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Abstract 

Child protection recurrence exists where children and families have repeated 

involvement with authorities responsible for preventing and addressing harm caused by 

child maltreatment. Prior research has examined repeated reports, repeated 

investigations, and repeated substantiations of child maltreatment. Child protection 

recurrence is problematic for children, as concerns about abuse or neglect remain 

unresolved despite repeated contact with child protection authorities. For families, 

repeated investigations can be experienced as invasive, stressful, and stigmatising. For 

governments, recurrence represents repeated work screening and possibly investigating 

allegations about the same children and families. It also raises questions about the 

accuracy of risk assessments designed to prioritise services, and the effectiveness of 

interventions designed to prevent further maltreatment. Child protection recurrence 

therefore raises questions about the effectiveness and efficiency of child protection 

services.  

Research to date has focused on the characteristics of children and families most likely 

to recur. Survival analyses of large administrative data sets have revealed a set of 

factors associated with increased recurrence across jurisdictions. However, there are 

significant gaps in research. There is no agreement about how recurrence should be 

defined or measured, and the relationships between child maltreatment, child protection 

recurrence, and service provision are not understood. Explanations for patterns of 

recurrence are piecemeal and contradictory, and there is yet no good explanation for the 

persistent counterintuitive finding that support services are associated with increased 

recurrence rather than decreased recurrence. Despite knowing who is most likely to 
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recur, in the absence of theory about how recurrence happens, effective policy 

approaches to reduce recurrence remain elusive.  

The aim of this research was to advance understandings of the mechanisms of 

recurrence in order to contribute to policy approaches that may reduce child protection 

recurrence and mitigate its negative effects. This was achieved by taking a different 

approach to the problem of recurrence. Where previous research has focused on who 

recurs, the present research focused on how recurrence happens. This required 

consideration of the multiple interactions between children and decision makers that 

produce patterns of entry, exit, and re-entry that constitute child protection recurrence. 

Systems thinking was used as a lens to conceptualise, map, and make sense of this 

complexity.  

Systems thinking is an approach to understanding complexity that involves viewing the 

system holistically rather than breaking the system down into constituent parts. This 

makes it possible to view emergent properties of the system, which are properties 

displayed by the system as a whole that cannot be located in any of its individual 

components. These properties emerge from networks of interdependencies and non-

linear causal relationships, so are difficult to explain with methods that look for chains 

of causation or linear relationships between components. 

Child protection recurrence was conceptualised as a systems problem. System 

components were mapped. These included children and decisions about entry and exit 

from the child protection process, specifically the reporting decision, screening 

decision, protection decision, and case closure. This map of components was used to 

develop a typology of child protection recurrence. Rather than measuring recurrence as 

progression beyond a particular point in the child protection process, for example a 

subsequent report or a subsequent investigation, this typology classifies recurrence 
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according to where children exit. Three types of recurrence, corresponding to three exit-

points in the child protection process, were defined, namely recurrence at the screening 

decision, recurrence at the protection decision, and recurrence after intervention.  

The purpose of a systems analysis is to link the system structure (what the system is) to 

the system function (what the system does). Therefore, the overarching research 

question related to how a system of recurrence works, with sub-questions related to the 

parts of the system, and the behaviour of the system. The overarching research question 

was: 

What role do decisions about entry and exit from the child protection process have in 

producing patterns of child protection recurrence?  

The specific research questions to be addressed were: 

1) What are the child, family, and case characteristics associated with decisions about 

entry and exit from the child protection process? 

2) What are the patterns of child protection recurrence? 

a) What are the child, family, and case characteristics associated with different 

types of progression-based recurrence, including: 

i) a subsequent report? 

ii) a subsequent investigation? 

iii) a subsequent substantiation? 

iv) subsequent need for protection? 

b) What are the child, family, and case characteristics associated with different 

types of exit-based recurrence, including: 

i) recurrence at the screening decision? 

ii) recurrence at the protection decision? 
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iii) recurrence after intervention? 

To properly investigate system components, their complex relationships, and the 

emergent properties holistically, a detailed case study of a single system was 

undertaken. A case study with embedded units was used to allow for analysis of a 

primary unit of analysis, in this case a system of recurrence, and quantitative analysis of 

embedded sub-units, in this case children and their interactions with a child protection 

authority. The purpose of this analysis was to develop a cohesive explanation for 

recurrence that could be applied to systems of recurrence in other jurisdictions rather 

than to produce findings that can be generalised to children in other jurisdictions. 

The research site was Queensland, Australia. The child protection process conforms to 

the same structure in place in most jurisdictions with a reporting decision followed by 

screening, protection and case closure decisions. Detailed administrative data were 

available about children and their interactions with the child protection authority. A 

sample of 9,608 children, representing all children subject to their first ever report 

screened in for investigation between 1 July 2010 and 30 June 2011 was selected. Data 

about initial child protection involvement and all child protection involvement 

commencing within the subsequent 12 months were supplied.  Each child was followed 

for the same 12 month period.  

The first set of analysis identified the child, family, and case characteristics associated 

with progression and exit at each decision. Odds ratios associated with consistent 

progression were calculated for each independent variable at each decision point using 

cross-tabulations for categorical variables and binomial logistic regressions for 

continuous variables. Patterns of progression-based recurrence were measured using 

survival analysis. Cox proportional hazards were calculated to indicate the associations 

between independent variables and four separate measures of recurrence: time to 
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subsequent report, time to subsequent investigation, time to subsequent substantiation, 

and time to subsequent need for protection. Categories of exit-based recurrence are 

mutually exclusive so children subject to recurrence were classified and compared to 

children who did not recur. Odds ratios for types of recurrence were calculated using 

cross-tabulations for categorical variables and multinomial logistic regressions for 

continuous variables. 

Findings demonstrated differences in the criteria applied at each decision. These 

differences were not reflected in progression-based measures of recurrence, which 

group heterogeneous children together, are overlapping, and tend to highlight factors 

associated with earlier decision points. However, differences were observed in the 

mutually exclusive categories of children subject to different types of exit-based 

recurrence. Children who met earlier criteria for progression but failed to meet criteria 

for a later decision tended to exit repeatedly at that point. These patterns of recurrence 

were produced by the differences in criteria applied at different decision points, which 

made it possible for children to meet the criteria for some decisions but not others. 

Differences in the criteria at each decision were exacerbated by the non-linear 

relationships between system components, which are regulated by flows of information 

referred to as ‘feedback’. Recurrence is likely to be an inbuilt feature of child protection 

processes structured as a series of decisions about progression and exit, and is likely to 

be increased by greater differences in the criteria for these decisions, and minimised 

where criteria for decisions are more aligned.  

The central aim of this thesis was to identify policy approaches to reduce recurrence and 

mitigate its negative effects. Recurrence can be minimised by aligning the criteria 

applied at different decisions throughout the child protection process. This can be 

achieved by introducing policies that modify the feedback (i.e. flows of information) 
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within the system so that decisions made by different people situated in different parts 

of the system reflect the same underlying principles.  
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CHAPTER 1: INTRODUCTION 

Child protection recurrence refers to the repeated involvement of children and families with 

child protection authorities over time. The terms revictimisation (Fluke, Shusterman, 

Hollinshead, & Yuan, 2008; Fryer & Miyoshi, 1994) and recidivism (Jonson-Reid, Drake, 

Chung, & Way, 2003; Marshall & English, 1999) are sometimes used. Research has 

examined various types of repeated contact with child protection authorities including 

repeated reports (Casanueva et al., 2014; Putnam-Hornstein, Simon, Eastman, & Magruder, 

2014), repeated investigations (Bae, Solomon, Gelles, & White, 2010; Connell, Bergeron, 

Katz, Saunders, & Tebes, 2007), and repeated substantiations (Hélie, Laurier, Pineau-

Villeneuve, & Royer, 2013; Palusci, 2011). 

Child protection recurrence is problematic for children, families, and governments. The aim 

of child protection intervention is to protect children from harm caused by child abuse and 

neglect. For children, repeated child protection involvement may signal an ongoing need that 

has not been adequately addressed in previous contacts. Even repeated unsubstantiated 

reports may indicate that children are experiencing low level but ongoing harm that 

accumulates over time (Bromfield, Gillingham, & Higgins, 2007) or may indicate serious 

concerns about the care of children for which there is a lack of evidence (Drake, 1996). For 

families, repeated child protection involvement can be experienced as invasive, stressful, and 

stigmatising (Dumbril, 2006; Scott, 2006), which is especially problematic where repeated 

reports or investigations do not lead to useful services for those families. For governments, 

high rates of child protection recurrence result in substantial resource expenditure on repeated 

work screening and investigating the same families. Child protection recurrence may also 
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raise questions about risk assessments, which are intended to prioritise services to children 

most likely to be subject to maltreatment in the future (Marshall & English, 1999), and may 

signal problems with interventions intended to reduce risk of future maltreatment (Fluke et 

al., 2008). Where child protection systems are characterised by high rates of child protection 

recurrence, questions can be raised about both the effectiveness and the efficiency of the 

system.  

There is a substantial body of research about child protection recurrence, which has 

developed over the last two decades. This research mostly involves analysis of longitudinal 

administrative data sets to identify the children and families who have repeated child 

protection involvement. The tendency for children to have repeated child protection 

involvement has been observed across a range of American states (Casanueva et al., 2014; 

Fluke et al., 2008), Canada (Hélie et al., 2013), Singapore (Li, Chu, Ng, & Leong, 2014), 

Japan (Horikawa et al., 2016)  and Australia (Kaltner, 2013; Laslett, Room, & Dietze, 2014; 

Laslett, Room, Dietze, & Ferris, 2012). Factors associated with child protection recurrence, 

which have been derived from survival analysis including Cox proportional hazards models, 

are generally observed to be the same across jurisdictions. Predictors of recurrence include 

initial allegations of neglect (Bae, Solomon, & Gelles, 2009; DePanfilis & Zuravin, 1999a), 

younger children in the household (Bae et al., 2009; Lipien & Forthofer, 2004), parental 

substance misuse (Fluke et al., 2008; Laslett et al., 2014; Laslett et al., 2012), prior child 

protection involvement (Casanueva et al., 2014; Connell et al., 2007), and the provision of 

post-investigative services (Bae et al., 2010; Fluke et al., 2008; Marshall & English, 1999). 

Although there is a great deal of consensus on the main predictors of child protection 

recurrence, some key challenges for research remain. Firstly, there are no factors that can 

distinguish between the various measures of child protection recurrence. The factors that 
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predict repeated reports, repeated investigations, and repeated substantiations are the same 

(Drake, Jonson-Reid, Way, & Chung, 2003; English, Marshall, Brummel, & Orme, 1999). It 

has been argued that repeated reports are therefore indicative of the same types of needs 

indicated by repeated substantiations, and that the key difference between children subject to 

repeated reports and repeated substantiations is the availability of evidence of maltreatment 

(Drake, 1996; Hussey et al., 2005). As such, measures related to repeated reports have been 

used to indicate ongoing need and even repeated maltreatment in favour of measures of 

repeated substantiation (Li et al., 2014; Zhang, Fuller, & Nieto, 2013). Other studies prefer to 

use investigation outcomes rather than unverified reports (Laslett et al., 2014; Palusci & 

Ondersma, 2012) but it is difficult to articulate a clear rationale for either approach while 

studies using different measures of recurrence continue to produce the same results. There is 

little agreement in the literature about how recurrence should be conceptualised or measured 

(Fluke et al., 2008) and while analyses using different measures of recurrence continue to 

identify associations with the same factors, this debate is unlikely to be resolved.  

Another unresolved question for recurrence research is the counterintuitive relationship 

between service delivery and recurrence. It has been observed consistently over time and 

across jurisdictions that children who are provided with support services are more likely to be 

subject to subsequent child protection involvement than children who are provided with no 

services (Bae et al., 2009; Bae et al., 2010; Fluke et al., 2008; Fuller & Nieto, 2009; Putnam-

Hornstein et al., 2014). Several explanations have been put forward but none are entirely 

satisfactory. It is unreasonably pessimistic to believe that services increase the risk of future 

maltreatment. It has therefore been suggested that services are prioritised to children who are 

most likely to recur, so even if services are beneficial, rates of recurrence for these children 

may remain above average. However, attempts to demonstrate this by controlling for initial 

risk level in analyses have been unsuccessful. Even after controlling for a wide range of 
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factors associated with initial risk, children provided with services were still more likely to 

recur than children who were not provided with services (Fuller & Nieto, 2013). An 

alternative explanation is that services have a surveillance effect, whereby increased 

knowledge about families gained during the service period makes subsequent referrals to 

child protection more likely (Fluke et al., 2008), but this contradicts a central assumption of 

recurrence research, which is that recurrence is an indicator of ongoing risk or need. Despite 

being observed for almost two decades, a satisfactory explanation for the relationship 

between service provision and child protection recurrence remains elusive. 

These difficulties point to a lack of theory about how child protection recurrence happens. 

Explanations for child protection recurrence are piecemeal and often contradictory. It is 

argued on the one hand that younger children are considered to be more vulnerable so 

concerns about their welfare are taken more seriously, which translates to higher rates of 

recurrence (Hélie et al., 2013). On the other hand, it is argued that reports about sexual abuse 

are taken more seriously, which results in more decisive intervention and therefore lower 

rates of recurrence (Connell et al., 2007; Lipien & Forthofer, 2004). This second explanation 

contradicts the first and is further undermined by the fact that services predict higher rates of 

recurrence rather than lower rates of recurrence.  

Difficulties explaining child protection recurrence arise in part from assumptions about a 

straightforward relationship between child protection recurrence and repeated maltreatment. 

Some recurrence research directly equates recurrence with repeated maltreatment (Jonson-

Reid, Chung, Way, & Jolley, 2010; Jonson-Reid et al., 2003; Lipien & Forthofer, 2004; 

Zhang et al., 2013). Other research makes a conceptual distinction between recurrence and 

repeated maltreatment but, as in the examples above, explains differences in patterns of 

recurrence as differences in patterns of maltreatment. An assumed relationship between 
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maltreatment and recurrence also underpins the widespread use of recurrence measures as 

indicators of safety for children subject to child protection involvement (Australian Institute 

of Health and Welfare, 2016; Children's Bureau of the US Department of Health and Human 

Services, 2015). Risk assessment tools intended to assess the risk of future maltreatment have 

also been developed and tested using measures of child protection recurrence (Coohey, 

Johnson, Renner, & Easton, 2013; D'Andrade, Austin, & Benton, 2008). However, the 

relationship between recurrence and repeated maltreatment is not straightforward. Child 

protection involvement is the product of an interaction between children and decision makers. 

Decisions are made with incomplete information under conditions of uncertainty (Mansell, 

2006c), are impeded by a range of cognitive biases and common errors in reasoning 

(Gambrill & Shlonsky, 2000; Munro, 1999) and are influenced  by environmental and 

organisational factors (Baumann, Dalgeleish, Fluke, & Kern, 2011). Recurrence research 

largely ignores the role that decision making plays in shaping patterns of child protection 

involvement.  

The lack of theoretical clarity makes it difficult to devise policy solutions to reduce rates of 

child protection recurrence. Research has focused on identifying the factors associated with 

recurrence so policy solutions usually involve enhanced service delivery to address risk 

factors and target high-risk children (Hélie et al., 2013; Jonson-Reid, Chung, et al., 2010). 

However, given that the relationship between service delivery and recurrence remains 

unexplained, such approaches may be ineffective and even counterproductive. Research has 

identified the children most likely to recur but the lack of theory to explain why these 

children are more likely to recur constrains the development of effective policy to address 

recurrence.  

 



6 

 

Aim and approach 

The aim of this research was to advance understandings of the mechanisms of recurrence in 

order to contribute to policy approaches that may reduce child protection recurrence and 

mitigate its negative effects. This aim was achieved by taking a different approach to the 

problem of recurrence. Where previous research has focused on identifying who recurs, the 

present research focused on how recurrence happens. It was hoped that by articulating a 

mechanism for recurrence, it would be possible to devise policy approaches to interrupt that 

mechanism. To understand how recurrence happens, it was necessary to broaden the scope of 

inquiry beyond the children and families. As described above, child protection involvement is 

not determined by the characteristics of children and families alone. Child protection 

involvement is a product of interactions between children and their families and decision 

makers. Recurrence is therefore a product of multiple interactions between children, families 

and decision makers over time.  The existing methods of inquiry have been useful in 

identifying multiple independent variables associated with a single decision, for example a 

subsequent decision to report or substantiate. However, these methods are less helpful in 

understanding complex patterns of child protection involvement that include interactions 

between children and multiple decisions over time. A new approach was therefore required. 

Systems thinking was used as a lens to conceptualise, map, and make sense of this 

complexity.  

Systems thinking 

Systems thinking is a broad term that encompasses a range of approaches to understanding 

complex systems, and includes General Systems Theory, Complexity Theory, Cybernetics 

and many more (Skyttner, 2006). A complex system is set of components with non-linear 

relationships that combine in a larger structure that is dynamic but retains coherence over 
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time. Systems are sometimes referred to as complex systems or complex adaptive systems 

(Bittick, 2010).  Systems thinking is applied within physical sciences like climatology and 

fluid mechanics, which deal with complex phenomena, but is increasingly applied in social 

sciences (Byrne, 1998; J. W. Forrester, 1971), particularly when dealing with social groups, 

organisations, and so called “wicked” public policy problems, which bear all the hallmarks of 

complex systems (Cairney, 2012; Meek, 2010; Mischen & Jackson, 2008; Morçöl, 2008).  

The defining feature of systems thinking is its approach to understanding complexity. 

Scientific approaches working in the Newtonian-Cartesian tradition, especially quantitative 

methods, seek to understand complex phenomena by breaking them into their constituent 

parts (Louth, 2011). This approach makes complicated structures comprehensible and reveals 

how a system is organised but may obscure the relationships between components (Dekker, 

2011). Systems thinking seeks to view systems holistically to highlight the relationships 

between components (Cilliers, 2005). To make complex systems comprehensible, details 

must be simplified and omitted, but this is done strategically to ensure the model retains the 

features that define complexity and drive system behaviour (Cilliers, 2005; Meadows, 2009). 

Taking a holistic view makes it is possible to observe the emergent properties of systems. 

Emergent properties are those that are displayed by the system as a whole, without being 

embedded in or displayed by any particular components or sub-systems. These properties are 

said to ‘emerge’ from the interactions between system components. These emergent 

properties may include behaviours that are perplexing, counterintuitive, or in the case of 

social systems, in direct opposition to the desires and efforts of people working within the 

system (J. W. Forrester, 1971; Meadows, 2009). Systems literature is replete with 

descriptions of well-meaning and apparently common sense interventions that produce 

counterintuitive and undesirable results. Examples exist in engineering (Dekker, 2011; 
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Weick, 1987), public and social policy (Cairney, 2012; J. W. Forrester, 1971; Mansell, 

2006c), and within commercial organisations (Meadows, 2009; Pravin, 2013; Trombly, 

2014). The emergence of such counterintuitive or undesired behaviour is often a prompt that 

a complex system is in play and the impetus for a systems analysis.  

Key to these emergent and surprising properties is the non-linear nature of the relationships 

between system components. Newtonian-Cartesian approaches seek to trace outcomes back 

through chains of causation by identifying the preceding causal events to locate some 

underlying cause or causes (Dekker, 2011; Munro, 2005) . Such approaches need not be 

simplistic, indeed there is a substantial body of literature around Root Cause Analysis, which 

involves “The establishing of logically complete, evidence-based, tightly coupled chains of 

factors from the least acceptable consequences to the deepest significant underlying causes” 

(Latino, Latino, & Latino, 2011, p 15). As Munro (2005) has noted, the principles of Root 

Cause Analysis have been applied in investigations into child deaths and critical incidents in 

child protection (for example, Rzepnicki & Johnson, 2005). However, unlike systems 

approaches to critical incidents (for example, Fish, Munro, & Bairstow, 2009), root cause 

approaches assume a causal direction where events that take place ‘upstream’ influence or 

determine the events that take place ‘downstream’. In complex systems, which have networks 

of relationships rather than chains, apparently ‘upstream’ components are also affected by 

‘downstream’ components through flows of information referred to as ‘feedback’ or 

‘feedback loops’ (Cilliers, 2005; Meadows, 2009).  A heater with a thermostat is an example 

of a simple non-linear system. The heater pushes out warm air to increase the temperature of 

the room but, through the thermostat, the temperature of the room determines the output of 

the heater. In such a configuration, attempts to locate a ‘root cause’ for system behaviour in 

either the room or in the heater would not yield a sensible answer.    
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A systems approach to recurrence 

If child protection recurrence is understood as a property of a complex system then, like a 

heater with a thermostat, it may not be possible locate the root cause of system behaviour in a 

single component, for example in the characteristics of children. A systems approach to 

recurrence would involve examining the system holistically to identify the relevant system 

components and their interactions, and ultimately explain the emergent behaviours.  

The first step is to map the system components.  As Cilliers (2005) points out, a useful map is 

a representation of reality that is sufficiently simplified to be comprehensible, but retains 

critical details. The decision about what to include and what to omit from a map should be 

made with reference to the purpose of the model, which in this case is to understand child 

protection recurrence. Given that recurrence has been defined as patterns of entry and exit 

from child protection involvement, a useful map would include key decisions about entry and 

exit from child protection involvement along with the children who are subject to those 

decisions. Child protection varies across jurisdictions, but in most Anglophone jurisdictions, 

child protection conforms to the same basic structure of entry and exit decisions (Australian 

Institute of Health and Welfare, 2016; Fluke, Harper, Parry, & Yuan, 2003). The child 

protection process commences when children are reported to the child protection authority. 

This is the first decision in the process. The second decision, referred to as the screening 

decision, is made by the child protection authority. Based on the information supplied by the 

reporter, an investigation can be initiated or the child can exit the process. Children subject to 

investigation, who may or may not be substantiated, then move on to the third decision point, 

which relates to the need for protection. Where risk of future maltreatment is assessed to be 

low, children can exit the process, and where risk is high, children progress to protective 

intervention. The final decision point relates to the permanency of intervention. Children can 
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either exit after a period of intervention, or can be retained, usually in out-of-home care, until 

they reach adulthood.  

Patterns of child protection recurrence can be understood as patterns of entry and exit. 

Because children always enter the child protection process at the same point, the reporting 

decision, it is possible to categorise children according to their usual point of exit. This 

provides an alternative to the existing measures of recurrence, which define recurrence as 

progression beyond a particular decision. For example, measures of repeated reporting 

include all children who have been subject to at least two reports. This includes children who 

have been investigated and those who have not, and includes children who have and have not 

been subject to intervention. Likewise, measures of repeated substantiation include some 

children who have been subject to intervention and some children who have not. There is 

considerable overlap between categories; all children subject to repeated substantiation must 

also have been subject to repeated reports. In contrast, an exit-based typology of recurrence 

produces a set of mutually exclusive categories of children who have been subject to the 

same pattern of entry and exit. Children can be subject to recurrence at the screening 

decision, where they are repeatedly reported and then screened out. Alternatively, children 

can be subject to recurrence at the protection decision, where they are repeatedly reported and 

investigated and then exited. And lastly, children can be subject to recurrence after 

intervention where they are repeatedly reported, investigated, and subject to protective 

intervention.  

This model was developed with the question of child protection recurrence in mind. It is 

therefore not useful as a general model of child protection and should not be interpreted as 

such. It is better to describe it as a model of a system of child protection recurrence, rather 

than a model of a child protection system.  
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Research questions 

As noted previously, the aim of the research was to understand the mechanism of child 

protection recurrence. From a systems perspective, this means linking the structure of the 

system (i.e. what the system is) to its function (i.e. what the system does) (Meadows, 2009). 

In this case, the system structure was mapped as a series of decisions about entry and exit 

from the child protection process and the function in question was child protection 

recurrence. The overarching research question for the present research was: 

What role do decisions about entry and exit from the child protection process have in 

producing patterns of child protection recurrence?  

The specific research questions to be addressed were: 

1) What are the child, family, and case characteristics associated with decisions about entry 

and exit from the child protection process? 

2) What are the patterns of child protection recurrence? 

a) What are the child, family, and case characteristics associated with different types of 

progression-based recurrence, including: 

i) a subsequent report? 

ii) a subsequent investigation? 

iii) a subsequent substantiation? 

iv) subsequent need for protection? 

b) What are the child, family, and case characteristics associated with different types of 

exit-based recurrence, including: 

i) recurrence at the screening decision? 

ii) recurrence at the protection decision? 

iii) recurrence after intervention? 
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The present research 

To properly investigate system components, their complex relationships, and the emergent 

properties holistically, a detailed case study of a single system was undertaken. Specifically, 

an embedded case study design was used. This involves understanding a primary unit of 

analysis, a single case, through the analysis of many embedded sub-units (Scholz & Tietje, 

2002). Although case studies are usually considered a form of qualitative research, (Gillham, 

2000), analysis of embedded sub-units often draws on quantitative methods of data collection 

and analysis (Rowley, 2002; Scholz & Tietje, 2002). This design was ideal because it was 

possible to conduct quantitative analysis of the many interactions between children and 

decisions, while still retaining focus on the system as a whole. The aim was to develop an 

explanation for recurrence that could be applied to systems of recurrence in other 

jurisdictions, rather than to make generalisable claims about children. The child, family, and 

case characteristics associated with decisions and particular types of recurrence may vary 

across jurisdictions even if the mechanism that underpins recurrence is the same. This 

research was primarily concerned with describing this mechanism, which may be 

generalisable to other jurisdictions, rather than describing the features of a particular system, 

which may not be generalisable. 

The system of recurrence in Queensland, Australia was the primary unit of analysis and a 

sample of 9,608 children from within that system were the embedded units of analysis. Child 

protection in Queensland is organised in the typical fashion with reporting, screening, and 

protection decisions. Detailed and reliable administrative data about each of these decision 

points was available. A sample of 9,608 children who comprised all children subject to their 

first ever screened-in report between 1 July 2010 and 30 June 2011 was obtained. Data were 

provided about their initial report, investigation, and service delivery, as well as any 
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subsequent child protection involvement commencing within one year of their initial 

screened-in report (i.e. all children were subject to an observation period of exactly 12 

months). Variables related to child characteristics were provided, such as gender, age and 

Indigenous status. Family characteristics such as household size and parental risk factors 

including mental health problems, drug and alcohol use, criminal history, and domestic 

violence were also included. Relevant case characteristics, such as types of maltreatment 

alleged and substantiated, and outcomes of all relevant child protection decisions were also 

supplied. Given the 1-year follow up period, it was not possible to properly distinguish 

between children who had been subject to permanent intervention from those who were 

subject to temporary intervention but whose cases had not yet been closed. Given this, 

analysis focused on the first three decisions, reporting, screening, and protection.  

Analysis of sub-units took place in three parts. The first analysis responded to the first 

research question, which relates to the factors associated with progression at each decision. 

Because earlier decisions determine which children will be subject to later decisions, analysis 

of subsequent decisions controlled for the effects of earlier decisions. This was achieved by 

measuring the rate at which children progressed at each decision point, rather than measuring 

the time to a subsequent progression, as is typical in recurrence research. It was therefore 

possible to distinguish between children who were a good match for the decision criteria, 

even if they were subject to that decision infrequently, from children who were a relatively 

poor match for the criteria but were subject to the decision more often. Children with the 

highest rates of progression were grouped together and compared to children with lower rates 

of progression. Odds ratios associated with falling into the high-rate group at each decision 

point were calculated using cross-tabulations for categorical variables, such as gender and 

Indigenous status, and binomial logistic regressions for continuous variables such as age.  
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The second research question, which related to patterns of recurrence, was undertaken in two 

parts. The first part related to patterns of progression-based recurrence. Cox proportional 

hazards were used to measure associations between time to recurrence and child, family, and 

case characteristics. Four different dependent variables were developed: time to a subsequent 

report, time to a subsequent investigation, time to a subsequent substantiation, and time to 

subsequent need for protection. The second part of analysis related to exit-based recurrence. 

Children who were subject to recurrence were divided into three categories: those who 

recurred at the screening decision, those who recurred at the protection decision, and those 

who recurred after intervention. These children were compared to children who did not recur. 

Odds ratios of being subject to each type of recurrence were calculated for each independent 

variable using cross-tabulations for categorical variables and multinomial logistic regressions 

for continuous variables.  

The findings revealed some factors that were associated with progression at all three decision 

points, but most factors were associated with progression at only one or two decisions. 

Furthermore, some variables were associated with progression at one decision but exit at 

another. These findings suggest that child protection decisions can be understood as 

multidimensional criteria, rather than as ‘thresholds’ on a linear scale of severity, as they are 

often understood (Platt & Turney, 2014). Children move through these decisions depending 

on the extent to which their characteristics meet the decision criteria at a point in time. Some 

children may meet the criteria for progression at all decisions, but differences between 

decision criteria make it possible for children to be a strong match for some criteria, for 

example to be subject to a report, but a poor match for others, for example to be screened in 

for investigation.  
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Despite this, almost all factors were associated with all four types of progression-based 

recurrence in the same direction, as has been observed in other jurisdictions (Drake et al., 

2003; English et al., 1999). This appeared to be because the factors associated with entry and 

progression at early decision points also influenced rates of recurrence at subsequent decision 

points. That is to say children were likely to be subsequently substantiated and in need of 

protection at least once if they were reported and screened in often enough. As such, the same 

factors were associated with all four types of recurrence, even though the profiles of children 

most likely to progress and exit at each decision point were different.  

On the other hand, children subject to different types of exit-based recurrence displayed 

distinctly different profiles. Children were most likely to recur when they met the criteria for 

progression at earlier decisions, but failed to meet the criteria for some later decision. For 

example, children subject to recurrence at the screening decision were those who met the 

criteria for a report but did not meet the criteria to be screened in. These children were 

reported frequently but were usually screened out. Conversely, children who failed to meet 

early criteria but met later criteria were subject to low rates of recurrence. Children who were 

reported rarely but were a strong match for the screening decision were not usually subject to 

recurrence at the screening decision. On the infrequent occasions that these children were 

reported, they tended to progress past the screening decision and exit at some later point, 

either at the protection decision or after intervention.  

Relationships were evident between system components, patterns of progression and exit at 

decisions, and patterns of child protection recurrence. These relationships were then added to 

the map of the child protection system as ‘feedback’, which refers to the flows of information 

within a system that establish and maintain relationships between components (Meadows, 

2009). While these non-linear relationships were complex, the underlying mechanism for 
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recurrence was relatively straightforward. Children recur when they consistently meet the 

criteria for progression at earlier decisions but fail to meet the criteria for later decisions. 

Differences in the criteria at each decision make it possible for children to meet the criteria 

for some decisions but not others. Because of the inherent impracticality of achieving perfect 

consistency between decisions made by different people with different access to information 

in different organisational environments, recurrence is likely to exist in any jurisdiction that 

processes children through a series of entry and exit decisions.  

These findings have implications for research and policy. Firstly, they reveal how recurrence 

happens, rather than to whom it happens. In doing so, this research provides a conceptual 

framework for understanding recurrence and offers a new direction for research in other 

jurisdictions. Secondly, this research opens opportunities for reducing recurrence. If 

differences in decision criteria create opportunities for recurrence, aligning the criteria 

applied at successive decision points can minimise opportunities for recurrence. This can be 

achieved by modifying feedback. By changing and strengthening flows of information 

throughout the system, it would be possible to align decision criteria and effectively reduce 

child protection recurrence.   

Thesis structure 

This thesis contains 9 chapters. The next chapter, Chapter 2, provides a review of the 

recurrence literature. It sets out the development, state of knowledge, and gaps in the existing 

literature. It indicates that the primary gap in existing literature is comprehensive theory to 

explain how child protection recurrence happens. Chapter 3 sets out the conceptual 

framework for the study. This chapter describes the principles of systems thinking, which are 

then used to reconceptualise child protection recurrence as a systems problem. A system of 



17 

 

child protection recurrence is then mapped. Research questions are set out at the end of 

Chapter 3. 

Chapter 4 describes the embedded case study design and methods.  The sample drawn from 

the Queensland child protection authority’s administrative records is described along with the 

methods employed to analyse interactions between children and decision criteria, as well as 

the factors associated with different types of child protection recurrence.  

Chapters 5 to 7 set out the findings. Chapter 5 sets out the characteristics of children and 

decision criteria for each decision point. The child, family, and case characteristics associated 

with different measures of progression-based recurrence are included Chapter 6, and Chapter 

7 includes analysis of factors associated with types of exit-based recurrence.  

These findings are discussed in Chapter 8 and related to the overarching research question, 

which is about how decisions about entry and exit described in Chapter 5, produce the 

patterns of recurrence described in Chapters 6 and 7. Patterns are explained and relationships 

between components are identified. These relationships are added to the map of the system of 

recurrence initially set out in Chapter 3 to provide a model for how recurrence emerges from 

relationships between system components in the case study. 

Chapter 9 presents the conclusions of the research. Firstly, Chapter 9 articulates a mechanism 

for recurrence that can apply generally to any jurisdiction organised as a series of decisions 

about entry and exit. Secondly, considerations for policy to reduce recurrence and 

suggestions for future research are set out.  
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CHAPTER 2:  LITERATURE REVIEW 

This chapter reviews literature concerned with child protection recurrence. Three areas of 

literature are identified and summarised in turn. Recurrence studies are discussed first. This 

research uses survival analysis of administrative data to identify factors associated child 

protection recurrence. Risk assessment tools derived and tested using measures of child 

protection recurrence are discussed second, followed thirdly by the use of recurrence 

measures as indicators of child protection system performance.  

In the second section of this chapter, gaps in the existing literature are identified and 

discussed. It is argued that data driven research has revealed a great deal about who is most 

likely to recur, but research has focused less on developing a cohesive explanation for 

observed patterns. It is argued that this creates problems for defining recurrence, explaining 

recurrence, and devising policy to address recurrence. This chapter concludes by stating the 

aim and setting the direction of the present research.  

Summary of literature 

This section outlines three areas of literature. Although all three areas relate to child 

protection recurrence, they have developed in parallel with limited reference to each other, so 

will be dealt with separately. The first area, referred to here as recurrence literature, uses 

various forms of survival analysis to identify the factors associated with child protection 

recurrence from administrative data. The development of this area of is described, from its 

beginnings identifying a limited number of categorical variables associated generally with 

recurrence, to current research that involves sophisticated multivariate analyses that identify, 

with increasing precision, the factors associated with recurrence in a range of sub-
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populations. The second area of research relates to risk assessment tools, which use measures 

of child protection recurrence to predict future maltreatment to guide decisions about 

intervention. The tools now used in child protection have their roots in risk assessments 

designed to predict recidivism among prospective parolees, which have a long history in the 

criminal justice system. This history and contemporary approaches to developing and testing 

risk assessment instruments are described. The last part of this section discusses system 

performance measures used by governments and policy makers to measure the safety of 

children subject to child protection involvement. 

Recurrence literature 

There is a substantial body of literature that uses administrative data drawn from child 

protection records to identify the factors associated with recurrence. As will be elaborated on 

below, these studies have used large longitudinal samples, have used various forms of 

survival analysis to track time between an initial ‘index’ child protection involvement and 

subsequent involvement, and have been focussed on understanding who is most likely to 

recur. Despite recurrence being defined differently across studies, a number of demographic 

and case characteristics have been consistently associated with child protection recurrence, 

including initial allegations of neglect (DePanfilis & Zuravin, 1999a; D. Forrester, 2007; 

Lipien & Forthofer, 2004), younger children in the household (Bae et al., 2010; Deans, 

Thackeray, Groner, Cooper, & Minneci, 2014), parental substance misuse (Fluke et al., 2008; 

Laslett et al., 2014; Laslett et al., 2012), and child protection history (Casanueva et al., 2014; 

Connell et al., 2007; Fuller, Wells, & Cotton, 2001).  Recurrence is also more likely to take 

place sooner after the conclusion of the index case rather than later (Fluke et al., 2008; Zhang 

et al., 2013) and instances of recurrence predict further recurrences into the future (Bae et al., 

2009; English et al., 1999; Jonson-Reid, Chung, et al., 2010). Counterintuitively, recurrence 

is more likely for children provided with post-investigative services (Bae et al., 2010; 



20 

 

Eastman, Mitchell, & Putnam-Hornstein, 2016; Fluke et al., 2008; Fluke, Yuan, & Edwards, 

1999; Fuller & Nieto, 2013). 

Early recurrence research 

While there were some early studies concerned with child protection recurrence in the 1970s 

(Friedman, Morse, & Sahler, 1970; Herrenkohl, Herrenkohl, Egolf, & Seech, 1979), research 

based on survival analysis of administrative data began in the 1990s (Fryer & Miyoshi, 1994; 

Inkelas & Halfon, 1997; Levy, Markovic, Chaudhry, Ahart, & Torres, 1995; Wolock & 

Magura, 1996), and expanded at the end of the 1990s with major contributions from three 

teams: Fluke and colleagues, English and Marshall, and DePanfilis and Zuravin (Hélie & 

Bouchard, 2010). All three teams published findings based on large American administrative 

data sets using survival analysis to distil the observable factors most strongly associated with 

child protection recurrence. While there were some areas of difference, which are discussed 

below, these three teams took similar approaches, which yielded similar results.  

Fluke et al. (1999) used National Child Abuse and Neglect Data System (NCANDS) data, 

specifically the Detailed Case Data Component (DCDC). This is an American national data 

collection that states voluntarily contribute unit records to each year. The analysis conducted 

by Fluke et al. (1999) was based on an especially large data set encompassing over 550,000 

cases finalised during the 1994 and 1995 calendar years contributed by 10 states. Because 

these data were structured as a list of all finalised cases over a two year period, the 

observation period within which children may have recurred varied from 24 months for those 

first referred at the beginning of 1994 to less than one month for those referred at the end of 

1995. Fluke et al. (1999) used life tables to account for the different observation periods for 

different cases but it was not possible to control for prior referrals made before 1994. As 

such, it was not possible to distinguish between cases where a child was genuinely referred 

only one time from cases where a child had been referred prior to 1994 and recurred during 
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1994 or 1995. While the variables available for analysis were relatively limited due to the 

requirement that most if not all states submitted comparable data, Fluke et al. (1999) describe 

a number of predictors of recurrence. Firstly, they noted that in their sample, recurrence was 

most likely directly after a referral and that the likelihood of recurrence declined as more time 

passed from the initial referral. A maltreatment type of neglect in an initial substantiation was 

related to recurrence, while race/ethnicity was unrelated for all groups except Asian/Pacific 

Islander families who were somewhat less likely to recur. Unexpectedly, post-investigative 

support services were associated with recurrence (Fluke et al., 1999).  

In the same year, English et al. (1999) and Marshall and English (1999) published findings 

based on 12,329 cases from Washington State in the 1994-95 financial year. Cases were 

followed for between 18 and 30 months depending on when the initial referral was made, 

and, like Fluke et al. (1999) they used life tables to account for the varied observation 

periods. Unlike Fluke et al. (1999), analysis was conducted at the family rather than child 

level. A range of analysis variables about children and families, including gender of children, 

age of children, ethnicity, geographic location, domestic violence history, employment status, 

substance use, and parenting skills were drawn from the Washington State Risk Assessment 

Model. By taking data from a risk assessment tool in a single location, English et al. (1999) 

were able to access a wider range of variables that were theoretically linked to risk. However, 

because it was not compulsory for case workers to complete the tool, there were problems 

with missing data. Notwithstanding this limitation, English et al. (1999) were able to identify 

a number of variables related to recurrence, which were largely consistent with findings from 

Fluke et al. (1999). Factors included maltreatment type of physical neglect, that the family 

experienced prior referrals, and that a more urgent response priority was assigned at the time 

of the initial referral. English et al. (1999) also found that population density was related to 

recurrence, with families in rural and urban areas more likely to recur than families in 
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metropolitan areas. Consistent with findings from Fluke et al. (1999), race had a very limited 

relationship to recurrence. Further analysis conducted by Marshall and English (1999) added 

weight to the suggestion that child protection intervention does not reduce recurrence, with 

the time to re-referral reducing with each subsequent referral. They speculated that a 

surveillance effect of child protection involvement may operate, or that families may become 

desensitised to child protection intervention over time. Also of interest was the finding that 

few if any differences could be discerned between families repeatedly substantiated and those 

repeatedly reported without being substantiated. 

In many ways, the work of DePanfilis & Zuravin (1999a, 1999b) mirrored the work produced 

by Fluke et al. (1999) and English et al. (1999). DePanfilis & Zuravin (1999a, 1999b) based 

their work on 1,167 reports received in 1988 by one county in Maryland. While this sample 

was smaller than those used by English et al. (1999) and much smaller than samples used by 

Fluke et al. (1999), its strength was that it followed families for five years. In most respects, 

DePanfilis and Zuravin (1999a) reported findings consistent with those reported elsewhere. 

However, their second article based on this data set (DePanfilis & Zuravin, 1999b) looked 

specifically at the rates of recurrence while child protection intervention remained ongoing. 

They found that rates of recurrence declined over the service period, which they argued 

suggests that services decrease rates of recurrence.  

Development of recurrence research 

Over the next decade, recurrence studies proliferated. Like those of the late 1990s, studies 

were based on administrative data, used survival analysis, and were almost exclusively North 

American.  The development of recurrence studies over this period was largely driven by 

greater availability of data and technological improvements that made the analysis of these 

large data sets more feasible. 
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In the late 1990s and early 2000s, a number of published studies used Kaplan-Meier survival 

curves (DePanfilis & Zuravin, 1999a; English et al., 1999; Fluke et al., 1999). Kaplan-Meier 

estimates use the survival time (in the case of recurrence studies the time to recurrence) to 

create a survival curve and hazard rate, which indicates the likelihood that a case will fail (i.e. 

will recur) having survived up to a given time (Kleinbaum, Klein, & Springer, 2005). 

Different survival curves can be plotted for two or more groups, and there are a number of 

procedures for comparing these curves to determine if they differ significantly (Kleinbaum et 

al., 2005). Using this method, it was possible to measure the overall survival and hazard rates 

in a given sample, but also to break samples up into categories to make comparisons, for 

example by age group, race, or maltreatment type (Fluke et al., 1999). The key advantage of 

the Kaplan-Meier estimate is that it is able to retain cases that are right-censored i.e. cases 

that have an unknown survival time because they could not be observed beyond a particular 

point in time (Kleinbaum et al., 2005). This is useful for recurrence studies because, as 

described above, the administrative data available can track children for several years, but 

cannot usually observe children from birth to adulthood, and in many cases, the observation 

period is different for different children in the sample. The major weaknesses of the Kaplan-

Meier are that dependent variables must be categorical, and that it is unable to include 

multiple control variables so cannot be used to construct a multivariate model.  

Some studies used logistic regressions to construct multivariate models (Jonson-Reid et al., 

2003; Lipien & Forthofer, 2004; K. M. Thompson et al., 2001). This type of analysis involves 

categorising all cases as either having recurred or not recurred after a specified period of 

time. The key advantages of the logistic regression are that it allows a number of independent 

variables to be included, which makes it possible to simultaneously control for a range of 

factors, and it allows for the inclusion of continuous independent variables such as age and 

income (Pampel, 2000). The major drawbacks of the logistic regression for recurrence 



24 

 

research are that it requires a binary dependent variable (i.e. recurred after specified period or 

not), and that right-censored cases must be imputed or excluded (Pampel, 2000). Where data 

sets contain cases with different follow-up periods, a logistic regression forces a choice 

between including more cases but with a relatively short follow-up period, or having a more 

comprehensive follow-up period but excluding more cases.  

The Cox proportional hazard combines the best of both the Kaplan-Meier and logistic 

regression. Like the Kaplan-Meier, it tracks time to failure as a continuous variable and can 

incorporate right-censored data, and like the logistic regression, it is able to include multiple 

continuous independent variables (Kleinbaum et al., 2005). The Cox proportional hazard was 

used early in the development of recurrence research (DePanfilis & Zuravin, 1999b; Marshall 

& English, 1999) but was somewhat limited by the technology available at the time. Marshall 

and English (1999), who were interrogating a sample of just under 12,000 families noted 

“The survival analysis methods as they are currently available, Cox regression, and 

parametric or accelerated failure time (AFT) models lack automated variable selection 

procedures, and each separate run of Cox regression with time-dependent covariates for the 

large data sets used here took 2 to 20 hours on a 200MHz Pentium PC with 256MB of 

RAM.” (Marshall & English, 1999, p. 292). It is not surprising that Fluke et al. (1999), with a 

sample of approximately 550,000 cases, opted for relatively less sophisticated analyses. 

Likewise, Lipien and Forthofer (2004), whose sample consisted of 189,373 children reported 

in Florida in 1998 and 1999, used life tables and logistic regression, while Yampolskaya and 

Banks (2006) used Kaplan-Meier analysis for their sample of 499,330 children substantiated 

in Florida between 1996 and 2003. Given technological limitations, where Cox proportional 

hazards was used, it was often based on more simple bivariate analysis with selected control 

variables used to create a multivariate model (Drake et al., 2003; Palusci, Smith, & Paneth, 
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2005; Way, Chung, Jonson-Reid, & Drake, 2001), or only for small samples (Drake, Jonson-

Reid, & Sapokaite, 2006; Smith & Testa, 2002). 

Since the late 1990s and early 2000s, computational power has advanced considerably. This 

same period saw the continuation of the mutually reinforcing development of standardised 

child protection practice, and information systems designed to accommodate, document, and 

enforce standardised practice (Parton, 2009). While concerns have been raised about the 

effect this had on practice (Gillingham, 2011a) as well as the quality of data that were 

sometimes extracted from these information systems (Gillingham, 2012), it was possible to 

conduct more sophisticated multivariate analyses with a wider range of variables, which were 

less affected by missing data. Cox proportional hazards became the dominant statistical 

technique for recurrence studies and by 2007, it was possible to simultaneously estimate the 

relative risk of recurrence associated with age, gender, ethnicity, child protection history, the 

presence of five different risk factors, maltreatment type, initial case disposition, and post-

investigative service provision, along with seven interactive terms in a sample almost twice 

as large as the one used in 1999 by English and Marshall (Connell et al., 2007).  The 

following year, Fluke et al. (2008) published another recurrence study drawing on NCANDS 

data, this time including 505,621 cases that were entered simultaneously into a Cox 

regression. Non-significant variables were then eliminated in a backwards stepwise 

procedure, leaving a multivariate model that included source of initial report, child age group, 

sex, race, child disability, caretaker alcohol abuse, caretaker drug abuse, initial case 

disposition, post-investigative service provision, child placement, and three other interactive 

variables. Recurrence studies were no longer based on analysis of a small number of 

primarily categorical independent variables; researchers were able to use as many 

independent variables as they could extract from administrative data, whether categorical, 

ordinal, or continuous.  
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Current recurrence research 

Following Fluke et al.’s (2008) comprehensive study of the factors associated with recurrence 

in the U.S.A., there has been a move away from studies using survival analysis to identify 

factors generally associated with recurrence. Some research has aimed to construct local risk 

assessment tools in jurisdictions outside of North America based on measures of recurrence. 

Li et al. (2014) used a series of Cox regressions to propose items for a risk assessment tool 

for use in Singapore drawing on a sample of 1,750 cases. The factors identified in Singapore 

were broadly consistent with those identified in the USA, including mother’s age, socio-

economic factors such as parental employment, education, and household income, initial 

maltreatment type of neglect, and previous child protection involvement. However, children 

aged 7-12 years were most likely to recur. Horikawa et al. (2016) proposed a six-item tool 

based on logistic regression analysis of a sample from a rural and semi-rural area of Japan. 

Most factors identified were consistent with other jurisdictions, including siblings with a 

history of maltreatment, financial problems, absence of a parent or others who could protect 

the child from maltreatment, parental experiences of maltreatment as a child, and prior 

involvement with the child protection authority. However, initial maltreatment type, 

household size, and domestic violence were unrelated to recurrence, and as in Singapore, 

children aged 9-13 years were most likely to recur. In addition to research informing these 

risk assessment tools, Coohey (2006) and Dorsey, Mustillo, Farmer, and Elbogen (2008) both 

tested the ability of case workers to accurately predict recurrence based on case information. 

Both studies found that case workers were generally poor at predicting recurrence.  

Apart from these few studies concerned with risk assessment tools, most recurrence research 

in the last decade has focused on identifying factors associated with recurrence in sub-

populations. Several studies have focused on young children or infants (Eastman et al., 2016; 

Palusci, 2011; Palusci et al., 2005; Putnam-Hornstein et al., 2014; R. Thompson & Wiley, 
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2009). In general, these studies confirm the factors identified in studies of broader 

populations, but there were some exceptions, for example, R. Thompson and Wiley (2009) 

found that sexual abuse and physical abuse predicted higher rates of recurrence, where these 

types of maltreatment are usually associated with lower rates of recurrence. Hélie et al. 

(2013) used a sample of 25,897 children from Quebec, which they broke into three age 

groups: 0-5 years, 6-11 years, and 12-17 years. Using these categories rather than a 

continuous measure of age, they found children aged 6-11 were the more likely to recur than 

the youngest children, which was unexpected at the time, but as described above, has since 

been replicated in other jurisdictions also outside the USA (Horikawa et al., 2016; Li et al., 

2014). Furthermore, they found that variables did not always have a consistent relationship 

with recurrence for children of different ages, for example, placement in care was associated 

with reduced rates of recurrence for the youngest children, but increased rates of recurrence 

for the two older age groups. Other studies focused on subsets of caregivers rather than 

children, for example Casanueva, Martin, and Runyan (2009) who focused their analysis on 

female caregivers who had been the victim of intimate partner violence while Laslett et al. 

(2012) and Laslett et al. (2014) examined the role of substance abuse and mental health 

problems in carers. As expected, these risk factors did predict recurrence.  

Rather than focusing on child or family characteristics, studies have sometimes focused on 

case characteristics. Several studies have attempted to identify the factors associated with 

multiple recurrences. For the most part, these studies showed that the factors associated with 

second or further recurrences were the same as those associated with a single or first 

recurrence (Bae et al., 2009; Zhang et al., 2013), although Jonson-Reid, Emery, Drake, and 

Stahlschmidt (2010) found that factors predictive of the first recurrence such as younger age 

may be negatively associated with subsequent recurrence. Other studies have examined 

specific types of maltreatment. Studies focused on the recurrence of physical abuse have 
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found factors consistent with those identified in general samples (Coohey, 2006; Deans et al., 

2014; Palusci et al., 2005). Likewise, findings in relation to recurrent psychological 

maltreatment were as expected (Palusci & Ondersma, 2012). On the other hand, the factors 

associated with sexual abuse may be quite different to the general patterns. In a study using 

NCANDS data from seven states, child disability, financial problems, and a caregiver as 

perpetrator were all associated with reduced rates of recurrence (Sinanan, 2011). In a study of 

children subject to food neglect, Helton (2016) found that, contrary to expectations, provision 

of services was associated with reduced rates of recurrence. Helie, Poirier, and Turcotte 

(2014) examined the relationship between placement stability and recurrence for children 

after they were reunified and found placement stability was generally not associated with 

recurrence, except for the youngest children.  

Another new direction for recurrence has been the adoption of sophisticated analytic 

techniques to identify patterns in the data. Sledjeski, Dierker, Brigham, and Breslin (2008) 

used Classification and Regression Tree (CART) analysis on a small sample of 244 families 

to create a decision tree to predict recurrence. While the model was able to classify children 

with relatively high accuracy, the findings were not easy to reconcile theoretically. For 

example, children with prior unsubstantiated cases and high visibility to reporters had a low 

probability of recurrence, while children with prior unsubstantiated cases and low visibility 

had a high rate of recurrence. Proctor et al. (2012) used growth mixture modelling to organise 

501 high-risk children into four groups according to the timing and frequency of reports over 

8 years. They labelled the groups ‘No report’, ‘Continuous re-reports’, ‘Intermittent re-

reports’, and ‘Early re-reports’. The group with the greatest number of reports, the 

‘Continuous re-report’ group, displayed some of the characteristics usually associated with 

recurrence, for example parental alcohol abuse, low social support, more children living in 

the household, and welfare assistance. However, this group was strongly associated with 
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physical abuse, which is more often associated with average rates of recurrence. Other 

categories and variables displayed less consistent patterns. For example, parental alcohol 

abuse was associated with both the ‘Intermittent re-reports’ and ‘Continuous re-reports’ 

categories, but not the ‘Early re-reports’ category, while parental depression was associated 

only with the ‘Early re-reports’ category. In their discussion, Proctor et al. (2012) highlighted 

the heterogeneity in the way episodes of recurrence were distributed over time for different 

children and identified the factors associated with these different sub-groups but provided 

limited explanation for why these particular factors were associated with particular sub-

groups. Most recently, Eastman et al. (2016) used latent class analysis to divide a sample of 

23,871 infants in California into four categories, which they labelled ‘Lowest risk (less 

education)’, ‘Lowest risk (more education)’, Medium risk (young mothers)’, and ‘Highest 

risk (CPS history)’. These labels are descriptive but not explanatory. Like Proctor et al. 

(2012), Eastman et al. (2016) highlighted the existence of heterogeneous sub-populations of 

children subject to recurrence. They also suggested that individual variables associated with 

the lower risk and higher risk groups may be useful in identifying children likely to recur, but 

do not put forward an overarching explanation about why variables and patterns of recurrence 

clustered in the way that they did.  

The other major methodological development has been attempts to combine data sets to 

increase the variables available for analysis. As described above, a number of studies have 

drawn on the NCANDS data, which are American state-level administrative data aggregated 

by the Children’s Bureau into a single data source (Fluke et al., 2008; Fluke et al., 1999; 

Palusci, 2011; Palusci & Ondersma, 2012; Palusci et al., 2005; Sinanan, 2011). Other studies 

have drawn on the National Survey of Child and Adolescent Well-Being (NSCAW), which is 

a longitudinal study of a sample of children that, like NCANDS, aims to be nationally 

representative of children investigated by child protection authorities throughout the USA. 
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(Casanueva et al., 2009; Kohl, Jonson-Reid, & Drake, 2009). However, rather than using 

administrative data only, NSCAW collects data via surveys with case workers. It is therefore 

able to include a wider range of variables and events not reflected in official records, 

although the sample at 5,782 (Casanueva et al., 2015) is a fraction of the size of NCANDS, 

which can contain over 500,000 children over a two year period (Fluke et al., 2008). Dolan, 

Casanueva, Smith, Day, and Dowd (2014) discussed the methodological difficulties in 

linking NSCAW survey data with NCANDS administrative data, including problems 

associated with conflicting information across data sources. Despite these difficulties, 

Casanueva et al. (2015) were able to combine these data sources to produce findings broadly 

consistent with previous research. Subsequently, Helton’s (2016) study of the recurrence of 

food neglect described above also used a combination of NCANDS and NSCAW data. 

An area of recent recurrence research concerned with building theory rather than identifying 

patterns in data have been studies designed to test the relationship between the provision of 

services and increased rates of recurrence. Although Jonson-Reid, Emery, et al. (2010) found 

that services were consistently associated with reduced rates of recurrence for multiple 

recurrences, when they focused their analysis specifically on the relationship between service 

provision and recurrence, their results were mixed (Jonson-Reid, Chung, et al., 2010). 

Receipt of services before the index event sometimes had a different relationship to 

recurrence compared to the same service provided after the index event. Furthermore, both 

in-home services and foster care provided after the investigation were found to reduce rates 

of recurrence initially, but after 32 months the effects decayed and in some cases changed 

direction so that services were associated with increased rates of recurrence. Similarly, Drake 

et al. (2006) and Solomon and Åsberg (2012) returned mixed results with some services 

associated with lower rates of recurrence but others associated higher rates of recurrence. 

MacMillan et al. (2005), in their randomised control trial of home visitation by public-health 
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nurses, found the intervention had no effect on rates of recurrence. The weight of evidence 

continues to indicate that, even when attempting to control for a range of child, family, and 

case characteristics, services continue to predict higher rates of recurrence (Bae et al., 2010; 

Palusci & Ondersma, 2012).  The most recent and most sophisticated analysis designed to test 

the association between services and recurrence was conducted by Fuller and Nieto (2013) 

who used propensity score matching on a sample of 108,613 children to control for a wide 

range of variables associated with pre-treatment risk, but still found a relationship between 

service provision and child protection recurrence. Ultimately, research has not been able to 

disconfirm the relationship between service provision and recurrence, or produce an 

explanation for the relationship.   

Recurrence-based risk assessment tools 

While recurrence studies using survival analysis were developing, recurrence based actuarial 

risk assessment tools developed in parallel. Actuarial tools consist of risk factors that are 

identified through statistical analysis of empirical data, and are distinct from ‘consensus 

tools’, which consist of factors identified by expert and clinical judgement (Baird & Wagner, 

2000). Ideally, actuarial tools are constructed from a large, relevant sample that follows 

children prospectively to be able to distinguish the factors associated with maltreatment that 

are visible prior to episodes of maltreatment from those that only appear afterwards. 

Recently, data linkages have been used to identify children at risk of child protection 

involvement. For example the Predictive Risk Model in New Zealand identifies children in 

receipt of welfare support payments who are most likely to be subject to child protection 

involvement before the age of five years (Gillingham, 2017; Vaithianathan, Maloney, 

Putnam-Hornstein, & Jiang, 2013). However, more commonly, risk assessment tools are 

constructed from child protection administrative data alone to identify the factors associated 

with child protection recurrence (Coohey et al., 2013).  
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Development of actuarial risk assessment tools 

Actuarial risk assessment designed to predict human behaviour has a long history. The first 

tools were used in the corrections field to guide decisions about which prisoners were most 

likely to reoffend and hence which prisoners should be released on parole (Coohey et al., 

2013; Harcourt, 2006). Harcourt (2006) traces the genesis of actuarial risk assessments to 

Illinois in the 1920s. Indeterminate sentences, where the timing of the release of an offender 

is made by the corrections authority rather than by the court at sentencing, had become 

popular in the United States. Parole boards were struggling under large caseloads and were 

making superficial decisions based on interviews that lasted only a few minutes and a cursory 

examination of casefiles that contained little information (Harcourt, 2006). In 1928 Ernest 

Burgess argued in the official report of the Illinois Committee on the Study of the Workings 

of the Indeterminate-Sentence Law and of Parole that scientific prediction, based on 

recidivism rates for different types of parolees, could and should inform parole decisions 

(Burgess, 1928). Burgess (1928) used a sample of 3000 men paroled from three Illinois 

prisons and considered the predictive value of a range of individual, family, and case 

characteristics including the nature of the original offense, number of co-offenders, 

nationality (including parental nationality), offending history, location and factors associated 

with neighbourhood, nature of original sentence, work history, marital status, parental status, 

and age. The committee was sufficiently persuaded by this work to recommend “that the 

Parole Board seriously consider the placing of its work on a scientific basis by making use of 

the method of statistical prediction of the non-violation or violation of paroled men. One 

competent statistician could compile the necessary information from the records and still 

further develop the accuracy of prediction by this new method” (Bruce, Burgess, & Harno, 

1928, p. 267). The first such tool was implemented by Burgess by 1935 (Harcourt, 2006). 

From the beginning, actuarial risk assessment tools were intended to make accurate 

predictions while minimising administrative burden. Tools with fewer items, items that could 
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be easily observed, and scoring systems that did not require complicated weighting of scores 

were preferred (Harcourt, 2006). Over the decades, these techniques were transported and 

applied in policing, sentencing, taxation auditing, and customs (Harcourt, 2006).  

The first applications in child protection came relatively late. In the 1980s, child protection 

authorities were struggling with the same issues faced by the Illinois Parole Board, 

specifically they were required to make accurate predictions of future behaviour with high 

caseloads and limited resources (Lyons, Doueck, & Wodarski, 1996). According to Baird, 

Wagner, Healy, and Johnson (1999), child protection risk assessment instruments first 

emerged in the mid-1980s and rapidly grew in popularity throughout the USA such that by 

the mid-1990s, most large jurisdictions had some form of risk assessment tool or instrument. 

However, in most cases, risk assessments were consensus based, rather than actuarial. 

Coohey et al. (2013) and Baird, Wagner, et al. (1999) both credit Alameda County with being 

the first to construct, implement, and describe an actuarial risk assessment tool for child 

protection in 1984. However, it was the second tool, developed by the National Council and 

Crime & Delinquency (NCCD) in 1989 (Baird, Wagner, et al., 1999), that has become the 

most widespread. Although tools are tailored to individual jurisdictions based on local data, 

all versions of the Structured Decision Making (SDM) Family Risk Assessment are built on 

this original tool. According to the NCCD Children’s Research Center, which constructed 

and own the SDM suite of tools, including the Family Risk Assessment, “CRC has 

collaborated with child welfare agencies in 40 US states, three Australian states and a 

territory, four Canadian provinces, Taiwan, and Bermuda, to construct actuarial risk 

assessment instruments, design and implement decision-support and data analysis systems, 

conduct workload studies, and evaluate agency service-delivery programs” (Children's 

Research Center, 2015). Currently, the SDM Family Risk Assessment tools are the most 
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widely used actuarial risk assessments in the USA and appear to be the only actuarial tools in 

use described in peer-reviewed literature (D'Andrade et al., 2008). 

Construction of actuarial risk assessment tools 

Little information about the construction of actuarial risk assessment tools is available in the 

academic literature. Although, since 1997, the Children’s Research Center has released 

reports detailing the construction and validation of various iterations of the Family Risk 

Assessment, which are tailored to each jurisdiction (K. Johnson & Bogie, 2009; K. Johnson, 

Wagner, & Scharenbroch, 2007; K. Johnson, Wagner, Scharenbroch, & Healy, 2006; K. 

Johnson, Wagner, & Wiebush, 2000; Wagner, 1997; Wicke Dankert & Johnson, 2014). More 

recently, Coohey et al. (2013) described the construction and validation methodology of 

actuarial risk assessment tools in general terms, although it should be noted, they based their 

description largely on a version of the SDM Family Risk Assessment developed and 

implemented by the Children’s Research Center in partnership with the Iowa Department of 

Human Services. However, given the dominance of SDM (D'Andrade et al., 2008), it is likely 

that this tool and Coohey et al.’s (2013) description of it are broadly reflective of the vast 

majority of actuarial tools currently in use. 

According to Coohey et al. (2013), best practice for the construction of risk assessment tools 

involves selecting a sample of child protection records and then cutting it in half so that the 

tool can be constructed using one set of children and then tested on a different set of children. 

This is to test whether variables included in the instrument only appear statistically related to 

recurrence due to chance, and to test the extent to which the apparent validity of the initial 

model reflect genuine relationships or is instead due to over-fitting.  

Much like the survival analysis studies described above, various measures of recurrence are 

used as the dependent variable including re-reports and re-substantiation. There is some 
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controversy around the selection of the dependent variables. W. Johnson (2006a, 2006b), who 

is associated with the first actuarial risk assessment created for Alameda County in 1984, has 

argued adamantly that only a subsequent substantiation should be used as the outcome 

variable and notes that, in most legislation that refers to risk, it is the risk of maltreatment, not 

system involvement that is contemplated. Notwithstanding these objections, SDM tools often 

use the results of several different regressions with different dependent variables including 

both subsequent substantiations and subsequent reports (K. Johnson & Bogie, 2009; K. 

Johnson et al., 2007; K. Johnson et al., 2006; K. Johnson et al., 2000; Wicke Dankert & 

Johnson, 2014), so in reality, most actuarial tools do, to some extent, predict recurrent 

reports. Furthermore, re-reporting is often used to measure the predictive value of both 

actuarial and consensus tools (Baumann, Law, Sheets, Reid, & Graham, 2005; Camasso & 

Jagannathan, 2000). As Baumann, Law, Sheets, Reid, and Graham (2006) point out, 

recurrence research shows that the factors associated with re-reports are identical to the 

factors associated with re-substantiation. Given this, the selection of the dependent variable 

becomes unimportant because the final form of the scale is unlikely to be greatly affected.  

Unlike the survival analysis described above, actuarial risk assessment tools usually have not 

used a continuous variable of time to recurrence. Instead they have relied on a binary measure 

of whether the child did or did not recur by the end of the follow-up (Coohey et al., 2013). 

Like the survival analyses described above, there has been greater interest in the selection of 

independent variables, as these ultimately constitute the items on the risk assessment. 

According to Coohey et al. (2013), “potential items for a risk assessment tool are drawn from 

prior research, theory, or both, that are related to outcomes in CPS” (p. 152) but they note 

that variables are often limited to those already available in the administrative data unless the 

child protection authority is willing to undertake a lengthy prospective study. In practice, 

variable selection usually begins with implementing an existing version of the SDM Family 
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Risk Assessment in a new jurisdiction and then modifying the tool based on the locally 

gathered data. For example the tool implemented in Iowa was based on the tool developed in 

Colorado (Coohey et al., 2013) and both Minnesota and Georgia adopted the Michigan tool 

(Baird, Ereth, & Wagner, 1999; K. Johnson et al., 2006). As a result, Family Risk 

Assessments across jurisdictions are similar in both content and form. The Children’s 

Research Center regularly re-validates tools so that even within a particular jurisdiction, 

multiple iterations of the tool are used over time (for example K. Johnson & Bogie, 2009; K. 

Johnson et al., 2007; K. Johnson et al., 2006; K. Johnson et al., 2000; Wagner, 1997; Wicke 

Dankert & Johnson, 2014) 

Once variables with the greatest statistical relationship to the dependent recurrence measure 

are identified, they are collated into a scale with simple weightings so that each child can be 

assigned a numeric score (Coohey et al., 2013). The various iterations of the SDM Family 

Risk Assessment have two separate scales, one for abuse and one for neglect, and each scale 

usually has 10 to 12 items. Score cut-offs are then assigned to create low, moderate, high, and 

very high risk groups. Coohey et al. (2013) noted that cut-offs may be implemented based on 

some observed characteristics of the sample, for example by dividing the group into quartiles 

so there are even numbers of children in each group, or alternatively according to a policy 

decision, for example so that only as many children are classified as high or very high risk as 

can be serviced by the agency.  

Effectiveness of risk assessment tools 

As described above, both actuarial and consensus risk assessment tools are tested according 

to their predictive validity (Baird & Wagner, 2000; Baumann et al., 2005; D'Andrade et al., 

2008; W. Johnson, 2011). Recurrence has usually been conceptualised in binary terms 

(children recurred or did not recur), so that predictions can also be conceptualised in binary 

terms as either correct or incorrect. Predictions can therefore be classified as true positives, 
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true negatives, false positives, or false negatives. A range of metrics can then be calculated 

for a tool, for example the true positive rate (proportion of positive outcomes predicted to be 

positive, also called the hit rate or recall), the false positive rate (proportion of negative 

outcomes predicted to be positive), the precision (proportion of all positive predictions that 

were correct), and the accuracy (proportion of all predictions that were correct) (Fawcett, 

2006).  Even where tools produce a continuous risk score, their performance is still measured 

according to these binary outcomes using receiver operator characteristic (ROC) graphs, 

which represent the true positive and false positive predictions for various risk score cut-offs 

(Fawcett, 2006). While performance metrics are often continuous variables expressed in 

precise terms, the underlying logic of these tests is that prediction can be described in more 

blunt terms as either correct or incorrect.   

Wald and Woolverton (1990), in their seminal critique of risk assessment tools, questioned 

the predictive validity of the tools that were being implemented at that time, although they 

were positive about the early versions of the recurrence-based Structured Decision Making 

(SDM) tools being implemented. Their primary concerns about the validity of actuarial risk 

assessment have since been alleviated by further research that has demonstrated that the 

factors associated with recurrence do apply across jurisdictional borders (Casanueva et al., 

2015; Fluke et al., 2008; Fluke et al., 1999), that simply adding factors together into a 

summative scale does effectively distinguish level of risk (Coohey et al., 2013; Horikawa et 

al., 2016; Li et al., 2014), and that a sufficiently large number of factors can be identified and 

analysed to identify specific types of maltreatment (Coohey, 2006; Deans et al., 2014; 

Helton, 2016; Sinanan, 2011). There have been a number of published studies that 

demonstrate that actuarial tools perform better against recurrence-based metrics when 

compared to either clinical judgement alone or judgement guided by consensus based tools 
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(Baird & Wagner, 2000; Camasso & Jagannathan, 2000; Chan, 2012; D'Andrade et al., 

2008), although Baumann et al. (2005) offer some caution in this regard. 

In addition to their predictive value, it is acknowledged that tools must display qualities that 

make them practically useful. According to Coohey et al. (2013) tools should also show 

strong inter-rater reliability, and must demonstrably and positively affect practitioners’ 

decision making. Similar considerations of practical utility and influence over decision 

making are made by others (Baumann et al., 2005; Camasso & Jagannathan, 2000; 

D'Andrade et al., 2008). To achieve this, tools must display the same characteristics preferred 

by the parole boards that pioneered actuarial methods: a limited number of easily observable, 

relatively objective items, with a simple scoring system. Proponents of actuarial risk 

assessments argue that these tools do well in these regards, and certainly better than 

consensus based tools (Baird, Wagner, et al., 1999; Coohey et al., 2013; W. Johnson, 2011). 

However, the utility of tools has been called into question by ethnographic research, which 

suggests some practitioners, especially those with more experience, see the tool as a form that 

is completed post-facto after making a provisional risk assessment, rather than to guide 

decision making (Gillingham, 2006, 2009).   

One final criterion put forward by Coohey et al. (2013) for assessing the quality of risk 

assessment tools, as previously argued by their colleagues at the Children’s Research Center, 

is ensuring racial equity in application of the tools (Baird, Ereth, et al., 1999). Authors define 

equity narrowly as “the degree to which families with the same risk level will have a similar 

rate of repeated maltreatment, regardless of, for example, their race/ethnicity” (Coohey et al., 

2013, p154), and again child protection recurrence is used as the measure of repeated 

maltreatment. As with the survival analyses described above, race has not been found to be a 
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strong predictor of child protection recurrence, so the SDM tools are proposed, by their 

creators, to be racially equitable (Baird, Ereth, et al., 1999). 

There is also a considerable body of literature that critiques actuarial risk assessment tools. It 

has been argued that highly structured tools may interfere with relationships central to good 

social work practice (Bromfield & Gillingham, 2008; Goddard, Saunders, Stanley, & Tucci, 

1999), ignore observations of intangible factors that are difficult to operationalise in 

quantitative research (Cash, 2001), constrain good practice and discretion, (Oak, 2015) and 

encourage defensive practice (Munro, 2004b). It has been argued that the scientific methods 

and language of evidence based risk assessment tools, both actuarial and consensus, obscure 

rather than remove the subjective elements of risk assessment (Cradock, 2004; Scherz, 2011). 

As noted above, ethnographic research has suggested that practitioners do not always use the 

tools as intended by their creators, instead completing the form retrospectively to accord with 

their own assessment of risk (Gillingham, 2009, 2011b). Even if actuarial tools provide 

potentially useful information, they may still fail to support good practice.  

Criticism has also been made of the tendency for tools to focus heavily on risk factors that are 

static (De Bortoli, Ogloff, Coles, & Dolan, 2017). These include items related to 

demographic characteristics, such as household size, and historical factors, such as prior child 

protection involvement, past mental health problems, and criminal history (Coohey et al., 

2013; Johnson & Bogie, 2009; Wicke Dankert & Johnson, 2014). As a result, families that 

are assessed as high risk at one time are very likely, and in some cases guaranteed, to be 

assessed as high risk if they are subject to investigation at any time in the future. Actuarial 

tools may be useful in identifying risk status (i.e. the likelihood that someone will experience 

an adverse outcome at some time). However, actuarial tools have been criticised because they 

are not useful in identifying risk state, which is the likelihood that an adverse event will occur 
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imminently, rather than in the distant future, or indeed that the adverse event has already 

taken place and the risk of future harm has already subsided (De Bortoli et al., 2017). 

Furthermore, the focus on static factors provides practitioners with no guidance about how to 

intervene to prevent harm when children are assessed to be at risk because the factors 

associated with elevated risk cannot be changed (Douglas & Skeem, 2005). Because the 

factors usually included in actuarial tools are static, they may be able to identify children at 

risk of child protection involvement, but they say little about how and when to intervene. 

One other criticism relates to the circularity of the logic that underpins actuarial risk 

assessment tools, although this criticism has not been made directly about tools used in child 

protection. Harcourt (2006) explained that actuarial methods of targeting police resources 

draw on administrative data, such as arrest and conviction rates, to target individuals for 

increased surveillance and scrutiny. This over-policing tends to inflate the arrest and 

conviction rates of the target group. If resourcing is then recalibrated against updated 

administrative data, which reflect the higher arrest and conviction rates brought about by 

increased surveillance, even greater resources will be directed towards the targeted groups. 

Harcourt (2006) describes this as a ‘ratchet effect’ because the mutually reinforcing changes 

to administrative data and policing strategies can only move in one direction, that is towards 

ever increasing scrutiny on groups initially found to offend at higher rates. Although Harcourt 

(2006) does not make reference to decision making in child protection, it is a criticism that 

could apply in this context and raises concerns that actuarial tools may overstate the level of 

risk for some children.   

Critiques of actuarial risk assessment tools and risk assessment more generally have been 

persistent. Many of the criticisms raised by Wald and Woolverton (1990) remain relevant 

almost three decades later. Some jurisdictions have chosen to move away from actuarial risk 
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assessment (Stanley & Mills, 2014), but, overall, actuarial risk assessments remain in 

widespread use (Children's Research Center, 2015). Notwithstanding criticisms, empirical 

tests have demonstrated that actuarial risk assessment tools are better than consensus-based 

tools or unguided clinical judgement at predicting which children subject to investigation will 

be subject to subsequent child protection involvement  (Baird & Wagner, 2000; Coohey et 

al., 2013; D'Andrade et al., 2008; Ezzo & Young, 2012; Gambrill & Shlonsky, 2000) and it is 

for this reason that actuarial tools continue to be used.  

Performance measures 

In some jurisdictions, measures of recurrence are used by governments as indicators of child 

protection authorities’ performance in achieving stated policy goals. Recurrence measures are 

most widely used as performance indicators in the USA and Australia where figures are 

reported nationally. In both cases, data are collected by states and provided to an independent 

federal authority for publication. While provision of data is by agreement, in both the USA 

and Australia, all jurisdictions provided recurrence data for the most recent reporting period 

(Children's Bureau of the US Department of Health and Human Services, 2015; Steering 

Committee for the Review of Government Service Provision, 2016) 

The measure used in the USA is “of all children who were victims of substantiated or 

indicated child abuse and/or neglect during the first 6 months of the year, what percentage 

had another substantiated or indicated report with a 6-month period?” (Children's Bureau of 

the US Department of Health and Human Services, 2015, p26). This indicator is characterised 

by the Children’s Bureau, who compile the data, as a measure of safety for children who 

come into contact with child protection authorities. For 2014, the most recent year for which 

data are available, recurrence rates varied between 0.7% (New Hampshire) and 13.9% 



42 

 

(Alaska), with a median of 4.9%. The benchmark set by the Children’s Bureau is a non-

maltreatment rate of at least 94.6% (i.e. a maximum recurrence rate of 5.4%). 

In Australia, two different sets of measures are reported. The first is the “substantiation rate 

after a decision not to substantiate, defined as the proportion of children who were the subject 

of an investigation in the previous financial year that led to a decision not to substantiate, and 

who were later the subject of a substantiation…” and the second is the “substantiation rate 

after a prior substantiation, defined as the proportion of children who were the subject of a 

substantiation in the previous financial year, who were subsequently the subject of a further 

substantiation…” (Steering Committee for the Review of Government Service Provision, 

2016, p. 15.38) For each measure, the rate of recurrence is reported at both 3 months and 12 

months after the initial decision. For the most recent year data are available, 2013-14, the 

substantiation rate after a decision not to substantiate varied between 2.4% (in Western 

Australia) and 7.4% (South Australia) at 3 months and between 8.8% (Western Australia) and 

18.2% (Northern Territory) at 12 months.  The substantiation rate after a prior substantiation 

was slightly higher, ranging between 2.7% (Victoria) and 11.6% (South Australia) at 3 

months, and between 13.8% (Western Australia) and 22.4% (Northern Territory) at 12 

months (Steering Committee for the Review of Government Service Provision, 2016). Like 

the indicators used in the USA, these measures are framed as indicators of improved safety 

and are intended to reflect the quality of risk assessments and interventions, with a low or 

decreasing rate considered desirable. In Australia, high rates of recurrence have helped to 

justify calls for enhanced prevention and early intervention to reduce rates of entry and re-

entry to child protection services (Bromfield & Holzer, 2008) as part of a broader public 

health approach involving universal services and targeted prevention for children at risk to 

shift emphasis away from statutory responses to maltreatment (Council of Australian 

Governments, 2009).  
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While not reported systematically at a national level, measures of recurrence are used in some 

Canadian provinces, for example in Alberta, which measures the “percentage of children and 

youth who received child intervention (family enhancement or protective services) and did 

not require protective services within 12 months of the file closure” (Alberta Government 

Department of Human Services, 2014, p31), and British Columbia, which measures the non-

recurrence rate as the proportion of families who did not have a recorded incident of abuse or 

neglect in the 12 months prior to their current incident (British Columbia Ministry of 

Children and Family Development, 2012, p6). In Ontario, two measures are used: “the 

percentage of families that were investigated for child protection concerns (with no further 

service provided) and which were later reinvestigated within 12 months, and protection 

concerns were verified during the reinvestigation”, and “the percentage of families that 

received services from a CAS and which were reinvestigated within 12 months following 

receipt of services and where protection concerns were verified during the 

investigation”(Ontario Ministry of Children and Youth Services, 2015). As in the USA and 

Australia, these measures are framed as measures of safety for children, and success for child 

protection assessment and intervention, with low rates of recurrence considered more 

desirable.  

Gaps in research 

There is a great deal known about child protection recurrence. Child protection recurrence 

has been observed at high rates across jurisdictions and over time. It is a prevalent and 

pervasive problem. Furthermore, there are a number of factors that predict recurrence of all 

kinds and these are generally observed in different jurisdictions and different sub-

populations. Recurrence research has produced increasingly specific profiles of the children 

most likely to recur and the factors identified have been tested with increasing precision.  
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However, gaps exist in the research and these will be addressed in the sections below. Firstly, 

the research to date has been driven by data. Therefore, even if it is possible to predict who is 

most likely to recur, it is difficult to situate the list of known risk factors within a cohesive 

explanation. In the absence of theory to explain recurrence, there remains a problematic 

assumption that child protection recurrence is a reflection of ongoing risk of maltreatment. 

Although this assumption exists in literature about recurrence, risk assessment, and system 

performance, it is not supported by evidence. The assumed relationship between recurrence 

and repeated maltreatment creates further problems for interpretation of the main measures of 

recurrence, re-reports and re-substantiations, which are confounded by decision making 

within the child protection system. Furthermore, explanations for patterns identified in 

recurrence research are contradictory and piecemeal. Confusion about the relationship 

between recurrence and maltreatment undermines attempts to address both problems. These 

conceptual challenges stem from a lack of consideration of the role of decision making in the 

child protection system, and resolving them requires theory that accounts for the multiple 

child protection decisions that are implicated in child protection recurrence.  

Research is data driven 

The approach in the first large studies carried out at the end of the 1990s was to take the data 

that were available and find the factors that predict recurrence that could be identified with 

the available statistical techniques (DePanfilis & Zuravin, 1999a, 1999b; English et al., 1999; 

Fluke et al., 1999; Marshall & English, 1999). Risk assessment tools have been similarly 

focused on testing the predictive power of the independent variables available (Coohey et al., 

2013), occasionally converging with recurrence research (Coohey, 2006; Dorsey et al., 2008; 

Horikawa et al., 2016; Li et al., 2014). As a result, a wide variety of independent variables 

have been associated with child protection recurrence. Measures of recurrence have also been 

varied. Rates of repeated reports (Zhang et al., 2013), repeated investigations (Fluke et al., 
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2008), repeated substantiations (Bae et al., 2009), repeated episodes of victimisation (Deans 

et al., 2014), repeated episodes of perpetration (Jonson-Reid, Chung, et al., 2010), and 

combinations of these case dispositions and outcomes in various permutations (Bae et al., 

2010) have been published. Most recurrence research has used continuous measures of time 

to recurrence, but some research continues to use binary measures of recurrence within 

specified timeframes (Casanueva et al., 2015; Horikawa et al., 2016; Solomon, Åsberg, Peer, 

& Prince, 2016).  

Disagreement about which dependent variable to use and the proliferation of independent 

variables indicate a lack of theory in recurrence research. Recurrence research, including 

research associated with risk assessment tools, has used statistical analysis to identify patterns 

in data, which have been subject to post-hoc interpretation. Developing or testing theory has 

not been a focus. Even the most recent attempts to classify children and families into types of 

recurrence have been based on clusters of cases identified through statistical analyses that 

result in classifications that are not theoretically meaningful (Eastman et al., 2016; Proctor et 

al., 2012; Sledjeski et al., 2008). As a result, despite at least 50 separate studies since 1999, 

including at least 30 since Fluke et al.’s (2008) definitive analysis, little is known about how 

or why child protection recurrence happens. The factors associated with recurrence in 

general, specific types of recurrence, and recurrence in specific groups are numerous but it is 

difficult to reconcile these diverse findings or integrate them into an explanation for child 

protection recurrence, especially since child protection recurrence remains poorly defined.  

Relationship between recurrence and maltreatment 

In the absence of any explicit theory about the underlying mechanism for child protection 

recurrence, there is an unstated assumption of a fixed relationship between child protection 

recurrence and repeated child maltreatment (or at the very least, ongoing risk or need). In 
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some cases, child protection recurrence has been equated directly with recurrent maltreatment 

(Jonson-Reid, Chung, et al., 2010; Jonson-Reid et al., 2003; Lipien & Forthofer, 2004; Zhang 

et al., 2013), but recurrence research is not always so explicit in this assumption. More often, 

assumptions about the relationship between recurrence and repeated maltreatment are 

embedded in explanations for observed patterns. For example, higher rates of recurrence for 

children subject to allegations of neglect have been explained with reference to the chronic 

nature of neglect (Bae et al., 2010; DePanfilis & Zuravin, 1999a), while relatively low rates 

of recurrence for sexual abuse have been explained by decisive intervention (Connell et al., 

2007; Lipien & Forthofer, 2004).  

Performance indicators in the USA are more explicit about assuming a relationship between 

recurrence and repeated maltreatment. Here, child protection recurrence is directly equated 

with “recurrent maltreatment”, and it is assumed that a reduction in the rate of child 

protection recurrence is associated with a reduction in recurrent maltreatment. Comparisons 

are made across jurisdictions, and where they differ, it is described as differences in 

maltreatment (Children's Bureau of the US Department of Health and Human Services, 

2015). In Australia, comparisons of performance across jurisdictions are discouraged because 

different jurisdictions have different definitions of abuse and neglect, as well as different 

definitions for administrative categories, but child protection recurrence is still considered a 

measure of relative safety within jurisdictions over time (Steering Committee for the Review 

of Government Service Provision, 2016). Although jurisdictions in Canada use different 

measures, each is intended as a measure of safety within the relevant jurisdiction (Alberta 

Government Department of Human Services, 2014; British Columbia Ministry of Children 

and Family Development, 2012; Ontario Ministry of Children and Youth Services, 2015). 
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However, the relationship between child protection involvement and maltreatment is not 

straightforward. Firstly, it is broadly acknowledged that child maltreatment is subject to 

substantial under-reporting. Population based surveys reveal rates of maltreatment far in 

excess of the cases substantiated by child protection authorities. In the USA, it is estimated 

that 13.6% of children are subject to maltreatment each year (Finkelhor, Ormrod, & Turner, 

2005), which compares to a victimisation rate of 0.94% nationally based on administrative 

data (Children's Bureau of the US Department of Health and Human Services, 2015). 

Disparities in Canada are similar. Based on a population based survey, Cyr et al. (2013) 

estimated maltreatment to be 7%, compared to a national substantiation rate of just 1.419% of 

children (Public Health Agency of Canada, 2010). Secondly, in most cases reported to child 

protection authorities, maltreatment is not substantiated. In the USA, where most recurrence 

research is conducted, in 2014 19.2% of reports resulted in a finding that a child had been 

victimised (i.e. either substantiated, indicated, or classified as an alternative response victim) 

(Children's Bureau of the US Department of Health and Human Services, 2015). 

Substantiation rates are similarly low in other jurisdictions. In Australia, in 2014-15, 17.6% 

of reports resulted in a substantiation (Australian Institute of Health and Welfare, 2016), and 

in Canada, maltreatment was substantiated in 36% of investigations and suspected in a further 

8% (Public Health Agency of Canada, 2010). Given the extent of under-reporting of 

maltreatment, and over-reporting of cases that do not involve maltreatment, it cannot be 

assumed that child protection involvement is a direct reflection of maltreatment. Nor can it be 

assumed that reporting and substantiation are necessarily indicative of service need. In the 

USA in 2014, just 37.9% of reports resulted in service delivery (Children's Bureau of the US 

Department of Health and Human Services, 2015). While the rate of service delivery was 

higher for children subject to substantiation, there was still a considerable number of children 

substantiated but not subject to intervention (36.3% of children classified as victims did not 
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receive services), and a considerable number who were unsubstantiated but were subject to 

intervention (32% of non-victims received services). Due to under-reporting of maltreatment 

and over-reporting of cases that do not involve maltreatment or require intervention, child 

protection reports exclude most maltreatment and are mainly cases that do not involve 

significant harm or require intervention.  

These problems of over-inclusion and under-inclusion result from the inevitable imperfection 

of decision making. Child protection decisions, including the decision to make a report, are 

inherently uncertain (Gambrill & Shlonsky, 2000; Mansell, 2006c; Munro, 2011) and contain 

a level of inaccuracy. There are a range of factors that influence decisions, including access 

to information (Drake, 1996), individual cognitive biases and heuristics (Gambrill & 

Shlonsky, 2000), as well as broader ecological factors including social, legislative, and 

organisational factors (Baumann et al., 2011). As such, errors are not likely to be distributed 

evenly. These errors create a disjunct between child protection involvement and child 

maltreatment and this disjunct creates problems for measures of child protection recurrence 

as indicators of repeated maltreatment. The problems with different measures of recurrence 

are discussed in the following section.  

Re-reports and re-substantiations 

In general, recurrence research has focused on repeated reports or repeated substantiations, 

and the problems associated with each are different. The problem for measures of repeated 

substantiation is one of under-inclusion. It is reasonable to expect that substantiated cases are 

representative of reported maltreatment, but only a small subset of maltreatment is reported. 

Systematic under-reporting means that certain children who are subject to repeated 

maltreatment will be excluded from analysis and the factors associated with this maltreatment 

may be obscured. Measures based on substantiation therefore, to some extent, reflect factors 
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associated with decision-making distinct from factors associated with maltreatment. For 

example, assume three children were maltreated, reported to the child protection authority, 

and investigations confirmed that all three had been harmed. In all three cases a 

substantiation would be recorded. Assume then that all children were subject to subsequent 

maltreatment, but only two children were reported to the child protection authority for a 

second time, and there was only sufficient evidence in one case to determine that the child 

had been harmed. Only one child would be subject to a subsequent substantiation. Across 

factors associated with repeated maltreatment, all three children would be identical, so the 

factors associated with repeated substantiation would reflect factors associated with repeated 

reporting and availability of evidence rather than with repeated maltreatment.  

The problem of under-inclusion has been considered in the literature. However, concerns 

have related primarily to children being erroneously classified as unsubstantiated (Drake, 

1996; Hussey et al., 2005; Kohl et al., 2009). The solution has therefore been to build 

measures around reports rather than substantiations. These measures are not susceptible to the 

problem of under-inclusion by investigators but they are still subject to under-inclusion by 

reporters. In the hypothetical example provided above, analysis using repeated reports as the 

dependent variable would still identify factors associated with reporting rather than with 

maltreatment. Like measures of repeated substantiation, measures of repeated reports are 

likely to highlight factors associated with decision making.   

Reports also have the additional problem of over-inclusion of children who have not been 

maltreated. Assume this time that there are two children maltreated, reported, and 

substantiated. After intervention, neither child is subject to further maltreatment, but one of 

the children is reported to child protection authorities for a second time. The investigation 

reveals that the allegation is baseless, the investigation outcome is recorded as 
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unsubstantiated and the child is exited from the system. A regression analysis using repeated 

reports as the dependent variable would identify factors related to reporting because, as 

above, the children would be indistinguishable across factors associated with repeated 

maltreatment. While repeated reports are less prone to under-inclusion, over-inclusion will 

skew results in exactly the same direction so these measures may not be any better than 

measures based on substantiation.  

Proponents of repeated reports have argued that over-inclusion by reporters is low. They have 

noted that the correlates of repeated reports are the same as the correlates of repeated 

substantiations and that there is therefore little practical difference between reports and 

substantiations (Casanueva et al., 2015; Drake et al., 2003; Jonson-Reid, Emery, et al., 2010). 

Drake’s harm/evidence model is often cited to explain the lack of observed difference 

between children repeatedly reported and children repeatedly substantiated. According to 

Drake (1996), substantiation decisions vary on two dimensions: severity of harm and 

availability of evidence. For a case to be substantiated, harm must be sufficiently severe and 

there must be sufficient evidence of that harm. He argued that unsubstantiated cases therefore 

include cases of serious maltreatment about which there is limited evidence, as well as less 

serious cases of maltreatment. Hussey et al. (2005) went even further to suggest that there is 

no meaningful difference between children who are substantiated and children who are 

merely reported. Based on a comparison of the behavioural and developmental outcomes for 

806 high-risk children followed up over 4 years, they questioned whether there is any 

analytic value in the substantiation category at all. It is worth noting that Hussey et al. (2005) 

restricted their analysis to a particularly high-risk group of children. Their analysis might 

better be described as a comparison between children substantiated and children at the edge 

of substantiation, rather than a true comparison between substantiated and unsubstantiated 

children. Notwithstanding this limitation, Hussey et al. (2005) agreed with Drake (1996), 
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concluding that “if substantiation status is a distinction with a difference, we find little 

evidence for it here” (p. 490). 

Arguments such as these overstate the burden of evidence required for a substantiation. They 

suggest that the burden of proof is so high that a substantial proportion of the approximately 

80% of reports that are unsubstantiated involve maltreatment. However, the burden of proof 

required in child protection investigations is generally low. Fluke et al. (2003) found that out 

of the 42 American jurisdictions that specified a level of evidence, 21 required a 

preponderance of evidence (i.e. it must be more likely than not that the child meets the 

criteria for a substantiation), and 19 required an even lower burden such as reasonable or 

probable cause. Only 2 jurisdictions had more stringent evidentiary requirements namely 

“material evidence” in Tennessee, and “clear and convincing, beyond reasonable doubt” in 

Pennsylvania. In Australia, decisions are made on the balance of probabilities, which is 

equivalent to a preponderance of evidence (Australian Institute of Health and Welfare, 2016), 

and in Canada the substantiation decision is made on the balance of evidence, with the 

category of ‘suspected’ used in some states for cases where there is insufficient evidence but 

maltreatment cannot be ruled out (Trocmé, Knoke, Fallon, & MacLaurin, 2009). It is also 

inconsistent to dismiss as unreliable decisions by case workers about maltreatment while 

accepting their other professional judgements, for example about mental health problems and 

parental misuse of alcohol, which are frequently used as independent variables in analysis 

(Connell et al., 2007; Fluke et al., 2008; Jonson-Reid, Chung, et al., 2010). In any case, the 

critique of substantiations can also be applied to reports; reporters have access to even less 

information than investigators. It may be unrealistic to expect investigations to provide 

certainty about which children have been maltreated or will be maltreated (Drake, 1996), but 

it seems equally unrealistic to assume that the investigation process does not provide any 

marginal improvement in accuracy (Fuller & Nieto, 2013). 
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However, this leaves open the question about why there are no apparent differences between 

children subject to repeated reports and children subject to repeated substantiations. 

Assuming that the substantiation decision has some validity, the commonality between 

children subjected to repeated reports and children subjected to repeated substantiations is a 

propensity to be reported. As described above, problems of under-inclusion and over-

inclusion mean that the factors associated with all different types of recurrences, to some 

extent, reflect factors associated with decision-making, particularly the reporting decision.  

This is exacerbated by the way children are grouped together in measures of recurrence. 

Measures of repeated reports capture all children who were reported twice, including children 

who were reported and then screened out, children investigated and then unsubstantiated, 

children substantiated but not provided services, and children provided with a wide variety of 

services. Measures of repeated substantiation capture all children who progressed at least as 

far as a substantiation, so this group is less diverse but still includes children who have been 

subjected to a variety of different interventions, as well as children who have received no 

intervention at all. The approach of grouping children according to the earliest child 

protection stage that they have in common produces heterogeneous and overlapping groups. 

Re-substantiated children are a heterogeneous subset of re-reported children. It is therefore 

not surprising that the characteristics of these two groups are similar. The problem is not with 

the substantiation decision, but with the use of these measures of recurrence as indicators of 

recurrent maltreatment.  

Difficulty explaining trends 

The assumption that recurrence is a reflection of repeated maltreatment also results in 

conflicting and contradictory explanations for observed trends. As mentioned above, children 

subject to reports for neglect are thought to recur more due to its chronic nature (Bae et al., 
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2010; DePanfilis & Zuravin, 1999a), while low rates of recurrence for sexual abuse are 

explained by more decisive interventions that protect children from recurrent maltreatment 

(Connell et al., 2007; Lipien & Forthofer, 2004). However, a conflicting explanation is given 

for the relationship between recurrence and age. It is assumed that younger children are more 

vulnerable, and that older children are more likely to be captured by alternative service 

systems like residential placement or youth justice (Hélie et al., 2013). Greater likelihood of 

harm is assumed to decrease recurrence for children subject to sexual abuse, but increase 

recurrence for younger children.  

Furthermore, if child protection recurrence reflects recurrent maltreatment, support services 

should reduce rates of all types of recurrence. However, as described above, post-

investigative services have been associated with higher rates rather than lower rates of 

recurrence consistently (Bae et al., 2010; Fluke, Edwards, Bussey, Wells, & Johnson, 2001; 

Fluke et al., 2008; Lipien & Forthofer, 2004; Putnam-Hornstein et al., 2014). Often children 

placed in out-of-home care are excluded from analysis because it is assumed that placement 

will automatically preclude recurrence (Fuller & Nieto, 2013; Jonson-Reid, Chung, et al., 

2010; Jonson-Reid, Emery, et al., 2010). However, despite the lower opportunity for children 

to be subject to further child protection involvement, even placement in out-of-home care has 

been shown to predict higher rates of recurrence (Helie et al., 2014; Palusci & Ondersma, 

2012; Solomon et al., 2016). If recurrence is a product of repeated maltreatment it must be 

accepted that child protection interventions are not just ineffective, but actually harmful. 

However, this interpretation is surely too pessimistic, so for almost two decades, the 

counterintuitive relationship between services and recurrence has been a point of discussion. 

There are two main explanations that are generally offered but neither of these explanations 

fits well with the broadly accepted assumption that recurrence reflects repeated maltreatment. 

These explanations will be addressed in turn. 
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The first explanation usually put forward is that services are intentionally provided to 

children at the highest risk of future maltreatment. Services may improve family functioning 

and thereby reduce the risk of child protection recurrence, but this effect is masked by 

selection bias where only families at greatest risk are provided with services (Fluke et al., 

1999; Fuller & Nieto, 2013; Lipien & Forthofer, 2004). This explanation assumes that 

investigations are effective in identifying the children at the greatest risk, which reopens the 

question about why there are no differences between children repeatedly reported and 

repeatedly substantiated. Putting this contradiction aside, it should be possible to establish the 

positive effect of interventions by controlling for levels of risk inherent in families prior to 

service provision. To date, results of such attempts have been inconclusive. As mentioned 

previously, Fuller and Nieto (2013) used propensity score matching with a sample of 108,613 

children to control for a range of factors. These included the age of youngest child, race, 

parental age, number of children in the household, household structure, county, origin of 

report, allegation type, risk assessment rating, substantiation status, and prior reports. 

Services continued to predict recurrence. Of course, it is only possible to control for the 

variables that are recorded in administrative data. It is possible that the factors that drive 

investigators’ decision making are simply not recorded. Statistical analyses such as these are 

always prone to this limitation. A definitive answer about the effect of services on both 

maltreatment and child protection would require randomised control trials. Until such 

evidence is available, this explanation is likely to remain a live discussion.   

The main alternative explanation is that services involve a surveillance effect whereby post-

investigative services reduce rates of maltreatment but also make families more likely to be 

reported to child protection authorities (Fluke et al., 2008; Fluke et al., 1999). The problem 

with this explanation is that it suggests rates of child protection involvement, including 

recurrence, vary independently of actual maltreatment. According to this explanation, the risk 
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of maltreatment may decline even while the risk of child protection involvement increases. 

Again, this contradicts the assumed direct relationship between maltreatment and child 

protection involvement. 

Addressing recurrence  

Given the unclear relationship between service delivery and recurrence, it is difficult to 

identify policy approaches to reduce recurrence. Studies that show a statistical link between 

particular types of services and particular types of maltreatment give tentative support to 

service delivery in some circumstances with more research. For example, Palusci (2011) 

found that some services, like foster care for young children, may be effective in reducing 

recurrence but suggest that more research is required. Similarly, Helton (2016) found that in 

the 3% of cases that related to food neglect, child protection services were associated with 

reduced recurrence, but noted that it was not clear why this was the case and that more 

research is required. Solomon and Åsberg (2012) found that psychological therapy for 

parents was associated with decreased recurrence but that temporary removal was associated 

with increased recurrence so they suggested increased support at reunification. These 

recommendations are understandable but they are narrowly focused and not intended to make 

substantial differences to the overall rates of recurrence.  

Devising solutions to address the overall problem of recurrence has been more challenging. 

Expanded provision of services has sometimes been recommended. For example, Way et al. 

(2001) noted that alleged perpetrators recurred at high rates even when initial allegations 

were unsubstantiated and recommended that voluntary services be expanded to capture this 

group. Connell et al. (2007) made a similar recommendation despite finding in their own 

study that service provision was not associated with lower rates of recurrence and was, in 

some cases, associated with higher rates of recurrence. Likewise, Putnam-Hornstein et al. 
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(2014) found that rates of recurrence were highest for children provided with services but 

suggested that more services could be delivered to children at their initial reports. These 

recommendations, which are broadly consistent with a public health approach that aims to 

reduce child protection involvement by providing prevention and early intervention services 

(Waldfogel, 2009), are consistent with an assumption that services are generally effective but 

that this is masked by a selection bias where services are usually provided to children most 

likely to recur. However, as noted above, this assumption is contrary to the best available 

evidence (Fuller & Nieto, 2013). If, on the other hand, services increase recurrence via a 

surveillance effect, expanding service delivery may increase overall rates of recurrence and 

divert scarce resources away from children at the greatest risk towards children at lower risk 

but under greater scrutiny (Bae et al., 2010). This would pose a challenge to the logic of the 

public health approach, which relies on service delivery, both universal and targeted, to 

reduce the volume of children that require tertiary interventions (Scott, 2006).  

Most often, recommendations have related to more narrowly targeted services or enhanced 

service delivery to children identified to be at the greatest risk of recurrence. As described in 

the first section of this chapter, this approach underpins risk assessment tools constructed, 

tested, or modified on the basis of recurrence measures (Coohey et al., 2013; D'Andrade et 

al., 2008; Horikawa et al., 2016; W. Johnson, 2011; Li et al., 2014). Similar conclusions have 

been drawn from recurrence research (Proctor et al., 2012; Sinanan, 2011; Yampolskaya & 

Banks, 2006) including from research that links service provision to increased rates of 

recurrence (Bae et al., 2009; Eastman et al., 2016; Zhang et al., 2013). Given the relationship 

between service provision and recurrence, this produces a circular logic where services are 

prioritised to the children who already receive services. It also creates a contradiction in risk 

assessment instruments, which often include past provision of service as a risk factor (K. 

Johnson et al., 2007; K. Johnson et al., 2006).  Practitioners must treat service provision as a 
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source of risk but then attempt to ameliorate that risk by providing yet more services. The 

situation is no better for families, whose receipt of services count as indications of risk if they 

are reported again.  

Recommendations to address recurrence through service delivery, whether expanding 

services, improving their effectiveness, or targeting services, share the underlying assumption 

that recurrence reflects ongoing risk of maltreatment and can therefore be addressed with 

services that improve family functioning. However, as described above, this assumption is 

flawed. Recurrence is influenced by over-reporting of cases that do not involve maltreatment 

and under-reporting of cases that do involve maltreatment so is unlikely to be an accurate 

indicator of maltreatment. Using recurrence research to allocate services will result in some 

families who are likely to be reported but unlikely to be maltreated being pushed into services 

they do not need, sometimes coercively. Even if recommendations are drawn from findings 

about factors associated with repeated substantiation rather than repeated reporting, the same 

problem exists because the factors associated with repeated reporting and repeated 

substantiation are the same. At the same time, children who are at risk of maltreatment but 

unlikely to recur will be diverted away from services. Furthermore, if recurrence is not driven 

by repeated maltreatment, services designed to prevent maltreatment are unlikely to make an 

appreciable difference to rates of recurrence.  

The problem of what to do about recurrence is not easy to resolve. Research has focused on 

identifying the child, family, and case characteristics associated with recurrence and who is 

most likely to recur. Options for policy therefore relate to interventions that operate on the 

individuals most likely to recur by modifying the characteristics associated with recurrence. 

These interventions appear ineffective but the existing research does not offer any other point 

of policy intervention.  
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Factoring in decision-making 

Understanding child protection recurrence as a straightforward reflection of repeated 

maltreatment underplays the importance of the reporting decision in selecting which cases 

come to the attention of child protection authorities. At the same time, the imperfections of 

the substantiation decision have been overplayed to the extent that often it has been entirely 

ignored. Legal, policy, and practice differences across jurisdictions have been given little 

consideration, with research often aggregating data from multiple jurisdictions (Casanueva et 

al., 2015; Fluke et al., 2008; Helton, 2016; Palusci & Ondersma, 2012; Sinanan, 2011). 

Because child protection recurrence has been understood as a product of repeated 

maltreatment, differences in how child protection systems operate has been given little 

consideration.  

However, child protection recurrence, like all child protection involvement, is the product of 

an interaction between children and the system’s response to perceived risk and need. These 

interactions are influenced by factors related to the case, but also organisational and 

environmental factors (Baumann et al., 2011). Decisions are made under conditions of 

uncertainty (Mansell, 2006c) with imperfect information (Drake, 1996), and decision makers 

are subject to a range of common cognitive biases and errors in reasoning (Gambrill & 

Shlonsky, 2000; Munro, 1999). Child protection decisions are intrinsically related to 

maltreatment and need for service, but these relationships are not straightforward.  

By factoring in decision-making, for example decisions about who to report, investigate and 

provide with services, patterns of recurrence can be decoupled from patterns of repeated 

maltreatment. Because decisions are not a straightforward reflection of maltreatment, it is 

possible for children to have increased child protection involvement even while family 

functioning to improves. Once decision making is factored in, the paradoxical relationship 
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between post-investigative services and child protection recurrence is no longer problematic. 

By understanding the role of decision making, it may be possible to develop cohesive and 

integrated explanations for this and other observed patterns of recurrence. The surveillance 

effect proposed by Fluke et al. (2008) is one possibility, but there may be other explanations 

too. Explanations of recurrence that take decision making into account would also open new 

avenues for policy approaches. As noted above, policy approaches have focused on the 

characteristics of individual children and cases because these have been the focus of research. 

Research that considers the role of child protection decisions would offer a new point of 

intervention.  

Conclusion 

The primary gap in recurrence research is theoretical rather than empirical. To date, research 

on child protection recurrence has focused on identifying the factors associated with 

recurrence. Research has identified factors associated with recurrence that apply generally 

across types of recurrence, across jurisdictions, and over time. Factors associated with 

specific types of allegations and substantiations have also been identified, as well as factors 

that predict recurrence in specific sub-populations. These risk factors have been organised 

into risk assessment tools that make it possible to predict recurrence accurately and 

efficiently. A great deal is known about who is most likely to recur.  

However, there remains no cohesive explanation for why these children are more likely to 

recur. It has been assumed that patterns of recurrence are driven by patterns of maltreatment, 

but this explanation is not satisfactory. Due to under-reporting of cases of maltreatment and 

over-reporting of cases that do not constitute maltreatment, re-reports and re-substantiations 

are unlikely to reflect patterns of repeated maltreatment. Furthermore, assuming a direct 

relationship between repeated maltreatment and recurrence produces inconsistent and 
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contradictory explanations for observed patterns of recurrence. Without a clear understanding 

of how recurrence happens, effective policy solutions will remain elusive. It is not enough to 

know who is most likely to recur; effective intervention requires an understanding of how 

recurrence happens. Correlates of recurrence are useful in predicting patterns of recurrence, 

but to disrupt those patterns requires an understanding of the causes.  

The aim of the present research is therefore to advance understandings of the mechanisms of 

recurrence in order to contribute to policy approaches that may reduce child protection 

recurrence and mitigate its negative effects. This involves understanding multiple interactions 

between children and decision-makers over time. The survival analyses that have been used 

most frequently in recurrence research are not sufficient for this task. Survival analyses can 

include many explanatory variables, but because they rely on a single dependent variable, 

they must focus on a single decision as the outcome, whether a report or substantiation. 

Understanding the mechanisms that underpin recurrence therefore requires a different 

approach. In the following chapter, systems thinking is put forward as a new lens for 

understanding the complexity of the multiple decisions involved in child protection 

recurrence and is used to reconceptualise recurrence as a systems problem.  
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CHAPTER 3:  A SYSTEMS APPROACH 

Chapter 2 argued that the primary gap in research is the lack of cohesive explanation for how 

recurrence happens and that, without such an explanation, it is difficult to formulate policy to 

address the problem of recurrence. The aim of the present research is therefore to advance 

understandings of the mechanisms of recurrence to contribute to policy approaches that may 

reduce child protection recurrence and mitigate its negative effects. It was argued that 

achieving this aim requires a different approach that takes into account the multiple and 

complex relationships between children and decision making that are implicated in child 

protection recurrence. In this chapter, systems thinking is put forward as a conceptual 

framework for understanding these complex interactions, and ultimately providing a cohesive 

explanation for child protection recurrence.   

In the first section, systems thinking is briefly explained, putting the ontology and 

epistemology of systems thinking into the historical context of dominant scientific and social 

scientific paradigms. Observations about the characteristics and behaviours of complex 

systems that stem from these ontological and epistemological positions are also set out. The 

second section of this chapter describes three broad approaches to understanding systems and 

argues in favour of a moderate approach that models system mechanisms without becoming 

overly invested in unachievable mathematical precision. The third section uses systems 

thinking to reconceptualise child protection recurrence as a systems problem. The system 

boundaries and structure are mapped and this map is used to create a typology of recurrence. 

The final section sets out the questions for the present research.   
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Systems thinking 

Systems thinking is a broad term that encompasses a range of theories and approaches for 

understanding complex systems and includes General Systems Theory, Systems Science, 

Systems Analysis, Complexity Theory, Cybernetics and much more (Skyttner, 2006). A 

system is set of components with multiple non-linear relationships that combine in a larger 

structure that is dynamic but retains coherence over time. Systems are sometimes referred to 

as complex systems or complex adaptive systems (Bittick, 2010). Systems thinking is 

therefore not discipline-specific. It has been applied within physical sciences like climatology 

and fluid mechanics, which rely heavily on systems analysis, but has been applied 

increasingly in social sciences (Byrne, 1998; J. W. Forrester, 1971), particularly when 

dealing with social groups, organisations and so called “wicked” public policy problems, 

which bare all the hallmarks of complex systems (Cairney, 2012; Meek, 2010; Mischen & 

Jackson, 2008; Morçöl, 2008). Systems thinking provides a method of analysis that can be 

applied in varied situations rather than a theory about how any particular system or set of 

systems operate and approaches range from broad perspectives or considerations that can 

inform analysis through to mathematical and computational modelling of system behaviour 

(Bittick, 2010; Cilliers, 2005). 

Systems thinking is not a neatly organised discipline or set of disciplines (Cilliers & 

Richardson, 2001). Indeed, there is no agreed upon definition of complexity (Byrne, 2001; 

Cilliers, 2005; Horgan, 1996; Taborsky, 2014). However, various branches of thought share a 

common approach to conceptualising and understanding complexity. Systems thinking can be 

understood as a response to a set of broadly accepted modern assumptions that underpin a 

great deal of contemporary scientific thought. The subsequent sections describe the 

development of these fundamental assumptions and their sometimes contested application in 
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social science. The ontological assumptions that underpin systems thinking are then 

contrasted with those of the dominant paradigms in social science. The characteristics and 

behaviours of complex systems that are illuminated by this different approach are then 

described. 

Challenging Newtonian-Cartesian ontology 

While the philosophy of science has developed over time, there are some assumptions 

associated with 17th Century Enlightenment thinkers, particularly Rene Descartes and Isaac 

Newton, that are fundamental and remain profoundly influential in science (Dekker, 2011; 

Louth, 2011; Morçöl, 2001). Morçöl (2001) identifies three key Newtonian ontological 

assumptions. The first is that there is an objective, consistent physical reality that exists 

independently from the observing subject. The second is that “reality is composed of discrete 

entities and events that can be aggregated hierarchically” (Morçöl, 2001, p. 107). Objects are 

made out of different substances which are understood as collections of molecules, which are 

made out of atoms, which, in more recent years, are understood to be composed of even more 

basic particles. The third assumption is that causality operates in a linear fashion and that 

causes and effects are proportionate (Morçöl, 2001). Louth (2011) locates this assumption in 

the most well-known law in Newton’s seminal Philosophiae Naturalis Principia 

Mathematica, “To every action there is always opposed an equal reaction” (Newton, 1934, p. 

13 as cited by Louth 2011, p. 67). While Newton sought to identify general laws through 

observation and a process of inductive reasoning, Descartes’ contributions elevated deductive 

reasoning as the preferred form of rationality (Louth, 2011). Descartes’ contribution is 

primarily to the epistemology of traditional science, and, along with the ideal of falsification 

introduced by Popper, is the bedrock of the contemporary scientific method (Louth, 2011).  
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Dekker (2011) referred to this combination of ontological and epistemological assumptions 

as the Newtonian-Cartesian worldview. Within this worldview, the universe can be 

understood as a complicated machine that is constituted by relatively few types of basic 

components and governed by a small number of basic and universal laws. To understand this 

complicated mechanistic ‘clockwork-universe’ requires a reductionist approach of breaking 

the machine down into its constituent parts and basic laws (Dekker, 2011; Louth, 2011; 

Morçöl, 2001). From a reductionist perspective, identifying the more basic components in the 

hierarchically organised reality is synonymous with explaining and understanding.  

It is not just the physical sciences that have been shaped by the Newtonian-Cartesian 

worldview. Louth (2011) pointed out that general tendencies towards reductionism that 

pervade post-Enlightenment culture were bolstered with deliberate application of a scientific 

approach to social questions beginning in the 19th Century. The aim was to discover 

generalisable laws governing social and economic interactions that are expressible in 

mathematical terms (Louth, 2011). The role of science in social questions was solidified in 

the early 20th Century led by the Vienna Circle (Phelan, 2001), and implemented with 

renewed vigour in the post-war period (Riley, 2007).  

Newtonian-Cartesian worldview has not gone unchallenged in the realm of social science. 

Through the 1960s, non-positivist researchers coalesced into a qualitative research paradigm 

(Giddings, 2006) that began to challenge the dominant quantitative methods of social 

scientific research, developing into what has been referred to as the ‘paradigm wars’ in the 

1970s (Bryman, 2008; Oakley, 2000). Qualitative researchers do not assume that social 

phenomena have an objective reality, and so take an interpretivist approach to understanding 

constructed and subjective social realities (Alastalo, 2008; Giddings, 2006; Oakley, 2000). 

These ontological differences flow into epistemological differences, which ultimately result 
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in different research methods (Bryman, 2008). Notwithstanding this challenge from 

qualitative research, the Newtonian-Cartesian worldview continues to find expression in 

positivist and post-positivist research traditions, and arguably remains dominant in mixed-

methods research (Giddings, 2006).  

Systems thinking challenges Newtonian-Cartesian assumptions on a different front. Systems 

thinking generally aligns with the post-positivist ontological assumption of an objective 

reality that is difficult to access (Cilliers, 2005; Cilliers & Richardson, 2001; Morçöl, 2001). 

It is the second and third ontological assumptions of the Newtonian-Cartesian worldview that 

systems thinking challenges, and this challenge applies to physical sciences as much as social 

science. Systems thinking rejects the notion of hierarchically organised aggregations of 

components. It is frequently said that systems are more than the sum of their parts, which is 

to say that systems thinkers do not assume that the properties of a system are necessarily 

embedded in its constituent parts (Byrne, 2001; Cilliers, 2005; Meadows, 2009). Properties 

that cannot be located in constituent parts or understood as the aggregation of those parts are 

called emergent properties (Cilliers, 2005; Urry, 2006). Systems thinking also challenges the 

assumption that causality operates in a linear and proportionate fashion. System thinkers do 

not assume that causality operates through chains of causation with upstream events 

determining downstream events. Instead, system thinkers look for webs of interdependencies 

and causal loops where seemingly downstream components influence seemingly upstream 

components through flows of information, sometimes referred to as feedback or feedback 

loops (Meadows, 2009; Urry, 2006). These aspects of systems are discussed in more detail in 

the following section.  

Systems thinking is therefore a direct challenge to the ontology of the Newtonian-Cartesian 

mechanistic clockwork universe. The universe is not just a complicated deterministic 
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machine; there exist complex systems with properties beyond those embedded in individual 

components and that are not governed by a set of linear rules. Systems thinking therefore 

diverges from reductionist epistemology. In the Newtonian-Cartesian worldview 

understanding is equated with moving down the organisational hierarchy of reality to identify 

constituent parts and root causes, but understanding complexity requires holistic analysis to 

consider the emergent properties and the webs of causality. Dekker (2011) described this as 

“going up and out” rather than “down and in”. By doing so, it is possible to observe 

characteristics and dynamics of complex systems that are obscured by reductionist 

approaches. While not exhaustive, some of the key characteristics of complexity and 

behaviours of complex systems are set out in the sections below.  

Characteristics of complex systems 

Systems thinking does not assume that complexity exists in all systems. The progress made 

by reductionism is testament to the extent to which linear causation and hierarchically 

organised components exist in both natural and engineered systems. From the Newtonian-

Cartesian perspective, reductionism and linear causality are assumed to be the key to 

explaining reality, whereas from a systems perspective, the utility of a reductionist approach 

in a given situation is an empirical question.  

As mentioned above, there is no agreed definition of complexity or set of features that define 

complex systems (Byrne, 2001; Cilliers, 2005; Horgan, 1996; Taborsky, 2014). However, 

there are a number of characteristics that are often, but not always, displayed by complex 

systems. Some of these characteristics are described below. Complexity makes these patterns 

possible but not every complex system displays every characteristic described below. These 

patterns are best thought of as tendencies rather than defining features of complex systems. 
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Non-linearity 

Non-linear systems are often complicated, which is to say that they have many parts, but they 

can be relatively uncomplicated (Meadows, 2009). For example, a heater with a thermostat 

displays non-linearity. The heater pushes out warm air to increase the temperature of the 

room but, through the thermostat, the temperature of the room determines the output of the 

heater. In such a configuration, attempts to locate a “root cause” for system behaviour in 

either the room or in the heater would fail to yield a sensible answer.  

In more complicated complex systems (i.e. complex systems with more components and 

more relationships between components) there may be multiple direct feedback loops but 

there may also be indirect feedback loops, where information flows through a number of 

mediators before doubling back on itself. Complex systems do not have independent and 

dependent variables organised in chains of causality, instead they have networks of 

interdependence (Cilliers, 2005). 

Cilliers (2005) pointed out that complex systems are not unconstrained or disorganised. It is 

not a lack of rules that creates complexity. Rather, it is the existence of particular types of 

rules that creates complexity. Randomness is relatively easy to model by using the 

mathematics of probability. It is the lack of randomness in complex systems that makes them 

so difficult to model and understand.  

Emergence 

As described above, emergent properties are those that are displayed by the system at a macro 

level, but are not located in any of the components or in a simple aggregation of parts 

(Cilliers, 2005; Urry, 2006). These properties emerge from the interactions of multiple 

components. The behaviour of the heating system in the example above cannot be sensibly 

located in either the heater or the room. Rather, it is generated by the non-linear relationship 
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between the room and the heater. Complex systems that display emergent properties can also 

display properties that are direct aggregations of their components. An ant colony can be 

understood as a complex system with non-linear relationships and a range of emergent 

properties, but its physical mass can be calculated by aggregating the mass of its constituent 

parts. Reductionist, quantitative, and mathematical approaches can still therefore be of great 

value in understanding certain aspects of complex systems (Byrne, 2001).  

Unclear boundaries 

Complex systems are often open systems, which means that they do not have clearly defined 

boundaries. The webs of relationships and interdependencies between components have no 

discernible end so systems are not usually neatly edged structures (Cilliers, 2005; Meadows, 

2009). This is particularly the case for systems involving people who inevitably exist within a 

vast network of social relationships (J. W. Forrester, 1971). This means that models of 

complex systems, which must have some boundary, cannot perfectly reflect the nature of the 

actual system.  

System boundaries, such as they are, need not conform to boundaries of physical structures. 

For example, within Joint Cognitive Systems theory, the task of cognition is understood as an 

interaction between a human and machine (Hollnagel & Woods, 2005). While the person 

may be viewed as a physically discrete entity that interacts with a machine through an 

interface, cognition is understood as an emergent property of a joint system that comprises 

human and non-human components, with various aspects of the machine and various aspects 

of the human lying outside the boundaries of the cognitive system. Of course, a human may 

also be considered a complex system with the physical structure of the person constituting the 

system boundary. Alternatively, humans may be discrete components with complex 

relationships to each other forming a social system. As Byrne (2001) pointed out 

“distinguishing between a system and its environment is at best a provisional activity carried 
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out for a specific purpose” (p. 65). Further discussion about strategies for delineating system 

boundaries for the practical purpose of analysis are outlined below.  

Self-organisation 

To be considered a system, rather than a collection of randomly colliding components, these 

components must demonstrate some coherence or organisation over time (Cilliers, 2005). 

Coherence may be imposed in a linear fashion by some external force. For example a 

cognitive system may exert control over a production process (Hollnagel & Woods, 2005). 

However, systems thinking posits that organisation can emerge from the complexity of non-

linear interactions. Where coherence is an emergent property of a system it is described as 

self-organisation (Urry, 2006). This means that systems are capable of displaying tightly 

organised behaviour without there being any external or centralised coordination or control. 

Examples, such as swarming bees (Cairney, 2012) appear in nature as well as in social 

systems, such as stock markets (Meadows, 2009).  

Self-organisation does not suggest that systems develop some sort of sentience or purpose of 

their own. Rather, it refers to the way that systems are held together by the components and 

relationships that exist within the system, rather than having order imposed by some 

unidirectional external force (Cilliers, 2005). It is useful to consider social systems, including 

organisations, as self-organising even where particular people are ostensibly in control of a 

social system, for example in hierarchical organisations or in the development of public 

policy (Byrne, 1998; Cairney, 2012; J. W. Forrester, 1971). Systems thinking draws attention 

to the way other system actors feed information to the decision maker to create non-linear 

interactions between the controller and other actors. The CEO of an organisation is seen as 

just one component among many, albeit an important one, and just like the other components 

in the system, the CEO is both active and responsive to informational feedback (Boschetti, 

Hardy, Grigg, & Horwitz, 2011; Meek, 2010). 
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Behaviour of complex systems 

Complex systems are capable of displaying behaviour that is perplexing, counterintuitive and, 

in the case of social systems, even in direct opposition to the desires and efforts of people 

working within the system (J. W. Forrester, 1971; Meadows, 2009). Systems literature is 

replete with examples of well-meaning and apparently common sense interventions 

producing counterintuitive and undesirable results from approaches to safety in high 

reliability systems (Dekker, 2011; Weick, 1987), public policy and social policy (Cairney, 

2012; J. W. Forrester, 1971; Mansell, 2006c), and within commercial organisations 

(Meadows, 2009; Pravin, 2013; Trombly, 2014). The emergence of such counterintuitive and 

undesired behaviour is often a prompt that a complex system is in play and the impetus for a 

systems analysis.  

Counterintuitive results are often produced by the non-linear nature of relationships that 

allow for effects that are disproportionate to causes. Where Newton’s often misapplied third 

law espouses equal and opposite reactions, systems thinking demonstrates the just as poorly 

understood butterfly effect, which suggests that small interventions in complex systems can 

amplify to produce comparatively massive variation in outcomes. Perhaps due to the lack of a 

poetic title, systems’ propensity to remain stubbornly consistent in the face of forceful 

interventions is less well known in the popular culture. Despite its relative obscurity in the 

popular imagination, systems’ tendency towards consistency or ‘homeostasis’ will be 

addressed first followed by discussion of less stable systems.  

Homeostasis 

Homeostasis is the tendency for systems to remain stable in the face of changes to their 

environment and inputs because of negative feedback loops that make the system self-

correcting (Urry, 2006). Returning to the example of the heater, the operation of the 

thermostat constitutes a ‘negative’ or ‘balancing’ feedback loop, so described because it 
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operates to negate or balance out fluctuations in room temperature. As the temperature of the 

room decreases, the thermostat triggers the heater to increase the temperature of the room, 

and as the temperature of the room increases, the thermostat triggers the heater to turn off. 

Systems with negative feedback loops can therefore remain stable despite external pressures 

or robust intervention (Meadows, 2009).  This may be beneficial where stability is desirable, 

but may be problematic for policy makers whose interventions may have unexpectedly small 

or short-lived effects.    

Oscillation and stabilisation 

The timing of feedback can also affect the behaviour of a system. Returning to the example 

of the heater, with a properly functioning thermostat, the temperature would rest at a constant 

temperature. However, a delay in the timing of feedback would create oscillation in the room 

temperature (Mansell, 2006c; Meadows, 2009). For example, assume the thermostat is set to 

20°C. A delay of five minutes in the operation of the thermostat would raise the temperature 

to 20°C but the heater would keep running for five additional minutes. By the time the heater 

stopped running, the temperature of the room may have reached 25°C degrees. The 

temperature would then decline to 20°C, which would trigger the heater to turn back on. 

However, with a delay of five minutes, the room may be allowed to cool to 17°C before the 

heater turned back on. While the feedback loop is still triggered at 20°C, an oscillating 

pattern is created. The amplitude of this oscillation can be increased by lengthening the delay.  

As will be discussed in more detail below, changes in the timing of information flows inside 

organisations can create this type of instability. For example if communication within the 

organisation is formalised rather than relying on a constant flow of informal communication 

(Mansell, 2006c). Delayed feedback can also serve to moderate the changes in a system 

subject to fluctuating inputs (Meadows, 2009). For example, it may be unwise for a business 

to change strategy based on a single day of sales data as these data can be erratic and would 
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result in frequent and ultimately fruitless changes in strategy. In this case, adjustments to 

long-term strategy based on an extended period of data or rolling averages would serve to 

smooth out the business’ reactions to erratic inputs.  

Exponential change 

Comparatively major system change can be effected with a minor intervention. This is made 

possible by positive feedback loops which exist where “change tendency is reinforced rather 

than dampened down as occurs with negative feedback” (Urry, 2006, p. 114). Reinforcing 

feedback means that growth does not just result in more growth, but an acceleration of 

growth. Systems with reinforcing feedback loops are therefore characterised by exponential 

growth (Meadows, 2009). Reinforcing feedback loops provide the basis for the butterfly 

effect. A minor intervention may be amplified through one or more reinforcing feedback 

loops to create comparatively massive change over time (Meadows, 2009). An example may 

be provided by a business expanding by reinvesting a proportion of profits in capital 

expansion. An initial profit allows the business to expand so that the next year’s profit is even 

greater. In the second year, the capital expansion is even greater, and profit growth is 

accelerated. The mutually reinforcing growth in profit and the rate of expansion result in 

exponential growth. Small differences in the initial investment, the proportion of profits 

invested in expansion, or the profit in the initial year have a comparatively large result over 

time.  In large complex systems, small interventions may unwittingly feed into one or more 

reinforcing feedback loops resulting in major quantitative change. These quantitative changes 

may also result in qualitative changes in the emergent properties of the system, which are 

discussed below.  

Phase transitions 

A phase transition refers to a change in the qualitative characteristics of the system. The 

individual components within the system may remain the same, and the relationships between 
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those components may remain the same, but the overall behaviour of the system may change 

(Solé, Manrubia, Luque, Delgado, & Bascompte, 1996). Compare the example provided 

above of an exponentially expanding business to investment of funds in a bank account. If 

money is invested in a bank account, compounding interest payments result in a larger 

account balance, which then produce larger interest payments. The exponential growth of a 

bank balance could continue indefinitely. However, a business is somewhat more 

complicated. Initially, the business may grow exponentially in the same manner as the bank 

account, but at some point, it is no longer possible to increase profits by simply increasing the 

size of the existing structure. At some point, the market will be saturated and opening a new 

shop front or producing more of the same product will not result in increased profits. In fact, 

the overheads associated with increased production may result in reduced profits. The 

business would reach a plateau, where further expansion would no longer be beneficial. This 

is one possible phase transition. Alternatively, if the business was reliant on expansion for 

profits, as soon as the expansion phase ends, the business may fall into a self-reinforcing 

decline. The result would be a rapid collapse of the business. This type of phase transition is 

referred to as a tipping point (Meadows, 2009).  

In the scenarios described above, all of the system components and relationships between 

components were in place from the very beginning. However, while the business was small, 

it had a negligible effect on consumer demand. It was only once the business grew to a 

certain size that this relationship became relevant to the overall system behaviour. When 

systems go through phase transitions, it is intuitive to look for an external shock as the root 

cause of a rapid change in behaviour. However, phase transitions may be the result of a 

change in the emergent properties of a self-organising system.  
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Understanding systems 

Complexity is not easy to grapple with. The underlying theory requires that complex systems 

be understood holistically i.e. without being broken down into their constituent parts, but 

without some simplification, complex systems are not comprehensible. There is an apparent 

contradiction in modelling a complex system when, by definition, this requires simplification. 

However, it is possible to model complex systems without violating the underlying premises 

of systems thinking. Simplification is necessary and useful, but the type of simplification is 

important. To make a complex system comprehensible, some information about the system 

must be excluded, but it is important to retain types of information that describe the elements 

of complexity. Models must map non-linear relationships, have space for the constituent parts 

as well as the emergent properties, and acknowledge the imperfect and permeable nature of 

system boundaries.   

The section below draws on Cilliers and Richardson (2001) to outline three broad approaches 

to dealing with complex systems: one that is too hard, one that is too soft, and one in 

between.  

Hard approach 

Cilliers and Richardson (2001) described the first approach that they put forward as 

‘reductionist complexity science’, which aims to identify precise mathematical rules to 

describe complex phenomena. They deliberately invoked the terminology usually applied to 

Newtonian-Cartesian science as a critique of approaches that seek to identify a set of simple, 

generally applicable rules that regulate all systems. They suggested that this ‘hard’ approach 

stems from a “seductive” but ultimately fallacious notion that because immensely 

complicated structures can be created with a few simple rules, the complicated and complex 

universe is also underpinned by simple rules (Cilliers & Richardson, 2001, p. 6). Of course, 



75 

 

complexity can be generated in a computer simulation with simple rules, but that does not 

mean that the universe is necessarily built this way. Horgan (1996) suggested that hard 

approaches can verge on engineering rather than science. For example, it may be possible for 

an artificial intelligence program based on a collection of simple algorithms to pass the 

Turing test (i.e. be indistinguishable from a human conversational partner). Indeed it may be 

possible for many different programs using a range of different algorithms to pass the test, 

but that does not mean that any one of them necessarily models the workings of a human 

mind.  

This hard approach, even if it could reveal universal laws, would be difficult to apply 

meaningfully, particularly in the social sciences. Cilliers and Richardson (2001) pointed out 

that explanations relying on a set of first principles would be so unwieldy as to be “practically 

useless” (p. 7), while Horgan (1996) suggested that it may be impossible to model the 

complexity of social interactions from first principles. Because small differences in initial 

conditions can amplify through reinforcing feedback loops that can push systems into phase 

transitions, this type of deterministic approach to systems requires completeness and 

precision in measurement that is unachievable.  

Soft approach 

Cilliers’ and Richardson’s (2001) second  category is ‘soft complexity science’, where 

systems concepts are employed as metaphors to help understand social systems. Rather than 

attempting to describe underlying mechanisms, social phenomena are understood by way of 

analogy to physical systems. For example, child abuse, which may be characterised as 

disastrous and difficult to predict, may be compared to natural systems that govern 

earthquakes (Rowlands, 2009) and hurricanes (Stevens & Cox, 2008), which are also sudden, 

difficult to explain disasters. Analyses such as these are useful in highlighting the complexity 
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of social systems and can serve as a reminder that system behaviour is difficult to predict. 

They can challenge simplistic assumptions about causality and guard against the temptation 

to extrapolate trend data about past system behaviour into predictions about future behaviour. 

However, the use of systems concepts as metaphors and analogies can be problematic.  

Firstly, metaphorical use of language can lead to confusion in terminology. For example, in 

broader child protection literature, families with multiple problems are often described as 

having ‘complex needs’ or being ‘complex cases’, and dysfunctional households and families 

are described as ‘chaotic’ or ‘unstable’. However, these terms have different meanings within 

systems thinking. From a systems perspective, families that are judged subjectively as 

functioning poorly are no more or less complex or stable than those that are judged to be 

functioning well. Families that function well are still characterised by multiple non-linear 

relationships, are open systems, have emergent properties, are self-organising, and are 

dynamic over time. Employing systems terminology as metaphors rather than in their 

technical sense can result in conflation of concepts. For example, it has been argued children 

in crisis strive to self-organise order in their lives (Sanders, Munford, & Liebenberg, 2012), 

that practitioners should help families to emerge from chaos (Hassett & Stevens, 2007; 

Stevens & Cox, 2008), that the subjective worth of a person should not be judged by the sum 

of the problems they present (Sanders et al., 2012), and that staff require constant feedback 

(Warren‐Adamson & Stroud, 2015). These arguments appear to be common sense and may 

provide helpful guidance to policy makers and practitioners, but they are premised on 

misapplications of systems thinking concepts. This can lead to conclusions that are intuitively 

appealing and apparently supported by systems thinking, but are erroneous and ultimately 

counterproductive.  
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Secondly, soft complexity science tends to side-step questions of causality. This can happen 

in two ways. Firstly, system behaviour is treated as if it is inexplicable and that prediction is 

not just difficult but is impossible. For example, Stevens and Cox (2008) suggested that “In 

linear understanding, A plus B always equals C. Complexity theory suggests…action A plus 

B may lead to action C, but it may also lead to actions D, E and/or F. On the other hand, it 

may lead to no change” (p. 1324). This assertion is useful in reminding practitioners to 

consider a range of alternative scenarios and to engage with uncertainty (Stevens & Cox, 

2008). However, this glosses over one of the key strengths of systems thinking, which is to 

demonstrate that seemingly spontaneous and inexplicable events are underpinned by causal 

mechanisms. A harder approach to complexity might instead point out that “A plus B” is 

unlikely to be a useful representation of the relationships between two components in a 

complex system because the whole network of relationships needs to be considered to know 

whether outcome C will eventuate. This is a more cumbersome argument but invites analysis 

to understand how system behaviour emerges from complex relationships rather than just 

manage uncertainty.  

Secondly, analogies tend to be made at the level of emergent properties, rather than at the 

level of the underlying system structure. For example, both Downs (2007) and Rowlands 

(2009) observed an approximate inverse-power relationship between weekly social service 

expenditure on a given child and the number of children on whom a similar amount was 

spent. Put more simply, in a given week, there were many children on whom only £10 or £20 

is spent, and there were very few children on whom up to £3000 or £4000 is spent. They 

noted that inverse power relationships exist between variables in other complex systems, for 

example between the frequency and severity of earth quakes (i.e. there are many small 

tremors but few large quakes). This comparison is useful in highlighting the way simple 

patterns can be governed by highly complex systems. However, it cannot be assumed that 
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similar patterns in different systems emerge from similar causal mechanisms. Phelan (2001) 

described this as resemblance thinking, which he argued is a hallmark of pseudo-science. 

Analogies should not be overstretched to draw unwarranted conclusions about underlying 

mechanisms of systems.  

Soft complexity science can be useful in highlighting complexity and as a reminder of the 

uncertainty inherent in predicting and managing behaviour in social systems. Concepts from 

systems thinking can be used as metaphors and analogies if this is done with care to avoid 

confusion in terminology and to ensure analogous systems are not assumed to have the same 

underlying mechanisms. However, the aim of the present research is to understand the 

mechanism of a complex system, so a soft approach would not be appropriate.  

Moderate approach 

The third type of approach outlined by Cilliers and Richardson (2001) is one that is between 

soft complexity science and reductive complexity science. This is not to suggest that there is 

some perfect approach that can be prescribed, rather it is an approach that aims to avoid the 

greatest pitfalls of the more extreme approaches and acknowledge and manage the limitations 

of the approach. Unlike soft complexity, this moderate approach aims to identify and describe 

the causal mechanisms that underpin system behaviour, but unlike the hard approach, it does 

so with an awareness that it is not possible to describe the system completely. The moderate 

approach acknowledges that it is not useful to view complex systems deterministically, but it 

aims to identify patterns and causal mechanisms for those patterns. The aim of the moderate 

approach is to strategically omit aspects of the system to create a model that explains causal 

mechanisms usefully.  

Allen summed this approach up with reference to systems analyses of cities: 
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The initial aim is not to describe a completely realistic model in microscopic detail, 

but rather to set out the basic framework, a matchstick drawing as it were, of the 

“workings” of a city, in the hope of being able to explore the long-term evolution, 

involving structural changes. In other words the aim is to build a model which, at 

least, can predict the sort of structure that may evolve under a certain scenario, with 

the accent on the qualitative features of that structure, rather than the quantitative 

accuracy (as cited by Byrne, 2001, p. 70). 

The focus of the moderate approach is on drawing connections between the micro-level 

system components and the macro-level emergent properties of the system. This is achieved 

by describing the nature of relationships between system components, rather than 

enumerating and quantifying components with mathematical precision. In the examples of 

system behaviour described above, it is less important to precisely predict sales figures than it 

is to recognise when rapid growth is unsustainable and the circumstances under which it will 

lead to collapse. It is less important to know the precise temperature of a room or to quantify 

the power required to heat it than it is to know that opening a window is unlikely to have 

more than a transitory effect on the overall temperature of the room. The moderate approach 

to understanding systems is therefore focused on providing certain kinds of information 

rather than comprehensive description.  

Models are therefore not a complete replica of reality so cannot provide perfect prediction. 

Cilliers (2005) argued that models of complex systems are therefore useful in drawing 

‘modest’ conclusions, but draws a distinction between ‘modest’ statements and ‘weak’ 

statements. Modest statements can be meaningful, specific, testable, and supported with 

empirical evidence and robust analysis. Modest statements can therefore be strong 

statements. However, modest statements contain an understanding of the limits of knowledge 
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and the applicability of their conclusions. (Cilliers, 2005) argued that “the fact that our 

knowledge is limited is not a disaster, it is a condition for knowledge. Limits enable 

knowledge. Without limits we would have to incorporate life, the universe and everything 

into every knowledge claim” (p. 263). Decisions about what is to be included and what is to 

be simplified or omitted from the model should be made with reference to the types of limits 

researchers want around their knowledge claims. The aim of the moderate approach is to 

produce knowledge that is limited and for the limits of that knowledge to be explicit and 

aligned to the goals of the research. It is therefore not possible to produce a general model to 

describe a complex system. Instead, a model is produced to answer specific questions about a 

complex system. The same system can be modelled in any number of ways by making 

different choices about which aspects of the system to highlight and which aspects to omit.  

In terms of epistemology, the moderate approach to understanding systems is the most 

traditional. Soft approaches see the world as too complex to comprehend directly, so they 

may fall into resemblance thinking and reason by way of analogy (Phelan, 2001). At the other 

end of the spectrum, as described above, hard approaches can be overly invested in the 

precision and specificity of simulations and lose connection with the system as it exists in 

reality (Horgan, 1996). Moderate approaches aim to provide a useful explanation for reality 

as it is. Empirical observation is therefore critical. Moderate approaches can therefore draw 

on the data collection and analysis techniques used in scientific, including social scientific, 

research. Both quantitative and qualitative methods can be useful, and there is certainly no 

problem with striving for precise measurement. What matters is the interpretation. Measuring 

components and even reducing systems to constituent parts is not an end in itself. The 

purpose of these analyses is to help inform a broader model that describes how these 

components relate to each other to shape the qualitative attributes of the system. In the 

examples above, measuring the rate at which a business expands and the effect on consumer 
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demand is only helpful to the extent that it helps predict the tipping point at which the 

business becomes unprofitable.  

Some of the systems thinking within child protection falls into this moderate approach. 

Notable contributions have been made by Munro (2005, 2010) who has argued for a systems 

approach to understanding severe negative outcomes including child deaths in child 

protection. Munro (2005) argued that child protection systems are a kind of high-reliability 

complex system, which is to say that in performing its function, it must completely avoid 

certain catastrophic errors. Other examples of high-reliability systems include aviation and 

nuclear power generation. Rather than attempting to construct a model of any particular child 

protection system, Munro (2005) argued that case reviews that follow critical incidents such 

as child deaths should take a systems approach to understand the broader systemic causal 

mechanisms that underpin these errors rather than attempting to locate the root cause of the 

incident in an individual policy, procedure, information transfer, or an individual caseworker. 

Critical incidents, and the absence of them, should be treated as emergent properties of a 

complex adaptive system. This logic shaped the influential Munro Review of Child Protection 

(Munro, 2011) and was also the basis of Social Care Institute for Excellence’s guide for 

conducting case reviews (Fish et al., 2009). 

Another notable example of systems thinking in child protection was provided by Mansell 

(2006a, 2006b, 2006c). Using data from the child protection system in New Zealand, Mansell 

(2006c) identified oscillation in the numbers of children progressing through the intake and 

investigation stages of the child protection system, which he attributes to two delayed 

balancing feedback loops. On the one hand, high profile child deaths make decision 

thresholds more risk averse, but on the other hand, concerns about overly invasive child 

protection processes and financial constraints push decision thresholds in the opposite 
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direction. Due to delays in information flows within the organisation created by the 

centralisation of intake processes, these risk thresholds, and therefore the flows of children, 

oscillated rather than settling at an equilibrium point.  

Wulczyn et al. (2010) addressed a more general problem for the United Nations Children’s 

Fund (UNICEF) of child protection efforts being viewed in isolated parts. For example, 

separate policies may be put into place to deal with street children, child trafficking, and 

problems with child labour, when these problems and the polices that aim to address them are 

part of a connected, complex system. They therefore suggested that child protection systems 

should be understood holistically, with the focus on the interconnections between these 

components and the sub-systems that constitute the whole system. Wulczyn et al. (2010) did 

not have a specific analytic purpose or question that they attempt to answer through a systems 

analysis, rather, their aim was to map components of child protection systems, key 

relationships, and functions. These were presented along with considerations for applying a 

systems approach either to describe or design child protection systems.  In doing so they 

noted the interactions between components, the fuzzy boundaries of the system, the 

relationships between structure and function, and the contextually dependant and dynamic 

nature of systems. Although they did not describe any particular system or directly explain 

any particular system behaviours, they did lay useful foundations for analyses that may do so.  

Munro (2005), Mansell (2006c), and Wulczyn et al. (2010)  have all usefully applied systems 

theory to consider complexity in CPS. The following section sets out how systems theory was 

be applied in the present study to examine recurrence. 
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Reconceptualising recurrence as a systems 

problem 

To date research has conceptualised recurrence as a collection of individual children who 

recur and these individual children are modelled as collections of characteristics that 

contribute in some additive manner to their likelihood of recurring. This logic is most clearly 

displayed in risk assessment tools that have created summative scales (Chan, 2012; Coohey et 

al., 2013; D'Andrade et al., 2008), but it is also embedded in the logic of survival analyses 

that have drawn out direct and linear relationships between the various independent variables 

and the time to recurrence (Bae et al., 2010; Fluke et al., 1999; Marshall & English, 1999; 

Palusci, 2011). Counterintuitive findings, for example that children who receive services are 

more likely to recur, have been explained by using the same quantitative methods to to 

identify more basic underlying variables (Barth, Gibbons, & Guo, 2006; Fuller & Nieto, 

2013). In the search for root causes, explanation is synonymous with reduction. The search 

for better and more specific correlates is what Dekker (2011) describes as ‘going down and 

in’. This approach has yielded useful insights. By using administrative data, researchers have 

described with increasing precision who is most likely to recur. However, as explained in 

Chapter 2, this is not a sufficient explanation for recurrence.  

This section uses a moderate approach to conceptualise recurrence as a systems problem. It 

begins by defining recurrence, and then uses this definition to define system boundaries and 

identify system components. A description of how these components relate to each other to 

produce patterns of recurrence is then provided. Based on this model, three types of child 

protection recurrence are identified. The model developed and described below is not 

intended as a general model of child protection. Decisions about where to draw the system 

boundary, what to include and exclude, and what to highlight and what to simplify are made 
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with reference to the problem of child protection recurrence. It is a systems model of child 

protection recurrence, rather than a model of a child protection system.   

Defining recurrence 

Child protection recurrence can be understood as repeated involvement with the child 

protection authority. Child protection recurrence therefore requires children and families 

being involved with the child protection authority for some period of time, followed by a 

period not involved with the child protection authority, and then another period involved with 

the child protection authority. Given the breadth of measures used in the literature, child 

protection involvement is defined broadly to include any instance where the child protection 

authority considers the circumstances of an individual child for the purpose of addressing 

maltreatment. There is therefore a distinction between child protection involvement and 

primary and secondary prevention approaches where the entire community or subsections of 

the community are subject to policies or interventions. This definition is broad enough to 

encompass the measures of re-reporting, re-investigation, and re-substantiation most 

commonly used in the recurrence literature. 

System boundaries 

As mentioned previously, complex systems are often open systems, which means that there 

are no clear boundaries or neat edges to the webs of interdependencies between system 

components. It is especially difficult to draw boundaries around systems that include people 

because people exist within social networks and are affected by broader social, political, and 

economic influences. However, it is necessary to define boundaries for the purpose of 

analysis, both to ensure that the scope of analysis is manageable, and to ensure the model is 

usefully limited (Cilliers, 2005). The model must be simple enough to be comprehensible but 
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specific enough to be analytically useful. Defining system boundaries is therefore a pragmatic 

exercise and one that Meadows (2009) suggests is iterative.  

It is convenient to begin with the organisational boundaries of the child protection authority. 

Although workers have relationships that extend beyond the boundary of the organisation and 

the organisation itself is situated within a social, legal, and political environment, the formal 

boundaries of the child protection authority may provide a concrete solution to the problem of 

how to define the system boundary. However, as described in Chapter 2, child protection 

recurrence is inevitably influenced by reporters outside the child protection authority. 

Furthermore, if child protection recurrence is to be defined in terms of entry to and exit from 

child protection involvement, then the entry decision is critical. As described above, system 

boundaries need not conform to organisational, geographic, or physical boundaries 

(Hollnagel & Woods, 2005), so it is possible to draw the system boundary more broadly to 

include the decision-makers responsible for reporting children to the child protection 

authority. However, this is still not broad enough. Child protection recurrence requires being 

involved with the child protection authority, then not involved, and then involved again. This 

implies a group of children who are eligible to be subject to child protection involvement, but 

who are not. As described in Chapter 2, consideration of this group of children is key to 

understanding rates of over-inclusion of children who have not been maltreated and are not 

eligible for services, and the under-inclusion of children subject to maltreatment and in need 

of services. For the purpose of this analysis, the system therefore includes the population of 

children eligible to be reported to the child protection authority. 

System structure 

The next step in creating a usefully limited model is choosing which elements of the system 

to include and which elements to simplify or omit. Again, these choices must be made with 
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the purpose of the model in mind (Cilliers, 2005; Meadows, 2009). Recurrence is defined as 

repeated involvement with the child protection authority, so the child protection authority and 

children must be included in the model. Children must be represented as moving in and out of 

the child protection authority’s consideration over time.  This is sufficient to represent child 

protection recurrence, but it is not sufficient to represent patterns of recurrence for different 

children or to explain how recurrence happens. More detail is therefore required. In Chapter 

2, it was argued that recurrence is determined by interactions between children and decision 

makers so these decisions should also be included. However, not all child protection 

decisions are directly implicated in child protection recurrence. It is the decisions that move 

children in and out of the consideration of the child protection authority that are most 

important. These entry and exit decisions must be highlighted in the model, as must the 

characteristics of children that are relevant in these decisions.  

While different jurisdictions have different laws, policies, and practices, Fluke et al. (2003) 

showed that in most jurisdictions, child protection conforms to the same basic structure. 

Children are brought to the attention of the child protection authority via reports from people 

outside the agency. This reporting decision serves as the entry to a multi-staged filtering 

process undertaken by the child protection authority. The first decision in this process is 

referred to as the screening decision. The child protection authority determines whether the 

report warrants investigation. If not, the case is ‘screened out’ and the child exits the process. 

Alternatively, the child is ‘screened in’ and progresses towards the next exit decision. After 

an investigation, the child can either exit the process or progress to some form of 

intervention. This decision is usually made on the basis of a risk or needs assessment. Finally, 

children subject to intervention can either exit the process at the conclusion of some 

temporary intervention, or may remain subject to intervention permanently. The same 

filtering process exists in Australian jurisdictions (Australian Institute of Health and Welfare, 
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2016). Note that the substantiation decision is not included as a decision point in this model. 

This is because, in most jurisdictions, substantiation is not an exit decision. Children may be 

subject to intervention even if they are not subject to substantiation, and conversely children 

may be substantiated but not subject to any form of intervention (Australian Institute of 

Health and Welfare, 2016; Children's Bureau of the US Department of Health and Human 

Services, 2015). In the few jurisdictions where substantiation is a prerequisite for service 

delivery, substantiation would be included in the model as a separate exit decision.  

It takes time for children to progress from one entry or exit decision point to the next, and 

during this time, they are subject to a variety of processes and decisions. For the purpose of 

this model, these will not be mapped in detail. Instead they will be described as phases of 

child protection involvement. Children who progress at the reporting decision move into the 

intake phase. At the end of the intake, children are subject to the screening decision, and 

those who progress move into the investigation phase, and those who are found to need 

protection move into the intervention phase. Finally, children who are subject to a case 

closure decision and either moved into the permanence phase or exited from the process. 

While these are represented as discrete phases for the purpose of the model, when applying 

the model and interpreting findings, it should be remembered that these phases each include a 

range of activities and decisions undertaken by different decision makers. These may include 

contact with families, contact between professionals, administration of a range of support 

services, various screening tools, safety assessments, triaging decisions, court involvement, 

and as highlighted above, substantiation decisions (Australian Institute of Health and 

Welfare, 2016; Department of Communities, 2013a; Fluke et al., 2003). The model is not 

intended to suggest that these phases are discrete activities. Rather, it is a deliberate choice to 

simplify the child protection process to make the model more useful. 
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Although many different people are involved in making child protection decisions, it is not 

necessary to model each decision maker individually. There is inevitably some variation in 

the way individuals make decisions, but it is assumed here that there is a sufficient level of 

consistency between decision makers and over time to model decisions as interactions 

between children’s attributes and shared sets of decision criteria. These criteria cannot be 

treated as rigid or deterministic, but it is reasonable to expect that there is sufficient reliability 

for children who are a good match for criteria to have a high probability of progressing and 

children who are a poor match for criteria to have a low probability of progressing.  In reality, 

decisions are an interaction between individual children and individual decision makers 

operating in unique circumstances and under conditions of uncertainty (Baumann et al., 2011; 

Munro, 2010), but for the purpose of the model, this is simplified so that probability of 

progressing at a decision is an interaction between a set of shared decision criteria and the 

relevant characteristics of an individual child.  

The proposed model of child protection recurrence is represented diagrammatically in Figure 

3.1 below. The black arrows represent the movement of children through the child protection 

process. Children enter the child protection process at the reporting decision. Children who 

are a better match for the reporting criteria have a greater chance of being reported than 

children who are a relatively poor match for the criteria. Children are then subject to a series 

of decisions, where they can either progress through the phases of child protection 

involvement towards permanent intervention, or exit the process. Again, children who are a 

better match for the criteria of at a particular decision point have a higher chance of 

progressing than children who are a worse match for the criteria.  
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Figure 3.1: Map of system of child protection recurrence 

 

Child protection recurrence exists where children enter the child protection process via a 

report, exit the process at one of the decision points, and then enter for a second time. This 

map highlights the way earlier decisions determine which children are subject to the criteria 

of later decisions. 

Exit-based typology of recurrence 

There are a range of patterns of child protection involvement that fall within the broad 

definition of recurrence provided here. Given that the system is structured as a series of entry 

and exit decisions, it is useful to describe different types of recurrence in those terms i.e. 

according to patterns of entry and exit. As described above, all children enter the child 

protection process via the reporting decision. However, there are different points at which 

children may exit. Children who recur can therefore be categorised by the point at which they 

tend to exit. Most child protection systems therefore have three main types of recurrence: 

recurrence at the screening decision, recurrence at the protection decision, and recurrence 

after intervention, presented in Figure 3.2, below.  
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Figure 3.2: Exit-based types of recurrence 
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These exit-based categories of recurrence have some advantages over the existing 

progression-based measures. As described in Chapter 2, progression-based measures such as 

re-reporting and re-substantiation group children together who have progressed at least as far 

as a particular decision. Children subject to re-reports therefore include some children who 

exited at the screening decision, some who exited at the protection decision, and some who 

exited after intervention, and include a combination of children substantiated and 

unsubstantiated. Children subject to re-substantiation include children who exited at the 

protection decision and children who exited after intervention. Progression-based measures 

are therefore heterogeneous and overlapping. On the other hand, the exit-based measures 

described above are mutually exclusive categories that group together children who have had 

the same interactions with the same decision points repeatedly over time. Children who are 

exited after screening have all met the reporting criteria but failed to meet the screening 

criteria. Children who exit after the protection decision have all met the reporting and 

screening criteria but failed to meet the criteria for intervention, and children who exit after 

intervention have met the reporting, screening, and protection criteria but failed to meet the 

criteria for permanent care. While progression-based measures such as re-reporting and re-

substantiation are associated with the same child characteristics, it is expected that the 

characteristics associated with each exit-based type of recurrence would be different.  

Research questions 

As described at the end of Chapter 2, the present research aims to understand the mechanism 

of child protection recurrence. Understanding the causes of system behaviour means linking 

the system structure (i.e. what the system is) to its function (i.e. what the system does) 

(Meadows, 2009). In this case, the system structure has been mapped as a series of decisions 
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about entry and exit from the child protection process and the function in question is child 

protection recurrence. The overarching research question for the present research is: 

What role do decisions about entry and exit from the child protection process have in 

producing patterns of child protection recurrence?  

The specific research questions to be addressed are: 

1) What are the child, family, and case characteristics associated with decisions about entry 

and exit from the child protection process? 

2) What are the patterns of child protection recurrence? 

a) What are the child, family, and case characteristics associated with different types of 

progression-based recurrence, including: 

i) a subsequent report? 

ii) a subsequent investigation? 

iii) a subsequent substantiation? 

iv) subsequent need for protection? 

b) What are the child, family, and case characteristics associated with different types of 

exit-based recurrence, including: 

i) recurrence at the screening decision? 

ii) recurrence at the protection decision? 

iii) recurrence after intervention? 

Conclusion 

This chapter has put forward a different approach to understanding the problem of child 

protection recurrence. Using systems thinking as a lens, recurrence was reconceptualised as 

an emergent property of a complex system. A map of this system was created by highlighting 
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some aspects of the real system and strategically omitting and simplifying others to create a 

model that is ‘usefully limited’ to address the specific aim of understanding the mechanism of 

child protection recurrence. Research questions were then presented. These questions relate 

to the factors associated with decisions about entry and exit from the child protection process 

and the factors associated with different types of child protection recurrence. The overarching 

goal of these questions is to explain how the system structure, entry and exit decisions, 

produce the system behaviour, child protection recurrence.  

Taking the moderate approach to understanding systems requires these research questions to 

be answered through empirical observation rather than, for example, through creating 

simulations or making comparisons to other complex systems. Chapter 4 outlines a case study 

design that measures interactions between a sample of 9,608 children and key decision 

points, and connects these interactions to the patterns of child protection recurrence observed 

in a single child protection system, namely, Queensland, Australia. 
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CHAPTER 4:  METHODS 

This chapter describes the methods of the present research. It describes a case study of a 

system of recurrence. This system of recurrence is explored through analysis of a sample of 

children subject to child protection involvement in the selected jurisdiction. In the sections 

below, this design is further elaborated upon. Following this, the selected case is described, 

including each of the decision points and administrative categories that comprise the child 

protection process, as mapped in Chapter 3. The sample of children and the administrative 

data source are described, followed by the methods of analysis. Three sets of analysis are 

described. The first set of analysis relates to the first research question, with the second 

research question answered in two parts. 

Design 

Recurrence research usually draws on administrative data to identify the child, family, and 

case characteristics associated with patterns of recurrence in a sample of children, families, or 

sometimes maltreatment perpetrators subject to child protection involvement. The present 

research also aims to identify the factors associated with recurrence, as well as the factors 

associated with progression and exit at individual child protection decisions. Therefore, a 

similar approach is useful here. Administrative data for a sample of children subject to child 

protection involvement were used to explore the child, family, and case characteristics 

associated with progression and exit at individual decisions, and patterns of child protection 

recurrence.  

However, in the present research, recurrence is conceptualised as a system, rather than as an 

attribute of children or their families. The purpose of analysis is to understand how child 
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protection decisions produce patterns of recurrence and to draw conclusions that can be 

applied to other systems of recurrence (i.e. other jurisdictions) rather than to generalise to 

other children. The present research can therefore be described as an embedded case study 

design. This involves understanding a primary unit of analysis, a single case, through the 

analysis of many embedded sub-units (Scholz & Tietje, 2002).  In the present research, the 

system of recurrence was the primary unit of analysis and the sampled children were 

embedded sub-units. While case studies are generally considered a qualitative design 

(Gillham, 2000), analysis of embedded sub-units often draws on quantitative methods of data 

collection and analysis (Rowley, 2002; Scholz & Tietje, 2002). Given this, an embedded case 

study design was ideal for understanding how the multiplicity of components and 

relationships combine to produce overall patterns of recurrence. Put simply, the case study 

design allows the research to meet the foundational requirement of systems thinking that 

systems must be understood holistically, and to do so using objective measurement but with 

the “accent on the qualitative features” of the system (Allen as cited by Byrne, 2001, p. 70).  

Scholz and Tietje (2002) have identified a number of different types of embedded case study 

designs. They distinguished between case studies that are intrinsically motivated, where the 

researcher has an interest in the particular case, and case studies that are instrumentally 

motivated, where the aim is to understand something broader than the case. Although 

findings are likely to be of particular interest to policy makers in the selected jurisdiction, the 

purpose of the present research is to understand systems of recurrence generally. The case 

study is therefore instrumental. Scholz and Tietje (2002) also note different reasons for 

selecting a particular case for an instrumental study. Cases may be selected because they are 

unique or because they are a prototypical. To understand how decisions interact to produce 

patterns of recurrence, it was necessary to select a jurisdiction where child protection 
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conforms to the usual structure of an entry decision followed by a number of possible exit 

decisions. The case selected case can therefore be described as prototypical.  

The present research focuses on the first three decision points in the child protection process: 

the reporting, screening, and the protection decisions. The case closure decision will not be 

considered within the scope of the current research, and there are number of reasons for this. 

Firstly, observing how children interact with the case closure decision would be considerably 

more time consuming than observing interactions with earlier decisions. Once a report is 

made, screening, and protection decisions are made within relatively short maximum 

timeframes (Australian Institute of Health and Welfare, 2016; Children's Bureau of the US 

Department of Health and Human Services, 2015). However, the permanency decision would 

require lengthy observation to distinguish between children subject to long-term intervention 

and children subject to intervention that is genuinely permanent. Even where policies are in 

place to expedite permanency decisions after children have spent a prescribed period of time 

in care, these decisions take place at the scale of months and years rather than hours or days 

(Vesneski, 2011). Secondly, although intervention is represented in the model as a single 

administrative category with a single decision point at the end, in reality, child protection 

intervention is considerably more complicated than this. There are a range of different 

interventions that may be provided, including in-home services and out-of-home care, and 

including voluntary and court-ordered interventions. Across these different interventions, 

there may be a range of different exit decisions with different sets of criteria. The most 

practical approach for this study is to focus initially on the earlier decision points. By doing 

so, it is possible to observe how children interact with multiple decision points over time to 

produce different patterns of recurrence. As discussed further in Chapter 9, future research 

may further explore the role of case closure decisions in patterns of recurrence.  
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The case 

Queensland, Australia was chosen the case for the present study, with observation relating to 

the period between July 2010 and June 2012. The child protection process in Queensland is 

defined by the Child Protection Act 1999 (Qld) and other departmental documents, including 

the Child Safety Practice Manual. As described in the sections below, the child protection 

process in Queensland conforms to the basic structure described by Fluke et al. (2003), 

represented in the model of child protection recurrence set out in Chapter 3, and reproduced 

in Figure 4.1, below. Like other jurisdictions in Australia and elsewhere (Australian Institute 

of Health and Welfare, 2016; Jagannathan & Camasso, 2013; Munro, 2004a), child protection 

in Queensland has been periodically subject to major policy intervention driven by public and 

judicial inquiries. In 2004, a raft of reforms were implemented following an inquiry by the 

Crime and Misconduct Commission, which made 110 recommendations (Crime and 

Misconduct Commission, 2004). In July 2012, the Queensland Child Protection Commission 

of Inquiry was established to conduct a broad ranging inquiry into child protection policy in 

the state, returning with 121 recommendations in 2013 (Queensland Child Protection 

Commission of Inquiry, 2013). The observation period for the present research concluded 

directly prior to the establishment of the most recent commission of inquiry, so encompasses 

a period of relative policy stability. 
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Figure 4.1: Map of system of child protection recurrence in Queensland 

 

Queensland is Australia’s third most populous state with a total resident population of 

4,476,768 in 2011, including 1,072,571 children aged under 18 (Australian Bureau of 

Statistics, 2016a). Although the state is geographically large, with almost three-quarters of 

the state classified as ‘very remote’ (Australian Bureau of Statistics, 2016b), almost 80% of 

the population is concentrated in the major cities of the south-eastern corner of the state 

(Office of Economic and Statistical Research, 2012). Child protection is administered by the 

Department of Communities, Child Safety and Disability Services, which has a decentralised 

structure including 55 Child Safety Service Centres, administered in 7 regions (Department 

of Communities, 2016). Like other Australian jurisdictions, Queensland takes a public health 

approach to the prevention of child maltreatment (Australian Institute of Health and Welfare, 

2016; Council of Australian Governments, 2009). This includes universal preventative 

services delivered to the general population, secondary prevention services targeted at 

populations and individuals identified as high risk, and a tertiary child protection authority, 

which receives and investigates reports about children who are subject to maltreatment or are 

at significant risk of harm. In 2010-11 112,518 reports were made to the child protection 
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authority, which resulted in 21,655 investigations (Department of Communities, 2013b). 

Indigenous Australians, including both Aboriginal and Torres Strait Islander peoples, 

represent 3.6% of the population (Office of Economic and Statistical Research, 2012) but, as 

in other jurisdictions, are over-represented in child protection, making up 27% of children 

investigated (Department of Communities, 2013b). Although no recurrence study has been 

undertaken in Queensland, performance measures collected by the national Productivity 

Commission show that rates of repeated substantiation within 12 months were high (19%) 

and comparable with other Australian jurisdictions, which ranged between 8.1% and 31.9%  

(Steering Committee for the Review of Government Service Provision, 2014).  

Population 

In Queensland the jurisdiction of the child protection authority extends to all children 

residing in the state aged under 18 years (Child Protection Act 1999 s 8), as well as foetuses 

(referred to as ‘unborn children’) where the pregnant woman resides in Queensland (Child 

Protection Act 1999 s 21A).   

Reporting decision 

There is only one entry point in the child protection process in Queensland. A child enters the 

child protection process when a report identifying that child is made to the child protection 

authority. Under the Child Protection Act 1999 anyone can make a report but certain 

professionals are required to make reports in certain circumstances.  

Intake 

Reports are received by the Regional Intake Services, or outside of business hours by the 

After Hours Service, which operates state-wide (Department of Communities, 2013a). 

Information is transferred from the reporter to the Regional Intake Service, which collates 

and records this information along with relevant information already held by the department 
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about the child subject to the report. The Regional Intake Service may gather additional 

information from a limited range of professionals but does not attempt to investigate or 

substantiate the allegations made by the reporter (Department of Communities, 2013a).  

Screening decision 

The Regional Intake Service decides whether the child protection authority is required under 

s 14 of the Child Protection Act 1999 to investigate. Under s 14 the child protection authority 

must investigate (or take other action) where it reasonably suspects that a child is in need of 

protection. This requirement is operationalised in the SDM Screening Tool, which consists of 

17 sub-categories of maltreatment grouped into the four broad categories of neglect, physical 

harm, sexual abuse, and emotional harm (see Appendix 1). If one or more of the types of 

maltreatment are indicated, the case is screened in for investigation and transferred to a local 

Child Safety Service Centre. Otherwise, the case is closed and the child exits the child 

protection process (Department of Communities, 2013a). 

Investigation 

The primary purpose of the investigation is to gather the information that is required to 

determine whether a child is in need of protection (Department of Communities, 2008).  

Information gathering 

Statutory officers have scope to gather information from a range of sources including parents, 

other members of the household, professionals, and existing departmental records 

(Department of Communities, 2013a), and this is supported by powers under the Child 

Protection Act 1999 including the power to enter and search premises in specified 

circumstances (e.g. s 16, s 17, s 18, and s 20). Where criminal matters are involved, the 

investigation can be carried out cooperatively with the Queensland Police Service 

(Department of Communities, 2013a).  



101 

 

Recording of harm 

Where there is evidence that a child has been harmed, the case worker must document this. 

Harm is defined by s 9 of the Child Protection Act 1999 in the following way: 

(1) Harm to a child is any detrimental effect of a significant nature on the child’s 

physical, psychological or emotional wellbeing. 

(2) It is immaterial how the harm is caused. 

(3) Harm can be caused by –  

a. physical, psychological or emotional abuse or neglect; or 

b. sexual abuse or exploitation 

From August 2011, the following provision was included to clarify the meaning of harm 

(Child Protection and Other Acts Amendment Act 2010 (Qld)): 

(4) Harm can be caused by –  

a. a single act, omission or circumstance; or 

b. a series or combination of acts, omissions or circumstances. 

Harm to children is recorded in a standardised form in case management system. The case 

worker must indicate the type of maltreatment (physical abuse, emotional abuse, sexual 

abuse, or neglect) as well as the resulting type of harm (either physical or emotional), and a 

person responsible for the harm. An unlimited number of maltreatment/harm/person 

responsible combinations can be recorded for each child who has been harmed.  

Family risk evaluation 

The SDM Family Risk Evaluation (referred to as the SDM Family Risk Assessment in other 

jurisdictions) (see Appendix 2) is an actuarial risk assessment tool that is completed 

electronically to provide a recommendation about whether children should progress to 

ongoing intervention or exit at the end of the investigation. This recommendation is based on 
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the similarity between the household and other households that have been subject to repeated 

child protection involvement (Coohey et al., 2013). (See Chapter 2 for more about the 

construction of the Family Risk Evaluation). Completion of the form is mandatory but the 

case worker has discretion to override or follow the recommendation when deciding whether 

a child is in need of protection (Department of Communities, 2013a). 

Protection decision 

Children progress to ongoing intervention when they are assessed to be in need of protection, 

otherwise they are exited from the child protection process. The Child Protection Act 1999 

defines a child in need of protection in two steps. Firstly, the child must have suffered harm, 

be suffering harm, or be at unacceptable risk of suffering harm. Secondly, there must be no 

parent able and willing to protect the child from harm (s 10 Child Protection Act 1999).  

The need for protection is not directly recorded in case management system. Instead, the case 

worker answers the question “Is the child at unacceptable risk of harm and there is no parent 

able and willing to protect the child from the harm?” If the case worker answers ‘yes’, the 

investigation outcome field is automatically populated to indicate that the child is in need of 

protection. If the case worker indicates that a child is at risk of harm and that there is no 

parent able and willing to protect the child, as with instances of past harm, the case worker 

must record the type of maltreatment, type of harm, and a person responsible. Although any 

member of the household can be recorded as responsible for past harm, only a parent can be 

recorded as responsible for the risk of harm. Where a parent is not directly responsible for 

likely future maltreatment, for example if another member of the household is considered 

likely to abuse a child, the parent can be recorded as responsible for “risk of failure to 

protect” the child.  
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Intervention 

It is a requirement that the department intervenes to ensure the safety of all children assessed 

to be in need of protection (Department of Communities, 2013a). Support services may be 

provided in home or children may be placed in out-of-home care either on a voluntary basis 

or under court orders. 

Case closure 

Where intervention is provided under an agreement rather than a court order, intervention can 

be finalised following a review of the case plan that finds that the child is no longer at risk of 

harm and that the family will continue to engage with required services without departmental 

oversight (Department of Communities, 2013a). Child Protection Orders granting custody or 

guardianship of children to the department are initially made with expiry dates (s 62(1) Child 

Protection Act 1999) so intervention is automatically concluded unless the department makes 

an application to the court for a subsequent order. If a permanent order is sought by the 

department and granted by the Children’s Court, the child remains subject to ongoing 

intervention until the age of 18 years. 

Ethics 

The present research was conducted as part of a broader research project, Reducing 

recurrence in the child protection system, which is a collaboration between Griffith 

University and the Department of Communities, Child Safety and Disability Services, 

supported by an Australian Research Council Linkage Grant (LP120200461). Ethical 

approval for this broader project, including the present research, was sought from the Griffith 

University Human Research Ethics Committee (Griffith University reference: 

CCJ/13/13/HREC) with approval provided on 28 March 2013. Data for this research were 

derived from the administrative data systems of the Department of Communities, Child 
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Safety and Disability Services. De-identified data were provided via a secure portal and 

stored on a secure drive at Griffith University. Data extraction and provision was also 

overseen by a Steering Committee including the Chief Investigators from Griffith University 

and senior staff from the Department of Communities, Child Safety and Disability Services. 

The Griffith University Human Research Ethics Committee determined no further approval 

was required.  

Sample of sub-units 

As described above, the case study was informed by the analysis of a sample of children 

subject to child protection involvement. These children are the sub-units of analysis that were 

used to identify the factors associated with the decision criteria for each decision point, as 

well as the factors associated with different types of child protection recurrence.  

The sample consisted of all children subject to their first ever screened-in report in 

Queensland between 1 July 2010 and 30 June 2011. Children were selected at their first ever 

screened-in report rather than their first ever report to enhance measurement validity. For 

children who have only been subject to screened-out reports, the only information available is 

that which is provided by the reporter. Administrative data about these children are therefore 

limited in scope and not always valid. Children who have been subject to a screened-in report 

have been subject to at least one investigation ensuring key variables are recorded and data 

are accurate.   
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Table 4.1: Characteristics of children subject to screened-in reports in Queensland 

2010-11 

 

Children subject to 
first ever screened-in 
report in 2010-11  

All children subject to 
screened-in report in 
2010-11 

Sex      
Male 4,666 48.6%  9,397 48.6% 

Female 4,781 49.8%  9,589 49.5% 

Not recorded 161 1.7%  367 1.9% 
      
Indigenous status      
Indigenous 2,201 22.9%  4,953 25.6% 

Other 7,407 77.1%  14,400 74.4% 
      
Region      
Brisbane Region 1,102 11.5%  2,149 11.1% 

Central Queensland Region 934 9.7%  2,117 10.9% 

Far North Queensland Region 610 6.3%  1,292 6.7% 

North Coast Region 1,197 12.5%  2,395 12.4% 

North Queensland Region 928 9.7%  1,917 9.9% 

South East Region 1,616 16.8%  3,295 17.0% 

South West Region 932 9.7%  1,817 9.4% 

Other Units 2,289 23.8%  4,371 22.6% 
      
Age group      
Unborn 884 9.2%  872 4.5% 

0-4 years 4,315 44.9%  6,956 35.9% 

5-9 years 2,042 21.3%  5,169 26.7% 

10-14 years 1,733 18.0%  4,770 24.6% 

15-17 years 620 6.5%  1,564 8.1% 

Missing/invalid 14 0.1%  22 0.1% 

      

Most serious harm alleged      

Neglect 2937 30.6%  7,118 32.9% 

Physical 2896 30.1%  5,518 25.5% 

Sexual 1165 12.1%  2,402 11.1% 

Emotional 2531 26.3%  6,408 29.6% 

Not specified 79 0.8%  209 1.0% 

      

Assessment outcome      

Unsubstantiated 6,122 63.7%  10,429 48.2% 
Substantiated – Not in need of 
protection 1,258 13.1%  2,361 10.9% 

Substantiated – In need of protection 1,443 15.0%  4,237 19.6% 

Not finalised/No outcome 782 8.1%  4,628 21.4% 
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In 2010-11 there were 9,608 children in Queensland subject to their first ever screened-in 

report. This represented 44.3% of the 21,655 children who were subject to a screened-in 

report over this period. The remaining 12,047 children subject to a screened-in report during 

2010-11 who were not included in the sample had been subject to at least one screened-in 

report in an earlier year. Table 4.1 shows the key demographic and case characteristics of the 

sample and a comparison with official statistics relating to all children subject to a screened-

in report in 2010-11. 

In many respects, the sampled children were similar to other children screened in. The gender 

breakdown and regional distribution for sampled children was consistent with the total group 

of children, while there were small differences with respect to Indigenous status and most 

serious harm alleged. The major differences between the sample and the broader population 

of children notified in 2010-11 related to age and assessment outcome. Neither of these 

differences is surprising. Given that the sample relates to children subject to their first ever 

screened-in report, it was expected that the age profile would be significantly younger as 

children with more extensive child protection histories would naturally be older. The main 

difference between the sample and the broader population was the substantially lower 

proportion of investigations that were not yet finalised by the data extraction date. Again, this 

is not surprising given that data were extracted beginning in August 2012, allowing for at 

least 14 months for cases to be finalised and electronic records to be updated compared to the 

usual two months of leeway allowed in the official statistics.  

Data source and variables 

The Department of Communities, Child Safety and Disability Services (DCCSDS), the child 

protection authority in Queensland, provided administrative data extracted from the 

electronic case management system, which is used for storing case information, managing 
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work flow, managing approvals, and is the source of administrative data for performance 

reporting and research.  

Data from the case management system are stored in a live database that is continuously 

updated as case workers go about their work. On a monthly basis, a selection of data is 

extracted and stored in the Data Warehouse. This provides a series of snapshots of key data to 

be used for systemic performance reporting and it is from this Data Warehouse that data were 

extracted. Variables were drawn from the three main elements of the case management 

system: persons, events, and forms, which are described below.  

Persons 

Each person entered into case management system is assigned a unique identifier linked to a 

profile storing their personal and demographic information including their name, address, 

date of birth, Indigenous status, etc. These details are entered and updated by case workers in 

the course of their practice. The case management system does not contain a 'family' element; 

one-to-one relationships are recorded between persons. It is therefore possible to create and 

label a relationship between two persons, but it is not possible to link groups of people 

together in a family. Information about family structure is recorded as a series of one-to-one 

relationships between all members of the family. However, some information about 

household and family membership at particular points in time can be gleaned from events and 

forms as discussed in more detail below. Key variables drawn from person profiles include 

age, Indigenous status, and sex. 

Events 

Event types correspond roughly to the administrative categories outlined above. These 

include the intake, investigation, and intervention, as well as separate events to record out-of-

home care placements, and court activities. Each event has its own unique identifier within 
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the case management system. When a report is received an intake event is generated. One 

intake event is generated for each household that is subject to an intake. Relevant persons 

(including children, parents, other household members, and anyone else relevant to the 

intake) are linked to the event. Forms, which are discussed in more detail below, are 

completed by case workers and stored within the event. If a report is screened in, an 

investigation event is automatically generated and linked to the intake event. Like the intake 

event, there is one investigation event per household with all relevant persons linked and all 

relevant forms stored within the event.  

There is limited information that can be drawn directly from events; rather they serve as links 

between elements for example by associating a particular report with a particular 

investigation, or by linking persons to a SDM Family Risk Evaluation form. The number of 

persons associated with an event also provides an indicator of the number of people living in 

a household. 

Forms 

Forms exist inside events and contain most case information. SDM tools including the 

Screening Tool and Family Risk Evaluation described above and included in Appendix 1 and 

Appendix 2 exist as forms. Forms contain a variety of field types including drop down boxes, 

radio buttons, tick boxes, and free text boxes. Forms can be dynamic in that different options 

can become available depending on the information entered into them, and in some cases can 

be expanded indefinitely by adding unlimited sections, for example adding in additional 

children to a single report, or maltreatment/harm/person responsible combinations. Some 

fields can populate automatically, drawing information from personal profiles or other forms, 

or by calculating scores and returning recommendations for case workers. As with persons 
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and events, each form has its own unique identifier in the case management system, and these 

identifiers have a direct link to the event in which the form is stored.  

Most key variables were drawn from forms including: 

 Nature of reports identified in the SDM Screening Tool  

 SDM Family Risk Evaluation items relating to child, family, and case risk factors for 

abuse and neglect 

 Types of harm and risk of harm identified and persons responsible 

 Investigation outcome  

Metadata about forms, including the date and location that forms were recorded were used as 

measures of times and places that child protection activities were undertaken.  

Data structure 

Data were supplied in six separate comma-separated values (CSV) files, which were 

organised in a relational structure (see Appendix 3). Table 1 contained one row per child. 

This table included demographic information about each child as well as a range of details 

from their first report, screening, investigation, and protection decision. Table 2 contained 

information about substantiated harm. This table included one row for each harm type/person 

responsible combination for each investigation that a child was subject to during the 

observation period. Data from the SDM Family Risk Evaluation were stored in three separate 

tables. Table 3a contained the overall risk rating and metadata about the form, including the 

unique identifier for the form and the unique identifier for the relevant investigation. One 

SDM Family Risk Evaluation is completed per household per investigation. It was therefore 

possible for the same SDM Family Risk Evaluation to relate to more than one child where 

investigations related to households containing multiple children. Table 3a could be linked to 
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Table 3b, which contained responses to the Abuse Scale, and to Table 3c, which contained 

responses to the Neglect Scale.  

Table 4 contained information about subsequent reports made within 12 months of the initial 

report as well as information about the ensuing screening, investigation, and protection 

decision. As children may have been subject to no reports, one report, or multiple reports in 

the 12 month follow-up period, Table 4 contained multiple rows for some children and no 

rows for other children included in the sample. Table 4 could also be linked to Table 2 to 

identify what, if any, types of harm were substantiated in subsequent investigations. Table 4 

could also be linked to Table 3a to join data about SDM Family Risk Evaluations.  

Structured Query Language (SQL) was used to join tables to create a range of different flat 

data files for analysis in SPSS. 

Analyses 

Three sets of analysis are presented below. The first responded to the first research question, 

identifying the factors associated with progression at each decision point. The second and 

third sets of analysis responded to questions 2a and 2b, identifying patterns of progression-

based recurrence and exit-based recurrence, respectively.  

Analysis 1 - Factors associated with decisions 

The purpose of this analysis was to respond to the first research question: What are the child, 

family, and case characteristics associated with decisions about entry and exit from the child 

protection process? This was achieved by comparing children across a range of child, family, 

and case characteristics to see which children were most likely to progress at each decision.  

Some limitations of the data should be noted. While the relational structure of the data 

provided some flexibility in constructing data files for particular analyses, it remains the case 
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that the data were structured with survival analysis in mind. As such, to avoid left-censoring, 

the sample was framed around children subject to their first ever screened-in report, rather 

than all of the children subject to each decision over a given period of time. Furthermore, the 

one-year follow-up period is sufficient for analysis of factors associated with the first 

subsequent event since most child protection recurrence takes place soon after the index 

event (Bae et al., 2010; DePanfilis & Zuravin, 1999a). However, with a more extended 

timeframe it would be possible to identify children who were repeatedly and consistently 

subject to the same outcome at the same decision. Notwithstanding these limitations, it was 

possible to identify the factors associated with progression and exit at each decision.   

Dependent variables 

Three separate dependent variables, corresponding to each of the decisions being explored, 

are described in turn below. 

Rate of reporting 

Children were categorised according to the rate at which they were reported during the 12-

month observation period. There was insufficient variation in rates of reporting during the 

observation period to use a continuous variable, so a binary measure (high frequency 

reporting/low frequency reporting) was used. Children subject to at least three reports during 

the observation period were classified as frequently reported. 

Although some children were subject to reports prior to the observation period and counts of 

these reports were available, this information was excluded from analysis for two reasons. 

Firstly, reports received prior to the observation period were made over varied and unknown 

timeframes. It was therefore not possible to include these in a calculation of a rate of reports 

per year. Secondly, because the observation period commences with an index event which is 

the child’s first ever screened-in report, all reports made previously were necessarily screened 

out. As such, reporting that took place prior to the index event would not just be positively 



112 

 

associated with the reporting criteria, but would also be negatively associated with the 

screening criteria. To ensure only the factors associated with the reporting criteria were 

identified, only reports subsequent to the index event, which may or may not have been 

screened in, were included. 

Rate of screening 

Creating a variable that measured the rate at which children progressed through the screening 

decision was problematic because children were only included in the sample when they were 

subject to their first ever screened-in report. Therefore, all children in the sample met the 

screening criteria at least once, while children who consistently failed to meet the screening 

criteria were excluded from the analysis. However, it was still possible to identify children 

from within the sample who met the screening criteria more and less consistently.  

In constructing this variable, it was necessary to exclude the index event, which was 

deliberately selected as the first ever screened-in report. To avoid this selection bias, the 

screening rate was calculated as the proportion of all reports, whether before or after the 

index event, that were screened-in.  Children who were not subject to any other reports were 

therefore missing on this variable and excluded from analysis. 

As with the first dependent variable, there was not sufficient variation to use a continuous 

measure, so a binary measure was constructed. Children with a screening rate of 50% or more 

were classified as having a high screening rate, and children with a screening rate of less than 

50% were classified as having a low screening rate.  

Rate of need for protection 

The construction of the third dependent variable was comparatively straightforward. The 

index event represents the first time children were subject to this decision with the details of 

all subsequent protection decisions made over the next 12 months known. The rate of need 
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for protection was therefore calculated as the proportion of protection decisions that resulted 

in a finding of need for protection. A binary variable was constructed with children in need of 

protection 50% of the time or more classified as more likely to progress, and children in need 

of protection less than 50% of the time less likely to progress.  

Independent variables 

Demographic details including sex, Indigenous status, and age (measured as time between the 

child’s date of birth recorded on their person profile and the date of their first screened-in 

report) were drawn from the person profile. The number of children in the household was 

measured as the number of children recorded in the Intake Event. In addition to broad types 

of maltreatment alleged at the index event (physical, neglect, sexual, and emotional), specific 

categories from the SDM Screening Tool were included. To accommodate reports that 

contained allegations of more than one type of maltreatment, alleged harm types were 

recorded as four separate binary variables. Responses to individual items from the SDM 

Family Risk Evaluation as well as assigned risk category (low, moderate, high, or very high) 

were included. Where items were repeated or similar across the Abuse Scale and the Neglect 

Scale of the SDM Family Risk Evaluation, these were combined into single variables. For 

example, parental drug use was indicated if this was selected on either of the two scales. 

Three different iterations of the SDM Family Risk Evaluation were used in Queensland 

during the data collection period. Items only collected for a short period and therefore only a 

small number of children were excluded from analysis. 

Care was taken in constructing variables relating to the outcomes of investigations due to the 

conceptual overlap between these items and the third dependent variable, the rate of need for 

protection. Where children are assessed to be at risk of harm, they are, by definition, in need 

of protection. Therefore, only actual harm was included in the four substantiated harm type 

variables (physical, neglect, sexual, and emotional). Similarly, substantiation was not 
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included as an independent variable because children in need of protection are automatically 

classified as substantiated.   

Analysis 

Relationships between categorical independent variables and the three dependent variables 

were assessed with cross-tabulations with significance measured using chi squared statistics. 

Odds ratios were then calculated to indicate the likelihood of being included in the high 

report, high screening, and high need for protection groups. Binomial logistic regressions 

were used to measure odds ratios associated with continuous variables. Odds ratios above 1 

indicated that a variable was associated with increased likelihood of progression, and odds 

ratios below 1 indicated the variable was associated with decreased likelihood of progression.  

Analysis 2 - Factors associated with progression-based 

recurrence 

The purpose of this analysis was to respond to the first part of the second research question:  

2) What are the patterns of child protection recurrence? 

a) What are the child, family, and case characteristics associated with different types of 

progression-based recurrence, including: 

i) a subsequent report? 

ii) a subsequent investigation? 

iii) a subsequent substantiation? 

iv) subsequent need for protection? 

This was achieved by measuring the time to recurrence for children with different child, 

family, and case characteristics.  
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Dependent variables 

Child protection recurrence was operationalised in four different dependent variables. Firstly, 

time to subsequent report was measured as the number of days between the index event (i.e. 

first ever screened-in report) and the first subsequent child protection report. Secondly, time 

to subsequent investigation was measured as the number of days from the index event to the 

first subsequent report that was screened in for investigation. Thirdly, time to subsequent 

substantiation was measured as the number of days between the index event and the first 

subsequent report that resulted in a substantiation. Lastly, time to subsequent need for 

protection was measured as the time from the index event to the first subsequent report that 

resulted in a finding of need for protection.  

Independent variables 

As in the previous analysis, sex, Indigenous status, and age were drawn from person profiles, 

and the number of children in the household was drawn from the Intake Event. From the 

SDM Screening Tool, types of alleged maltreatment, including the four main broad 

categories and 17 sub-categories, were used. Items from the SDM Family Risk Evaluation 

and assigned risk categories (low, moderate, high, and very high) were also included along 

with types of harm substantiated.  

In the previous analysis, it was not possible to use investigation outcome as an independent 

variable as this was used in the construction of the dependent variables. This was not an issue 

for the present analysis. Dependent variables relate to the time to subsequent case outcomes, 

so it was possible to use the outcome of the initial investigation as an independent variable. 

Investigation outcomes included: 

 Unsubstantiated: the child was not harmed and was not at risk of harm 
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 Substantiated – Child not in need of protection: the child was harmed in the past but 

not at risk of future harm and therefore not subject to intervention 

 Substantiated – Child in need of protection: the child was at risk of future harm and 

therefore subject to intervention. (The child may or may not have been harmed in the 

past).  

In addition, there were four binary variables relating to types of substantiated harm or risk of 

harm caused by neglect, physical abuse, sexual abuse, and emotional.  

Analysis 

Separate Cox proportional hazard models were run for each independent variable using each 

of the four dependant variables. This resulted in 224 separate Cox proportional hazard 

models. Hazard ratios over 1 represent increased likelihood of recurrence, while hazard ratios 

below 1 represent a decreased likelihood of recurrence. Survival curves for key independent 

variables are also presented.  

Analysis 3 - Factors associated with exit-based recurrence 

The purpose of this analysis was to answer the second part of the second research question:  

b) What are the child, family, and case characteristics associated with different types of 

exit-based recurrence, including: 

i) recurrence at the screening decision? 

ii) recurrence at the protection decision? 

iii) recurrence after intervention? 

This was achieved by comparing children across a range of child, family, and case 

characteristics to see which children were most likely to be subject to each type of recurrence.  
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Dependent variable 

The dependent variable divides the sample of children into the four categories as set out in 

Chapter 3. Namely, children subject to recurrence at the screening decision, children subject 

to recurrence at the protection decision, children subject to recurrence after intervention, and 

children who are not subject to recurrence. Because these categories are mutually exclusive, 

they were combined into a single categorical variable.  

The same limitations identified in Analysis 1 apply here. Because the data were originally 

intended for survival analysis, children were sampled from their first ever screened-in report 

and followed for 12 months. Children who were subject exclusively to repeated screened-out 

reports were therefore excluded from the sample. Furthermore, the limited follow-up meant 

that it was not always possible to identify a consistent pattern of recurrence for individual 

children. Notwithstanding these limitations, it was possible to categorise the sampled children 

according to their pattern of recurrence. The operational definitions for these four categories 

are set out below. 

No recurrence 

Children were included in this category when: 

 They were not subject to any reports prior to their index event, and 

 They were not subject to any reports in the 12 months following the index 

event. 

Recurrence at the screening decision 

As mentioned above, children who were subject to repeated screened-out reports exclusively 

were not included in the sample. However, a substantial number of children were subject to 

multiple screened-out reports with their index event representing their only screened-in 

report. Despite being screened in one time, it is reasonable to classify these children as being 
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subject to a pattern of repeated screened-out reports. Children were included in this category 

when: 

 They were subject to at least 2 screened-out reports, and 

 Their index event represents their only screened-in report 

Recurrence at the protection decision 

The group of children repeatedly reported, screened in, and found not in need of protection 

was relatively small. Some flexibility was therefore required to ensure sufficient statistical 

power for analysis. Therefore, children were not excluded if they were also subject to some 

screened-out reports, as long as they were repeatedly assessed to be not in need of protection. 

Children were included in this category when: 

 They were subject to at least one subsequent screened-in report, and 

 They were assessed to be not in need of protection at all investigations (including the 

index event) 

Repeatedly in need of protection 

Given the relatively low overall rates of children being assessed as in need of protection 

(Department of Communities, 2013b), some flexibility was required for this category as well. 

If children were also subject to some screened-out reports or assessed to be not in need of 

protection, they were retained in the category. As such children were included when: 

 They were assessed to be in need of protection at least twice during the 12 month 

observation period (this may or may not include their index event). 

Unclassified 

For a small number of children, it was not possible to identify a dominant pattern of 

recurrence. For example, it would not be possible to classify a child subject to one screened-
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out report, assessed to be not in need of protection one time, and assessed to be in need of 

protection at another time. It is possible that, with a longer follow-up period, some of these 

children could be classified as a dominant pattern of recurrence may have become apparent 

over time. However, for the purpose of this analysis, children who did not meet any of the 

operational definitions outlined above were left unclassified and therefore excluded from the 

analysis. Relatively few children (4.1% of the sample) were unclassified.  

Independent variables 

The independent variables were the same as those used in Analysis 1. Sex, Indigenous status, 

age, and number of children in the household were used. The items of the SDM Screening 

Tool, including categories and sub-categories of alleged maltreatment were used, along with 

items and risk category from the SDM Family Risk Evaluation.  

As in Analysis 1, the investigation outcome was used in constructing the dependent variable, 

so this could not be used as an independent variable. However, as in Analysis 1, it was 

possible to use the four types of substantiated harm recorded on the initial investigation.  

Analysis 

Relationships between categorical independent variables and the dependent variable were 

assessed with cross-tabulations with significance measured using chi squared statistics. Odds 

ratios were then calculated to indicate the likelihood of being included in each of the 

recurrence categories, with the no recurrence used as the reference category. Multinomial 

logistic regressions were used to measure odds ratios associated with continuous variables, 

again, with no recurrence used as the reference category. Odds ratios above 1 indicated an 

increased likelihood of recurrence and odds ratios below 1 indicated a decreased likelihood of 

recurrence.  
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Conclusion 

As summarised in Table 4.2 below, three sets of empirical analyses were conducted on the 

administrative data relating to the sample of 9,608 children subject to child protection 

involvement in Queensland, Australia. Analysis 1 responded to the first research question by 

identifying the factors associated with progression at each child protection decision. The 

remaining two analyses responded to the second research question, which relates to patterns 

of child protection recurrence. Analysis 2 was conducted to identify the factors associated 

with progression-based recurrence and Analysis 3 identified the factors associated with exit-

based recurrence by categorising children according to their type of recurrence.
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Table 4.2: Summary of research questions and analyses 

Analysis Research question Dependent variables Independent variables Analysis 
1 1) What are the child, family, and 

case characteristics associated 
with decisions about entry and 
exit from the child protection 
process? 

 Three binary variables 

 High rate of progression 
o Reporting – At least 3 reports in 

reference period 
o Screening – Screening rate 

>=50% 
o Protection – Protection rate 

>=50% 

 Demographics 

 SDM Screening Tool 
items 

 SDM Family Risk 
Evaluation items 

 Substantiated harms 

 Initial case outcome 

 Odds ratios associated 
with progression 
o Chi squared for 

categorical IVs 
o Binomial logistic 

regression for 
continuous IVs 

2 2) What are the patterns of child 
protection recurrence? 

a) What are the child, family, 
and case characteristics 
associated with different 
types of progression-based 
recurrence, including: 

i) a subsequent report? 
ii) a subsequent investigation? 
iii) a subsequent 

substantiation? 
iv) subsequent need for 

protection? 

 Four variables 

 Time from initial screened-in report 
to subsequent event: 
o Subsequent report 
o Subsequent investigation 
o Subsequent substantiation 
o Subsequent need for protection 

 Demographics 

 SDM Screening Tool 
items 

 SDM Family Risk 
Evaluation items 

 Substantiated harms 

 Initial case outcome 

 Cox proportional hazard 

3 b) What are the child, family, and 
case characteristics associated 
with different types of exit-
based recurrence, including: 

i) recurrence at the screening 
decision? 

ii) recurrence at the protection 
decision? 

iii) recurrence after 
intervention? 

 Single categorical variable 
o No recurrence (ref) 
o Recurrence at screening – at 

least 2 screened-out reports, no 
subsequent screened-in 
reports. 

o Recurrence at protection – 
subsequently screened-in, 
never in need of protection. 

o Recurrence after intervention – 
in need of protection multiple 
times 

 Demographics 

 SDM Screening Tool 
items 

 SDM Family Risk 
Evaluation items 

 Substantiated harms 

 Initial case outcome 

 Odds ratios associated 
with recurrence 
o Chi squared for 

categorical IVs 
o Multinomial logistic 

regression for 
continuous IVs 
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The findings of each set of analysis are presented in the following three chapters. 

Chapter 5 sets out the factors associated with progression at each decision, Chapter 6 

describes the patterns of progression-based recurrence, and Chapter 7 describes patterns 

of exit-based recurrence. These separate analyses relate to individual children, which 

are the sub-units of analysis embedded in the larger case study. Consistent with systems 

thinking, the primary unit of analysis is the system of recurrence, which must be 

understood holistically. In Chapter 8, the findings of these separate analyses are 

discussed and related to the system of recurrence. In the final chapter, Chapter 9, 

conclusions about the mechanism for recurrence and future directions for policy and 

research are put forward.  
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CHAPTER 5:  FACTORS ASSOCIATED 

WITH DECISIONS 

The findings in this chapter respond to the first research sub-question:  

1) What are the child, family, and case characteristics associated with decisions about 

entry and exit from the child protection process? 

The analysis drew on a sample of 9,608 children subject to their first ever screened-in 

report in 2010-11. Administrative data about children’s first ever screened-in report as 

well as information from person profiles, initial risk assessment, and the initial 

investigation outcome were supplied by the child protection authority, in addition to 

information about all subsequent child protection activity occurring within a 

standardised 12-month follow-up period.  

To isolate the factors associated with progression at individual decision points, it was 

necessary to control for the influence of previous decision points. For example, it was 

necessary to distinguish between children who consistently met the screening criteria 

and children who were relatively poor matches for the screening criteria but were 

reported with sufficient frequency to be subject to similar numbers of screened-in 

reports. Full descriptions of the three dependent variables are set out in Chapter 4, but 

briefly, these variables were intended to classify children according to how consistently 

they met each decision point by measuring the proportion of each type of decision they 

were subject to that resulted in progression rather than exit.  

Independent variables were drawn primarily from the person profile, SDM Screening 

Tool, and the SDM Family Risk Evaluation. Given that dependent variables related to 
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decision outcomes, including those from the index event, decision outcomes such as 

substantiation or need for protection could not be used as independent variables. 

However, types of harm substantiated (excluding risk of harm) could be included 

because, in Queensland, evidence of harm is neither necessary nor sufficient for a child 

to be considered in need of protection. In the first section below, summary statistics for 

dependent variables are provided followed by findings about relationships between 

independent and dependent variables.  

Dependent variables 

As described in Chapter 4, children were classified according to the rate at which they 

progressed at the reporting, screening, and protection decisions.  Because the sample 

was structured around children subject to their first ever screened-in report, it was not 

possible to classify children as more or less likely to meet the screening criteria unless 

they were subject to some other screening decisions. Given this, 3,209 children were 

excluded from analysis about the screening criteria. All 9,608 children were used for 

analysis of the reporting and protection criteria, as shown in Table 5.1 below. 

Table 5.1: Children by rate of progression at each decision 

  
High rate of 
progression 

Low rate of 
progression Total 

  N % N % N % 

Reporting decision 1,768 18.4% 7,840 81.6% 9,608 100% 

Screening decision 801 12.5% 5,598 87.5% 6,399 100% 

Protection decision 1,719 17.9% 7,889 82.1% 9,608 100% 

 

Just fewer than one in five children (18.4%) were classified as consistently meeting the 

reporting criteria. Slightly smaller proportions were classified as consistently meeting 

the screening criteria (12.5%) and the protection criteria (17.9%). 
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Results 

The sections below show how each independent variable related to the odds of 

consistently meeting each decision criteria. Odds ratios above 1 indicate that the 

variable was positively associated with consistently meeting the criteria at the specified 

decision point, while ratios below 1 indicate that the variable was associated with a 

decreased likelihood of consistently meeting the criteria.  

Demographic factors 

Information about sex, Indigenous status, and age were drawn from the person profile 

and represent information that was updated and verified during the course of the 

investigation. The number of children in the household related to the number of children 

subject to investigation. 
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Table 5.2: Associations between demographic factors and progression at decisions 

      
Odds ratio for progressing at a 

high rate 

  Na 
%b 
M(SD)c 

Reporting 
decision 

Screening 
decision 

Protection 
decision 

Sex 9,447         

     Male (ref)  49.4%    
     Female  50.6% 1.00 1.00 0.97 

Indigenous status 9,608     
     Non-Indigenous (ref)  77.1%    
     Indigenous  22.9% 1.52** 1.61** 1.98** 

Age at initial report (years) 9,594 5.3 (5.2) 0.95** 0.86** 0.89** 

Number of children in 
household at report 9,608 2.8 (1.7) 1.05** 0.94** 0.92** 

*Odds ratio is significantly different from 1 (p <0.05) 
**Odds ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 
c. For continuous variables, mean and standard deviation for valid cases 

 

Demographic variables had varied relationships with the dependent variables, although 

for each independent variable, relationships were generally in the same direction. 

Gender showed no relationship with any decision point, with odds ratios for females 

compared to males approximately 1. In contrast, Indigenous status was positively 

related to progression at all three decision points, with odds ratios between 1.52 and 

1.98, while age was negatively associated with progression at each of the three decision 

points with odds ratios under 0.95.  

On the other hand, the number of children living in the household was positively 

associated with progression at the reporting decision but negatively associated with 

progression at the screening and protection decisions. For every additional child in the 

household, the odds of progressing at a high rate at the reporting decision increased by 

5% but the odds of progressing at the screening decision decreased by 6%, and the odds 

of being consistently in need of protection decreased by 8%. 
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SDM Screening Tool items 

The items in Table 5.3 were drawn from the SDM Screening Tool completed at 

children’s first ever screened-in report. Every child must have been indicated on at least 

one item. Odds ratios for sub-categories are presented first. These items are organised 

on the form into four main categories of maltreatment. Odds ratios associated with these 

broader categories are also presented. 

Only two items on the SDM Screening Tool were related with all three decisions in the 

same direction. Where the child’s first screened-in report related to sexual contact or 

exploitation, the odds of  being reported at a high rate (odds ratio 0.76), being screened 

in at a high rate (odds ratio 0.76), or needing protection at a high rate (odds ratio 0.58) 

were significantly reduced. This same pattern was observed with the broad category of 

sexual abuse. Reports involving unborn children also had a consistent relationship with 

each of the decision points, although in a positive direction. Where a child’s initial 

report involved an unborn child, the odds of being reported at a high rate (odds ratio 

1.46), screened in at a high rate (odds ratio 7.03) and needing protection at a high rate 

(odds ratio 5.45) were significantly higher. In addition, initial reports alleging any form 

of neglect were positively associated with progression at all three decisions, with odds 

ratios ranging from 1.27 to 2.13, although this was not the case for any of the individual 

types of allegations of neglect.  
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Table 5.3: Associations between SDM Screening Tool items and progression at 

decisions 

      
Odds ratio for progressing at a 

high rate 

  Na %b  
Reporting 
decision 

Screening 
decision 

Protection 
decision 

Neglect 9,608     
Inadequate supervision  13.4% 1.21* 0.78* 0.91 

Inadequate basic care  14.7% 1.22** 1.19 1.60** 

Abandonment/ 
relinquishment  2.8% 0.98 0.90 2.23** 

Failure to protect  11.5% 1.29** 0.67** 0.72** 

Physical 9,608     
Non-accidental injury or 
illness  8.8% 0.85 0.87 0.87 

Suspicious injury or illness  4.7% 0.73* 0.70 1.01 

Excessively harsh discipline  10.5% 0.52** 0.78 0.34** 

Domestic violence  20.3% 1.16* 0.80* 0.66** 

Sexual 9,608     
Sexual contact or exploitation  11.4% 0.76** 0.76* 0.58** 

Sexual contact or exploitation 
by another child  1.1% 1.08 0.24* 0.50* 

Suspicious indicators 
consistent with sexual abuse  2.1% 0.85 0.44* 0.65* 

Emotional 9,608     

Chronic rejection, criticism, 
scapegoating, ignoring, 
isolating or terrorising  5.1% 0.87 0.59* 0.57** 

Parental conditions/ 
behaviours have led to 
emotional harm  15.2% 1.26** 0.55** 0.91 

Domestic violence  26.2% 1.36** 0.68** 0.62** 

      

Unborn child likely to 
experience abuse or neglect 
after birth 9,608 9.8% 1.46** 7.03** 5.45** 

      
Report screened in for: 9,608     
     Neglect  40.4% 1.27** 1.61** 2.13** 

     Physical abuse  44.3% 0.89* 1.30** 1.03 

     Sexual abuse  13.9% 0.78** 0.73* 0.72** 

     Emotional abuse   47.1% 1.26** 0.83* 0.95 

*Odds ratio is significantly different from 1 (p <0.05) 
**Odds ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 
c. For continuous variables, mean and standard deviation for valid cases 
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A range of other items were related to two decision points in the same direction but did 

not display any contradictory associations. For example, where an initial report related 

to inadequate basic care, the odds of progressing at a high rate at the reporting decision 

were 1.22 times greater and the odds of progressing at a high rate at the protection 

decision were 1.6 times greater, but there was no significant difference in the odds of 

progressing at a high rate at the screening decision. Likewise, ‘excessively harsh 

discipline’ was negatively associated with progression at two out of three decisions, 

with an odds ratio of 0.52 for the reporting decision and 0.34 for the protection decision. 

‘Sexual contact or exploitation by another child’, ‘suspicious indicators consistent with 

sexual abuse’, and ‘chronic rejection, criticism, scapegoating, ignoring, isolating or 

terrorising’ were all associated with reduced odds of progressing at a high rate at the 

screening decision and the protection decision, but had no significant relationship with 

the reporting decision. 

Variables that showed limited or no relationship with decisions included 

‘abandonment/relinquishment’ and ’risk of neglect following the death of a sibling’ 

(associated only with the protection decision), and suspicious injury or illness 

(negatively associated with reporting). ‘Youth homelessness’, ‘non-accidental injury or 

illness’, and’ risk of physical harm after the death of a sibling’ were not associated with 

any of the decisions. 

Of particular interest were variables that displayed contradictory relationships across the 

three decision criteria. In most of these cases, the variable was associated with increased 

odds of progressing at a high rate at the reporting decision and decreased odds of 

progressing at a high rate at the screening decision. This was the case for ‘inadequate 

supervision’, ‘parental conditions/behaviours have led to emotional harm’, and the 

aggregation of all reports related to emotional abuse. In addition, ‘failure to protect’, 

domestic violence causing physical harm, and domestic violence causing emotional 
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harm were associated with increased odds of consistently progressing at the reporting 

decision, and decreased odds of progressing at the screening and protection decisions. 

The broad category of physical abuse reversed this pattern with children reported for 

some form of physical abuse showing decreased odds of progressing at a high rate at the 

reporting decision (odds ratio 0.89) and increased odds of progressing at a high rate at 

the screening decision (odds ratio 1.30). 

SDM Family Risk Evaluation items 

The SDM Family Risk Evaluation is organised into two scales: the Abuse Scale and the 

Neglect Scale. In the tables below, odds ratios associated with each individual item are 

presented first, followed by odds ratios associated with the overall risk rating, which is 

derived from the scores that children receive on these scales. 

There were a number of items that were either directly repeated across the Abuse Scale 

and the Neglect Scale or were sufficiently similar to be combined. Parental substance 

abuse includes any case where either recent or past substance use is indicated for either 

a primary or secondary parent on either the Abuse Scale or Neglect Scale. Primary 

parent has/had mental health problem includes both recent and past mental health 

problem. The remaining three items were duplicated across both scales so relate to cases 

where either, or more usually both, items were indicated. 
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Table 5.4: Associations between SDM Family Risk Evaluation items (Abuse and 

Neglect Scales) and progression at decisions 

    
Odds ratio for progressing at a 

high rate 

  Na %b 
Reporting 
decision 

Screening 
decision 

Protection 
decision 

Parental substance use, 
recent or past 8,708 34.4% 1.58** 1.64** 3.61** 

Primary parent has/had 
mental health problem 8,708 24.8% 1.40** 1.39** 2.36** 

Primary parent has criminal 
history 8,708 23.3% 1.49** 1.61** 3.46** 

Prior ongoing intervention in 
household 8,708 10.6% 1.58** 3.18** 5.84** 
Parent abuse/neglected as a 
child 8,708 25.9% 1.50** 1.74** 2.86** 

*Odds ratio is significantly different from 1 (p <0.05) 
**Odds ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 
c. For continuous variables, mean and standard deviation for valid cases 

 

Items that were shared across both scales had positive associations with progression at 

all three decisions. Where these items were indicated for a child, their odds of being 

reported at a high rate were at least 1.4 times greater (where the primary parent has/had 

a mental health problem) and up to 1.58 times (where parental substance use was 

indicated or where there was prior ongoing intervention in the household). Odds ratios 

for progressing at a high rate at the screening criteria were also significantly above 1 in 

all cases. Prior ongoing intervention in the household was a particularly strong predictor 

with the odds of progressing at a high rate at the screening decision more than tripled 

where this item was indicated.  All items were strongly predictive of progression at the 

protection decision, with prior ongoing intervention again showing the highest odds 

ratio.  
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There were thirteen items unique to the Abuse Scale. Associations between these items 

and progression at decisions are included in Table 5.5 below.  

Table 5.5: Associations between SDM Family Risk Evaluation (Abuse Scale) items 

and progression at decisions 

      
Odds ratio for progressing at a 

high rate 

  Na %b  
Reporting 
decision 

Screening 
decision 

Protection 
decision 

Current investigation 
substantiated for abuse 8,708 14.3% 0.76** 1.45** 3.09** 

Number of prior screened-in 
reports alleging abuse 8,708     
     None (ref)  75.1%    
     One  12.9% 1.25** 1.66** 2.10** 

     Two or more  12.0% 1.72** 1.99** 4.06** 

Prior injury to a child resulting 
from abuse/neglect 8,708 7.2% 1.02 2.23** 3.98** 

Primary parent blames child 
for abuse/neglect  8,573 3.2% 0.76 1.01 4.12** 

Primary parent justifies 
abuse/neglect 8,573 4.7% 0.53** 1.39 6.08** 
Domestic violence in past 
year 8,708 28.8% 1.93** 1.00 2.01** 

Insufficient 
emotional/psychological 
support 8,708 6.0% 0.78* 1.20 6.83** 

Excessive/inappropriate 
discipline 8,708 3.9% 0.74 1.13 3.75** 

Domineering parent 8,708 1.4% 0.61 1.25 3.17** 

Child offends 8,573 1.3% 0.79 0.38 1.21 

Child developmentally 
delayed 8,573 7.9% 1.07 1.10 1.83** 

Child has mental or 
behavioural disability 8,573 9.4% 0.99 0.87 1.48** 

*Odds ratio is significantly different from 1 (p <0.05) 
**Odds ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 
c. For continuous variables, mean and standard deviation for valid cases 

 

All but one of the items on the Abuse Scale were positively associated with progression 

at the protection decision. The odds of children progressing at a high rate at the 
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protection decision were 1.48 times greater where a child in the household had a mental 

or behavioural disability, and up to 6.83 times greater where parents provided 

insufficient emotional/psychological support. Odds ratios for other items fell in 

between, except for ‘child offends’, which showed no significant relationship with 

progression at any decision.  

The only item unique to the Abuse Scale positively associated with progression at all 

three decisions was ‘number of prior screened-in reports alleging abuse’. The odds of 

children from households with prior screened-in reports consistently progressing at the 

reporting, screening, and protection decisions were greater than children from other 

households, with odds ratios more pronounced for children in households subject to 

multiple screened-in reports for abuse. Two other items were associated with high rates 

of progression at the screening decision: ‘current investigation substantiated for abuse’ 

(odds ratio 1.45) and’ prior injury to a child resulting from abuse/neglect’ (odds ratio 

2.23). Domestic violence in the past year was associated with high rates of reporting 

(odds ratio 1.93). Most of the items on the Abuse Scale had no relationship with 

progression at the reporting decision or the screening decision, although in some cases, 

this may have related to a lack of statistical power for rarely indicated items, such as 

‘child offends’, indicated in 1.3% of valid cases, and ‘domineering parent’, indicated in 

1.4% of cases.  

 Two items were negatively associated with high rates of progression at the reporting 

decision. Where a primary parent justified abuse or neglect, the odds of consistently 

progressing at the reporting decision were approximately halved (odds ratio 0.53), and 

where there was insufficient emotional or psychological support the odds ratio was 

0.78. In both cases, there was a strong association with the protection decision with the 

odds of progressing at a high rate increased by more than sixfold (odds ratios 6.08 and 

6.83 respectively). 
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Items included exclusively on the Neglect Scale are presented in the Table 5.6 below.  

Table 5.6: Associations between SDM Family Risk Evaluation (Neglect Scale) 

items and progression at decisions 

      
Odds ratio for progressing at a 

high rate 

  Na %b 
Reporting 
decision 

Screening 
decision 

Protection 
decision 

Current  report alleges 
neglect 8,708 39.6% 1.19** 1.40* 2.79** 
Prior screened-in reports for 
neglect 8,708     
     None(ref)  68.3%    
     One or more abuse only  12.9% 1.31** 1.34** 1.68** 

     One or two for neglect  11.9% 1.91** 2.17** 3.56** 

     Three or more for neglect  6.9% 2.02** 2.61** 8.20** 

Four or more children in 
household 8,708 25.2% 1.29** 1.09 1.15* 

Youngest child aged under 2 
years 8,708 45.6% 1.58** 2.90** 2.81** 

Care inconsistent with child 
needs 8,708 6.1% 0.73* 1.64** 11.22** 
A child has a physical 
disability 8,708 9.0% 1.04 0.99 1.69** 

A child is medically fragile 8,708 2.1% 0.95 1.79* 4.27** 

A child with positive 
toxicology screening at birth 8,708 0.6% 2.18** 1.58 11.30** 

Housing physically unsafe 8,708 1.1% 0.83 2.69** 12.24** 

Family homeless 8,708 1.8% 0.81 3.44** 7.45** 

*Odds ratio is significantly different from 1 (p <0.05) 
**Odds ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 

 

Where the report related to neglect or where there had been past reports of neglect, the 

odds of progression was increased at each decision point. This is consistent with results 

from the SDM Screening Tool, which also indicate reports for neglect were more likely 

to progress at high rates. Likewise, having a child in the household aged under 2 years 

was positively associated with high rates of progression at each decision point, which is 

also consistent with findings about child age.  
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All items were positively associated with progression at the protection decision, with 

some items associated with a more than tenfold increase in the odds of progressing at a 

high rate, including ‘care is inconsistent with child needs’ (odds ratio 11.22), ‘a child 

with a positive toxicology screening at birth’ (odds ratio 11.30), and ‘housing physically 

unsafe’ (odds ratio 12.24). Most items were also associated with one other decision. 

Having more than four children in the household and having a child with a positive 

toxicology screening at birth were both associated with progression at the reporting 

decision, while having a child who is medically fragile, physically unsafe housing, or 

being homeless were associated with progression at the screening decision.  

Where care was inconsistent with child needs, children were less likely to be reported at 

a high rate (odds ratio 0.73). As with items on the Abuse Scale negatively associated 

with progression at the reporting decision, this item had a strong positive relationship 

with progression at the protection decision (odds ratio 11.22). 

Children are allocated separate risk ratings for the Abuse Scale and the Neglect Scale. 

Their overall risk rating, which is used to guide decision making about the need for 

protection, is the higher of these two ratings. The table below shows the relationship 

between these overall risk ratings and each the of the decision points. 
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Table 5.7: Associations between SDM Family Risk Evaluation risk rating and 

progression at decisions 

      
Odds ratio for progressing at a 

high rate 

  Na %b  
Reporting 
decision 

Screening 
decision 

Protection 
decision 

Final risk level 8,708     
     Moderate (ref)  38.3%    
     Low  24.4% 0.57** 0.69** 0.19** 

     High  18.1% 1.42** 1.59** 4.35** 

     Very high   9.8% 1.48** 3.69** 15.45** 

*Odds ratio is significantly different from 1 (p <0.05) 
**Odds ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 

 

The moderate risk rating was used as the reference category. In all cases, risk ratings 

were associated with progression at decisions in the expected directions. Children 

classified as low risk had significantly reduced odds of progressing at the reporting 

decision (odds ratio 0.57), the screening decision (odds ratio 0.69), and the protection 

decision (odds ratio 0.19). Children classified as high or very high risk had similarly 

elevated odds of progressing at high rates at the reporting decision (odds ratios 1.42 and 

1.48 respectively). High risk and very high risk children were also more likely to 

progress at high rates at the screening decision (odds ratios 1.59 and 3.69) and 

protection decision (4.35 and 15.45), however relationships were substantially more 

pronounced for the very high risk children.  

Overall, SDM Family Risk Evaluation items were strongly related to progression at the 

protection decision but had more equivocal relationships with other decision points. A 

small group of variables were positively related to progression at all decisions, but in 

most cases, items were unrelated to one or both of the earlier decision points. A small 

number of items were negatively associated with the reporting criteria, and these items 

were strongly associated with progression at the protection decision.   
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Substantiated harm 

Because the dependent variables relate to decision outcomes, it was not possible to use 

decision outcomes, such as substantiation, as independent variables. Children who are 

in need of protection are, by definition, also substantiated. Given the conceptual 

overlap, there is no need to test this association empirically. Likewise, children who are 

classified as at risk of harm are necessarily in need of protection. However, where harm 

(as opposed to the risk of harm) caused by maltreatment is substantiated, children may 

or may not be in need of protection, and conversely, children can be in need of 

protection whether harm is substantiated or not. Because these items are conceptually 

independent, it is worthwhile testing for an empirical relationship. Odds ratios for 

progressing at a high rate related to each type of harm are set out in the table below. 

Table 5.8: Associations between substantiated harm and progression at decisions 

      
Odds ratio for progressing at a 

high rate 

  N 
% or 
M(SD) 

Reporting 
decision 

Screening 
decision 

Protection 
decision 

Types of harm substantiated 9,608     
     Neglect   12.2% 0.83 1.06 8.58** 

     Physical abuse   12.4% 0.71* 1.13 2.19** 

     Sexual abuse   2.8% 0.66 0.46 1.19 

     Emotional abuse   16.3% 1.14 0.69** 2.10** 

*Odds ratio is significantly different from 1 (p <0.05) 
**Odds ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 
c. For continuous variables, mean and standard deviation for valid cases 

 

Substantiated harm caused by neglect, physical abuse, and emotional abuse were all 

associated with high rates of progression at the protection decision. Odds of consistently 

progressing at a high rate at the protection criteria were slightly more than doubled 

where physical and emotional abuse were substantiated (odds ratios 2.19 and 2.10 

respectively), and more than eight times greater where harm caused by neglect was 
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substantiated (odds ratio 8.58). However, none of the substantiated harm types were 

positively associated with progression at the reporting or screening decisions. Children 

who were harmed by neglect, sexual abuse, or emotional abuse were no more likely to 

progress at the reporting decision. However, children harmed by physical abuse were 

significantly less likely to progress at a high rate at the reporting decision (odds ratio 

0.71). Harm caused by emotional abuse was the only type associated with high rates of 

progression at the screening criteria, but again, this was a negative association. Where 

harm to children caused by emotional abuse was substantiated, they were significantly 

less likely to progress at the screening decision at high rates (odds ratio 0.69). 

Substantiated sexual abuse was not related to progression at any decision. However, this 

may have been related to statistical power with harm caused by sexual abuse 

substantiated in 2.8% of cases.   

Summary 

This chapter responds to the first research question by isolating the factors associated 

with high rates of progression at each decision by controlling for the influence of earlier 

decisions. A number of variables were either positively associated with progression at 

all three decisions or negatively associated with progression at all three decisions. These 

included demographic variables such as age and Indigenous status, reports classified by 

the SDM Screening Tool as relating to neglect or sexual abuse, and children classified 

as high or very high risk by the SDM Family Risk Evaluation. However, most variables 

were associated with progression at only one or two decision points. This was the case 

for the majority of individual items included on the SDM Screening Tool and the SDM 

Family Risk Evaluation. Some variables were positively associated with high rates of 

progression at one decision and negatively associated with progression at another 

decision, for example increased numbers of children living in the household, allegations 

of inadequate supervision, failure to protect and domestic violence.  
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The following chapter responds to the next research question by measuring the extent 

and patterns of progression-based child protection recurrence in the sample of 9,608 

children.  
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CHAPTER 6:  PROGRESSION-BASED 

RECURRENCE 

This chapter responds to the first part of the second research question: 

a) What are the child, family, and case characteristics associated with different 

types of progression-based recurrence, including: 

i) a subsequent report? 

ii) a subsequent investigation? 

iii) a subsequent substantiation? 

iv) subsequent need for protection? 

Progression-based recurrence refers to measures of recurrence that group children 

together who, following an index event, subsequently progress at least as far as a 

specified decision in the child protection process. As described in Chapter 4, the 

analyses below drew on a sample of 9,608 children subject to their first ever screened-in 

report in 2010-11. Administrative data were provided by the child protection authority 

for a standardised 12-month follow-up period for all sampled children. Time to 

recurrence was measured as the number of days between the index event (the child’s 

first ever screened-in report) and the subsequent event. Four separate subsequent events 

were used to construct separate dependent variables, specifically subsequent report, 

subsequent investigation, subsequent substantiation, and subsequent need for protection. 

Independent variables were drawn from person profiles of children and from forms 

completed by caseworkers at the intake, risk assessment, and investigation outcome of 

the index event. 
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The sections below present the rates of progression-based child protection recurrence 

observed during the follow-up period, followed by the results of Cox proportional 

hazard models that show the relationships between each of the independent variables 

and the four different measures of recurrence. 

Dependent variables 

The numbers and proportions of children subject to each type of progression-based 

recurrence are presented below. Progression-based categories are not mutually 

exclusive; each subsequent type of recurrence is a subset of the previous type. Of the 

3,838 children subject to a subsequent report, 1,749 had at least one report screened in, 

and of those children 827 were substantiated as being harmed or at risk of harm at least 

once during the follow-up period. Of the 827 children substantiated, 644 were also 

assessed to be in need of protection.  

Table 6.1: Children subject to progression-based recurrence 

  
Recurred within 

12 months 
Did not recur 

within 12 months Total 

 N % N % N % 

Subsequent report 3,838 39.9% 5,770 60.1% 9,608 100.0% 

Subsequently investigated  1,749 18.2% 7,859 81.8% 9,608 100.0% 

Subsequent substantiation 827 8.6% 8,781 91.4% 9,608 100.0% 

Subsequent protection 644 6.7% 8,964 93.3% 9,608 100.0% 

 

Most children (60.1%) were subject to no further child protection involvement within 

12 months of their first ever screened in report. The remaining 39.9% were subject to at 

least one subsequent report. Just under half of these children had at least one report 

screened in (18.2% of the total sample), and just under half of those children (8.6% of 

the total) were subject to a subsequent substantiation. Over three-quarters of the 

children subject to at least one subsequent substantiation (6.7% of the total sample) 

were assessed to be in need of protection at least once in the 12 month follow up period.  
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Results 

The series of tables below present the findings of the Cox proportional hazard models. 

Separate models were run for each of the independent variables in relation to each of the 

four dependent variables. For categorical independent variables the number of children 

with valid data (N) is presented along with the percentage of children meeting the 

condition. For continuous variables the N is presented along with the mean and standard 

deviation. Hazard ratios for each dependent variable are then presented. A hazard ratio 

above 1 indicates the variable is associated with greater recurrence, while a hazard ratio 

below 1 indicates an association with less recurrence. 

Demographic factors 

Table 6.2 contains the results for demographic variables about the child including age, 

Indigenous status, and number of children living in the household.  
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Table 6.2: Associations between demographic factors and progression-based 

recurrence 

   %b or 
M(SD)c 

Hazard ratio for subsequent child protection 
involvement 

  Na Report Investigation Sub Protect 

Sex 9,447           

     Male (ref)  49.4%     
     Female  50.6% 0.97 0.98 0.94 0.99 

Indigenous status 9,608      
     Non-Indigenous (ref)  77.1%     
     Indigenous  22.9% 1.39** 1.74** 2.09** 2.28** 

Age at initial report (years) 9,594 5.3 (5.2) 0.96** 0.92** 0.89** 0.85** 
Number of children in 
household at report 9,608 2.8 (1.7) 1.00 1.02 0.95* 0.93** 

*Hazard ratio is significantly different from 1 (p <0.05) 
**Hazard ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 
c. For continuous variables, mean and standard deviation for valid cases 

 

There were no significant gender differences in the hazards for any type of progression-

based recurrence. The number of children living in the household was not associated 

with subsequent reports, investigations, or substantiations, but had a weak negative 

association with subsequent substantiation and subsequent need for protection with 

hazard ratios of 0.95 and 0.93 respectively. Age had an inverse relationship with 

recurrence of all types, or put another way, young children were significantly more 

likely to be subject to all types of progression-based recurrence measured. Age was 

measured as a continuous variable in years, so while hazard ratios did not necessarily 

appear large, the differences in recurrence in early childhood, middle childhood and 

adolescence were substantial. Figure 6.1 below shows the survival curves for children 

of different age groups subject to a subsequent investigation. Age groups are the same 

as those used by Hélie et al. (2013). 
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Figure 6.1: Time to subsequent investigation by age group 

 

Indigenous status was a strong predictor of recurrence with Indigenous children 1.39 

times more likely to be subject to a subsequent report and 2.28 times more likely to be 

subsequently in need of protection. Figure 6.2 below shows the survival curves for 

children subject to a subsequent investigation by Indigenous status. For Indigenous 

children, the hazard for this type of recurrence was 1.74 times greater than for non-

Indigenous children.  
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Figure 6.2: Time to subsequent investigation by Indigenous status 

 

SDM Screening Tool items 

Items from the SDM Screening Tool, presented in Table 6.3 below, represent the 

allegations that were made at the time of the report. These allegations may or may not 

have been substantiated through the course of the investigation.  
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Table 6.3: Associations between SDM Screening Tool items and progression-based 

recurrence 

      
Hazard ratio for subsequent child protection 

involvement 

  Na %b Report Investigation Sub Protect 

Neglect 9,608      
Inadequate supervision  13.4% 1.12* 1.09 0.96 0.90 

Inadequate basic care  14.7% 1.10* 1.23** 1.38** 1.61** 

Abandonment/ relinquishment  2.8% 1.18 1.22 1.14 1.36 

Failure to protect  11.5% 1.15* 1.10 0.90 0.76* 

Physical 9,608      
Non-accidental injury or illness  8.8% 0.94 0.91 0.77 0.75 

Suspicious injury or illness  4.7% 0.79** 0.64** 0.52** 0.45** 

Excessively harsh discipline  10.5% 0.72** 0.58** 0.35** 0.22** 

Domestic violence  20.3% 1.11** 1.10 0.97 0.91 

Sexual 9,608      
Sexual contact or exploitation  11.4% 0.82** 0.62** 0.57** 0.55** 

Sexual contact or exploitation 
by another child  1.1% 1.09 0.36** 0.11* 0.14 

Suspicious indicators 
consistent with sexual abuse  2.1% 0.73* 0.67* 0.81 0.43* 

Emotional 9,608      

Chronic rejection, criticism, 
scapegoating, ignoring, 
isolating or terrorising  5.1% 0.86* 0.70** 0.77 0.68 

Parental conditions/ 
behaviours have led to 
emotional harm  15.2% 1.13* 0.87 0.95 0.82 

Domestic violence  26.2% 1.16** 1.19** 1.02 0.80* 

       

Unborn child likely to 
experience abuse or neglect 
after birth  9.8% 1.35** 2.35** 3.44** 4.54** 

       
Report screened in for: 9,608      
     Neglect  40.4% 1.19** 1.43** 1.57** 1.83** 

     Physical abuse  44.3% 0.98 1.05 1.07 1.13 

     Sexual abuse  13.9% 0.84** 0.63** 0.66** 0.61** 

     Emotional abuse   47.1% 1.14** 1.12* 1.17* 1.00 

*Hazard ratio is significantly different from 1 (p <0.05) 
**Hazard ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 
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Relationships between alleged maltreatment types and types of recurrence were 

relatively consistent across the different dependent variables. Neglect was associated 

with all forms of recurrence and, of the four different types of maltreatment, was the 

strongest predictor with hazard ratios varying from between 1.18 for a subsequent report 

up to 1.83 for a subsequent assessment of need for protection. Allegations of sexual 

abuse were associated with a reduced likelihood of recurrence, with hazard ratios for the 

various forms of recurrence between 0.84 for subsequent reports to 0.61 for subsequent 

need for protection. Comparatively weak but significant positive relationships were 

observed between allegations of emotional abuse and three out of the four forms of 

recurrence (hazard ratios between 1.12 and 1.17); no relationship was observed between 

allegations of emotional abuse and subsequent need for protection. Likewise, no 

significant relationships were observed between allegations of physical abuse and 

progression-based recurrence.   

SDM Family Risk Evaluation items 

The tables below show the hazard ratios for the individual items included on the SDM 

Family Risk Evaluation. The SDM Family Risk Evaluation is made up of two scales, 

one for abuse and one for neglect. Some items are duplicated across these scales. These 

items were combined into single variables and are presented in Table 6.4 below. Items 

exclusive to the Abuse Scale are included in Table 6.5 and items exclusive to the 

Neglect Scale are included in Table 6.6.  
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Table 6.4: Associations between SDM Family Risk Evaluation (Abuse and Neglect 

Scales) items and progression-based recurrence 

      
Hazard ratio for subsequent child protection 
involvement 

  Na %b Report Investigation Sub Protect 

Parental substance use, recent 
or past 8,708 34.4% 1.52** 1.91** 2.60** 3.19** 

Primary parent has/had mental 
health problem 8,708 24.8% 1.29** 1.38** 1.67** 2.01** 

Primary parent has criminal 
history 8,708 23.3% 1.50** 1.91** 2.37** 2.66** 

Prior ongoing intervention in 
household 8,708 10.6% 1.35** 1.91** 2.53** 3.16** 

Parent abuse/neglected as a 
child 8,708 25.9% 1.45** 1.69** 2.20** 2.64** 

*Hazard ratio is significantly different from 1 (p <0.05) 
**Hazard ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 

 

Items that were included on both the Abuse Scale and the Neglect Scale were all 

associated with all four progression-based types of recurrence. Variables relating to 

drug and alcohol misuse, mental health problems, domestic violence, and parental 

history of maltreatment victimisation as a child, and prior intervention in the household 

were amongst the best predictors of recurrence, with high hazard ratios (between 1.29 

and 3.16) and relatively large proportions of the sample indicated (between 10.6% and 

34.4% of the sample). 
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Table 6.5: Associations between SDM Family Risk Evaluation (Abuse Scale) items 

and progression-based recurrence 

      
Hazard ratio for subsequent child protection 

involvement 

  Na %b Report Investigation Sub Protect 

Current investigation 
substantiated for abuse 8,708 14.3% 0.87** 1.12 1.28* 1.31* 

Number of prior screened-in 
reports alleging abuse 8,708      
     None (ref)  75.1%     
     One  12.9% 1.23** 1.41** 1.51** 1.68** 

     Two or more  12.0% 1.43** 1.70** 2.09** 2.41** 

Prior injury to a child resulting 
from abuse/neglect 8,708 7.2% 1.00 1.20 1.31* 1.57** 

Primary parent blames child for 
abuse/neglect  8,573 3.2% 0.96 1.16 1.03 1.20 

Primary parent justifies 
abuse/neglect 8,573 4.7% 0.86 0.99 1.10 1.28 

Domestic violence in past year 8,708 28.8% 1.60** 1.75** 2.18** 2.45** 

Insufficient 
emotional/psychological 
support 8,708 6.0% 0.92 1.33** 1.61** 1.77** 

Excessive/inappropriate 
discipline 8,708 3.9% 0.77** 0.80 0.66 0.69 

Domineering parent 8,708 1.4% 0.93 0.84 0.85 1.00 

Child offends 8,573 1.3% 1.22 0.78 0.69 0.61 

Child developmentally delayed 8,573 7.9% 1.13* 1.33** 1.31* 1.37* 

Child has mental or 
behavioural disability 8,573 9.4% 1.09 1.18 1.09 1.09 

*Hazard ratio is significantly different from 1 (p <0.05) 
**Hazard ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 

 

Items from the Abuse Scale were generally associated high rates of recurrence. Prior 

screened-in reports alleging abuse, ‘domestic violence in the past year’, and ‘child 

developmentally delayed’ were associated with increased hazard of all four types of 

recurrence. In addition, ‘insufficient emotional/psychological support’ was associated 

with increased hazard of subsequent investigation, subsequent substantiation, and 

subsequent need for protection, and ‘prior injury caused by abuse and neglect’ was 
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associated with subsequent substantiation and subsequent need for protection. There 

were 5 items that were not related to any progression-based type of recurrence: ‘primary 

parent blames child for abuse/neglect’, ‘primary parent justifies abuse/neglect’, 

‘domineering parent’, ‘child offends’, and ‘child has mental or behavioural disability’. 

This may have related to statistical power with items selected in less than 10% of cases 

and in as few as 1.3% of cases (‘child offends’). Two items were negatively associated 

with subsequent reports: ‘excessive/inappropriate discipline’ (hazard ratio 0.77), and 

‘current investigation substantiated for abuse’ (hazard ratio 0.87), although the latter 

was positively associated with subsequent substantiation and subsequent need for 

protection.  
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Table 6.6: Associations between SDM Family Risk Evaluation (Neglect Scale) 

items and progression-based recurrence 

      
Hazard ratio for subsequent child protection 
involvement 

  Na %b Report Investigation Sub Protect 

Current report alleges neglect 8,708 39.6% 1.17** 1.34** 1.53** 1.77** 
Prior screened-in reports for 
neglect 8,708      
     None(ref)  68.3%     
     One or more abuse only  12.9% 1.20** 1.26** 1.52** 1.64** 

     One or two for neglect  11.9% 1.57** 1.94** 2.47** 2.88** 

     Three or more for neglect  6.9% 1.61** 2.14** 2.86** 3.70** 

Four or more children in 
household 8,708 25.2% 1.07 1.14* 1.01 1.07 

Youngest child aged under 2 
years 8,708 45.6% 1.42** 1.91** 2.00** 2.95** 

Care inconsistent with child 
needs 8,708 6.1% 0.86* 1.17 1.74** 2.01** 

A child has a physical disability 8,708 9.0% 1.07 1.25** 1.23 1.30 

A child is medically fragile 8,708 2.1% 1.05 1.29 1.37 1.65* 

A child with positive toxicology 
screening at birth 8,708 0.6% 1.50 1.75 2.48* 3.34** 

Housing physically unsafe 8,708 1.1% 1.39* 1.88** 1.90* 2.14* 

Family homeless 8,708 1.8% 1.25 2.31** 2.05** 2.34** 

*Hazard ratio is significantly different from 1 (p <0.05) 
**Hazard ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 

 

As with the Abuse Scale, most of the items on the Neglect Scale were associated with 

increased hazard of progression-based recurrence. ‘Current report alleges neglect’, prior 

screened-in reports for neglect, having a young child in the household, and ‘physically 

unsafe housing’ were associated with increased hazard of all four progression-based 

measures of recurrence. Items indicated in relatively few cases did not always display 

significant relationships with the subsequent reports and subsequent investigation, but 

significant relationships were observed for subsequent substantiation and subsequent 

protection despite small cell sizes. For example, having a child with a positive 

toxicology screening at birth was indicated in 0.6% of cases but was associated with 
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increased hazard of subsequent substantiation and subsequent need for protection. 

Associations were also observed for ‘child medically fragile’ (indicated in 2.1% of 

cases), ‘housing physically unsafe’ (indicated in 1.1% of cases), and ‘family homeless’ 

(indicated in 1.8% of cases). Only one negative association was observed.’ Care 

inconsistent with child needs’ was associated with a decreased hazard of subsequent 

reports, but was also associated with increased hazard of subsequent substantiation and 

subsequent need for protection.  

The individual items of the SDM Family Risk Evaluation are used to calculate a score 

on each scale. Children are classified from low to very high risk on the Abuse Scale and 

on the Neglect Scale and are then given an overall risk rating, which is the higher rating 

of the two. Table 6.7 below compares children classified as moderate risk to children 

classified as low, high, and very high risk.  

Table 6.7: Associations between SDM Family Risk Evaluation risk rating and 

progression-based recurrence 

      
Hazard ratio for subsequent child protection 
involvement 

  Na %b Report Investigation Sub Protect 

Final risk level 8,708      
     Moderate (ref)  38.3%     
     Low  24.4% 0.65** 0.53** 0.54** 0.38** 

     High  18.1% 1.27** 1.66** 2.30** 2.85** 

     Very high   9.8% 1.36** 2.06** 3.52** 4.80** 

*Hazard ratio is significantly different from 1 (p <0.05) 
**Hazard ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 

 

Across all four progression-based types of recurrence, children at low risk were 

significantly less likely to recur, and children classified as high or very high risk were 

more likely to recur. Children classified as very high risk had an especially high hazard 

of being subsequently in need of protection with a hazard ratio of 4.8. Figure 6.3 below 
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shows the survival curve for subsequent investigation, with progressively greater hazard 

for children at low, moderate, high, and very high risk on the SDM Family Risk 

Evaluation.  

 

Figure 6.3: Time to subsequent investigation report by SDM Family Risk 

Evaluation final risk level 

 

Investigation outcomes 

Table 6.8 below presents findings in relation to investigation outcomes of the index 

event. In Queensland, investigation outcomes include: 

 Unsubstantiated: the child was not harmed and was not at risk of harm 

 Substantiated – Child not in need of protection: the child was harmed in the past 

but not at risk of future harm and therefore not subject to intervention 
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 Substantiated – Child in need of protection: the child was at risk of future harm 

and therefore subject to intervention. (The child may or may not have been 

harmed in the past).  

Cases were excluded from analysis where there was no investigation outcome recorded, 

for example where a family could not be located or a moved to another jurisdiction 

during the investigation. Table 6.8 also includes the types of harm substantiated during 

the investigation.  

Table 6.8: Associations between investigation outcomes and progression-based 

recurrence 

      
Hazard ratio for subsequent child protection 
involvement 

  N 
% or 
M(SD) Report Investigation Sub Protect 

Assessment outcome 8,826           

     Unsubstantiated (ref)  69.4%     
     Substantiated - Not in need 
of  protection  14.3% 1.11* 1.07 1.41** 0.79 

     Substantiated - In need of 
protection  16.3% 1.17** 1.97** 4.18** 5.56** 

Types of harm and risk of harm 
substantiated 9,608      
     Neglect substantiated  12.2% 1.14** 1.76** 3.13** 4.03** 

     Physical abuse substantiated  12.4% 1.23** 1.58** 2.30** 2.66** 

     Sexual abuse substantiated  2.8% 0.72** 0.75 1.27 1.42 

     Emotional abuse   16.3% 1.36** 1.56** 2.31** 2.23** 

*Hazard ratio is significantly different from 1 (p <0.05) 
**Hazard ratio is significantly different from 1 (p<0.01) 

 

Children subject to substantiation were generally more likely to recur than children who 

were unsubstantiated, although this relationship was comparatively weak for children 

who were substantiated but not in need of protection, with relationships only observed 

for subsequent reports (1.11) and subsequent substantiation (1.41). In Figure 6.4 below, 

the difference between unsubstantiated children and children substantiated but not in 

need of protection is not significant, although hazard for children in need of protection 
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was significantly higher (hazard ratio 1.97). Children in need of protection at their 

initial investigation, and therefore subject to departmental intervention, were more 

likely to be subject to all forms of recurrence. Being found in need of protection at the 

initial investigation was the leading predictor of a subsequent assessment of need for 

protection (hazard ratio 5.56).  

 

Figure 6.4: Time to subsequent investigation by Investigation outcome 

 

For a child to be subject to substantiation, including children found to be in need of 

protection, harm or unacceptable risk of harm caused by at least one of the four types of 

maltreatment must be recorded. For a child to be unsubstantiated, there must be no harm 

or risk of harm recorded. Given the relationship between substantiation and recurrence, 

it is not surprising that relationships between types of substantiated maltreatment and 
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recurrence were generally observed. However, substantiated harm or risk of harm 

caused by sexual abuse was an exception. Substantiated sexual abuse was negatively 

associated with subsequent reports (hazard ratio 0.72) and had no significant 

relationship with subsequent investigations, substantiations, or need for protection. 

Statistical power may have been an issue here with only 2.8% of children substantiated 

for sexual abuse.  

Summary 

Rates of progression-based recurrence were high, with two children in five subject to at 

least one subsequent report within 12 months of their index event. Most of the 

independent variables tested were associated with progression-based recurrence. In 

almost all cases, factors were associated with multiple types of recurrence in the same 

direction, and associations were strongest with subsequent need for protection and 

subsequent substantiation. Associations with subsequent reports and subsequent 

investigations were comparatively weak. Factors associated with progression-based 

recurrence included demographic characteristics, items from the SDM Screening Tool, 

and items from the SDM Family Risk Evaluation. Not surprisingly, the overall risk 

rating from the SDM Family Risk Evaluation was also strongly associated with 

progression-based recurrence, especially subsequent need for protection. Investigation 

outcomes were also associated with increased hazard of progression-based recurrence, 

although hazard ratios for children substantiated but not in need of protection were 

modest. 

In the next chapter, the factors associated with recurrence are further explored with 

analysis of the child, family, and case characteristics associated with exit-based 

recurrence.    
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CHAPTER 7:  EXIT-BASED 

RECURRENCE 

The findings in this chapter respond to the second part of the second research question: 

b) What are the child, family, and case characteristics associated with different 

types of exit-based recurrence, including: 

i) recurrence at the screening decision? 

ii) recurrence at the protection decision? 

iii) recurrence after intervention? 

Exit-based recurrence refers to patterns of recurrence defined by the decision at which 

children tend to exit the child protection process. Analyses were conducted on the 

sample of 9,608 Queensland children subject to their first ever screened-in report in 

2010-11 described in Chapter 4. Children were classified according to their overall 

pattern of recurrence to allow for comparisons between children subject to particular 

patterns of recurrence and children who did not recur. Independent variables were 

drawn from personal information recorded about children in the child protection 

authority’s case management system, the SDM Screening Tool completed at the child’s 

first screened-in report, and from the SDM Family Risk Evaluation conducted during 

the child’s initial investigation. Relationships between types of recurrence and harm 

caused by the four main types of maltreatment, neglect, physical abuse, sexual abuse, 

and emotional abuse, were also explored. 
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In the sections below, the rates of each type of recurrence are presented, followed by 

analysis of relationships between key variables and the odds of children experiencing 

each type of recurrence.  

Dependent variable 

As per the description in Chapter 4, children were classified according to the pattern of 

recurrence that they were subject to. This classification took into account all child 

protection involvement, including the index event. Children who did not have any prior 

or subsequent child protection involvement were considered to have no recurrence. 

Children who were subject to multiple screened-out reports and, apart from their index 

event, were subject to no other screened-in reports, were subject to recurrence at the 

protection decision. Children subject to multiple screened-in reports but were not 

assessed to be in need of protection in any investigation were classified as recurring at 

the protection decision, while children assessed to be in need of protection multiple 

times during the 12-month observation period were classified as recurring after 

intervention. There were 396 children (4.1% of the sample) with no clear pattern of 

recurrence who were excluded from analysis.  

Table 7.1 below shows the numbers and proportions of children subject to each type of 

recurrence. 

Table 7.1: Children subject to exit-based recurrence 

      Children 

Type of recurrence  N % 

No recurrence 3,209 34.8% 

Recurrence at the screening decision 4,650 50.5% 

Recurrence at the protection decision 995 10.8% 

Recurrence after intervention 358 3.9% 

Total 9,212 100.0% 
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Almost two-thirds of children were subject to some form of recurrence with the 

remaining one-third (34.8%) subject to no recurrence. Approximately half (50.5%) of 

the children recurred at the screening decision. Children were comparatively less likely 

to recur at the protection decision, with 10.8% of children being subject to this type of 

recurrence. Recurrence after intervention was the least common form of recurrence 

applying to only 3.9% of children.  

Results 

The sections below show the extent to which independent variables were associated 

with increases and decreases in the odds of being subject to each type of recurrence. ‘No 

recurrence’ was used as the reference category in calculating odds. Figures above 1 

indicate that a variable was associated with increased odds of being subject to a 

particular type of exit-based recurrence, while figures below 1 indicate that the variable 

was associated with decreased odds of being subject to that type of recurrence.  

Demographic factors 

The table below shows the extent to which demographic factors are associated with 

each exit-based type of child protection recurrence. Sex, Indigenous status, and age at 

initial report were drawn from the person profile of each child and therefore reflect 

information verified and updated during the course of the investigation. Number of 

children in the household was based on the number of children subject to investigation 

at the index event.  
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Table 7.2: Associations between demographic factors and exit-based recurrence 

      Odds ratio for recurrence 

  Na 
%b or 
M(SD)c 

At 
screening 

At 
protection 

After 
intervention 

Sex 9,051         

     Male (ref)  49.3%    
     Female  50.7% 1.01 0.97 1.07 

Indigenous status 9,212     
     Non-Indigenous (ref)  77.7%    
     Indigenous  22.3% 1.46** 1.86** 3.38** 

Age at initial report (years) 9,198 5.3 (5.2) 1.02** 0.96** 0.78** 

Number of children in 
household at report 9,212 2.8 (1.7) 1.06** 1.11** 0.93** 

*Odds ratio is significantly different from 1 (p <0.05) 
**Odds ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 
c. For continuous variables, mean and standard deviation for valid cases 

 

Sex was not related to any type of recurrence with odds ratios not significantly different 

from 1. On the other hand, Indigenous status was associated with all forms of 

recurrence, in particular recurrence after intervention. Age was also associated with all 

three types of exit-based recurrence but these relationships were not all in the same 

direction. There was a small but significant increase in the odds of recurrence at the 

screening decision for older children (odds ratio 1.02 for every additional year of age), 

but the odds of recurrence at the protection decision and after intervention declined 

significantly with child age. The odds of recurrence after intervention declined by 22% 

with every extra year of age. The number of children in the household was another 

variable with associations in opposing directions. Children in households with more 

children were more likely to recur at the screening decision, with the odds of being 

included in this category increasing by 6% with every additional child. The odds of 

recurrence at the protection decision also increased by 11% for every additional child in 

the household, however, children in households with more children were significantly 
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less likely to recur after intervention, with odds declining by 7% for every additional 

child in the household. 

SDM Screening Tool items 

The table below contains the individual items from the SDM Screening Tool for 

children’s first ever screened-in report. Items are grouped into four broad categories of 

maltreatment: neglect, physical abuse, sexual abuse, and emotional abuse. Odds ratios 

for sub-categories are provided followed by odds ratios associated with these broader 

categories. 
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Table 7.3: Associations between SDM Screening Tool items and exit-based 

recurrence 

      Odds ratio for recurrence 

  Na %b 
At 
screening 

At 
protection 

After 
intervention 

Neglect 9,212     
Inadequate supervision  13.5% 1.16* 1.38** 1.14 

Inadequate basic care  14.6% 1.16* 1.20 1.69** 

Abandonment/ 
relinquishment  2.7% 1.21 1.21 0.80 

Failure to protect  11.5% 1.30** 1.53** 0.94 

Physical 9,212     
Non-accidental injury or 
illness  8.9% 1.00 1.04 0.57* 

Suspicious injury or illness  4.8% 0.93 0.68* 0.47* 
Excessively harsh 
discipline  10.7% 0.82** 0.66** 0.06** 

Domestic violence  20.4% 1.29** 1.49** 0.95 

Sexual 9,212     
Sexual contact or 
exploitation  11.5% 0.69** 0.51** 0.26** 
Sexual contact or 
exploitation by another 
child  1.1% 0.87 0.38* 0.21 
Suspicious indicators 
consistent with sexual 
abuse  2.1% 1.13 0.83 0.40 

Emotional 9,212     
Chronic rejection, 
criticism, scapegoating, 
ignoring, isolating or 
terrorising  5.1% 1.01 0.72 0.20** 

Parental conditions/ 
behaviours have led to 
emotional harm  15.1% 1.62** 1.17 0.96 

Domestic violence  26.3% 1.36** 1.95** 0.91 

      

Unborn child likely to 
experience abuse or 
neglect after birth  9.2% 0.36** 0.69** 4.98** 

      
Report screened in for: 9,212     
     Neglect  40.1% 1.01 1.23** 2.49** 

     Physical abuse  44.2% 0.87** 0.90 1.23 

     Sexual abuse  14.0% 0.75** 0.51** 0.41** 

     Emotional abuse   47.3% 1.30** 1.49** 1.37** 

*Odds ratio is significantly different from 1 (p <0.05) 
**Odds ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item
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Two individual items were associated with all three forms of exit-based recurrence. 

Where children’s first screened-in report related to excessively harsh discipline or to 

sexual contact or exploitation, odds of all forms of recurrence were significantly 

reduced. A similar pattern existed for reports classified as relating to sexual abuse with 

odds of recurrence at the screening decision 25% lower, recurrence at the protection 

decision 49% lower, and odds of recurrence after intervention 59% lower. Conversely, 

children subject to allegations of emotional abuse were significantly more likely to recur 

at the screening decision (odds ratio 1.3), protection decision (odds ratio 1.49), and after 

intervention (odds ratio 1.37). 

Most items on the SDM Screening Tool were associated with one or two of the types of 

recurrence. Only two items were associated with increased odds of recurrence after 

intervention: ‘inadequate basic care’ (odds ratio 1.69), and reports relating to an unborn 

child, which were associated with an almost fivefold increase in odds. Children subject 

to reports broadly classified as relating to either neglect or emotional abuse were also 

more likely to recur after intervention. More often, items on the SDM Screening Tool 

were negatively associated with recurrence at the screening decision. Odds of 

recurrence after intervention were significantly lower for children initially subject to 

reports of ‘non-accidental injury or illness’, ‘suspicious injury or illness’, ‘excessively 

harsh discipline’, ‘sexual contact or exploitation’, and ‘chronic rejection, criticism, 

scapegoating, ignoring, isolating or terrorising’. Additionally, children subject to sexual 

abuse allegations were less likely to recur after intervention.  

Reports alleging neglect and emotional abuse were associated with increased odds of 

recurrence at the protection decision. Individual items relating to these categories were 

also associated with increased odds of recurrence at the protection decision. These 

included ‘inadequate supervision’ (odds ratio 1.38) and ‘failure to protect’ (odds ratio 

1.53) from the neglect items, and domestic violence causing emotional harm (odds ratio 
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1.95). Domestic violence causing physical harm was similarly associated with this type 

of recurrence (odds ratio 1.49). Items associated with reduced odds of recurrence at the 

protection decision included ‘suspicious injury or illness’, ‘excessively harsh 

discipline’, ‘sexual contact or exploitation’, ‘sexual contact or exploitation by another 

child’, and reports relating to an unborn child.  

Reports relating broadly to emotional abuse were associated with increased odds of 

recurrence at the screening decision, while physical and sexual allegations were 

associated with decreased odds of recurrence at the screening decision. The broad 

category of neglect was unrelated to this form of recurrence but some individual items 

were associated with it. ‘Inadequate supervision’, ‘inadequate basic care’, and ‘failure to 

protect’ were all associated with increased odds of recurrence at the screening decision, 

as were domestic violence causing physical harm, domestic violence causing emotional 

harm, and ‘parental conditions/behaviours have led to emotional harm’. ‘Excessively 

harsh discipline’, ‘sexual contact or exploitation’, and reports relating to unborn 

children were associated with decreased odds of recurrence at the screening decision.  

Two items, ‘abandonment/relinquishment’ and ‘suspicious indicators consistent with 

sexual abuse’, were not associated with any type of recurrence. 

SDM Family Risk Evaluation 

The SDM Family Risk Evaluation contains two scales: the Abuse Scale and the Neglect 

Scale. A number of items are repeated across both scales so these have been combined 

and simplified and included in Table 7.4 below. Items exclusive to the Abuse Scale are 

then presented in Table 7.5 followed by items exclusive to the Neglect Scale in Table 

7.6. 
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Table 7.4: Associations between SDM Family Risk Evaluation (Abuse and Neglect 

Scales) items and exit-based recurrence 

      Odds ratio for recurrence 

  Na %b 
At 
screening 

At 
protection 

After 
intervention 

Parental substance use, 
recent or past 8,359 33.6% 1.67** 1.97** 7.43** 

Primary parent has/had 
mental health problem 8,359 24.4% 1.46** 1.42** 3.05** 

Primary parent has 
criminal history 8,359 22.6% 1.65** 2.12** 5.57** 

Prior ongoing intervention 
in household 8,359 10.1% 0.80** 0.99 4.84** 

Parent abuse/neglected as 
a child 8,359 25.3% 1.30** 1.47** 4.93** 

*Odds ratio is significantly different from 1 (p <0.05) 
**Odds ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 

 

Almost all of the SDM Family Risk Evaluation items that are included in both scales 

were associated with all three types of recurrence. Items were most strongly related to 

recurrence after intervention with odds ratios between 3.05 for parental mental health 

problems and 7.43 for parental substance use. These variables were associated with 

more modest increases in the odds of recurrence at the screening and protection 

decisions with maximum odds ratios associated with parental substance use (1.67) and 

parental criminal history (2.12) respectively. Prior ongoing intervention in the 

household deviated from this pattern. While strongly associated with recurrence after 

intervention (odds ratio 4.84), it was not related to recurrence at the protection decision, 

and was associated with decreased odds of recurrence at the screening decision (odds 

ratio 0.8). 
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The table below contains the eleven items exclusive to the Abuse Scale.  

Table 7.5: Associations between SDM Family Risk Evaluation (Abuse Scale) items 

and exit-based recurrence 

      Odds ratio for recurrence 

  Na %b 
At 
screening 

At 
protection 

After 
intervention 

Current investigation 
substantiated for abuse 8,359 14.2% 0.82** 0.70** 1.99** 

Number of prior screened-
in reports alleging abuse 8,359     
     None (ref)  75.6%    
     One  12.7% 1.54** 1.64** 2.68** 

     Two or more  11.7% 1.07 1.42** 3.77** 
Prior injury to a child 
resulting from 
abuse/neglect 8,359 7.0% 0.83* 0.63** 2.02** 

Primary parent blames 
child for abuse/neglect  8,225 3.0% 1.17 0.84 1.02 

Primary parent justifies 
abuse/neglect 8,225 4.6% 1.13 0.51** 2.24** 
Domestic violence in past 
year 8,359 28.3% 2.10** 2.49** 5.86** 

Insufficient 
emotional/psychological 
support 8,359 5.8% 1.11 0.74 3.17** 

Excessive/inappropriate 
discipline 8,359 3.8% 1.10 0.44** 0.94 

Domineering parent 8,359 1.4% 1.57* 0.50 2.39* 

Child offends 8,225 1.3% 2.27** 1.58 1.43** 

Child developmentally 
delayed 8,225 7.7% 1.32** 1.33* 2.00** 

Child has mental or 
behavioural disability 8,225 9.4% 1.32** 1.49** 1.29 

*Odds ratio is significantly different from 1 (p <0.05) 
**Odds ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 

 

Items on the Abuse Scale were generally associated with increased odds of recurrence 

after intervention. ‘Domestic violence in the past year’ was the strongest predictor (odds 

ratio 5.86) followed by two or more prior screened-in reports for the household alleging 

abuse (odds ratio 3.77). ‘Child has mental or behavioural disability’, 
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‘excessive/inappropriate discipline’, and ‘primary parent blames child for 

abuse/neglect’ were not related to recurrence after intervention. 

Relationships with recurrence at the protection decision were more varied. Three items 

were associated with increased odds of recurrence: ‘domestic violence in the past year’, 

‘child developmentally delayed’, and ‘child has mental or behavioural disability’. 

However, four other items were associated with decreased odds of recurrence at the 

protection decision. These included ‘current investigation is substantiated for abuse’, 

‘prior injury to a child resulting from abuse/neglect’, ‘primary parent justifies 

abuse/neglect’, and ‘excessive/inappropriate discipline’.  

All child-related factors on the scale were associated with increased odds of recurrence 

at the screening decision with odds ratios from 1.32 to 2.27, as was ‘domestic violence 

in the past year’ (odds ratio 2.1). Where the current allegation was substantiated for 

abuse or where there was a prior injury to a child resulting from abuse or neglect, the 

odds of recurrence at the screening decision were significantly lower (odds ratios of 

0.82 and 0.83 respectively).  

‘Domestic violence in the past year’ was the only variable associated with all three 

types of recurrence in the same direction. Three variables had relationships with 

different types of recurrence in opposite directions. ‘Current investigation substantiated 

for abuse’ and ‘prior injury resulting from abuse/neglect’ were both associated with 

decreased odds of recurrence at the screening or protection decision, but increased odds 

of recurrence after intervention. ‘Primary parent justifies abuse/neglect’ was also related 

to lower odds of recurrence at the protection decision and increased odds of recurrence 

after intervention.  

‘Number of prior screened-in reports alleging abuse’ also had varied relationships with 

different types of recurrence. Children from households subject to only one prior 
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screened-in report had increased odds of being subject to all three types of recurrence, 

however, children from households subject to two or more prior screened-in reports 

concentrated in the second two categories: recurrence at the protection decision and 

after intervention. Children subject to two or more screened-in reports for abuse were no 

more likely to recur at the screening decision than children from households with no 

history of screened-in abuse reports. 

There were ten items included in the SDM Family Risk Evaluation included only on the 

Neglect Scale. These items are included in the table below.  

Table 7.6: Associations between SDM Family Risk Evaluation (Neglect Scale) 

items and exit-based recurrence 

      Odds ratio for recurrence 

  Na %b 
At 
screening 

At 
protection 

After 
intervention 

Current report alleges neglect 8,359 39.3% 1.13* 1.18* 2.71** 
Prior screened-in reports for 
neglect 8,359     
     None(ref)  69.0%    
     One or more abuse only  12.8% 1.39** 1.44** 2.04** 

     One or two for neglect  11.6% 1.66** 1.97** 6.99** 

     Three or more for neglect  6.6% 0.90 1.35* 5.95** 

Four or more children in 
household 8,359 25.2% 1.14* 1.30** 1.32* 

Youngest child aged under 2 
years 8,359 44.9% 0.89* 1.46** 5.09** 

Care inconsistent with child 
needs 8,359 5.9% 0.97 0.38** 3.28** 
A child has a physical 
disability 8,359 8.8% 1.33** 1.22 1.59* 

A child is medically fragile 8,359 2.1% 1.08 1.19 2.30* 

A child with positive 
toxicology screening at birth 8,359 0.5% 0.64 0.53 3.00* 

Housing physically unsafe 8,359 1.0% 1.46 0.83 2.32 

Family homeless 8,359 1.6% 0.88 1.09 4.02** 

*Odds ratio is significantly different from 1 (p <0.05) 
**Odds ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 
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As with the items exclusive to the Abuse Scale, items were generally associated with 

recurrence after intervention. Only one item, ‘housing physically unsafe’, had no 

significant relationship with the recurrence after intervention, although this may have 

related to statistical power with the item indicated in only 1.8% of cases. The remaining 

items were associated with odds ratios of at least 1.32 where four or more children were 

in the household and up to 6.99 where the household had been subject to one or two 

prior screened-in reports for neglect. Having a child under 2 years in the household and 

family homelessness were also strongly associated with recurrence after intervention 

(odds ratios of 5.09 and 4.02 respectively). 

Where the current report alleged neglect, where there were prior screened-in reports for 

either abuse or neglect, and where there were four or more children or a child under two 

in the household, children had increased odds of recurring at the protection decision. On 

the other hand, where care was inconsistent with child needs, the odds of recurring at 

the protection decision were reduced by more than half (odds ratio 0.38).  

Where the household included four or more children or at least one child with a physical 

disability, children are at increased odds of recurring at the screening decision (odds 

ratios 1.14 and 1.33 respectively). Odds of recurrence at the screening decision were 

increased for children subject to a current report for neglect, prior reports for abuse 

only, or up to two prior reports for neglect. However, children from households subject 

to three or more prior reports of neglect where subject to slightly lower odds of 

recurrence at the screening decision. Where the household contains a child under 2 

years, the odds of recurrence at the screening decision were reduced (odds ratio 0.89). 

Children are given a separate risk rating from low to very-high for the Abuse Scale and 

for the Neglect Scale. The higher of these two ratings becomes the child’s overall risk 
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rating. Relationships between these overall risk ratings and types of exit-based 

recurrence are presented in the table below.  

Table 7.7: Associations between SDM Family Risk Evaluation risk rating and exit-

based recurrence 

      Odds ratio for recurrence 

  Na %b 
At 
screening 

At 
protection 

After 
intervention 

Final risk level 8,359     
     Moderate (ref)  42.6%    
     Low  27.6% 0.62** 0.44** 0.08** 

     High  19.4% 1.28** 1.42** 7.38** 

     Very high   10.4% 0.72** 0.73* 12.42** 

*Odds ratio is significantly different from 1 (p <0.05) 
**Odds ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 

 

Compared to children classified as moderate risk, children classified as low risk were 

less likely to be subject to all forms of recurrence. The odds of low-risk children being 

subject to repeated need for protection were particularly low with a ratio of 0.08. 

Children classified as high risk were somewhat more likely to recur at the screening 

decision (odds ratio 1.28) and protection decision (odds ratio 1.42), but were far more 

likely recur after intervention with odds more the seven times greater than moderate risk 

children (odds ratio 7.38). Being classified as very high risk was overwhelmingly the 

strongest predictor of recurring after intervention, with odds more than twelve times 

higher than children at moderate risk. However, being classified as very high risk was 

associated with decreased odds of recurring after the protection decision or after 

intervention (odds ratios 0.72 and 0.73 respectively).  

Substantiated harm 

Because the dependent variable relates to decision outcomes, it was not possible to use 

those same decision outcomes as independent variables. For example, children who are 



 

171 

classified as at risk of a particular type of harm are, by definition, classified as in need 

of protection. There is therefore no value in testing the empirical relationship between 

risk of harm and the need of protection given the conceptual overlap. However, in 

Queensland, when an investigation concludes that a child has experienced harm caused 

by abuse or neglect, the child may or may not be classified as in need of protection. 

Likewise, children may be classified as in need of protection whether they have 

experienced harm or not.  Given this, it is worthwhile considering the empirical 

relationship between substantiated harm and decision outcomes. These relationships are 

presented in the table below. 

Table 7.8: Associations between substantiated harm and exit-based recurrence 

      Odds ratio for recurrence 

 Na %b 
At 
screening 

At 
protection 

After 
intervention 

Types of harm substantiated 9,212        

     Neglect substantiated  11.8% 1.30* 0.64 2.25** 
     Physical abuse 
substantiated  12.0% 0.87 0.70 0.90 

     Sexual abuse substantiated  2.9% 0.85 0.37* 0.62 

     Emotional abuse   16.0% 1.80** 1.78** 1.75** 

*Odds ratio is significantly different from 1 (p <0.05) 
**Odds ratio is significantly different from 1 (p<0.01) 
a. Number of cases with a valid response 
b. For categorical variables, the proportion of valid cases with a positive response to the item 

 

Substantiated harm caused by emotional abuse was the only type of harm consistently 

associated with all forms of recurrence with odds ratios between 1.75 and 1.80. 

Children subject to harm caused by neglect were significantly more likely to recur at the 

screening decision or after intervention, but there was no significant relationship 

between neglect and recurrence at the screening decision. Odds ratios for physical abuse 

and sexual abuse were all below 1 but did but the only significant relationship was 

between substantiated harm caused by sexual abuse and recurrence at the protection 
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decision. Children harmed by sexual abuse had significantly lower odds of recurring at 

the protection decision (odds ratio 0.38). 

Summary 

While it was not rare for children to be subject to a single investigation without any 

previous or further child protection contact, children were more likely to experience 

some form of child protection recurrence, and usually this involved recurrence at the 

screening decision. Recurrence at the protection decision was less common and 

recurrence after intervention was less common again. 

There were a number of variables associated with increases in the odds of all forms of 

child protection recurrence including Indigenous status, reports relating to emotional 

abuse, and parental substance use, mental health problems, and criminal history. 

However, more often, variables were associated with only one or two forms of 

recurrence. In a number of cases, variables were associated with an increase in odds of 

one type of recurrence and a decrease in the odds of another type. These included the 

age of the child, the number of children in the household, where a report related to an 

unborn child, there had been prior ongoing intervention in the household, there had been 

prior injury to a child resulting from abuse or neglect, primary parent justified abuse or 

neglect, current investigation was substantiated for abuse, the household had been 

involved in three or more prior screened-in reports for neglect, the youngest child in the 

household was under 2 years, care was inconsistent with child needs, and where 

children were classified as very high risk by the SDM Family Risk Evaluation.  

In the chapter that follows, these findings are discussed along with the findings 

presented in Chapters 5 and 6.  The findings of these empirical analyses are explained 

and related to the overarching research question about how decisions about entry and 

exit produce patterns of child protection recurrence.   
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CHAPTER 8:  DISCUSSION 

Chapters 5 to 7 presented the findings about the factors associated with progression and 

exit of children from the child protection process, the factors associated with 

progression-based patterns of recurrence, and the factors associated with exit-based 

patterns of recurrence. These analyses were undertaken as part of an embedded case 

study design, where the aim was to understand a primary unit of analysis, a system of 

child protection recurrence, by analysing embedded sub-units, in this case a sample of 

children subject to child protection involvement. The purpose of the current chapter is 

to bring together the findings of these three analyses about children and relate them to 

the system in which they are embedded to answer the overarching research question: 

What role do decisions about entry and exit from the child protection process have in 

producing patterns of child protection recurrence? 

In the sections that follow, the findings of each analysis are addressed in turn. In each 

section, patterns are identified and explained, limitations of the research are discussed, 

and implications are put forward. In each section, the discussions of findings and 

implications are used to update the map of the system of recurrence initially set out in 

Chapter 3 by including the flows of information, or feedback, that establish and 

maintain relationships between system components and system behaviour. In the final 

section, a comprehensive map of the system of recurrence used in the present case study 

is set out. The overall conclusions about the mechanisms that underpin child protection 

recurrence generally and suggestions for future directions are presented separately in 

Chapter 9, which is the next and final chapter of this thesis.  
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Factors associated with decisions 

The aim of the first stage of analysis was to respond to the first research sub-question: 

What are the child, family, and case characteristics associated with decisions about 

entry and exit from the child protection process? This was intended to provide insights 

into the characteristics of children involved at different stages of the child protection 

process, but also to provide insight into the criteria for decisions about progression and 

exit. In operationalising measures of progression for each decision, it was important to 

recognise that earlier decisions influence later decisions by determining which children 

are subject to the later decisions. For example, children are likely to be screened in more 

often if they are a good match for the screening criteria, but they are also likely to be 

screened in more often if they are subject to the screening decision more often, and this 

is determined by the reporting decision. Progression at each decision point was 

therefore measured as a rate. This was calculated as the number of times children 

progressed at each decision (report, screening, and protection) as a proportion of the 

number of times they were subject to that decision.  

Children with the highest rates of progression were compared to children with lower 

rates of progression across 55 variables. Of these variables, 51 were associated with at 

least one decision point. The four variables not associated with progression at any 

decision were: 

 sex of child, 

 non-accidental injury or illness (SDM Screening Tool), 

 child offends (SDM Family Risk Evaluation), and 

 substantiated sexual abuse. 
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With the exception of sex, non-significance of relationships may have related to a lack 

of statistical power with these variables indicated in 8.8%, 1.3% and 2.8% of cases 

respectively.   

There were 16 variables that were associated with all three decision points in the same 

direction. Factors that predicted progression at all three decision points included child 

characteristics: 

 younger age, 

 Indigenous status, 

 unborn child likely to experience abuse or neglect after birth (SDM Screening 

Tool), 

 youngest child aged under 2 years (SDM Family Risk Evaluation) 

There were also parental characteristics associated with progression at all three decision 

points: 

 parental substance use, recent or past (SDM Family Risk Evaluation), 

 primary parent has/had mental health problem (SDM Family Risk Evaluation), 

 primary parent has criminal history  (SDM Family Risk Evaluation), and  

 parent abused/neglected as a child  (SDM Family Risk Evaluation) 

The case characteristics that predicted progression at all three decision points were: 

 reports in the broad category of neglect (SDM Screening Tool), 

 prior screened-in reports alleging abuse (SDM Family Risk Evaluation), 

 current report alleges neglect (SDM Family Risk Evaluation), 

 prior screened-in reports for neglect (SDM Family Risk Evaluation), 

 prior ongoing intervention in household  (SDM Family Risk Evaluation), 
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 final risk level  (SDM Family Risk Evaluation) 

Variables associated with lower rates of progression at all three decision points were: 

 sexual contact or exploitation (SDM Screening Tool), and 

 reports in the broad category of sexual abuse (SDM Screening Tool), 

Although there were commonalities across decision points, there were differences as 

well. The remaining variables displayed inconsistent relationships with decision points. 

There were 21 variables related to progression at some decision points but not others, 

and an additional 14 variables that were positively associated with progression at one 

decision point, but were negatively associated with progression at some other decision 

point. These variables were related to household factors, child characteristics, parental 

characteristics and behaviours, and case characteristics. The following sections identify 

the factors that were associated with each decision point.  

Reporting decision 

In addition to factors that were predictive of progression at all decision points, the 

factors predictive of progression particularly at the reporting decision related to general 

welfare concerns rather than allegations of physical or sexual abuse. Children subject to 

frequent reporting were more likely to be subject to concerns broadly classified as 

neglect or emotional abuse and this was further reflected in sub-categories. These 

included reports about inadequate supervision, inadequate basic care, failure to protect, 

domestic violence (classified as a risk to either physical or emotional abuse), and 

‘parental conditions/behaviours have led to emotional harm’. From the SDM Family 

Risk Evaluation, factors that predicted frequent reporting included having four or more 

children in the household (which was consistent with the variable counting the number 

of children living in the household), and domestic violence in the past year. The only 

variable that did not fit this pattern was ‘insufficient emotional/psychological support’ 
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from the SDM Family Risk Evaluation, which was negatively associated with reporting. 

Notwithstanding this one variable, the overall pattern remains clear. Factors related to 

concerns for child welfare and emotional harm were associated with high rates of 

progression at the reporting decision.  

Putting aside allegations of sexual abuse, which were negatively associated with all 

three decision points, the factors that were negatively associated specifically with 

reporting related to physical abuse and indicators of prior harm. These included reports 

broadly classified as relating to physical abuse as well as the sub-categories ‘suspicious 

injury or illness’ and ‘excessively harsh discipline’. Likewise, ‘current investigation 

substantiated for abuse’, ‘primary parent justifies abuse/neglect’ and ‘care inconsistent 

with child needs’ from the SDM Family Risk Evaluation were negatively associated 

with frequent reporting. Cases where physical abuse was substantiated were also less 

likely to progress at the reporting decision. 

As stated previously, there were a range of factors about which reporters, screeners, and 

investigators agreed, but the key factor that distinguished the reporting decision from 

subsequent decisions was the nature of reports that were most likely to progress. 

Reports about welfare concerns were associated with frequent reporting, while children 

subject to alleged or substantiated physical abuse or direct harm were reported less 

frequently. To some extent, decisions are shaped by the priorities of decision-makers. 

However, it is not necessarily the case that reporters are more concerned about general 

welfare and relatively unconcerned about physical abuse. To understand why reporting 

decisions differ from subsequent decisions, it is necessary to consider the context in 

which reports are made. Decision makers in different parts of the system have different 

access to children and information. Decisions also take place within different regulatory 

frameworks, and have different implications for children, families, and the organisations 

in which decisions are made. In Queensland, as elsewhere, reports usually originate 
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from professional notifiers working in regulated fields including health, education, and 

law enforcement (Australian Institute of Health and Welfare, 2016; Children's Bureau 

of the US Department of Health and Human Services, 2015; Public Health Agency of 

Canada, 2010). This unique position outside the child protection authority shapes the 

reporting decision.  

Firstly, reporters’ access to children and to information is structured by their primary 

professional role. As Drake (1996) points out in relation to the substantiation decision, it 

is not just the rationale of a decision but also access to information that determines the 

outcomes of decisions. This is particularly relevant at the reporting decision where 

relevant information is obtained incidentally to some other primary professional role 

(e.g. by a teacher or health worker) rather than by actively seeking information about 

child abuse and neglect. It is not surprising that children who experience issues that are 

ongoing or chronic tend to be reported frequently by the people who have regular 

contact with them. Although definitions of neglect vary considerably (Hearn, 2011), for 

the purpose of screening in Queensland, neglect refers to circumstances where “the 

child’s basic necessities of life are unmet by his/her parents…” (Appendix 1, p2). 

Because these are acts of omission, they are by definition continuous and prolonged. 

The SDM Screening Tool also highlights the “sustained and repetitive” nature of 

emotional harm. Although it does not preclude sporadic or isolated events, the tool 

emphasises emotional deprivation, rejection, and chronic parental conditions and 

behaviours. In contrast, physical abuse is defined in terms of discrete events and actions 

(Appendix 1). Neglect and emotional abuse may be reported at higher rates, at least in 

part, because these types of maltreatment take place over more prolonged periods and 

are therefore more observable by reporters.  

However, the domestic violence concerns captured in the decision-making tools are 

likely to be acute and episodic. Both the SDM Screening Tool and the SDM Family 
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Risk Evaluation, and therefore the variables analysed here, emphasise discrete events 

including physical assaults in their definitions of domestic violence (see Appendix 1 

and Appendix 2). Despite the episodic nature of recorded domestic violence, all three of 

the indicators of domestic violence predict frequent reporting. This may also be partly 

explained with reference to availability of information. The substantial numbers of 

police callouts for incidents of domestic violence bring reportable child protection 

concerns to the attention of professional reporters. From July 2013 to June 2014, police 

in Queensland responded to over 66,000 separate domestic violence events (Premier's 

Special Taskforce on Domestic and Family Violence in Queensland, 2015). Contact 

with families may be episodic but is frequent. Furthermore, the decision to report does 

not rely on incidental observation of indicators of maltreatment because, during the data 

collection period, a police callout for domestic violence to any household where a child 

usually resides was itself sufficient to warrant a child protection report (Queensland 

Child Protection Commission of Inquiry, 2013). This policy resulted in such high 

volumes of child protection reporting that it was later abandoned (Premier's Special 

Taskforce on Domestic and Family Violence in Queensland, 2015). Similar policies in 

other jurisdictions have also been rescinded for similar reasons (Edleson, Gassman-

Pines, & Hill, 2006; Kantor & Little, 2003). The effect of domestic violence on overall 

rates of child protection reporting became evident after this policy was repealed; reports 

from police to the child protection authority fell 79% from a peak of 48,890 reports in 

2012-13 to 10,326 reports 2015-16 (Department of Communities, 2013b). For children 

living in households affected by domestic violence, the chances of being reported to 

child protection authorities were very high despite reports being triggered by episodic 

rather than chronic issues.  

This raises the second difference between the reporting decision and subsequent 

decisions. As mentioned above, context shapes decisions by affecting availability of 
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information but it also shapes the rationale that is applied to that information. In 

Queensland, as is the case in six out of the other seven Australian jurisdictions 

(Australian Institute of Health and Welfare, 2016) and all 50 states in the USA (Kesner 

& Dever, 2015), there are mandatory reporting requirements that compel professionals 

to report cases of suspected maltreatment to the child protection authority. There is a 

considerable body of literature on mandatory reporting and debate about the merits of 

such policies (Ainsworth, 2002; Mathews & Bross, 2008; Melton, 2005; Takis, 2008). It 

is not intended that this debate be covered here, except to highlight how mandatory 

reporting requirements may contribute to the relationship between reporting rates and 

the categories of neglect and emotional abuse on the SDM Screening Tool.   

Although professionals are rarely if ever prosecuted for failing to report suspicions of 

maltreatment (Takis, 2008), mandatory reporting laws and policies can still shape 

reporting behaviour. One way that mandatory reporting influences reporting behaviour 

is by extending institutional risk, that is the risk of being blamed for harm to children 

(Munro, 2009), to professionals outside the child protection agency. Because the goal 

for child protection authorities is to prevent maltreatment, when instances of severe 

maltreatment are uncovered, especially child deaths, this may be constructed as a 

system failure or even personal failure of child protection workers. Through 

accountability processes, serious case and child death reviews, public inquiries, media 

attention, and political intervention, risk to children generates risk to the institutions and 

workers charged with protecting children because they may be blamed for adverse 

outcomes of cases (Green, 2007; Littlechild, 2008; Munro, 2009). Mandatory reporting 

extends this institutional risk to professionals and agencies outside the child protection 

authority who may be held accountable for failing to pass on important information. 

Professionals understand that they may be held accountable for severe adverse 

outcomes to children but that they can discharge their own liability by making a report 
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to the child protection authority (Takis, 2008). Professional reporters therefore have a 

strong incentive to report any suspicion about maltreatment to child protection 

authorities.  

All decision-makers are affected by institutional risk but because reporters are 

positioned outside the child protection agency, they are affected uniquely. As will be 

discussed in more detail in the sections below, the decision to progress a child to 

investigation or to intervention has resourcing implications for the child protection 

agency and involves greater intrusion into family life. In contrast, the decision to report 

does not place any cost on the reporting agency and, until the report has been screened 

in for investigation, does not directly affect families. Families subject to screened-out 

reports may not even be aware that they have been reported. As such, where other 

decision makers operate within policy guidelines that limit the progress of too many 

children manage resources and ensure statutory powers are exercised appropriately, 

reporters are primarily concerned with missing serious cases. This contributes to what 

was described in the recent inquiry into child protection in Queensland as a ‘better safe 

than sorry’ culture (Queensland Child Protection Commission of Inquiry, 2013). 

Reporters’ risk aversion coupled with a lack of training and guidance about what should 

be reported and, more importantly, what should not be reported (Kesner & Dever, 

2015), results in high volumes of reports that are lacking in information or not 

necessarily related to child abuse and neglect. In 2015 in the USA, 39.3% of reports 

were screened out (Children's Bureau of the US Department of Health and Human 

Services, 2015), and in Australia the majority, 52%, were screened out (Australian 

Institute of Health and Welfare, 2016), although in Queensland, the rate was even 

higher, with 77% of reports not deemed to warrant further investigation (Department of 

Communities, 2013b).  
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Children subject exclusively to screened-out reports were not included in the sample of 

administrative data used in this research because children were only included from their 

first ever screened-in report. However, it is inevitable that children generally subject to 

vague or ambiguous concerns are occasionally screened in. When these borderline cases 

are screened in, they are more likely to be included in the less prescriptive categories of 

neglect and emotional abuse rather than the more narrowly defined categories of 

physical and sexual abuse, which require evidence of a discrete event or parental action. 

The probability that a child will progress at a decision is a function of how well the 

child meets the criteria for that decision and the frequency with which the child is 

subject to the decision. Therefore, the more often children are subject to these 

ambiguous reports, the more likely they are to be eventually screened in for emotional 

abuse or neglect. This operates as a kind of selection bias so that the emotional abuse 

and neglect categories would tend to have higher concentrations of children who are 

subject to concerns that do not quite meet the criteria to be screened in, but are reported 

at high frequency. This is also likely to contribute to the comparatively low rates of 

screening in associated with variables related to emotional abuse and neglect, which is 

discussed in more detail in the following section.  

To summarise, the main factor that distinguished high rates of progression at the 

reporting decision identified in the analysis was the nature of the report. Children 

subject to welfare concerns, domestic violence and emotional abuse were reported 

frequently, while children subject to concerns about physical injury and abuse were 

reported less frequently. This may be explained by the organisational and policy context 

in which decisions are made. Reporting is contingent on professionals observing signs 

of maltreatment incidentally. Problems that are most readily observed by these 

professionals, for example chronic issues and domestic violence, are naturally reported 

at high rates. Furthermore, because reporters can be liable for failing to report a serious 
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case of maltreatment but do not face any cost for making reports, child protection 

agencies receive large volumes of reports that lack information or do not necessarily 

relate to child maltreatment. Indeed, the majority of reports in Australia and more than 

three-quarters of reports in Queensland fall into this category. Because the definitions of 

neglect and emotional abuse are the least prescriptive, children frequently subject to 

vague or ambiguous concerns tend to concentrate in these categories, which increases 

the average reporting rate and, as will be discussed in more detail in the next section, 

decreases the average screening rate.   

Screening decision 

In direct contrast to the reporting decision, factors associated with being consistently 

screened in related to physical injury or abuse. Children whose initial screened-in report 

fell into the broad category of physical abuse on the SDM Screening Tool had higher 

screening rates. Variables drawn from the SDM Family Risk Evaluation that related to 

physical injury and abuse were also associated with high rates of screening including 

‘current case substantiated for abuse’, ‘prior injury to a child resulting from 

abuse/neglect’, ‘care inconsistent with child needs’ and ‘child is medically fragile’. In 

addition, ‘housing physically unsafe’ and ‘family homelessness’ were associated with 

high rates of screening. Although these types of concerns are more usually associated 

with neglect, as will be explained further below, these factors are in some ways similar 

to concerns about physical harm in. The factors associated with low rates of screening 

were the concerns about general welfare that predicted high rates of reporting. Children 

subject to low rates of screening included those subject to reports about ‘inadequate 

supervision’, ‘failure to protect’, ‘domestic violence’ associated with both physical and 

emotional harm, and reports broadly categorised as relating to emotional abuse along 

with all sub-categories of emotional abuse. Children subject to substantiated emotional 

harm were also screened in less consistently.  
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Differences between the reporting and screening decision cannot be explained by 

differences in access to children. Every report made is considered by a receiving officer. 

Nor can differences be attributed to differences in information because the screening 

decision is made primarily with the information supplied by the reporter. The purpose 

of the screening decision is to classify reports rather than to investigate or substantiate 

allegations so receiving officers are only authorised to access child protection history 

and, in some cases, may request information from a limited range of other professionals 

(Department of Communities, 2013a). Given that the screening decision relates to the 

same children and uses primarily the same information as the reporting decision, the 

key difference between the reporting decision and the screening decision is the rationale 

applied. It is therefore useful to look at the SDM Screening Tool, which guides and 

records the screening decision made by the receiving officer.  

For a report to be screened in, it must fall within one of the 17 defined sub-categories of 

allegations, which are organised into the four broad categories of neglect, physical 

abuse, sexual abuse, and emotional abuse (Appendix 1). Detailed definitions of sub-

categories are provided and these definitions provide some insight into why reports 

relating to physical harm and abuse are more likely to be screened in while general 

welfare concerns are less likely to be screened in.  For a report about neglect or 

emotional abuse to progress to an investigation, it is not sufficient for there to be an 

allegation of a general lack of parental capacity that might lead to abusive or neglectful 

behaviour in the future, nor is it sufficient for there to be risk factors statistically 

associated with harm. The SDM Screening Tool refers to probable harm caused by 

conditions and parental behaviours, and as described above, emphasises problems that 

are ‘ongoing’ or ‘chronic’. For certain sub-categories, chronicity is a requirement. As 

argued in the previous section, because neglect and emotional abuse are constructed as 

prolonged and chronic problems, children subject to these types of welfare concerns are 
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more likely to be noticed by reporters. However, reports are episodic by nature, i.e. 

made at a point in time. As noted by Bromfield et al. (2007) it can be difficult to for a 

single report to demonstrate the multiple adverse experiences and circumstances that 

cumulatively constitute chronic maltreatment, so chronic maltreatment often results in 

repeatedly screened-out reports and unsubstantiated investigations (Bromfield & 

Higgins, 2005). The chronic nature of neglect and emotional abuse simultaneously 

makes these types of maltreatment more likely to be reported but less likely to be 

screened in.  

Similarly, for a report of domestic violence to be screened in requires some indication, 

beyond the mere presence of violence, that the child has suffered or will suffer physical 

or emotional harm. This may be demonstrated by the presence of weapons or a physical 

injury to a child in a discrete event, or if “there is a pattern of domestic and family 

violence involving household members AND this pattern of violence is escalating in 

frequency and/or severity” (Appendix 1). This is at odds with the police policy at the 

time of reporting every domestic violence callout to a household where a child usually 

resides (Queensland Child Protection Commission of Inquiry, 2013). The mismatch 

between the reporting policy and the screening criteria can only result in large volumes 

of reports from police about domestic violence being screened out. In the year before 

the policy was abolished, the child protection authority screened out 84% of reports 

from police, which was a rate higher than for any other professional reporting group 

(Department of Communities, 2013b). Even in cases where there is an escalating pattern 

of violence, which would meet the criteria for a report to be screened in, screening rates 

are still likely to be low. Domestic violence incidents frequently bring reporters into 

contact with children about whom there are reportable concerns (Edleson et al., 2006; 

Kantor & Little, 2003; Premier's Special Taskforce on Domestic and Family Violence in 

Queensland, 2015), but, as with neglect and emotional abuse, the episodic nature of 
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reporting makes it difficult for reporters to demonstrate that a particular incident is part 

of a broader pattern. Like the broader welfare concerns associated with emotional abuse 

and neglect, individual incidents of domestic violence are visible and frequently 

reported, but it is difficult for the chronic nature of domestic violence to be 

demonstrated in episodic, incident-based reporting.  

In contrast to the welfare concerns outlined above, there is no requirement for reports of 

physical abuse to indicate that maltreatment is ongoing, nor is there any additional 

requirement to link the alleged maltreatment to likely harm. A single observed event or 

a single observed injury with a non-accidental or suspicious cause is sufficient for a 

report to be screened in. As described in the previous sections, it may be difficult for 

reporters to observe clear evidence of physical abuse or injuries incidentally, but it is 

not surprising that the children who are subject to these types of reports are screened in 

at higher than average rates. This may also explain why families who are homeless or 

living in physically unsafe housing are also more likely to progress at the screening 

decision. Although these concerns would generally be classified within the broad 

category of neglect, these are still observable signs that a child is at risk of imminent 

harm.   

As with the reporting decision, to understand why the screening decision favours 

particular types of allegations it is necessary to understand the context in which the 

decision is made. As explained previously, child protection agencies aim to prevent 

maltreatment of all kinds and are particularly sensitive to the possibility of catastrophic 

events (Mansell, Ota, Erasmus, & Marks, 2011). If a report about a child is ignored and 

the child is subsequently subject to severe or fatal maltreatment, the organisation and 

individual workers may be held accountable (Munro, 2009). This institutional risk 

makes the organisation sensitive to false negatives, which creates an incentive for 

workers to progress cases to investigation. However, unlike reporters, there are 
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additional pressures at the screening decision to avoid progressing too many cases 

(Mansell, 2006b). As described above, the decision to make a report has a limited and 

indirect effect on children and families. The family may not even be aware that they 

have been reported. However, if the report is screened in, an investigation is triggered, 

which families can experience as invasive and stressful (Dumbril, 2006; Scott, 2006). 

The child protection authority, which is responsible for the screening decision, has an 

obligation to ensure that its statutory power to investigate and intervene in family life is 

exercised appropriately. This obligation is reflected in legislation, which authorises 

investigation where the child protection authority “reasonably suspects that the child is 

in need of protection” (s 14 Child Protection Act 1999), whereas reporters are granted 

broad exemption from liability for any report made ‘honestly’ (s 22 Child Protection 

Act 1999). Perceived heavy-handedness by the child protection authority, lawful or 

otherwise, can produce a backlash in the media and in society more broadly (Parton, 

2014; Platt, 2006). However, as Parton (2014) has noted, families who are socially 

excluded and marginalised from the labour market have been subject to increasingly 

punitive attitudes in the media and political discourse, so this type of sympathy is 

reserved for members of respectable classes who are less likely to be subject to child 

protection involvement. Notwithstanding this, where reporters may take a ‘better safe 

than sorry’ approach (Queensland Child Protection Commission of Inquiry, 2013), 

screeners must take account of legislation and policy to weigh competing obligations 

and rights to address maltreatment without overreaching.  

There has also been considerable attention from government and policy makers about 

the resourcing implications of high and growing rates of child protection reports 

(Queensland Child Protection Commission of Inquiry, 2013). This is not a concern that 

is isolated to Queensland. The need to manage large volumes of reports is central to the 

National Framework for Protection Australia’s Children (Council of Australian 
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Governments, 2009), and has been a key concern for advocates of a public health 

approach to child protection, which favours prevention and early intervention to reduce 

demand for statutory child protection services (Covington, 2013; Waldfogel, 2009). 

Despite increases in expenditure on child protection services (Steering Committee for 

the Review of Government Service Provision, 2016) rates of reporting have continued 

to rise, so the screening decision remains crucial for managing the volume of work 

progressing to the investigation phase, which is resource intensive compared to 

screening out a report (Queensland Child Protection Commission of Inquiry, 2013). 

There is also evidence that awareness of resource availability directly affects 

operational staff  who understand that a screened-in report will require further action 

from the child protection agency (Cross, Goulet, Helton, Lux, & Fuller, 2015; Font & 

Maguire-Jack, 2015). Because decision-making tools are not used by practitioners with 

complete fidelity, this is the case even where seemingly rigid and standardised tools are 

used to guide decisions (Gillingham, 2009, 2011b). The consequences of excessive 

numbers of investigations are not just financial. Large volumes of reports also create 

institutional risk for child protection agencies. As described above, progressing too few 

cases for investigations exposes the organisation to risk of being held accountable for 

failing to act on credible allegations (Munro, 2009). However, if too many cases are 

progressed, the number of investigations required will exceed available resources, 

including human resources (Mansell, 2006b). Concerns have been raised by advocates 

of public health approaches about child protection systems becoming overloaded 

(O'Donnell, Scott, & Stanley, 2008), overwhelmed (Waldfogel, 2000) or collapsing 

(Scott, 2006), but in practice a backlog of cases develops, meaning that less urgent cases 

may not be investigated in a timely fashion or may not be investigated at all. If a child 

was subject to severe or fatal maltreatment while their case sat in a queue awaiting 

investigation, the child protection authority could be held to account just as they would 
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if the case was incorrectly screened out. Response time, particularly for high priority 

cases, is a standard performance indicator across jurisdictions (Children's Bureau of the 

US Department of Health and Human Services, 2015; Steering Committee for the 

Review of Government Service Provision, 2016). In Queensland, the mere presence of a 

backlog of cases awaiting investigation, even in the absence of any specific adverse 

event, is sufficient to generate political pressure  (Queensland Parliament. Record of 

Proceedings, 27 July, 2016, pp.1-31). Reporters can manage institutional risk by taking 

a ‘better safe than sorry’ approach, but for screeners, this approach becomes self 

defeating. Screeners must therefore engage with the difficult problem of avoiding severe 

adverse outcomes but also managing overall workloads.  

In this context, it is understandable that allegations of physical abuse would be 

prioritised for investigation both in Queensland and elsewhere (Wells, Lyons, Doueck, 

Brown, & Thomas, 2004). Neglect and emotional abuse are understood as chronic 

problems (Bromfield & Higgins, 2005) and are the types of reports most likely to recur 

(Bae et al., 2010; Putnam-Hornstein et al., 2014), but  these types of maltreatment pose 

a lesser institutional risk compared to physical abuse. It is the rare but severe adverse 

events that trigger accountability processes and generate institutional risk for child 

protection (Munro, 2009) and it is recorded physical abuse that is most likely to precede 

severe and fatal maltreatment (Putnam-Hornstein, Cleves, Licht, & Needell, 2013; 

Whitt-Woosley, Sprang, & Gustman, 2014). It is also understandable that investigative 

resources would be prioritised to unambiguous allegations that children have already 

been subject to observable harm (Platt, 2006) rather than to welfare concerns, which 

may or may not have a direct effect on a child’s wellbeing, and may or may not be part 

of a broader pattern.  

Lastly, as outlined in the previous section, a proportion of children who generally do not 

meet the criteria for an investigation but are reported with high frequency eventually 
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progress past the screening decision. A child’s chances of progressing at a decision are a 

function of how well they meet the criteria for that decision and how often they are 

subject to the decision. When these children do progress, they are more likely to be 

included somewhere in the broad category of emotional abuse and within particular sub-

categories of neglect, which have less prescriptive criteria than the other categories. To 

some extent, the low rates of screening for children subject to allegations of emotional 

abuse may be a reflection of the number of children reported for concerns that generally 

do not meet the criteria for an investigation who concentrate in these categories.  

The patterns of progression and exit at the screening decision were the direct inverse of 

the patterns at the reporting decision. Children subject to allegations of physical abuse 

tended to progress and children subject to general welfare concerns, reports of domestic 

violence and allegations of emotional abuse tended to exit. Differential access to 

children and differences in available information do not explain the differences between 

the reporting and screening decision, rather, this difference relates to the rationale 

applied by decision makers. Whereas reporters are concerned primarily with avoiding 

false negatives, screeners must operate within policy settings that require them to 

balance the risk of false negatives against the consequences of progressing too many 

cases to investigation. Progressing too many cases to investigation can result in political 

and financial costs, unjustified intrusion into family life, as well as risk to children, the 

organisation, and individual workers. In this context, it is rational for the screening 

decision to prioritise unambiguous allegations of harm that are predictive of severe 

maltreatment over reports about general welfare concerns and emotional abuse that may 

or may not be part of a broader pattern.  

Protection decision 

The protection decision was strongly associated with the items of the SDM Family Risk 

Evaluation and substantiated harm. Almost all items from the SDM Screening Tool 
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were associated with progression at the protection decision, including those that had no 

relationship with reporting or screening. Such items included ‘primary parent blames 

child for abuse/neglect’, ‘excessive/inappropriate discipline’, and ‘domineering parent’. 

Types of substantiated harm also followed this pattern. Substantiated harm was either 

not associated or negatively associated with reporting and screening but substantiated 

neglect, physical harm, and emotional harm were all positively associated with 

progression at the protection decision. Substantiated neglect was strongly predictive of 

service delivery with an odds ratio of 8.58, that is the odds of being provided with 

services were 8.58 times greater for children substantiated for neglect compared to other 

children. Substantiated physical and emotional abuse were also associated with 

progression, although the effect sizes were smaller (odds ratios of 2.19 and 2.10 

respectively).  

There were only a few items negatively associated with progression at the protection 

decision. These included the age of children (i.e. older children were less likely to 

progress at the protection decision) and reports of sexual abuse, which were negatively 

associated with all three decision points. Apart from these, items that predicted exit 

rather than progression to intervention came exclusively from the SDM Screening Tool. 

These items included ‘failure to protect’, ‘excessively harsh discipline’, both domestic 

violence items, and ‘chronic rejection, criticism, scapegoating, ignoring, isolating or 

terrorising’. These items had varied relationships with reporting, but apart from 

‘excessively harsh discipline’, were also negatively associated with screening.  

There were some differences between items on the SDM Family Risk Evaluation and 

similar items on the SDM Screening Tool. Both of the domestic violence items on the 

SDM Screening Tool were negatively associated with protection (0.66 for the sub-

category of physical abuse and 0.62 for the sub-category of emotional abuse), but the 

domestic violence item on the SDM Family Risk Evaluation was associated positively 
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with protection (odds ratio 2.01). The same was true for excessively harsh discipline. 

The item included on the SDM Screening Tool item had an odds ratio of 0.34, while the 

item from the SDM Family Risk Evaluation had an odds ratio of 3.75. This was 

consistent with the overall pattern of items from the SDM Family Risk Evaluation being 

positively associated with progression, while items on the SDM Screening Tool had 

varied relationships with progression.  

The protection decision differs to previous decisions in a number of ways that might 

explain these patterns and apparent contradictions. Firstly, the protection decision is the 

only decision to be made with substantial new information. Both the report and the 

screening decision rely on the information known to the reporter, but the protection 

decision is based on information gathered during the investigation (Department of 

Communities, 2013a). This may be one explanation for why allegations about domestic 

violence and harsh discipline made by reporters were associated with lower rates of 

protection, while similar items recorded on the SDM Family Risk Evaluation at the end 

of the investigation were positively associated with protection.  

The purpose of the SDM Family Risk Evaluation is also relevant. The tool is designed 

to guide the protection decision. Of course, there is more to the protection decision than 

simple adherence to the risk assessment tools (Gillingham, 2009, 2011b), but strong 

associations between the items on the SDM Family Risk Evaluation and the protection 

decision were expected. Likewise, where harm was substantiated, it is not surprising 

that service delivery was more likely. The relationship between substantiated harm and 

service provision is one that has been observed in Australia and elsewhere (Australian 

Institute of Health and Welfare, 2016; Children's Bureau of the US Department of 

Health and Human Services, 2015) and is consistent with the purpose of child 

protection to address child maltreatment. 
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The purpose of the protection decision is to provide services to children at risk of harm 

in the future. Because this decision is guided by the SDM Family Risk Evaluation it is 

not surprising that most of the items from the SDM Family Risk Evaluation predicted 

progression at the protection decision. Substantiated harm is also a strong predictor of 

child protection intervention, particularly where children have experienced harm caused 

by neglect.   

Summary 

There were several factors associated with either progression or exit at all three decision 

points. These factors related to demographics, reported harm type, and a range of parent 

and family factors included on the SDM Family Risk Evaluation. There appears to be 

some consensus between decision makers at different points about the types of children 

who should be included and exited from the system. However, most factors analysed 

were associated with progression at only one or two of the three decision points, and 

several were associated with progression at one point but associated with exit at another 

point.  

The reporting and screening decisions were characterised by the types of reports most 

likely to progress. Frequent reporting was most likely for children subject to reports 

about general welfare concerns, domestic violence and emotional abuse, while children 

subject to either reported or substantiated physical abuse were reported less frequently. 

This pattern was reversed at the screening decision with children subject to reports of 

physical abuse more likely to progress and children subject to reports about general 

welfare, domestic violence and either reported or substantiated emotional abuse less 

likely to progress. At the protection decision, factors included in the SDM Family Risk 

Evaluation were associated with progression, as was substantiated harm. 
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These differences may be explained with reference to the differences in the availability 

of access to children, availability of information, and decision-making rationales. At the 

reporting decision, access to children and information is patterned by the types of 

interactions professional reporters have with children. Reporters are more likely to 

observe problems that are chronic or that bring reportable concerns to the attention of 

professional reporters. The decision-making rationale at the reporting decision is 

directed by the avoidance of false negatives. At the screening decision, chronic 

problems, which are reported most consistently, tend not to be screened in. Even where 

maltreatment is chronic, reporters’ contact with children is episodic and it is therefore 

difficult for an individual report to meet the criteria of the SDM Screening Tool. 

Furthermore, screeners are required to consider not just the possibility of false negatives 

but the consequences of large volumes of investigations. The screening decision 

therefore prioritises unambiguous allegations of physical abuse, which are predictive of 

the most severe outcomes, over general welfare concerns that may or may not be part of 

a broader pattern of maltreatment and may or may not have a direct detrimental effect 

on children. The final decision point, the protection decision, is made with substantially 

different information but also, once again, has a different rationale for decision making. 

The decision is ostensibly about risk of future harm to children, but because a 

recurrence-based tool is used to guide decision-making, the factors that predict 

progression are linked to either reporting, screening, or in many cases both. In addition, 

the protection decision was associated with substantiated harm, which is not surprising, 

although unexpectedly, all forms of substantiated harm were either negatively 

associated or not associated with the previous decision points.  

Limitations 

The findings and discussion presented here are based on analysis of administrative data. 

These data are an artefact of record keeping associated with child protection practice. 
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They are not a complete reflection of child protection practice and decision making, and 

cannot be treated as perfect or objective measures of the characteristics of children 

(Gillingham, 2009, 2012). It was only possible to analyse factors that practitioners 

recorded in the electronic case management system in a sufficiently reliable fashion. 

There was a wide range of relevant factors systematically recorded by case workers, 

including factors recorded in mandatory standardised decision-making instruments, 

decision outcomes, and characteristics directly relevant to child protection practice. 

However, there are likely to be other intangible, unrecorded, and poorly recorded 

factors that are relevant to decision making, for example, parental compliance and the 

family’s access to social support, which could not be included in analysis.  

It is also important to consider the relationship between recorded variables and objective 

characteristics of children, families, and events. Many of the variables included in 

analysis represent subjective assessments of information made by decision makers. As 

discussed in Chapter 2, the relationship between child protection involvement and 

maltreatment is not straightforward. Similar considerations apply to other variables 

recorded in administrative data. Recording variables as simple binary or ordinal 

measures in an electronic system can give a false impression of objectivity and 

precision in measurement (Cradock, 2004; Scherz, 2011). Clear and straightforward 

associations between variables may therefore obscure more complicated underlying 

relationships. Categories used in electronic case management systems may be 

conceptually problematic, and that there is a level of heterogeneity within groups of 

children subject to the same categorisation in administrative data. As discussed 

previously, assessments and decision making are inherently uncertain (Gambrill & 

Shlonsky, 2000; Mansell, 2006c; Munro, 2011) and contain a level of inaccuracy. There 

are a range of factors that influence electronic records, including access to information 

(Drake, 1996), individual cognitive biases and heuristics (Gambrill & Shlonsky, 2000), 
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as well as broader ecological factors including social, legislative, and organisational 

factors (Baumann et al., 2011). As a result, children who are objectively similar may be 

classified differently in the electronic system, which would tend to weaken or obscure 

relationships between factors. Notwithstanding these issues, if variables are selected 

carefully and interpreted with due caution, administrative data can provide insights into 

child protection activity and the children subject to it.  

Because the sample was designed primarily to identify the factors associated with 

progression-based recurrence it includes children subject to their first ever screened-in 

report followed prospectively for one year. Selection of children subject to an initial 

index event was to ensure data were not left censored and the first ever screened-in 

report was chosen rather than the first ever report because children who have only ever 

been screened out have never been subject to investigation, so the information recorded 

about them is limited and unreliable. This improved measurement accuracy and 

enhanced the validity of the survival analysis presented in Chapter 6 but meant that it 

was not possible to include children who were screened out every time they were 

reported. It was possible to compare children who were a good match for the screening 

decision to children who are a relatively poor match, but it was not possible to compare 

children who were least likely to progress at the screening decision. Likewise, it was 

only possible to compare children who were reported frequently to children who were 

reported less frequently. Children who did not meet the reporting criteria at all were 

necessarily excluded. The analysis may therefore understate the differences between 

decision points. 

Lastly, the findings presented in Chapter 5 and discussed here represent only a subset of 

the children subject to decisions during the observation period. Children subject to 

investigation prior to 2010-11 who were reported during the observation period were 

excluded. As described above, this was to ensure that data were not left censored for the 
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purpose of the survival analysis presented in Chapter 6. The sample was therefore not 

representative of all children subject to decision making during the observation period. 

Although many children included in the sample come from families who have had prior 

child protection involvement, if there are distinct factors relevant for children with 

extensive child protection histories, these factors may not be observed in the findings.     

Implications 

Implications of the observed inconsistencies in the criteria applied at successive 

decision points are addressed in the sections below. Firstly, child protection decisions 

are often implicitly and explicitly described as threshold decisions, corresponding to a 

cut-off point on a linear scale of severity or risk. However, these findings demonstrate 

that decisions are more complicated than this, representing multidimensional criteria 

that correspond to qualitatively different questions. Secondly, although policies are 

often aimed at maintaining consistency within each decision point, it is important to 

consider the way inconsistencies across decision points can produce different outcomes 

for similar children.  

Decision criteria are distinct and multidimensional 

Platt and Turney (2014) point out that child protection decisions are often characterised 

as threshold decisions. They argue that “the notion of ‘threshold’ is predicated on a 

continuum of children’s difficulties, arranged in order of severity” (Platt & Turney, 

2014, p 1477). A decision about whether to screen a report in or to substantiate a case is 

therefore made by setting a cut-off point along this linear scale and deciding if the 

individual case falls above or below that cut-off point. They state that the language of 

thresholds is more prevalent in the UK than it is in the USA, where the language of 

‘decisions’ is used more often than thresholds. However, even if the terminology is 

different, the concept of the continuum broken up with a series of cut-off points, which 

determine whether children are reported, investigated, substantiated, and provided with 
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services, is prevalent in American recurrence literature. In Australia, child protection 

decisions are also understood and broadly referred to as ‘threshold’ decisions 

(Australian Institute of Health and Welfare, 2016; Queensland Child Protection 

Commission of Inquiry, 2013; Steering Committee for the Review of Government 

Service Provision, 2016). This understanding is further evident in policy approaches 

that seek to moderate rates of reporting by adjusting thresholds, for example by 

changing references to ‘harm’ in legislation to stipulate ‘significant harm’ (for example 

Children Legislation Amendment (Wood Inquiry Recommendations) Act 2009 (NSW) 

and Child Protection Reform Amendment Act 2014 (Qld)).  

If decisions are understood as the application of thresholds along a continuum of 

seriousness or severity, decisions in the child protection process are understood as 

progressively higher thresholds as set out in Figure 8.1 below. Cases that reach a certain 

threshold of severity are reported. The screening threshold is set higher than the 

reporting threshold, and the protection threshold is set higher again, so that only the 

most serious cases are subject to intervention. Children who meet the protection 

threshold must therefore exceed the reporting and screening thresholds, which are set 

lower on the continuum.  

 

 

Figure 8.1: Decisions as thresholds on a continuum 
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Children subject to child protection involvement can therefore be organised into nested 

sets as per Figure 8.2 below. Children in need of protection can be understood as a 

subset of those who meet the screening threshold, who are a subset of children who 

meet the reporting threshold. This is confirmed in administrative data where all of the 

children who meet the protection criteria have previously met the screening and 

reporting criteria, and all of the children who are screened in previously met the 

reporting criteria. 

 

Figure 8.2: Children subject to child protection involvement conceptualised as 

nested sets 

 

This conceptualisation of decisions as thresholds on a linear scale of seriousness has 

been the subject of critique. It has been pointed out that, in practice, decision making is 

imperfect and subject to a range of influences, for example the availability of evidence 

(Drake, 1996), factors related to the organisation and decision maker (Baumann et al., 

2011), and individuals’ cognitive biases (Gambrill & Shlonsky, 2000; Munro, 1999). It 

has been argued that these influences change where thresholds are drawn by individuals 

and by organisations (Baumann et al., 2011; Mansell, 2006b, 2006c) and affect a 

decision maker’s ability to accurately position a case on a continuum (Drake, 1996). 
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Beyond these practical limitations, Platt and Turney (2014) challenge the notion that it 

is conceptually possible to organise cases on a linear scale. They point out the 

qualitative differences in experiences of maltreatment, for example across different 

types of abuse and neglect, that make it impossible to meaningfully rank cases along a 

single dimension of severity. 

The findings of the present research add to this critique. Rather than thresholds along a 

continuum, decisions were made with reference to multidimensional criteria, which 

were similar in some ways but different in others. On some dimensions, there was 

agreement across all three decisions. For example, parental substance use, mental health 

problems, and criminal history, were associated with progression at all three decisions. 

However, on other dimensions, for example types of maltreatment reported and 

substantiated, there was disagreement between decisions. Some factors were relevant at 

all three decisions, some were relevant at only one or two decisions, and some factors 

were associated with progression at one decision but exit at another. These 

multidimensional criteria were responses to related but qualitatively different questions.  

The reporting decision was primarily about whether incidental observations might 

plausibly indicate maltreatment. The screening decision was about balancing the 

potential benefits of investigating allegations of maltreatment against the costs and risk 

associated with investigating too many children, and the protection decision was about 

the allocation of services.  

If decisions are made according to different multidimensional sets of criteria rather than 

thresholds on a single continuum, it is possible for children to meet later criteria without 

necessarily meeting earlier criteria. For example, it would be possible for a child to meet 

the screening criteria without meeting the criteria for a report. In the present case study, 

these might include children subject to direct acts of physical abuse who have limited 

contact with the professionals. Rather than sitting in three nested categories, children 
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could fall into any of the categories, labelled A to G in Figure 8.3 below. However, 

within administrative data, children would still appear to sit in nested categories. As per 

the system map (Figure 3.1), decisions are made in order (reporting first, then screening, 

then protection) with earlier decisions determining which children are subject to 

subsequent decisions. Children included in the administrative data (indicated in shades 

of blue), appear to sit in nested categories. The children in need of protection (category 

E) are a subset of those who met the screening criteria (B and E), and the children who 

meet the screening criteria are a subset of those who met the reporting criteria (C, F, B 

and E). Children who fall outside of this nested structure, labelled A, D, and G, would 

not be reported and so would not appear in the administrative data. Note that it is not 

possible, based on existing sources of data, to estimate the proportions of children in a 

general population who would fall into each of the categories identified in Figure 8.3. 

The categories in this diagram are therefore not drawn to scale. However, the findings 

of surveys of general populations indicate that the majority of cases of maltreatment are 

not reported to child protection authorities (Cyr et al., 2013; Finkelhor et al., 2005), 

suggesting that categories A, D and G would, collectively, contain substantially more 

children than categories B, C, E and F.  
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Figure 8.3: Discrete decision criteria 

 

Multidimensional criteria can produce anomalous results 

Treating decision criteria as if they are thresholds on a continuum of severity can 

produce anomalous results. For children to be subject to interventions, they must meet 

the reporting criteria, the screening criteria, and the protection criteria. Because 

reporters have limited access to information, reports can contain inaccurate and 

incomplete information about children. Children can therefore be screened in 

erroneously, even if the reporter and the officer responsible for screening apply their 

decision-making rationales perfectly. Child protection investigations are required to 

ensure the final decision about intervention is made with the most accurate and 

complete information possible. If it is assumed that decisions are thresholds on a 

continuum, a final decision based on complete information that a child is in need of 

protection would also validate the previous decisions. As per Figure 8.2, if decisions are 

made as thresholds on a continuum, children who meet the protection criteria 

necessarily meet the child protection authority’s screening criteria.  
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However, if decisions are not made as thresholds on a continuum, it is possible for 

children to meet the criteria for the final protection decision without necessarily meeting 

the earlier criteria. Determining that a child meets the protection criteria does not 

automatically validate the previous screening decision. However, information received 

during the investigation is only applied to the final protection decision, even if the 

investigation reveals that the screening decision was made in error. While the most 

accurate and complete information is used to determine if a child meets the protection 

criteria, it is the less reliable information supplied in the initial report that distinguishes 

children in category E, who are subject to intervention, from children in category F, 

who are not subject to intervention.  

To illustrate how this can produce anomalous results, consider an example of a child 

who displays many of the risk factors included in the SDM Family Risk Evaluation, but 

who has not been subject to any of the forms of maltreatment included on the SDM 

Screening Tool. If a report was made about this child, and this report included complete 

and accurate information, the child would exit at the screening decision and so would 

not be eligible for statutory intervention. Consider the result for an identical child about 

whom an inaccurate report was made, for example alleging physical maltreatment. This 

child would progress to investigation. Assuming that this investigation revealed 

information identical to what was included in the first child’s report, which is to say that 

there had been no physical maltreatment but the child does display many of the risk 

factors included in the SDM Family Risk Evaluation, this second child would be subject 

to intervention. Two identical children about whom complete and accurate information 

was known would be subject to different outcomes depending on whether that 

information was supplied by the reporter or gathered during the investigation.  

This is problematic because child protection services should be allocated in a way that 

is transparent and fair.  As Keddell (2014) has pointed out, it is not inherently wrong for 
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two similar children to have different child protection experiences. For example, she 

pointed out that different case workers may take different approaches to the same case 

depending on the nature of the relationship they have with the family. This variability is 

deliberate and designed to enhance service for clients. However, outcomes should not 

be arbitrary. The allocation of services to some children and not others must be 

undertaken on a legitimate and transparent basis, which requires the correction of errors 

when they are revealed. Failure to do so is unfair to the families subject to child 

protection processes. Allowing a case to proceed to intervention based on information 

that is known to be incomplete or inaccurate can result in families being subject to 

coercion by a state authority when they may have preferred to engage in services 

voluntarily. On the other hand, for some children, progression to intervention may be 

advantageous. If so, these services should be available to all children in category F, not 

just those about whom inaccurate reports are made.  

Consistency is not always necessary to ensure fairness (Keddell, 2014), and it is 

obviously not sufficient to ensure fairness. It must also be acknowledged that, even after 

the investigation, information is never perfect and decisions are always made under 

conditions of uncertainty (Mansell, 2006c), are impeded by a range of cognitive biases 

and common errors in reasoning (Gambrill & Shlonsky, 2000; Munro, 1999) and are 

influenced by environmental and organisational factors (Baumann et al., 2011). Total 

consistency in decision making is therefore not achievable. Furthermore, it is not 

possible to quantify the extent to which similar children experience different outcomes 

using administrative data alone. It is not possible to determine whether objectively 

similar children have been subject to the different decision outcomes, or whether their 

apparent similarity is an artefact of individual variations in the way information is 

interpreted and recorded by different case workers. It is also important to consider the 

shortcomings inherent in electronic case management systems that must reduce 
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complicated phenomena to a limited range of simple binary and ordinal measures. It is 

therefore possible that children who experience similar outcomes and appear dissimilar 

in the administrative data are similar on a range of factors that are not recorded or 

poorly recorded in the administrative data.  

However, enhancing consistency is a policy goal across jurisdictions (Children's Bureau 

of the US Department of Health and Human Services, 2015; Council of Australian 

Governments, 2009) and is a selling point of decision making tools (K. Johnson et al., 

2006; Wicke Dankert & Johnson, 2014). It is therefore worth noting that consistency at 

each separate decision is not sufficient to ensure consistency in final outcomes. For final 

outcomes to be consistent, and indeed to minimise arbitrary differences between 

children, differences between successive decision points also need to be considered. If 

later decisions based on updated information do not automatically validate earlier 

decisions based on less reliable information, those earlier decisions should be revisited 

when new information is received. This would require changes to policies as well as 

information systems to ensure decisions could be revised without deleting or 

overwriting details of the initial decision.    

Updated map of recurrence 

Because systems are understood as self-organising, system thinking draws attention to 

the way that components within the system influence each other to produce patterns of 

system behaviour. The map of child protection set out in Chapter 3 highlights the way 

earlier decisions influence later decisions by determining which children are subject to 

those later decisions. The discussion above highlights some additional relationships 

between system components. These relationships can be understood as feedback, which 

refers to the flows of information within a system that maintain relationships between 

system components (Cilliers, 2005; Meadows, 2009). This feedback can be expressed as 
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arrows and added to the map of recurrence developed in Chapter 3, as per Figure 8.4 

below. 

 

Figure 8.4: Updated map of system recurrence (feedback arrows 1 - 3) 

 

Arrow 1 represents the relationship between the number of children subject to 

investigation and the screening decision. As described above, the screening decision is 

influenced by concerns about too many children being subject to investigation, which 

may result in serious cases being delayed, and too few cases being investigated, which 

may result in serious cases being missed. The flow of children from intake to 

investigation operates as a negative or balancing feedback loop, so called because it 

negates or balances out changes in the state of the system (Urry, 2006). As discussed 

above, to the extent that child protection activity focuses on families who are socially, 

economically, and politically marginalised, their concerns about overly intrusive 

investigations are unlikely to influence the screening criteria significantly (Parton, 

2014). Feedback is more likely to be triggered by resourcing implications. If the number 

of children subject to investigation is too high, a backlog may develop, and the 

screening decision will be adjusted to reduce the number of children entering the 

investigation phase. If there is spare capacity in the investigation phase, the screening 
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decision may be opened up to allow more children through and thereby reduce the risk 

that a serious case will be screened out without proper investigation. The second and 

third feedback arrows operate in the same fashion at subsequent decision points. A lack 

of capacity to provide interventions may result in an adjustment of the protection 

decision to reduce the number of children provided with services. Conversely, spare 

capacity may be taken up by opening the protection criteria. Although the factors 

associated with the case closure decision were not directly measured in the present 

research, it is likely that a negative feedback loop operates from the permanency phase 

to the case closure decision, where longer term or permanent intervention is more likely 

to be provided when resources are available to do so. Figure 8.4 does not include a 

feedback loop from the intake phase to the reporting decision. As described above, there 

is no cost to reporters for progressing children at the reporting decision. Reporters can 

take a ‘better safe than sorry’ approach (Queensland Child Protection Commission of 

Inquiry, 2013). There is no imperative to adjust their decision criteria in response to a 

lack of capacity inside the child protection agency. Put another way, no feedback to the 

reporting decision is triggered by fluctuations in the volume of children subject to 

intake.  

These first three feedback loops relate to volumes of children. However, because criteria 

are multidimensional, changes in the decision criteria do not just affect the number of 

children that progress; they also affect the types of children more likely to progress. As 

described above, certain types of cases are more likely to be prioritised. For example, as 

the screening decision is restricted to reduce the number of children progressing to 

investigation, it is the allegations of emotional abuse and chronic forms of neglect that 

tend to be screened out while cases involving allegations of physical abuse and 

observable indicators of harm continue to be screened in. In this way, feedback about 
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volumes of children also affects the prevalence of various characteristics among 

children subject to child protection involvement at each phase.  

Factors associated with progression based 

recurrence 

This section discusses findings about the child, family, and case characteristics 

associated with progression-based recurrence. The measures of child protection 

recurrence used in the present study were consistent with those used in previous 

recurrence research. Children recurred if they were subject to an index event, in this 

case a screened-in report, exited the child protection process and were then subject to a 

specified decision outcome. These measures have been described here as progression-

based because children have in common that they have progressed at least as far as a 

specified decision point but may have exited at different decision points. The same 

sample of 9,608 Queensland children subject to their first ever screened-in report in 

2010-11 was used. Children were followed for 12 months following their initial 

screened-in report. Four different dependent variables, representing four different types 

of progression-based recurrence were used: time to a subsequent report, time to a 

subsequent investigation, time to a subsequent substantiation, and time to subsequent 

need for protection. Cox proportional hazards were used to identify the factors 

associated with each type of recurrence.  

Because the most frequently used measures of recurrence are progression-based, it was 

possible to compare results to those previously reported. The child, family, and case 

characteristics associated with recurrence in Queensland were consistent with patterns 

identified in other jurisdictions. As expected, sex was unrelated to recurrence, and as 

expected younger children were more likely to be subject to all forms of recurrence 

(Bae et al., 2010; Fluke et al., 2008). Although race is often reported as unrelated to 
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progression-based recurrence studies (Bae et al., 2010; Drake et al., 2003; Fuller et al., 

2001), Indigenous status was a significant predictor of recurrence in the Queensland 

sample. Hazard ratios ranged between 1.39 for a subsequent report and up to 2.28 for 

being subsequently in need of protection. However, studies that have found no 

association between race and recurrence are, like most recurrence research, 

predominantly from the USA. In these studies, black and Hispanic children were 

usually compared to white non-Hispanic children, but where First Nations peoples have 

been included as a separate category in US and Canadian studies, significant 

relationships have been reported (Casanueva et al., 2009; English et al., 1999; Fluke et 

al., 2008). It is therefore not surprising that Aboriginal and Torres Strait Islander 

Australians were also more likely to recur than their non-Indigenous counterparts.  

Relationships between alleged harm types and recurrence were also similar to patterns 

reported in other jurisdictions. Rates of all types of recurrence were greatest for children 

subject to allegations of neglect, which has been observed elsewhere (DePanfilis & 

Zuravin, 1999a; D. Forrester, 2007; Lipien & Forthofer, 2004). As observed elsewhere, 

children subject to reports about physical abuse had average rates of recurrence with 

hazard ratios not significantly different from 1, and, as expected, children subject to 

reports of sexual abuse were the least likely to recur with hazard ratios significantly less 

than 1 for all forms of recurrence. (Bae et al., 2010; Lipien & Forthofer, 2004; Putnam-

Hornstein et al., 2014; Yampolskaya & Banks, 2006).  

Investigation outcomes were also associated with recurrence in expected ways. 

Elsewhere, substantiation has been associated with child protection recurrence (Jonson-

Reid, Emery, et al., 2010) and this association was also observed in Queensland, 

although patterns of recurrence were more consistent and pronounced for children who 

were classified as ‘substantiated – In need of protection’, i.e. were provided with post-

investigative service.  Children who were classified as ‘substantiated – child not in need 
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of protection’ (so were not provided with services) were significantly more likely to be 

subject to a subsequent report or a subsequent substantiation, but were no more likely to 

be subject to a subsequent investigation or be subsequently in need of protection. This is 

consistent with literature that has demonstrated a counterintuitively positive relationship 

between service provision and recurrence (Fluke et al., 2008; Fluke et al., 1999; Fuller 

& Nieto, 2013). 

Given that substantiation was associated with all forms of recurrence, it was not 

surprising that specific types of substantiated harm (i.e. where the child was harmed or 

was considered to be at risk of harm) were also associated with recurrence. 

Substantiated neglect, physical abuse, and emotional abuse were all positively 

associated with all four types of progression-based recurrence. Substantiated sexual 

abuse, on the other hand, was associated with a reduced likelihood of subsequent 

reporting (hazard ratio of 0.72) and showed no significant relationship with subsequent 

investigation, substantiation, or need for protection. Again, this is consistent with 

literature that has found that sexual abuse is associated with below-average rates of 

recurrence (Connell et al., 2007; Jonson-Reid, Emery, et al., 2010).  

It was expected that the individual items on the SDM Family Risk Evaluation would all 

be associated with recurrence. These items are included in instruments because they 

have some predictive validity for recurrence of particular types of recurrent child 

protection involvement (Coohey et al., 2013). As expected, items on the SDM Family 

Risk Evaluation were broadly predictive of recurrence. Out of 27 individual items 

tested, 23 were predictive of recurrence, including 12 that were predictive of all four 

types of progression-based recurrence. The four variables that displayed no relationship 

with any form of recurrence may have been affected by a lack of statistical power with 

items indicated in between 1.3% and 9.4% of cases. Only three variables from the SDM 

Family Risk Evaluation showed negative association with some form of recurrence. 
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From the Abuse Scale ‘current investigation substantiated for abuse’ was associated 

with reduced hazard of a subsequent report, although it had positive relationships with 

subsequent substantiation and subsequent need for protection. Likewise, ‘care 

inconsistent with child needs’ from the Neglect Scale was associated with reduced 

hazard of a subsequent report but was positively associated with subsequent 

substantiation and subsequent need for protection. ‘Excessive/inappropriate discipline’ 

was associated with reduced hazard of a subsequent report and displayed no significant 

relationship with any other form of progression-based recurrence.  Notwithstanding 

inverse relationships for these three survival analyses out of 108 models, overall, the 

items from the SDM Family Risk Evaluation showed strong and consistent positive 

relationships with recurrence. As expected, the overall risk rating provided by the SDM 

Family Risk Evaluation was strongly associated with all four types of recurrence. 

Compared to children classified as moderate risk, the hazard of recurrence for children 

classified as very high risk was between 1.36 (for a subsequent report) and 4.8 (for 

subsequent need for protection).  

There were few differences in the factors that predicted different types of progression-

based recurrence. This is consistent with the literature, which has consistently reported 

that the same factors are associated with various measures of recurrence (Casanueva et 

al., 2015; Drake et al., 2003; Jonson-Reid, Emery, et al., 2010). The majority of 

variables (33 out of 56) had the same relationship with all four measures of recurrence. 

These variables were either positively associated with all four types of progression-

based recurrence (21 variables), negatively associated with all four types of progression-

based recurrence (4 variables), or displayed no relationship with any of the four 

measures of recurrence (8 variables). Of the remaining 23 variables, 19 were associated 

with some but not all measures of recurrence but there were no contradictions in the 

directions of relationships. In these cases, variables displayed moderate to weak 
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relationships with one or more measures of recurrence and no relationship with others. 

For example, from the SDM Screening Tool, reports about suspicious indicators 

consistent with sexual abuse were significantly less likely to be subject to subsequent 

reports (hazard ratio 0.73), investigations (hazard ratio 0.67) and need for protection 

(hazard ratio 0.43), but the relationship with subsequent substantiation did not reach 

statistical significance. These inconsistencies were apparent where hazard ratios were 

on the edge of significance due to either small effect sizes or a lack of statistical power 

due to small cell sizes, rather than any substantive differences in the factors associated 

with different types of recurrence. 

In just four cases, variables displayed a positive relationship with one form of 

recurrence and a negative relationship with another form of recurrence. From the SDM 

Screening Tool, reports classified as failure to protect were more likely to be subject to 

subsequent reports (hazard ratio 1.15), but less likely to be subject to subsequent need 

for protection (hazard ratio 0.76). Similarly, reports related to emotional harm caused by 

domestic violence were more likely to be subject to subsequent reports (hazard ratio 

1.16) and investigations (hazard ratio), but less likely to be subject to subsequently in 

need of protection (hazard ratio 0.80). In the previous analysis, both of these variables 

displayed strong positive associations with the reporting decision and strong negative 

associations with the screening and protection decisions. From the SDM Family Risk 

Evaluation, two variables, ‘current investigation substantiated for abuse’ and ‘care 

inconsistent with child needs’, displayed negative relationships with subsequent 

reporting (hazard ratio 0.87 and hazard ratio 0.86, respectively), but positive 

relationships with subsequent substantiation (hazard ratio 1.28 and hazard ratio 1.74) 

and subsequent need for protection (hazard ratio 1.31 and hazard ratio 2.01). Both of 

these variables related to physical maltreatment and in the previous analysis displayed 
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strong negative associations with the reporting decision and strong positive associations 

with both screening and need for protection.  

With few exceptions, the factors that were associated with different types of 

progression-based recurrence were the same. This pattern was observed despite 

differences in the factors that were associated with progression and exit at individual 

decisions. As described in the previous section of this chapter, several factors were 

associated with progression at one point but associated with exit at another point. These 

direct contradictions between the factors associated with progression at different 

decisions did not usually translate to differences in factors associated with different 

types of progression-based recurrence and the few differences observed were 

comparatively weak.  

The model of child protection recurrence described in Chapter 3 is useful in explaining 

why differences in decision criteria did not produce corresponding differences in the 

factors associated with types of progression-based recurrence. This model highlights the 

role that earlier decisions have in determining which children are subject to later 

decisions. Progression beyond a particular point in the child protection process is a 

function of all of the entry and exit decisions up to that point. Subsequent investigation 

is influenced by the reporting decision and the screening decision. Subsequent 

substantiation is influenced by the reporting, screening, and substantiation decisions, 

and subsequent need for protection is influenced by the reporting, screening and 

protection decisions. As a result, conflicts between decision criteria tend to average out 

in progression-based measures. Children who are a poor match for the screening 

decision may still be subject to average or even above average rates of subsequent 

investigation if they are reported with sufficient frequency. Examples in the current 

research include children reported for concerns about ‘inadequate supervision’, reports 

about domestic violence causing physical harm, reports classified as ‘parental 
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conditions/behaviours have led to emotional harm’, and reports broadly classified as 

relating to emotional abuse. Conversely, children who meet the criteria for 

substantiation or protection may still be subject to relatively low rates of subsequent 

substantiation or subsequent need for protection if they are rarely reported. For example, 

reports broadly classified as relating to physical abuse, where caseworkers identify 

‘excessive/inappropriate discipline’, and where the ‘primary parent justifies abuse or 

neglect’. 

Summary 

The patterns of recurrence observed in Queensland were consistent with those that have 

been observed in other jurisdictions. Hazard ratios for individual variables tested were 

significant and in the directions expected. Despite differences in the factors associated 

with different decision points, there were few variables that could usefully distinguish 

between different types of progression-based recurrence. This is because of the way 

progression-based measures of recurrence are constructed. Progression to a particular 

point is influenced by all of the decisions up to that point, so direct conflicts in the 

criteria applied at successive decisions averaged out and were thereby obscured in the 

analysis of recurrence.  

Limitations 

As discussed above, these findings are based on administrative data so it is only 

possible to include variables that are recorded by caseworkers in the course of their 

work. The explanatory variables included in this analysis represent a wide selection of 

factors related to children, families, and case characteristics, and are consistent with the 

types of variables reported in recurrence literature. However, there may be other factors 

significantly predictive of progression-based recurrence that could not be included in 

the present research. As discussed above, it is important to acknowledge the imperfect 

relationship between the characteristics of children, families, and child protection 
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decisions, and the variables recorded in electronic case management systems. Recording 

practices and data quality are imperfect (Gillingham, 2009, 2012), are the product of 

uncertain and limited subjective assessments (Baumann et al., 2011; Gambrill & 

Shlonsky, 2000; Mansell, 2006c; Munro, 2011). Furthermore, complicated phenomena 

are reduced to simple binary and ordinal variables, which can create a false sense of 

objectivity, conceptual clarity, and precision in measurement (Cradock, 2004; Scherz, 

2011). Therefore, relationships between variables recorded in administrative data may 

understate, overstate, or simplify relationships between child, family, and case 

characteristics as they really exist.   

A wide range of dependent variables were tested, but it was not possible to test every 

conceivable progression-based measure of recurrence. Progression-based measures 

relate to the time between an index event and a recurrence event. While it was possible 

to use different recurrence events (report, investigation, substantiation, and need for 

protection), it was not possible to use different index events. The index event is 

determined by the sampling frame. In the present research, children were sampled at 

their first ever screened-in report, so this became the index event for all progression-

based measures of recurrence. Constructing different measures of recurrence using 

different index events would have required selecting multiple samples, which would 

have been unmanageable within the scope of the present study and burdensome on the 

government agency supplying data. Therefore, only one index event could be used. As 

explained in Chapter 4, the sample related to children subject to investigation to 

maximise the range of explanatory variables available, and to ensure data were based on 

information verified by caseworkers. Children subject to their first ever screened-in 

report was the most inclusive sample that could be drawn without substantially 

compromising data quality.   
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Implications 

Measures of progression-based recurrence are not good proxies for the criteria applied 

at individual decision points. Differences were evident in the factors associated with 

rates of progression and exit at individual decision points. These measures were 

designed to isolate the factors associated with each decision point by controlling for 

effects of earlier decisions. However, these differences were either partially or 

completely obscured in progression-based measures of recurrence. Earlier decisions 

determine which children are subject to later decisions, so progression-based measures 

of recurrence represent an average of the series of criteria applied at successive 

decisions.  

This is likely to characterise all recurrence research that uses progression-based 

measures. As noted previously, the child protection process is structured the same way 

across most Anglophone jurisdictions (Australian Institute of Health and Welfare, 2016; 

Fluke et al., 2003). In all of these studies, earlier decisions determine which children are 

subject to later decisions so measures of progression-based recurrence are likely to 

obscure differences in decision criteria just as they did in the present study. Similarity 

between the present case and other jurisdictions is further supported by comparisons 

between factors associated with progression-based recurrence in Queensland and the 

factors associated with recurrence in other jurisdictions.  

These findings are relevant to the ongoing debate about the value of measures of re-

substantiation and, at a more basic level, the value of the substantiation decision. As 

discussed in Chapter 2, Drake (1996) has suggested that the substantiation decision has 

two dimensions: the extent of harm to a child, and the strength of evidence of 

maltreatment. He suggested that differences between substantiated and unsubstantiated 

children relate to differences in availability of evidence more than differences in the 

harm children experience or their need for services. This position has been reinforced by 
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findings that the factors associated subsequent substantiations are the same as those 

associated with subsequent reports (Casanueva et al., 2015; Drake et al., 2003; Jonson-

Reid, Emery, et al., 2010).  Hussey et al. (2005), questioned whether the substantiation 

decision has any analytic value, describing it as a distinction without a difference. 

However, the findings of the present research suggest that even direct contradictions in 

the criteria applied at different decisions are unlikely to manifest in differences in 

factors associated with measures of recurrence. Children who are reported frequently 

are likely to be substantiated more often because they are subject to the substantiation 

decision more often, regardless of similarities or differences in the reporting criteria 

applied at the reporting and substantiation decisions.   

Analysis of factors associated with individual decision points suggests the 

substantiation decision is made with a distinctive set of criteria, just as the reporting, 

screening, and protection decisions are. Because substantiation is not an exit decision, 

and is therefore not directly involved in patterns of recurrence, the factors associated 

with substantiation were not explored in the present research. However, substantiated 

harm was introduced as an explanatory variable. The four different types of 

substantiated harm had either no relationships or negative relationships with the 

reporting and screening decisions. Although it is not possible to identify the specific 

factors associated with the substantiation decision, this suggests that the criteria for the 

substantiation decision were different from the criteria applied at the reporting and 

screening decisions. Furthermore, substantiated neglect, substantiated physical abuse, 

and substantiated emotional abuse all displayed positive relationships with the 

protection decision. This relationship between substantiation and service provision has 

been observed widely (Children's Bureau of the US Department of Health and Human 

Services, 2015). If the factors associated with substantiation are different from the 
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factors associated with reporting and if substantiation helps to explain differences in 

service delivery, it is a worthwhile distinction for researchers to make.  

Updated map of recurrence 

The findings about progression-based recurrence reveal relationships between system 

components and measures of recurrence. These relationships can also be understood as 

feedback and added to the map of the recurrence system. (See feedback arrows 4 to 7 in 

Figure 8.5 below). Although feedback arrows 1 to 3 described in Figure 8.4 above 

operate simultaneously with these newly added feedback arrows, for visual clarity, they 

have been omitted from Figure 8.5.  

Measures of child protection recurrence relate to the child, family, and case 

characteristics of repeated progression beyond a particular decision. This is in contrast 

to feedback arrows 1 to 3 identified in the previous section, which relate to volumes of 

children. Because the factors associated with different types of progression-based 

measures of recurrence are the same, these measures of recurrence are grouped together 

into a single component in the system map.  

As explained above, the factors associated with progression based recurrence reflect the 

characteristics of children who progress beyond each decision. Children who repeatedly 

progress from the population through the reporting decision and into the intake phase 

are classified as re-reported. Feedback arrow 4 indicates that the factors associated with 

progression at the reporting decision contribute to the factors associated with 

progression-based measures of recurrence. Feedback arrow 5 shows the relationship 

between progression at the screening decision and measures of recurrence including re-

investigation and re-substantiation. As noted above, children who progress at the 

screening decision must first meet the criteria at the reporting decision. Feedback arrow 

5 represents an average of the reporting and screening criteria. Feedback arrow 6 
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operates in a similar fashion. The factors associated with repeated progression to 

intervention relate to measures of subsequent intervention, which requires repeated 

progression at the reporting, screening, and protection decisions. In measures of 

progression-based recurrence, the similarities between these decisions are emphasised 

and the differences are obscured. Feedback arrows 4 to 6 represent the way flows of 

children, which are determined by decision criteria, influence patterns of progression-

based recurrence.  

 

Figure 8.5: Updated map of system recurrence (feedback arrows 4 - 7) 

 

Because complex systems are characterised by non-linear relationships measures of 

recurrence can also influence other components in the system. Feedback arrow 7 

represents the way that progression-based measures of recurrence, through the SDM 

Family Risk Evaluation, influence the criteria of the protection decision. As described 

previously, the SDM Family Risk Evaluation is used to guide decisions about which 

children should progress from investigation to intervention. Not surprisingly, Analysis 1 
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revealed that items on the SDM Family Risk Evaluation were strongly associated with 

progression at the protection decision. As described in Chapter 2, the SDM Family Risk 

Evaluation was constructed from measures of progression-based recurrence (Coohey et 

al., 2013) and analysis of administrative data in the present research confirmed this 

association in the case study. Through the SDM Family Risk Evaluation, measures of 

recurrence guide decisions about which children should progress at the protection 

decision. 

Figure 8.5 does not include any feedback from measures of recurrence to the reporting 

or screening decisions. Unlike the protection decision, the reporting and screening 

decisions are not guided by recurrence-based tools. The reporting and screening 

decisions may be shaped by measures of recurrence to some extent, for example where 

decision makers consider the findings of recurrence research that recommends services 

be targeted to groups of children subject to high rates of recurrence (Bae et al., 2009; 

Eastman et al., 2016; Proctor et al., 2012; Sinanan, 2011; Yampolskaya & Banks, 2006; 

Zhang et al., 2013). However, if such feedback operates, it appears comparatively weak 

given the differences in the factors that predict progression at the reporting decision and 

the screening decision, and the factors associated with progression-based recurrence. 

Only the protection decision is directly shaped by measures of recurrence.   

This configuration of feedback explains why there are distinct differences between the 

reporting and screening criteria, but few factors that uniquely predict progression at the 

protection decision. Recurrence is shaped by the reporting, screening, and protection 

criteria as per feedback arrows 4, 5 and 6. However, feedback arrows 6 and 7 constitute 

a reinforcing feedback loop, indicated with a ‘+’ in Figure 8.5. Over time, as the SDM 

Family Risk Evaluation tool is updated with more current administrative data, the 

criteria of the protection decision more strongly reflect measures of progression-based 

recurrence, including the criteria of the reporting and screening decisions. The updated 
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SDM Family Risk Evaluation then shapes recurrence measures, and these measures also 

begin to resemble the reporting and screening criteria even more strongly. Over time, 

factors that may have been uniquely relevant at the protection decision are given less 

and less weight and are less and less observable in measures of recurrence.  

The findings of the present research demonstrate the extent to which the criteria of the 

protection decision represent the combined influence of the reporting and screening 

decisions. In the analysis of factors associated with progression at individual decision 

points, whenever there was agreement between the reporting and screening criteria, this 

was also reflected in the protection decision. Out of 14 variables associated with 

progression at both the reporting and screening decision all 14 were associated with 

progression at the protection decision, and of the two variables associated with exit at 

both the reporting and screening decision, both were associated with exit at the 

protection decision. This is further reflected in the individual items of the SDM Family 

Risk Evaluation. As pointed out in Chapter 2, measures of previous child protection 

involvement including previous investigations, previous injuries, and previous service 

delivery are treated as risk factors. It is not just factors associated with recurrence that 

are used to guide the protection decision; measures of recurrence are applied directly in 

individual cases.  

The tendency for actuarial risk assessment to be self-reinforcing has been observed 

before. As described in Chapter 2, Harcourt (2006) described a ‘ratchet effect’ where 

actuarial methods are used in the criminal justice system, although he did not directly 

discuss actuarial risk assessment in child protection. He explained how police may use 

official statistics about criminal justice involvement, such as arrests, convictions and 

sentencing, to target a particular group for increased scrutiny. This results in an increase 

in the rate of criminal justice involvement for the targeted group, which in turn justifies 

further increased scrutiny on the group. Harcourt described this as a “disproportionality 
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that grows over time” (Harcourt, 2006, p147)  through a ‘compound’ or ‘multiplier’ 

effect (Harcourt, 2006, p156), which is an apt description of a reinforcing feedback loop 

(Meadows, 2009). Harcourt also observed the potential for disproportionately large 

quantitative changes from small changes in initial conditions, which systems thinkers 

would refer to as a butterfly effect (Meadows, 2009). Harcourt (2006) described the 

effect of actuarial methods in a population with equal offending rates across groups. 

Criminal profiling would also create a ratchet under those conditions: the same 

result, namely, increased disproportionality in the balance of the incarcerated 

population, would obtain if all groups had the same offending rate, but we 

allocated slightly more of our law enforcement resources to one minority group 

than their representation in the general population would warrant (p. 156, 

emphasis in original).  

The result of this ratchet effect is that, over time, the characteristics associated with 

criminal justice involvement become further and further removed from characteristics 

associated with actual rates of offending.  

The same observation can be made about the reinforcing feedback loop that operates 

between measures of recurrence and the protection decision. Over time, the criteria of 

the protection decision increasingly represent the characteristics of children initially 

under the greatest scrutiny, in this case, the children who are most likely to be reported 

and screened in. Service provision becomes less associated with risk of maltreatment 

and more associated with the imperfect decision making of reporters, who of all 

decision makers have the least access to information, training, and expertise, and 

screeners, who have expertise but rely on the same limited information to make 

decisions. As noted in Chapter 2, recurrence-based risk assessment results in 

intervention, including coercive intervention, with children likely to recur but unlikely 
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to be maltreated. At the same time, children at risk of maltreatment but unlikely to recur 

are less likely to receive the services they need. The operation of reinforcing feedback 

or a ratchet effect exacerbates the discrepancy between rates of child protection 

involvement and rates of maltreatment even as validation studies, which rely on 

measures of recurrence, produce increasingly optimistic estimates of predictive validity.  

The use of actuarial risk assessment tools, including the SDM Family Risk Evaluation 

and those developed more recently from recurrence research (Horikawa et al., 2016; Li 

et al., 2014), as well as consensus based tools that have been calibrated with tests of 

predictive validity that use recurrence-based measures (Baird & Wagner, 2000; 

D'Andrade et al., 2008), should be reconsidered. As described in Chapter 2, actuarial 

risk assessment tools have been subject to sustained criticism on a number of fronts. It 

has been argued that the tools fail to support good practice (Bromfield & Gillingham, 

2008; Cash, 2001; Gillingham, 2006, 2009; Goddard et al., 1999; Munro, 2004b; Oak, 

2015), and are overly focused on factors that cannot be modified through intervention 

(De Bortoli, Ogloff, Coles, & Dolan, 2017; Douglas & Skeem, 2005). The continued 

use of the tools has been justified on the basis that they perform well in the narrow task 

of predicting which children are likely to be subject to subsequent maltreatment when 

compared to tools developed from clinical judgement or the direct application of clinical 

judgement by individual practitioners (Baird & Wagner, 2000; Coohey et al., 2013; 

D'Andrade et al., 2008; Ezzo & Young, 2012; Gambrill & Shlonsky, 2000). However, 

even these claims to predictive validity must be challenged if the tools purport to predict 

maltreatment but can only predict child protection recurrence. Moreover, their 

continued use is likely to further erode the validity of risk assessments. If prediction is 

the most important feature of a risk assessment (Coohey et al., 2013), then recurrence-

based tools should be abandoned.  
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This is not to suggest that evidence-based approaches to risk assessment need to be 

abandoned. The problem lies with the data sources used to construct tools. Advocates of 

actuarial tools have defended the use of child protection administrative data by arguing 

that the tools are only intended to predict maltreatment in children initially reported to 

child protection authorities in the jurisdictions that the tools were developed. As long as 

the tools are updated and recalibrated with local administrative data, and are not applied 

to general populations, they have argued that the question of generalisability that is 

sometimes raised (Goddard et al., 1999; Parton, Thorpe, & Wattam, 1997; Reder, 

Duncan, & Gray, 1993) is not of concern (Baird, Ereth, et al., 1999). However, even if 

the risk assessment tools are only applied to children subject to child protection 

involvement, they aim to predict events that take place when children are not subject to 

child protection involvement. Predictions about maltreatment that takes place beyond 

the boundaries of a self-organising system of recurrence cannot be supported by 

observations of what takes place within that system. Accurately measuring and thereby 

accurately predicting maltreatment would require observation of children even while not 

subject to child protection involvement. This research could not be undertaken with 

administrative data alone, and so would be more time consuming, expensive, and 

practically and ethically challenging than recurrence research, although by no means 

impossible (Cyr et al., 2013; Finkelhor et al., 2005).  However, in the absence of this 

type of evidence, evidence about recurrence is not a suitable substitute for evidence 

about maltreatment. 

Progression-based recurrence can be understood as an emergent property of a complex 

system. Patterns of recurrence are intrinsic to a self-organising set of components, but 

cannot be located in any individual system component. Although recurrence may be 

understood as an undesirable outcome, it cannot be attributed to poor practice or 

erroneous decision making. Even if decisions were made perfectly at each individual 
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decision point, high rates of recurrence would be expected to emerge from the 

complexity of the overarching system. Furthermore, system components interact in 

loops, like an air conditioner with a thermostat, rather than in a chain from a root cause 

to a final outcome. As per Figure 8.4, negative or balancing feedback loops triggered by 

volumes of children moving through the system alter the decision criteria that determine 

the volume and characteristics of children who progress at each point. The 

characteristics associated with those decisions interact to produce patterns of 

progression-based recurrence. These patterns of recurrence interact with the protection 

decision in a mutually reinforcing loop to ‘ratchet up’ the factors associated with 

recurrence. In the next section, the map of this complex system is developed further to 

describe the way patterns of exit-based recurrence emerge. 

Factors associated with exit based 

recurrence 

The final set of analysis aimed to respond to the second part of the second research 

question: What are the child, family, and case characteristics associated with different 

types of exit-based recurrence? Children who were subject to recurrence were divided 

into mutually exclusive categories defined by the point at which they tended to exit, and 

these children were compared to children who did not recur.  

Most variables tested had a significant relationship, either positive or negative, with at 

least one form of exit-based recurrence. Compared to measures of progression-based 

recurrence, variables had less consistent relationships with the different types of exit-

based recurrence. Out of 55 variables associated with at least one form of recurrence, 11 

were associated positively with all three types of recurrence, three were negatively 

associated with all three types, and six were not related to any form of recurrence. There 

were 28 variables associated with only one or two specific types of recurrence, and 
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there were a further 10 that were positively associated with at least one type of 

recurrence and were negatively associated with at least one other.  

Children were more likely to exit repeatedly at a particular decision if they were subject 

to that decision frequently but did not meet the criteria to progress beyond that decision. 

As with patterns of progression-based recurrence, earlier decisions determined which 

children were subject to later decisions; children were subject to a decision more 

frequently if they met the criteria for earlier decision points. As a result, patterns of 

recurrence were most clear for factors positively associated with progression at earlier 

decision points but negatively associated with progression at some later decision point. 

Patterns of recurrence were more complicated for factors positively associated with all 

decision points or negatively associated with all decision points.  

In the sections below, each exit-based type of recurrence is discussed. The factors 

associated with each type of recurrence are identified and compared to the factors 

associated with progression and exit at relevant decision points.  

Recurrence at the screening decision 

Variables related to general welfare, domestic violence, and emotional abuse were most 

strongly associated with recurrence at the screening decision. Items from the SDM 

Screening Tool included reports about ‘inadequate supervision’, ‘inadequate basic care’, 

‘failure to protect’, domestic violence related to either physical or emotional harm, 

‘parental conditions/behaviours have led to emotional harm’, and reports broadly 

classified as relating to emotional harm. From the SDM Family Risk Evaluation 

‘domestic violence in past year’, ‘current report alleges neglect’, and ‘four or more 

children in the household’ were also associated with recurrence at the screening 

decision as were cases substantiated for either neglect or emotional abuse. General 

welfare concerns such as these were positively associated with consistent reporting but 
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negatively associated with progression at the screening decision. As described in the 

previous section, these types of concerns are understood as chronic and ongoing and 

may not be screened in unless there is some indication that the problem is part of a 

broader pattern rather than an isolated incident. However, reporters who have episodic 

or limited contact with children may not necessarily know whether their concerns are or 

are not part of a broader pattern.  

Recurrence at the screening decision therefore performs an important function. The 

episodic reporting of isolated incidents reveals the pattern of chronicity that allows 

concerns about welfare to eventually be screened in (Bromfield et al., 2007; Bromfield 

& Higgins, 2005). Even if recurrence at the screening decision serves this purpose in the 

current system, recurrence may not be an effective or efficient way of revealing patterns 

of chronic maltreatment. Because reports are patterned around the observations that 

professionals make during the course of their work, repeated reports are a product of 

both chronicity and visibility of problems. Where problems are less visible, children 

may be subject to chronic maltreatment but may be subject to only sporadic and 

infrequent reporting. Even where concerns are visible and children are therefore subject 

to reports, children may experience significant cumulative harm before sufficient 

information is collected by the child protection authority to instigate an investigation or 

provide services (Broadley, 2014; Bromfield et al., 2007). Repeated reports may 

therefore be useful in identifying chronic maltreatment for some children but a reliance 

on repeated reports as an indicator of chronicity will also obscure the ongoing 

maltreatment of some children and lead to unacceptable delays for others.  

The efficiency of this approach is also limited. As described above, in the USA, 39.3% 

of reports are screened out, although in a third of states, the rate exceeds 50% 

(Children's Bureau of the US Department of Health and Human Services, 2015) and in 

Australia, 52% of cases are screened out (Australian Institute of Health and Welfare, 
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2016). There is considerable concern about the proportion of resources dedicated to 

receiving and screening reports and even the capacity of the system to sustain such high 

levels of reporting (Council of Australian Governments, 2009; O'Donnell et al., 2008; 

Scott, 2006; Waldfogel, 2009). However, reports can only function as a useful indicator 

of chronic maltreatment if professionals routinely report concerns that do not meet the 

criteria for a child protection response. Furthermore, screening out reports about welfare 

concerns that lack evidence of chronicity may create a false economy. Children may be 

subject to investigation eventually once enough reports build up, but in the meantime, 

the child protection authority must receive, record, and screen out a series of reports 

while the child does not receive a useful response. While recurrence at the screening 

decision can be an indicator of chronic maltreatment and should not be ignored 

(Bromfield et al., 2007), reliance on reporters as a general intelligence gathering or 

surveillance system is inefficient.  

The findings also revealed that factors related to abuse and physical harm were 

associated with low rates of recurrence at the screening decision. This was consistent 

with the low rates of reporting and high rates of screening for these types of concerns. 

Children subject to such concerns were less likely to be subject to the screening 

decision, and when they were, they tended to progress to investigation rather than exit. 

Variables associated with low rates of recurrence included reports broadly categorised 

as relating to physical abuse as well as reports for ‘excessively harsh discipline. From 

the SDM Family Risk Evaluation, ‘current investigation substantiated for abuse’ and 

‘prior injury to a child resulting from abuse/neglect’ were also associated with low rates 

of recurrence at the screening decision. There were several other variables related to 

physical harm that displayed either low rates of reporting or high rates of screening. 

Without the combined effects of both decision points, these variables did not display 

any significant relationship to recurrence at the screening decision.  There was only one 
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variable, ‘care inconsistent with child needs’, associated with low rates of reporting and 

high rates of screening that was not associated with below average rates of recurrence at 

the screening decision. Notwithstanding this one variable, the overall trend remains 

clear.  

The low rates of recurrence for children subject to reports and substantiation for 

physical abuse provide some insights into the potential benefits of reducing recurrence. 

The relatively low rates of reporting but high rates of screening meant that the number 

of children who were repeatedly exited at the screening decision was minimised. 

Compared to more general welfare concerns, the child protection authority deals with 

concerns about physical abuse more efficiently and in a way that is more responsive to 

children. The lower rates of recurrence at the screening decision meant the number of 

reports per investigation was reduced so children could be assessed earlier and, if they 

required support, this could be delivered sooner and without the administrative burden 

of a series of reports and screenings. That there is mismatch between the presentation of 

chronic neglect and the administrative and legal processes designed to respond to child 

maltreatment is not a new observation (Bath, 2014; Broadley, 2014; Bromfield et al., 

2007).It has been argued that processes and decision making respond to low frequency 

but high impact events and overlook the cumulative effects of low impact but high 

frequency events (Broadley, 2014), despite the severity of the long term consequences 

of chronic neglect (Bath, 2014; Bundy-Fazioli, Winokur, & DeLong-Hamilton, 2009; 

Hildyard & Wolfe, 2002). High rates of recurrence for children subject to reports about 

chronic welfare concerns indicate a need for improvements in the way such cases are 

handled by child protection authorities.  

However, improved efficiency and timeliness associated with reports of physical 

maltreatment may not necessarily equate to better outcomes for these children. Firstly, 

the lower rates of reporting about physical abuse may be due to a comparatively greater 
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problem with underreporting. Although there are no population based surveys of 

maltreatment in Australia, research from the USA (Finkelhor et al., 2005) and Canada 

(Cyr et al., 2013) is indicative. Notwithstanding the differing definitions applied in the 

SDM tools and those used by researchers, rates of all forms of maltreatment in the 

community are so much higher than rates of maltreatment substantiated by child 

protection authorities that there must be a great deal of unreported physical abuse 

(Children's Bureau of the US Department of Health and Human Services, 2015; Public 

Health Agency of Canada, 2010). Improvements in efficiency would only result in 

improved outcomes for children if this was achieved by improving accuracy of 

reporting rather than further reducing reporting of children who would be eligible for 

services. Secondly, investigating more cases can only produce better outcomes for 

children if those investigations lead to useful services. Increasing rates of investigation 

for children subject to general welfare concerns would reduce the rate of recurrence at 

the screening decision, but the purpose of doing so would be defeated if this resulted in 

a commensurate increase in the rate of recurrence at the protection decision.  

Where there was disagreement between the reporting and screening decision, patterns of 

recurrence were easy to understand, but the situation was more complex when variables 

were associated with both decision points in the same direction, for example, where a 

variable was associated with high rates of reporting and high rates of screening. 

Children were more likely to be subject to the screening decision frequently, which 

would tend to increase their rates of recurrence, but were unlikely to exit at the 

screening decision, which would tend to decrease their rates of recurrence. For some 

variables, this resulted in increased rates of recurrence at the screening decision. 

Variables following this pattern included Indigenous status, and from the SDM Family 

Risk Evaluation ‘parental substance, use recent or past’, ‘primary parent has/had mental 

health problem’, ‘primary parent has criminal history’, ‘primary parent 



 

231 

abused/neglected as a child’, and ‘current report alleges neglect’. In these cases, it 

appears that the high rates of repeated reporting overwhelmed the effects of the high 

screening rate resulting in an overall increase in the number of children repeatedly 

screened out. Similarly, reports about sexual abuse, which have low rates of reporting 

and low rates of screening, resulted in low rates of recurrence at the screening decision. 

However, in other cases, the opposite appeared to be true. Some items with high rates of 

reporting and high rates of screening produced low rates of recurrence. These included 

younger child age, the unborn child flag on the SDM Screening Tool, and ‘prior 

ongoing intervention in household’ and ‘youngest child under 2 years’ from the SDM 

Family Risk Evaluation. Children displaying these characteristics were subject to the 

screening decision more often than average, but they were also more likely than average 

to progress beyond the screening decision rather than exit, so rates of recurrence at the 

screening decision were below average for these children. As will be discussed in more 

detail below, these children tended to concentrate in categories of recurrence at 

subsequent decision points.  

While most of the independent variables analysed were drawn from yes/no answers on 

Structured Decision Making instruments and were therefore binary measures, there 

were some ordinal variables (i.e. children were categorised into groups with a ranked 

order). There was even greater complexity for ordinal variables compared to the binary 

variables that have been discussed so far. The risk rating on the SDM Family Risk 

Evaluation is an example, with children assigned a rating of low, moderate, high, or 

very high risk. The risk rating had a positive and approximately linear relationship with 

both the reporting and screening decisions. Children who were classified as low risk 

were the least likely to meet the reporting and screening criteria and children who were 

very high risk were the most likely to do so. However, the SDM Family Risk Evaluation 

rating did not have a linear relationship with recurrence at the screening decision. 
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Children who were classified as low risk displayed low rates of recurrence, moderate 

risk children recurred at moderate rates, and high risk children displayed high rates, but 

very high risk children displayed low rates of recurrence at the screening decision. 

Similar patterns were observed with other ordinal variables. The SDM Family Risk 

Evaluation includes two separate items about previous child protection reports. For both 

variables, the highest level had the strongest association with both reporting and 

screening but displayed average or below average rates of recurrence at the screening 

decision. For children who were low to high risk or lived in households with relatively 

limited prior child protection involvement, the effect of the reporting decision 

dominated. Low, moderate, and high rates of reporting resulted in low, moderate, and 

high rates of recurrence. However, for children who were subject to the highest rates of 

reporting and children who were classified as very high risk, the screening decision 

dominated. Although these children were subject to the screening decision more than 

any other children, they rarely exited at this point. As will be discussed in subsequent 

sections, if these children recur, they do so at later decision points.  

These findings demonstrate how complicated and seemingly contradictory patterns can 

emerge from the interactions between relatively simple system components. For some 

variables, a positive relationship with both decision points produced increases in 

recurrence, for some variables it produced decreases in recurrence, and for other 

variables, different levels on the same variable produced opposing results. Predicting 

rates of recurrence based on the rate of reporting and the rate of screening is like 

predicting the level of stock in a stock-and-flow model. Meadows (2009) describes 

stock-and-flow models with the analogy of a bathtub. The overall level of water in the 

tub, the stock, is determined by both the water flowing in from the tap and the water 

leaking out through the drain. Relatively small changes in the rate of water flowing 

either in or out of the tub can, over time, produce comparatively large effects on the 
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overall water level in the bathtub and produce patterns that are difficult to predict 

intuitively (Kapmeier, Happach, & Tilebein, 2016; Sweeney & Sterman, 2000). 

Importantly, there is no particular setting on either the tap or on the drain that can 

effectively predict the level of water in the bathtub. Even the straightforward 

assumption that increasing the inflow will raise the level of water relies on the 

assumption that the rate of inflow is independent of the rate of outflow. If turning the 

tap on also opens the drain, greater inflows may actually result in lower water levels. It 

is this lack of independence that explains the complicated patterns of recurrence for 

variables that all have positive relationships to both reporting and screening. The same 

factor predicts progression at both the reporting and screening decision so, for example, 

as assessed risk levels increase the tap is opened but so is the drain.  

Understanding child protection recurrence as a stock-and-flow model is useful to some 

extent, but is still a simplification of reality. Measuring child protection recurrence is 

not as simple as tracking the levels of perfectly interchangeable units like water or 

money moving through a system because it matters which children are subject to 

recurrence, how often they recur, and for how long they are subject to recurrence. Given 

that decision criteria are multidimensional, children and families change over time, and 

the necessarily imperfect measurement of key variables associated with child protection 

decision-making, it would be difficult to predict the level of child protection recurrence 

with any precision, even at the screening decision where only two decision points are 

involved.  

Recurrence at the protection decision 

Recurrence at the protection decision is more complex than recurrence at the screening 

decision because it involves three decision points rather than just two. Recurrence at the 

protection decision requires children to progress at the reporting decision, progress at 

the screening decision, and exit at the protection decision repeatedly. It might therefore 
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be predicted that variables associated with progression at the reporting and screening 

decisions, but associated with exit at the protection decision would produce the highest 

rates of recurrence. However, no variable had this pattern of association with decision 

points. As described previously in this chapter, the protection decision is strongly 

influenced by the recurrence based SDM Family Risk Evaluation, which is an 

instrument derived from progression-based measures of recurrence (Coohey et al., 2013; 

K. Johnson et al., 2007; K. Johnson et al., 2006). As described above, these progression-

based measures of recurrence are influenced by the criteria applied at both the reporting 

and screening decisions. The variables that predict reporting and screening are used to 

prioritise services, so there are unlikely to be any variables that strongly predict 

progression at both the reporting and screening decisions but predict exit at the 

protection decision. 

It is not surprising then that the variables that predicted higher rates of recurrence at the 

protection decision also tended to predict other types of recurrence. Variables that 

predicted recurrence at both the screening and protection decisions included the number 

of children living in the household, ‘inadequate supervision’, ‘failure to protect’, reports 

related to domestic violence, and ‘child with mental or behavioural disability’. Other 

variables predicted recurrence at the protection decision and also predicted recurrence 

after intervention, including child age, reports broadly categorised as relating to neglect, 

and ‘youngest child under 2 years’. More often, variables that predicted recurrence at 

the protection decision were positively associated with all three forms of recurrence. 

These included Indigenous status, reports broadly categorised as relating to emotional 

abuse, ‘parental substance use, past or present’, ‘primary parent has/had a mental health 

problem’, ‘primary parent has criminal history’, ‘parent abused/neglected as a child’, 

domestic violence indicated on the SDM Family Risk Evaluation, ‘current report alleges 

neglect’, ‘four or more children in the household’, and substantiated harm caused by 
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emotional abuse. Again, there was increased complexity for ordinal variables. Overall 

risk ratings on the SDM Family Risk Evaluation were positively associated with all 

three decision points in an approximately linear fashion, but very high risk children 

were subject to below average rates of recurrence.  

Jurisdictions that use recurrence based risk assessment tools may therefore reduce rates 

of recurrence at the protection decision. This is not to suggest that overall rates of 

recurrence are necessarily reduced. This still depends on the effect that intervention has 

on factors associated with reporting, which remains uncertain given the broadly 

observed association between progression-based recurrence and service delivery (Fluke 

et al., 2008). However, to some extent, reductions in rates of recurrence at the protection 

decision are likely to be achieved by increasing the proportion of children who recur 

after intervention. By systematically prioritising services to children who are most 

likely to recur, recurrence based tools may contribute to the paradoxical relationship 

between service delivery and recurrence. 

Recurrence after intervention 

The final type of recurrence relates to children who progressed repeatedly through the 

reporting, screening, and protection decisions. There is one further decision point, 

which determines whether children exit after their intervention or remain in care 

permanently but this decision point was beyond the scope of present research. 

Therefore, for the purpose of this analysis, there were three relevant decision points. 

Variables associated with progression at all three decisions were most strongly 

associated with recurrence after intervention. These included Indigenous status, younger 

age, the unborn child flag from the SDM Screening Tool, reports falling in the broad 

category of neglect or emotional abuse, ‘parental substance use, past or present’, 

‘primary parent has/had a mental health problem’, ‘primary parent has a criminal 

history’, ‘prior ongoing intervention in the household’, ‘parent abused/neglected as a 
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child’, and ‘youngest child is under 2 years’. Reports of sexual abuse, which were 

negatively associated with progression at all three decision points, were also negatively 

associated with recurrence after intervention.  

In contrast to the previous types of recurrence, the relationship between ordinal 

variables and recurrence was straightforward. The lowest risk children and children 

from households with the fewest previous child protection contacts were the least likely 

to recur and the very high risk children and children from households with the most 

contacts were the most likely to recur. Although more decision points were involved, 

predicting recurrence after intervention was comparatively simple. To understand why, 

it is useful to return to the stock-and-flow model and the bathtub analogy (Meadows, 

2009). At previous decision points, for many variables, the inflow and the outflow were 

not independent. For example, several variables that were associated with higher rates 

of reporting were also associated with higher rates of screening, so the resulting pattern 

of recurrence was difficult to predict. However, for this final category of recurrence, 

there is little variation in the outflow. Except for the few children who were placed in 

care permanently at their first ever investigation, children who were provided with 

services exited after a period of intervention. Because the outflow was essentially fixed, 

predicting the volume in the tub was a straightforward matter of measuring the inflow. 

Regardless of the more complicated patterns that may emerge for earlier types of 

recurrence, variables that have consistent and linear relationships with decision points 

had a consistent and linear relationship with recurrence after intervention.  

However, this does not address the enduring question in the recurrence literature of why 

service provision predicts child protection recurrence (Fluke et al., 2008). The approach 

taken here effectively side-steps this question by defining recurrence according to the 

point at which children exit the process. This produces a group of children who, by 

definition, repeatedly exit after they are provided with services, and groups of children 
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who, by definition, repeatedly exit before they are provided with services. Because 

service delivery is not conceptually distinct from the dependent variable, it is not 

possible to include it in analysis as an independent variable. As a result, there is no 

apparent contradiction between service provision and recurrence. However, this is not a 

satisfactory answer to the original question, which is whether interventions have a 

positive or negative effect on rates of child protection recurrence. The empirical 

analysis here cannot directly answer the question. As discussed in Chapter 2, nor can 

any recurrence research. The findings demonstrate that there are many factors that 

predict service delivery that also predict frequent reporting and high rates of screening. 

In other words, children who are provided with services tend to be those who are likely 

to be subject to future child protection involvement. This has been known for some time 

(Fuller & Nieto, 2013) but it remains unclear whether this fully explains the relationship 

between service provision and recurrence, or whether the intervention itself also has 

some net positive or negative effect on rates of recurrence.  

While the approach taken here may not be useful in identifying the contribution of 

service delivery to overall rates of child protection recurrence, it provides a framework 

for understanding why rates of recurrence are generally high for children subject to 

intervention. As mentioned previously, the final exit decision in the child protection 

process, which is not directly analysed here, relates to whether children exit after a 

period of intervention or remain in care permanently. High rates of recurrence would be 

expected for children who meet the criteria for an exit after intervention, while also 

meeting the criteria for a report. Investigations of individual decision points up to the 

protection decision revealed differences in criteria at each point, so some misalignment 

between the criteria for exit after intervention and the criteria for a report might be 

expected. While no data were available to measure the factors associated with this final 

exit decision, it is worth noting that in Queensland, like other jurisdictions that use the 
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SDM suite of tools, the standardised tools used to guide this decision are different to 

those applied at earlier decisions. High rates of recurrence after intervention do not 

necessarily indicate that interventions are ineffective in their main aim of preventing 

maltreatment and improving wellbeing for children. To reduce rates of recurrence, child 

protection interventions would need to successfully alter the characteristics associated 

with reporting, which may or may not result in lower rates of maltreatment. 

Summary 

The types of exit-based child protection described here can be understood as stocks in a 

stock-and-flow model. Although recurrence is more complicated than this, it is a useful 

analogy. Beginning with the first type of recurrence, which takes place at the screening 

decision, a high rate of inflow and a low rate of outflow, children will accumulate in the 

category. This is the pattern demonstrated by children subject to general welfare 

concerns, domestic violence, and emotional abuse. These children were likely to be 

reported but were unlikely to progress beyond the screening to an investigation so they 

recurred at the screening decision. Conversely, for children who were subject to 

concerns about physical abuse, the inflow was restricted but the outflow was open so 

there were relatively few children subject to recurrence. These patterns are easy to 

understand but as Kapmeier et al. (2016) and Sweeney and Sterman (2000) point out, 

when the inflow and outflow vary together, the result is difficult to predict. The patterns 

for variables that were associated with both reporting and screening were varied, and for 

ordinal variables, were complicated.  

The outflow from the first type of recurrence, the screening decision, is also the inflow 

for the next category of recurrence. Recurrence at the protection decision is increased 

with the number of children who progress past the reporting and screening decisions, 

and decreased by the number of children who progress past the protection decision, 

which operates as the outflow. The protection decision is guided by the SDM Family 
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Risk Evaluation, which is derived from progression-based measures of recurrence. Put 

another way, the outflow is dependent upon the same factors that predict inflow. As 

such, there were no straightforward examples of recurrence at the protection decision. 

The patterns of recurrence were varied and factors associated with recurrence at the 

protection decision were always associated with recurrence at other decision points. 

The final stock in the model is recurrence after intervention. The inflow for this last type 

of recurrence is set by the number of children who progress past the protection decision, 

which is in turn influenced by rates of reporting and screening. However, the outflow is 

essentially fixed. This means it is possible to predict rates of recurrence after 

intervention relatively simply by measuring the inflow only. This also means that the 

patterns of recurrence after intervention are straightforward. Positive associations with 

decision points resulted in positive associations with recurrence, and linear relationships 

with decision points resulted in linear relationships with recurrence.  

Limitations 

As described above, the findings can only relate to factors as they are recorded in the 

electronic system. Factors strongly associated with different types of recurrence that are 

not systematically recorded by case workers were therefore missed. It is also important 

to acknowledge the uncertainty and individual variation inherent in the subjective 

assessments that recorded in administrative data (Baumann et al., 2011; Gambrill & 

Shlonsky, 2000; Mansell, 2006c; Munro, 2011), and the imperfections in the way data 

are recorded by practitioners, which can affect data quality (Gillingham, 2009, 2012). 

Associations between factors may therefore be understated in administrative data.  

Furthermore, most factors were drawn from decision-making tools, which emphasise 

simplicity to reduce administrative burden for case workers and are therefore usually 

recorded as simple binary and ordinal measures. This may provide a false sense of 
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objectivity, conceptual clarity, and precision in measurement (Cradock, 2004; Scherz, 

2011), which may result in associations appearing more clear and straightforward than 

they are. This is particularly relevant in the present analysis. Children subject to the 

highest risk rating and living in households with the greatest number of prior reports 

concentrated in the final category of recurrence. If measurement was more refined, 

similar patterns may have been identified for other variables positively associated with 

progression at all three decision points. Measures of the nature, extent, and duration of 

parental drug use, mental health problems, criminal history, and prior interventions in 

households may have been particularly useful. 

The main limitation of the sample is that it could only include children who had been 

screened in at least once as data about children who have only ever been subject to 

screened-out reports is sparse and unreliable. As a result, the purest examples of 

recurrence at the screening decision, children subject to repeated reports but who were 

never screened in, were excluded from the sample. The difference between this category 

and the other two categories of recurrence may therefore be understated. 

Children who were subject to recurrence were categorised according to the type of 

recurrence that they most closely matched. Patterns of child protection involvement 

were not always perfectly consistent over time, so some flexibility in the operational 

definitions of categories of recurrence was required. It was possible to categorise almost 

all children as either not recurring, or subject to one of the three types of exit-based 

child protection recurrence. A small number (4.1%) could not be classified as they were 

subject to inconsistent patterns of child protection involvement and were therefore 

excluded. It is possible that with a more extended follow-up period a consistent pattern 

would have emerged and these children could have been classified.   
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Implications 

The exit-based typology of child protection recurrence used here may provide a useful 

alternative to the progression-based measures most commonly used in recurrence 

research. As described in more detail in Chapter 2, a range of progression-based 

measures have been used with varying index events, including reports, investigations, 

and substantiations, and a range of different recurrence events, again including reports, 

investigations, and substantiations (Bae et al., 2010; Casanueva et al., 2014; Fluke et al., 

2008). Because decision points have been understood as a series of progressively higher 

thresholds on a single continuum (Platt & Turney, 2014), these different measures have 

been treated as conceptually interchangeable and this is supported by empirical findings 

that demonstrate that the same factors predict all types of progression-based recurrence 

(Drake et al., 2003; Jonson-Reid et al., 2003; Li et al., 2014). However, decisions are 

better understood as multidimensional criteria than thresholds on a linear scale of 

severity or risk. Criteria at different decision points may be consistent across some 

dimensions but may conflict across others, but these differences are obscured in 

progression-based measures of recurrence. Because dependent variables relate to the 

time between an index event and a recurrence event, they do not distinguish between 

children who meet the criteria for a particular decision, such as a substantiation, and 

children who are subject to that decision more often because they met the criteria for 

earlier decisions, in this case the reporting and screening decisions. Earlier decisions 

influence the overall rates of progression beyond a later decision so conflicts between 

the criteria applied at successive decisions are averaged out in progression-based 

measures of recurrence. Factors with strong but conflicting relationships with different 

decisions may be only weakly associated with types of recurrence or may not be 

associated with progression-based measures of recurrence at all.  
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The exit-based typology of child protection recurrence used here may be useful in 

addressing these problems. Types of exit-based recurrence were defined according to 

patterns of entry, progression, and exit at decision points, so there were clear, if 

complex, relationships between the criteria applied at different decisions and the overall 

patterns of recurrence. This resulted in distinct profiles of characteristics associated with 

children subject to different types of recurrence. These types of recurrence also relate to 

distinctly different types of child protection involvement. Children and families subject 

to recurrence at the screening decision may not even be aware that they have been 

subject to a report. On the other hand, children subject to recurrence at the protection 

decision would be subject to repeated investigation without ever being directed into a 

service, while children subject to recurrence after intervention would be subject to 

repeated investigations and interventions. The implications for the child protection 

authority also vary depending on the type of recurrence. High rates of recurrence after 

intervention would have resourcing implications for service delivery while recurrence at 

the screening decision would not. Exit-based measures of recurrence are conceptually 

coherent, related to child protection decisions and different types of child protection 

involvement, and are associated with different child, family, and case characteristics. 

This typology may therefore be useful in opening new lines of inquiry for recurrence 

research.  

Updated map of recurrence 

The relationships that underpin exit-based patterns of recurrence are set out in Figure 

8.6, below. As before, feedback arrows included in previous figures (arrows 1 to 3 from 

Figure 8.4 and arrows 4 to 7 from Figure 8.5) have been omitted for visual clarity. As in 

Figure 8.5, feedback arrows relate to the characteristics of children, rather than to 

volumes of children as in Figure 8.4. 
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As described above, exit-based recurrence is analogous to a stock-and-flow model, 

which depends on the rate of entry and rate of exit. Firstly, recurrence at the screening 

decision involves a flow of children from the population, through the intake phase, and 

back to the population. As indicated by feedback arrow 8, children who enter this 

pathway are more likely to recur in this way. Children who remain on this pathway, i.e. 

children who are unlikely to progress to the investigation phase, are also more likely to 

be subject to recurrence, as indicated by feedback arrow 9. Children who display factors 

associated with reporting but do not meet the screening criteria, are therefore more 

likely to be subject to recurrence at the screening decision. Where there is conflict 

between feedback arrows 8 and 9, for example where children are likely to be reported 

but also likely to be screened in, the rate of recurrence will depend on the relative 

strength of each feedback arrow. Recurrence at the protection decision operates in a 

similar fashion. Children who flow into the investigation phase by meeting the criteria 

for a report and the criteria to be screened in are more likely to be subject to this type of 

recurrence as indicated by feedback arrow 10. Children who remain on this pathway by 

exiting at the protection decision are also more likely to be subject to recurrence at the 

protection decision, as indicated by feedback arrow 11. Feedback arrows 12 and 13 

operate on recurrence after intervention in the same fashion. 
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Figure 8.6: Updated map of system recurrence (feedback arrows 8 - 13) 

 

As noted in the previous section dealing with progression-based recurrence, non-linear 

relationships can exist in complex systems so measures of recurrence may also 

influence system components. However, the typology of exit-based recurrence used 

here was developed as part of the present research so exit-based measures of recurrence 

are not incorporated into policy or practice. The relationships between child protection 

decisions and exit-based patterns of recurrence are one directional and relatively 

straightforward compared to the progression-based measures of recurrence set out in the 

previous section.  

Summary 

This chapter discussed findings about the child, family, and case characteristics 

associated with progression and exit at individual decision points, as well as with 

different measures of child protection recurrence. The similarities and differences in the 

criteria applied at each decision point suggest that these criteria are multidimensional, 
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rather than thresholds on a continuum of severity or risk. These differences may create 

anomalous and inconsistent results for similar children, depending on the order in which 

information becomes available to decision makers. The observed differences in decision 

points are obscured in measures of progression-based recurrence because progression 

beyond a decision represents the combined influence of a series of decisions. Conflicts 

between decision points are therefore averaged out, resulting in weak associations or no 

associations at all between factors associated with decision making and measures of 

child protection recurrence. On the other hand, clear differences were observed in the 

factors associated with each exit-based type of recurrence. Patterns of recurrence were 

complex but can be explained with reference to individual decisions. Types of 

recurrence are analogous to the stocks in a stock-and-flow model. Accumulations of 

children in each category depends on the rate of inflow, determined by rates of 

progression at earlier decisions, and the rate of outflow, determined by rate of 

progression at later decisions. Where the rate of inflow and outflow conflict, rates of 

recurrence are easy to predict but where rates of inflow and outflow are correlated, the 

resulting stock, the number of children subject to a type of recurrence, is difficult to 

predict.  

These patterns of recurrence emerged from a complex self-organising system. This 

system is modelled in Figure 8.7 below. The black arrows represent flows of children 

who move through a series of administrative categories towards permanent intervention. 

Children enter this process at the reporting decision and can then either progress or exit 

at a series of subsequent decisions. As indicated by the blue feedback arrows, the 

volume of children subject to child protection involvement at a particular phase can 

affect earlier decisions. If volumes of children increase, the criteria of the previous 

decision may be adjusted to reduce the flow of children and moderate that volume. The 

blue feedback arrows (1 to 3) represent these negative feedback loops. Although they 
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relate to the volume of children, these feedback loops can indirectly affect the 

characteristics of children who progress as certain cases are more likely to be prioritised 

when resources are scarce. Feedback flows from the investigation, intervention and 

permanence categories to the screening, protection and case closure decisions 

respectively. Reporters, who are outside the child protection agency, are relatively 

unaffected by resource constraints so there is no feedback arrow running from the intake 

category to the reporting decision. 

 

 

Figure 8.7: Updated map of system recurrence (feedback arrows 1 - 13) 

 

Patterns of recurrence relate directly to the characteristics of children rather than to 

volumes of children. These relationships are represented in green. Progression-based 

patterns of recurrence are influenced by the flows of children who progress repeatedly 
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through the process. Feedback arrow 4 is triggered by the flow of children from the 

population to intake, so represents the criteria of the reporting decision. Feedback arrow 

5 is triggered by the flow of children from the intake to investigation, so represents the 

reporting decision as well as the screening decision. Feedback arrow 6 represents the 

criteria of the reporting, screening and protection decisions. Feedback arrow 7, which 

operates through the recurrence based SDM Family Risk Evaluation, creates a 

reinforcing feedback loop. This reinforcing feedback loop means measures of 

recurrence and the protection decision increasingly represent the reporting and 

screening criteria.  

Patterns of exit-based recurrence can be difficult to predict because they are contingent 

on rates of progression and rates of exit from the child protection process. As per 

feedback arrows 8 and 9, recurrence at the screening decision is associated with 

progression at the reporting decision and exit at the screening decision. Recurrence at 

the protection decision is associated with progression at the screening decision 

(feedback arrow 10) and exit at the protection decision (feedback arrow 11), and 

recurrence after intervention is associated with progression at the protection decision 

(feedback arrow 12) and exit at the case closure decision (feedback arrow 13).  

This chapter has described a system of recurrence, taking into account the way children 

move through sets of decision criteria, and how flows of information within that system 

shape and are shaped by patterns of recurrence. The final chapter of this thesis sets out 

the conclusions of the research. It explains how the findings of the present case study 

can be applied to systems of recurrence more generally, articulates a mechanism for 

child protection recurrence, and puts forward considerations for policy to reduce rates of 

recurrence, along with suggestions for future research.  
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CHAPTER 9:  CONCLUSIONS 

The aim of the present research was to advance understandings of the mechanisms of 

recurrence in order to contribute to policy approaches that may reduce child protection 

recurrence and mitigate its negative effects. The research sought to achieve this aim by 

reconceptualising recurrence as a systems problem and then conducting a detailed case 

study of a system of recurrence. In this final chapter, the conclusions of this research are 

presented. Firstly, a mechanism for child protection recurrence is articulated. Based on 

examination of recurrence at the screening decision, protection decision, and after 

intervention, the underlying mechanism of recurrence described here can be applied 

generally to systems structured around entry and exit decisions. Secondly, 

considerations for policy are presented. These suggestions focus on the way that 

components within systems relate to each other rather than to specific child, family, and 

case characteristics, so again are applicable broadly. Finally, suggestions are put 

forward about how future research may build on the findings of the present research.  

Mechanism of recurrence 

The research sought to reconceptualise child protection recurrence as a systems 

problem. Using child protection in Queensland, Australia as a case study, this system of 

recurrence was modelled as set out in Figure 9.1, below. Child protection recurrence 

involves patterns of entry, exit, and subsequent entry to the child protection process, 

represented by the black arrows in Figure 9.1. These patterns are determined by a series 

of decisions about entry and exit. In reality, these decisions are made with incomplete 

information under conditions of uncertainty (Mansell, 2006c), are impeded by a range 

of cognitive biases and common errors in reasoning (Gambrill & Shlonsky, 2000; 
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Munro, 1999) and are influenced  by environmental and organisational factors 

(Baumann et al., 2011). These decisions about entry and exit are therefore subject to 

individual variation. However, to construct a model that is ‘usefully limited’, it is 

necessary to omit or simplify aspects of the system so that the model is simple enough 

to be comprehensible but sufficiently detailed to be analytically useful (Cilliers, 2005). 

For the purpose of this analysis, entry and exit decisions were therefore understood as 

interactions between a set of criteria and the child, family, and case characteristics 

associated with individual children. Children enter the child protection process when 

they meet the criteria for a report. They may then exit this process at the screening 

decision. Children who progress past the screening decision are subject to investigation 

and may then exit at the protection decision. Children who progress at the protection 

decision are subject to intervention, which may be temporary or, if they progress past 

the case closure decision, children remain subject to intervention permanently. 

Recurrence is produced by a combination of decisions about progression and exit. 

Children who do not progress are never reported and remain outside the child protection 

process. Children who do not exit are subject to intervention permanently and so do not 

recur either.  
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Figure 9.1: Model of child protection recurrence in Queensland 

 

Using the progression-based measures of recurrence that have been used to date, it is 

difficult to understand how recurrence happens. Child protection recurrence relates to 

patterns of entry and exit from the child protection process but progression-based 

measures of recurrence relate only to patterns of progression, as per feedback arrows 4 

to 6 in Figure 9.1. As a result, progression-based categories of recurrence, including re-

report, re-investigation, and re-substantiation, are not conceptually distinct. These 

categories overlap so that children subject to re-substantiation are also necessarily 

subject to re-investigation, and children subject to re-investigation are also subject to re-

reporting. The factors associated with progression-based measures of recurrence 

represent the average effect of a series of decisions. This means differences in criteria 

applied at each decision are obscured and the same factors are associated with all 

progression-based types of recurrence. Progression-based patterns of recurrence may be 
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further complicated by non-linear relationships between recurrence and decision-

making. A reinforcing feedback loop exists, indicated by arrows 6 and 7, whereby child 

protection decisions shape progression-based measures of recurrence, and these 

measures in turn shape the risk assessment tools used to guide child protection 

decisions. 

Exit-based measures of recurrence overcome many of these problems. These measures 

relate to both progression and exit and so produce categories that are mutually exclusive 

and conceptually related to distinct child protection decisions. As a result, different 

factors are associated with different types of exit-based recurrence and these differences 

reflect the criteria applied at different child protection decisions. Although the patterns 

of recurrence that are produced by interactions between successive decisions are 

complex, the underlying mechanism is relatively simple. As represented by feedback 

arrows 9 to 13 in Figure 9.1, children who are likely to progress at earlier decisions but 

likely to exit at later decisions are likely to be subject to recurrence. When children 

consistently meet the criteria for progression at earlier decisions but consistently fail to 

meet the criteria for progression at a later decision, they enter the child protection 

process, progress up to a point, and then exit. As long as the child’s relevant 

characteristics remain stable over time and the decision criteria remain stable, their 

patterns of entry and exit can be expected to continue.  

The multidimensional criteria applied in child protection decisions are integral to the 

system of recurrence. For the same child to consistently meet early criteria but 

consistently fail to meet a later set of criteria there must be differences in the criteria 

applied at each decision. Greater differences across different decision points create 

greater opportunities for children to meet some criteria but not others. On the other 

hand, where decision criteria are closely aligned, children who enter the process will 

tend to meet all criteria and progress to intervention. If the final case closure decision is 
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also aligned to previous decisions, children will remain subject to intervention until they 

no longer meet the criteria for a report. Recurrence emerges from the differences in 

criteria applied at different child protection decisions. 

The mechanism for child protection recurrence described here does not relate to any 

specific child, family, or case characteristics. Recurrence emerges from the relationships 

between children and decisions, so what matters is how these components relate to each 

other. This is important for two reasons. Firstly, it means that the mechanism described 

here can apply to any child protection process organised as a series of decisions about 

entry and exit, regardless of the decision-making guidelines and processes, 

organisational and broader environmental contexts, and the characteristics of children 

and families in that jurisdiction. Furthermore, given the inevitable differences in 

organisational context and availability of information across different decisions, it is 

unreasonable to expect criteria to be perfectly aligned, so some level of recurrence is to 

be expected in any jurisdiction organised in this fashion. The specific factors associated 

with exit-based types of recurrence may be different across jurisdictions, but the 

underlying mechanism is likely to be the same. Where a particular group of children is 

subject to higher rates of recurrence, whether this relates to children of a particular race, 

children subject to particular types of maltreatment, or children provided with services, 

it is because they progress through early decisions at high rates, but progress at later 

decisions at a comparatively low rates. To understand why some children are subject to 

recurrence at greater levels than other children within any given jurisdiction requires an 

understanding of how the criteria at each decision relate to those children.  

Secondly, repeated maltreatment or ongoing need may or may not be associated with 

any particular type of recurrence or with recurrence generally. Discrepancies in the 

criteria applied at different decision points may or may not relate to particular types of 

maltreatment. It is possible for children at low risk of maltreatment to be subject to high 
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rates of recurrence, and it is possible for children at high risk of maltreatment to be 

subject to low rates of recurrence. Approaches to understanding recurrence and to child 

protection decision making that assume a direct connection between repeated 

maltreatment or ongoing need and child protection recurrence should be reconsidered. 

Doing so will create opportunities for assessments to respond to the risk of maltreatment 

rather than the risk of child protection recurrence. Understanding the mechanism that 

underpins child protection recurrence can therefore assist in developing approaches that 

are more sensitive and responsive to the risk of maltreatment and ultimately improve 

safety for children.  

Even if child protection recurrence is not a direct indicator of repeated maltreatment it is 

still problematic. For governments, recurrence suggests inefficiency in the way services 

are allocated and involves repeated work receiving reports and sometimes investigating 

families. Recurrence is also problematic for families to the extent that it involves 

stressful contact with child protection agencies and interventions that do not reduce 

their likelihood of further child protection involvement. Where possible, recurrence 

should be minimised. Considerations for policy to reduce recurrence are put forward 

below. 

Policy 

If child protection recurrence is generated by incongruence between decision points, to 

reduce recurrence the criteria applied at each decision point must be aligned. Ideally, 

reporters would respond to the characteristics most relevant in the screening decision, 

which would reflect the characteristics most relevant in the protection decision. The 

more closely aligned the decision points, the less opportunity there would be for 

children to consistently meet earlier criteria but consistently fail to meet later criteria. It 

is not an easy task to create this type of consistency across decision makers operating in 
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different contexts, with different environmental pressures. As noted above, perfect 

consistency is not achievable so some level of child protection recurrence is inevitable. 

Furthermore, decision makers necessarily operate with different access to information. 

As described previously, the final protection decision is made with substantially new 

information drawn from a child protection investigation. Differences in decisions 

caused by differences in access to information are inevitable. However, differences in 

decisions caused by different decision-making rationales and different understandings 

of which children should and should not be subject to child protection involvement can 

be minimised. While it is not possible to eliminate difference between decisions, it is 

possible for decision criteria to be aligned better.  

In theory, the decision criteria can be set in any number of ways; recurrence will be 

reduced as long as the criteria are consistent across decision points. The first challenge 

is therefore to determine what priorities should be reflected in decision making. If the 

purpose of child protection is to address maltreatment by intervening in individual cases 

(as opposed to broader prevention strategies aimed at populations or sub-groups), then 

the criteria throughout the process should be geared towards the decision about 

intervention, i.e. the protection decision. A range of different frameworks could be used 

to determine which children should be subject to intervention including risk based 

approaches (Green, 2007), needs based approaches (Elliott, 1998), and human rights 

based approaches (Bessell & Gal, 2009). Whatever approach is taken, the goal should 

be consistent application of that approach throughout the system. The second challenge 

is to implement policies that create this desired consistency. Decision-making tools 

designed to enhance consistency in decision making across different decisions, rather 

than just within individual decisions, would likely go some way towards aligning sets of 

criteria. However, decision-making tools alone are not likely to be sufficient. Decision 

making is influenced by a range of individual, organisational, and contextual factors 
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(Baumann et al., 2011), and research has indicated that even highly structured tools are 

not sufficient to completely overcome these influences (Gillingham, 2009, 2011b).  

Because recurrence emerges from the interactions between components in a complex 

self-organising system, feedback within the system must also be considered. The 

feedback within the case study system set out in Figure 9.1 above tended to exacerbate 

differences between certain decision points. These flows of feedback are not necessarily 

the same in every jurisdiction with high rates of recurrence, but they provide an 

example of how influential feedback can be in shaping overall patterns of recurrence. 

For reductions in recurrence to be sustainable, the way feedback operates to change the 

system over time would need to be taken into account.  

For all decisions to reflect the goal of intervening in the right cases to address 

maltreatment, information would need to flow from the protection decision, where the 

decision about intervention is made, to all other decision points. The configuration of 

feedback set out in Figure 9.2 below would be sufficient. This feedback would involve 

communication between decision-makers at different parts of the system about the 

criteria they apply. Information would flow directly to adjacent decision points with 

information reaching the reporting decision indirectly via interactions between reporters 

and screeners. The flow of information from the protection decision to the screening 

decision (feedback arrow A) would involve communication internal to the child 

protection authority. Ideally, this feedback would be specific, timely, and have 

sufficient detail to allow individual screeners to understand the nature of any 

discrepancy between their own interpretations of the protection criteria and the 

interpretations of investigators. Feedback could be facilitated through informal 

communication and through formal processes such as performance indicators. The 

supply of information back to the reporters (feedback arrow B) would be more limited 

because reporters are almost always from outside the child protection authority. 
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Concerns about confidentiality would likely preclude information about whether a child 

ultimately received a service to flow back to reporters. However, there is no privacy 

concern with reporters being told whether, based on the information they have supplied, 

the case can be accepted for investigation. Ongoing guidance and training about 

screening criteria could be provided to professional reporters.  

 

Figure 9.2: Ideal feedback to reduce recurrence 

 

Although the empirical study did not extend to the case closure decision, according to 

the model of recurrence set out here, reducing recurrence after intervention relies on 

consistency in this decision as well. Throughout intervention, children may display 

improvements in wellbeing and their assessed risk of future maltreatment may be 

reduced. Parents may comply with case plans and achieve case plan goals, and 

improvements in family functioning may be evident. However, if changes do not also 
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relate to the characteristics relevant at the reporting, screening, and protection decisions, 

children are likely to be subject to recurrence despite these improvements. To reduce 

recurrence, interventions should only be closed once the child no longer meets the 

criteria for progression at earlier decisions. This requires criteria for protection to relate 

to specific concerns, interventions that address those particular concerns, and 

assessments at case closure that relate to sustainable improvements around those same 

concerns. Permanent interventions would be required for cases in which such 

improvements could not be achieved. This further highlights the need for decision 

criteria to relate to dynamic factors, which can be altered through intervention, rather 

than relying on static factors, such as demographic and historical characteristics (De 

Bortoli et al., 2017). By ensuring alignment between criteria about intervention, service 

provision, and assessments, effective interventions would improve outcomes for 

children and reduce rates of child protection recurrence as well.  

As mentioned previously, case closure decisions are varied and complicated by the 

range of different types of interventions undertaken in home and out of home, 

voluntarily and under court orders. Communication between the protection decision and 

case closure decision is represented in Figure 9.2 with a single feedback arrow 

(feedback arrow C), but in reality, flows of information are likely to be more 

complicated. Further research on these exit decisions and how they can best be aligned 

with earlier decisions is therefore required.   

It can also be useful to eliminate or minimise feedback that contributes to undesirable 

system behaviour. In the case study, feedback relating to progression-based recurrence 

was problematic. Actuarial risk assessments developed and tested using progression-

based measures of recurrence created feedback running from earlier decisions to the 

protection decision i.e. in direct opposition to feedback arrows A and B in Figure 9.2. 

Continuing to use actuarial tools developed with progression-based measures of 
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recurrence would produce a set of reinforcing feedback loops. The protection decision 

would be calibrated against the reporting and screening criteria via the actuarial risk 

assessment, and the reporting and screening decisions would be calibrated against the 

protection decision via communication processes outlined above. This would lead to a 

strengthened  ratchet effect, as described by Harcourt (2006), which would skew child 

protection activity towards the most visible children and away from children most in 

need of protection. To avoid this, the use of recurrence-based decision-making 

instruments would need to be discontinued. Evidence-based tools, including actuarial 

tools, could still be used as long as these tools were not based on measures of child 

protection involvement. For example, evidence about factors associated with 

maltreatment based on population studies could be used to guide decisions.  

Feedback arrows 1 to 3 relate to the way that volumes of children flowing through the 

system influence earlier decision points. For example, if high volumes of children enter 

the investigation phase, concerns about resource availability tend to restrict the criteria 

of the screening decision. This reduces the number of children progressing to 

investigation but also changes the characteristics of children who progress because 

certain types of cases are likely to be prioritised when resources are constrained. These 

feedback loops therefore have the potential to push decision criteria out of alignment. 

This feedback can be weakened by responding to changes in volumes of children by 

reallocating resources rather than modifying decision criteria. For example, if the 

volume of children progressing to investigation increases, it would be possible to deal 

with this by allocating additional resources to the investigation phase, rather than 

restricting the screening criteria. Similarly, changes to volumes of children progressing 

to permanency could be managed by changing the allocation of resources rather than 

restricting the criteria at the case closure decision. It is not necessary to minimise the 

operation of feedback arrow 2, which runs from the intervention stage to the protection 
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decision. As long as there was efficient communication throughout the system, 

adjustments to the criteria at the protection decision would also be reflected in the other 

decisions. Of course, reallocation of resources is limited by practical considerations. For 

example, only certain types of resources can be reallocated. It may be possible to 

reallocate staff within the child protection agency to help manage a high volume of 

work at one part of the system, but a lack of available out-of-home care placements 

could not be addressed so easily. It is therefore not realistic for adjustments to resource 

allocation to completely offset changes in the flows of children moving through 

decisions. However, where possible, priority should be given to adjusting resources 

rather than adjusting decision criteria. When decision criteria are adjusted, the aim 

should be to apply those adjustments consistently throughout the child protection 

process rather than, for example, using the screening decision to moderate flows of 

children to later parts of the process.  

Introducing feedback depicted in Figure 9.2 would make the organisational environment 

conducive to consistent decision making throughout the child protection process. 

Through the operation of feedback that reflects the protection criteria, the organisational 

environment at each decision point would be an expression of the system’s core 

purpose, to protect children from maltreatment in individual cases. As mentioned above, 

policies, procedures, and decision-making tools, could still be useful but these would 

complement the organisational environment rather than oppose it. These flows of 

information would also insulate the system against external factors, such as changes in 

the political and social context. Changes in funding, legislated definitions, or in the 

broader social and political climate would still change the way decisions were made, but 

these changes would be reflected consistently throughout the system.  

A system aligned in this fashion would also provide a logical point of intervention for 

policy makers seeking to change the flows of children through the child protection 
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process. Because decisions would be aligned to the protection criteria, this would be the 

most efficient intervention point. For example, if the volume of children subject to child 

protection involvement resulted in budgetary concerns, narrowing the criteria at the 

protection decision would result in fewer children subject to intervention, but also fewer 

children likely to be reported and investigated. By directing policy interventions at the 

protection decision and allowing those changes to flow through the system, decision 

criteria could remain aligned and thereby minimise child protection recurrence. Again, 

changes to decision making guidance and tools at different decision points would be 

useful, but changes would need to be consistent, implemented in a coordinated fashion, 

and supported by the flows of information from the protection decision to ensure 

decision criteria remained aligned.  

Aligning decision criteria throughout the system would have three immediate effects. 

Firstly, consistent criteria across decisions would help to minimise anomalous outcomes 

produced by the discrepancies in information available to different decision makers. As 

new and updated information became available later in the process, this information 

would be applied to the same criteria used at earlier decisions. The final protection 

decision, which is based on information obtained during the investigation and is 

therefore the most complete and up to date, would automatically validate earlier 

decisions made with less reliable information. If a child is assessed to meet the 

protection criteria, it can be concluded that they also meet the screening criteria. This 

would ensure that the final outcome would reflect the most complete and up to date 

information available to the child protection authority. Secondly, the volume of reports 

that did not result in service provision would be reduced. Some reports would still be 

screened out but with each screened-out report, the decision criteria would be brought 

closer into alignment. Because investigations draw on new information, a proportion of 

children will always be exited after investigation but cases where the screener and the 
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investigator have different understandings about which children require protection 

would be minimised. The third effect relates to recurrence. Not only would there be 

fewer children exited without receiving services, the proportion of those children 

subject to repeated child protection involvement would be minimised because there 

would be less opportunity for children to meet earlier criteria but consistently fail to 

meet later criteria. 

Directions for research 

The findings of the current study may be built upon and strengthened in a number of 

ways. The current research used a case study to understand how the decision points 

within a jurisdiction relate to different patterns of child protection recurrence. Future 

research could build on these findings by investigating the relationships between 

decision points and recurrence in other jurisdictions. The mechanism for recurrence 

described here is expected to operate in any jurisdiction organised as a series of entry 

and exit decisions. Although the factors associated with progression-based measures of 

recurrence have been found to be the same across jurisdictions, it is possible that the 

child, family, and case characteristics associated with progression at individual decision 

points and exit-based patterns of recurrence are different. Further exploration in other 

jurisdictions is therefore warranted to understand how patterns of exit-based recurrence 

vary across systems. This research may also help to explain why particular groups of 

children are subject to higher rates of recurrence in those jurisdictions by observing how 

differences in the criteria applied at different decisions affect specific sub-populations.  

It may be possible in future research to address some of the limitations of the current 

study. These limitations relate primarily to the sample of children subject to child 

protection involvement. Within the limited scope of this study, it was possible to use 

only one sample, which was structured to meet the requirements of an analysis of 
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progression-based recurrence. This may have resulted in the differences between the 

criteria applied at different decision points being understated and tended to reduce the 

strength of observed relationships between child, family and case characteristics and 

exit-based types of recurrence. Rather than sampling children subject to their first ever 

screened-in report, a broader sample may strengthen results, as would a longer follow-

up period.   

There is also scope to apply the same theoretical perspective set out here to the 

decisions that take place after the protection decision. This would be key to 

understanding the counterintuitive relationship between service provision and child 

protection recurrence. Noting that child protection recurrence does not necessarily 

indicate repeated maltreatment, recurrent child protection intervention does not 

necessarily indicate a lack of effectiveness in child protection interventions. It is not 

necessarily problematic for children and families to be subject to repeated periods of 

intervention if they require support intermittently. However, recurrence after 

intervention does raise questions about efficiency in the child protection process, so 

further research on this type of recurrence would be useful. This research may help to 

minimise the number of reports and investigations involved in providing support to 

families. This would be beneficial both for families, who would experience fewer child 

protection investigations and more responsive service provision, and for governments, 

who could divert resources from repeatedly receiving reports and investigating the same 

families towards helpful services. It would also be beneficial to reduce the number of 

families who exit intervention and are immediately re-reported and re-investigated.  

Out-of-home care is one type of intervention where recurrence is particularly 

problematic. Given the negative consequences of placement instability and repeated 

failed reunifications for children, permanency is a formalised policy goal across 

jurisdictions (Children's Bureau of the US Department of Health and Human Services, 
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2015; Esposito et al., 2014; López, del Valle, Montserrat, & Bravo, 2013; Steering 

Committee for the Review of Government Service Provision, 2016; Tilbury & Osmond, 

2006). Given this, understanding recurrence of out-of-home care placements may be a 

priority for research. Understanding decisions after the protection decision would 

involve mapping the potential exit points associated with different types of intervention, 

examining the factors associated with progression and exit at each decision point, and 

comparing these to the factors associated with the decision points already described 

here. 

The findings of this research also highlight the value of research on the extent, nature, 

and factors associated with child maltreatment in the general population. This type of 

research is necessary to identify the factors that are associated with child maltreatment, 

as distinct from child protection recurrence, to inform risk assessments and guide child 

protection decision making. This research would also further understandings of the 

relationships between child protection involvement, intervention, and outcomes for 

children. While this research is ethically challenging, it is possible (Finkelhor, 

Vanderminden, Turner, Hamby, & Shattuck, 2014). To date, studies that aim to measure 

the prevalence of child maltreatment in the general population without relying on 

contacts with service systems as a proxy have been limited in number and restricted to 

North America (Cyr et al., 2013; Finkelhor et al., 2005), so there is considerable scope 

for further research in this area.  

As electronic information systems have become more sophisticated, administrative data 

have become an increasingly rich and important source of information about child 

protection. These systems are likely to continue to evolve becoming less obtrusive and 

more integrated with practice, which may result in a reduction in volume of 

administrative data, but these data are likely to be more relevant to interactions between 

children and agencies responsible for making decisions (Gillingham, 2014, 2015, 2016). 



 

264 

At the same time, it is becoming possible to link data from a more diverse range of 

sources across a range of service systems, expanding the volume of high quality data 

available for analysis (Connelly, Playford, Gayle, & Dibben, 2016). This presents 

considerable opportunities to build on understandings of child protection processes. 

However, these data are complex because child protection itself is complex; it is 

characterised by multiple non-linear relationships, unclear boundaries, self-organisation, 

and emergent properties that are surprising and counterintuitive. Systems thinking can 

help to make sense of these complexities to address problems like child protection 

recurrence but also to enhance understandings of child protection more broadly.  
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