006 0.0007 0.4394 0.0007 0.0012 0.5424 

High vs. av. 0.0006 0.0006 0.3353 0.0003 0.0004 0.4289 0.0003 0.0006 0.6346 

 Panel B. Four-factor alpha 

High flow 0.0000 0.0014 0.9732 –0.0008 0.0009 0.3542 0.0008 0.0010 0.3816 

Low flow –0.0019 0.0010 0.0671 –0.0011 0.0006 0.0654 –0.0007 0.0010 0.4529 

Average –0.0009 0.0011 0.4108 –0.0010 0.0007 0.1312 0.0001 0.0008 0.9285 

High vs. low  0.0019 0.0011 0.0832 0.0003 0.0008 0.6523 0.0016 0.0010 0.1246 

High vs. av. 0.0010 0.0006 0.1060 0.0002 0.0004 0.6138 0.0008 0.0006 0.1845 
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