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The airline business model spectrum 

Abstract 

The aim of this paper is to establish the airline business model spectrum in 

recognition of the idea that airlines are often better considered along a continuum of 

business models rather than categorized into discrete groups. This is achieved by 

extending the analysis on different types of business models (low-cost, regional and 

full service carriers), allocating their positions within the spectrum. The model is 

particularly useful to better situate hybrid and regional airlines, as they tend to mix 

characteristics of both low-cost and full service carriers. Data from nine major US 

carriers were used to map and summarize their business models across factors such as 

revenue, connectivity, convenience, comfort, aircraft and labor. While airline business 

models can be delineated to a certain extent, these results also highlight a high degree 

of variation within each airline with respect to the factors examined. This is 

particularly the case for hybrid airlines. The model also provides a useful tool for 

airline managers and policymakers in obtaining a ‘bird’s eye view’ of the concept of 

hybrid airlines and how these business models can be compared to low-cost and full 

service network carriers. 
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1. Introduction 

Airlines are no longer easily labeled as either low-cost carriers (LCCs) or full 

service network carriers (FSNCs), with many of the so-called hybrid airlines 

combining attributes from LCCs and FSNCs to broaden their target demand and 

survive increasing competition (Lawton and Solomko, 2005).  

This paper aims to establish an airline business model spectrum in order to create 

an instrument that, while incorporating a number of product and operational variables, 

provides a simple representation of the complex reality of the different airline 

business models. The model recognizes the fact that airlines are better represented 

along a continuum rather than by discrete categories. Particularly useful is the 

possibility to position hybrid and regional airlines along an LCC–FSNC spectrum, as 

hybrid and regional airlines tend to combine aspects of both LCC and FSNC business 

models.  

The key contribution of this paper is to create a mechanism whereby different 

airline business models can be translated into an index that enables the comparison of 

different business models across a spectrum of LCCs–FSNCs.  

 

2. Methodology and application 

This paper’s analytical framework was partially taken from the product and 

organizational architecture (POA) of firms applied by Mason and Morrison (2008) to 

six European LCCs.  Their study focused exclusively on LCCs in Europe and 

benchmarked the European LCCs against the most profitable airline in the sample. 

This paper builds on Mason and Morrison’s (2008) research by comparing nine major 

airlines from the US with different business models and benchmarking some of the 

POA variables to establish a spectrum on which airlines can be positioned. We 

adopted a list of items (see Table 1) from Mason and Morrison’s (2008) research to 

develop six indices. The indices include: revenue, connectivity, convenience, comfort, 

aircraft and labor. When considered collectively, these indices were assumed to 

account for the position of airlines within the spectrum.  
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Table 1  

Product and organizational data for the six indices – airlines listed in alphabetical order. 

   Air Tran Alaska American Continental Delta  Hawaiian JetBlue SkyWest Airlines  Southwest 

Index  Item FL08 FL09 AS08 AS09 AA08 AA09 CO08 CO09 DL08 DL09 HA08 HA09 B608 B609 OO08 OO09 WN08 WN09 

R
ev

en
u
e 

Unit cost (per ASM) (US$ cents) 11.04 9.29 12.54 10.78 13.87 12.22 12.44 10.75 19.40 12.32 11.77 11.07 10.11 9.24 15.20 11.20 10.24 10.29 

Yield RPM (US$ cents) 12.73 11.14 14.13 13.28 13.84 12.28 13.75 11.58 14.52 12.60 14.10 12.77 11.72 11.28 14.79 20.26 14.35 13.29 

Operating revenue per sector (US$) 9,827 9,311 19,279 20,234 32,294 29,254 38,842 35,948 39,775 35,884 18,540 15,984 16,505 15,253 3,530 3,033 9,254 9,199 

Average fare paid (US$) – including 

ancillary revenue 98.04 87.05 157.30 156.7 196.70 175.47 236.26 204.89 273.50 351.70 140.80 124.70 139.40 130.41 104.63 75.64 119.16 114.61 

C
o
n
n

ec
ti

v
it

y
 

Network density – average daily 

departures per airport 12.45 10.93 7.74 6.67 13.37 11.65 4.39 3.89 3.81 -- -- 10.14 10.79 9.84 7.33 7.21 50.85 45.33 

Total number of destinations (31 Dec) 57 63 59 61 150 160 241 242 378  --  -- 20 52 60 218 217  64 68 

Average sector (miles) 728 738 979 1,034 1,254 1,263 1,494 1,550  1,282 1,290 614 562 1,120 1,076 511 505 636 639 

C
o
n
v

en
ie

n
ce

 Average distance from nearest CBD 

(miles) – Top 5 airports  9.48 9.48  12.22 12.22  17.16 17.16  12.34 12.34  13.84 13.84  4.78 4.78  8.72 8.72  16.78 16.78  8.76 8.76 

Departure punctuality (within 15 min) 

(%) 81 79 81 86 74 79 77 81 82 83 93 95 77 80 82 84 79 80 

Arrival punctuality (within 15 min) (%) 77 76 78 83 70 77 74 79 76 79 90 92 73 77 79 82 80 83 

C
o

m
fo

rt
 Load factor (%) 78.9 79.4 77.3 79.3 80.6 80.7 81.2 82.4 82.1 82.4 82.7 83.9 80.4 79.7 76.3 78.1 71.2 76.0 

Enplaned pax/flight & cabin crew  6,987 6,776 4,548 4,494 3,820 3,706 3,604 3,376 3,401 3,411 5,574 5,799 5,951 5,870 4,887 4,914 6,582 6,603 

A
ir

cr
af

t Aircraft hours per day 11.98 10.03 10.60 9.80 9.83 9.71 11.10 10.61 11.12 10.39 9.29 9.18 12.10 11.50 -- -- 10.95 10.26 

Uniformity of fleet (% most popular 

aircraft) (31 Dec) 63.20 62.31 -- 100.00 41.95 39.75  70.28 68.84  19.00 18.00 54.50 54.50 75.30 72.84 56.56 55.68 100.00 100.00 

Aircraft sectors (departures) per day 5.22 4.99 4.15 3.54 3.20 3.05 3.02 2.80 1.41 1.40 5.41 6.15 4.02 3.99 3.61 3.48 6.06 5.74 

L
ab

o
r 

Enplaned pax /total employee 3,281 3,055 1,743 1,740 1,307 1,288 1,159 1,108 849 834 2,117 2,169 2,205 2,090 2,299 2,455 2,871 2,918 

Employee/aircraft 55.07 56.84 87.53 77.52 113.26 109.02 113.26 117.63 82.41 82.51 112.33 116.48 70.93 72.54 20.33 19.27 66.11 64.67 

Personnel cost per ASM (US$ cents) 1,999 -- 3,071 3,434 4,073 4,490 2,987 3,329 3,762 5,632 2,132 3,076 2,392 2,383 3,288 3,153 3,234 3,538 

Flight & cabin crew/total employee (%) 46.96 45.09 38.33 38.72 34.23 34.76 32.82 32.82 24.97 24.47 37.98 37.41 37.22 35.72 47.06 49.95 43.62 44.19 

ASM/employee (000) 3.17 2.97 2.51 2.59 2.30 2.28 2.50 2.38 1.51 1.50 2.56 2.52 3.28 3.04 2.45 2.56 2.91 2.82 
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The decision to use American-based airlines in this study was facilitated by the 

fact that airlines in the US are required to publish an annual report containing the 10-

K Form, which includes operational and managerial data. This information was 

complemented by data compiled from the airlines’ websites and their annual reports, 

as well as from the US Bureau of Transportation Statistics (US BTS), the MIT Airline 

Data Project and Google Maps. The use of data from sources such as the International 

Air Transport Association (IATA) and OAG were beyond the scope and budget of 

this study. Data were collected for the operational years 2008 and 2009, as, for most 

airlines, these were the two most recent years that were readily available during this 

study (March 2011).  

The timeframe chosen to analyze US airlines was challenging for a number of 

reasons. In particular, the period analyzed (2008–2009) was characterized by the 

Global Financial Crisis, when airlines experienced a significant drop in passenger 

numbers. According to the US BTS, passenger numbers fell from 835.4 million 

passengers in 2007 to 809.7 million passengers in 2008 and 767.6 million passengers 

in 2009. Consequently, airlines had to readjust their capacity, albeit not as fast as the 

decrease in demand, with the Available Seat Mile (ASM) for the same period 

decreasing to (in billions of ASM) 1,371, 1,361 and 1,281, respectively. In addition to 

the mergers and acquisitions that took place in this period (e.g. Midwest Air and 

Frontier Airlines), it was difficult to obtain data for individual airlines because many 

airlines report aggregate results as a corporate group and not on the basis of an 

individual airline (e.g. United Airlines). An exception was Continental, where it was 

possible to separate data from ExpressJet, Chautauque, CommutAir and Colgan. It 

was not possible to distinguish SkyWest data from that of Atlantic Southeast Airlines 

(ASA); considering both have very similar business models the data were included as 

a single entity.  

From the list of items used by Mason and Morrison (2008), a total of 20 were 

selected. The remaining items were either only available through the purchase of 

expensive databases or they were not consistently available for the nine airlines in the 

2008–2009 timeframe. Only eight values of the 20 x 18 matrix were missed, 

comprising 2.2% of the 360 cells in Table 1. The data for the ‘distance to top five 

airports’ were based on 2009 data. In some instances, direct data were available, 
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while in other cases additional calculations had to be made, such as the average fare 

and uniformity of fleet. 

Information presented in Table 1 affords some opportunities to compare data for 

the years 2008 and 2009. As previously mentioned, during these two years, airlines 

had to adjust their capacity to match the decrease in demand during the Global 

Financial Crisis. In general, there was a decrease in the unit cost (except for 

Southwest Airlines), yield RPM (except in the case of Continental), operating revenue 

per sector (the exception being Alaska), average fare (except Delta) and aircraft hours 

of use per day between 2008 and 2009. This reflects the strategy adopted by airlines 

to decrease the supply of seats and routes, ultimately decreasing their costs, to match 

the lower demand and yield. This then led to an increase in the load factors in 2009 

for all airlines except Jetblue. 

Data were then adjusted in Excel using the Percentrank function, which returns 

the rank of a value in a data set as a percentage of the data set. This function is used to 

evaluate the relative standing of a value within a data set, which is particularly useful 

for this research because it produces a spectrum of index values. Table 2 presents the 

average benchmarked values for the six indices, which range between zero and one. 
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Table 2  

Average benchmarked values for the six indices (2008–2009) – airlines listed in order according to the average index. 

 Air Tran Southwest Jetblue Skywest Hawaiian Alaska Continental American Delta St Dev 

Revenue index 0.19 0.32 0.26 0.46 0.50 0.61 0.66 0.67 0.83 0.21 

Connectivity index 0.27 0.47 0.47 0.56 0.61 0.48 0.53 0.66 0.72 0.13 

Convenience index 0.70 0.58 0.83 0.27 0.35 0.40 0.61 0.61 0.41 0.18 

Comfort index 0.31 0.56 0.40 0.65 0.21 0.71 0.57 0.56 0.54 0.16 

Aircraft index 0.37 0.23 0.24 0.59 0.60 0.41 0.51 0.79 0.73 0.20 

Labor index 0.14 0.36 0.38 0.17 0.54 0.55 0.79 0.83 0.71 0.25 

St Deviation 0.198 0.140 0.216 0.191 0.158 0.119 0.102 0.105 0.151  

Average 0.33 0.42 0.43 0.45 0.47 0.53 0.63 0.65 0.66  

 

 
LCC (0)      airline business model spectrum     FSNC 

(1) 
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3. Analysis of the airline business model spectrum 

 

According to the standard deviation results obtained for each airline (Table 2), 

two FSNCs, Continental and American, had the lowest standard deviation (0.102 and 

0.105, respectively). The airlines with the highest standard deviation were Jetblue 

(0.216) and AirTran (0.198). Standard deviation results suggest that FSNCs conform 

more consistently to the hypothesized relations than their LCC counterparts. Broadly, 

both airlines conform to hypothesized relations between the LCC model and index 

values, with the exception of the convenience index. They had the worst performance 

in terms of the convenience index, mainly associated with the poor performance 

regarding arrival punctuality. Jetblue is an exception in that the airline has several 

similarities to LCCs, while ranking highly for items in the convenience index (all 

three of which are over 0.80). This reflects the choice to operate in congested airports 

(e.g., JFK New York), which might explain the relatively poor performance in the 

departure/arrival of its flights. 

Figure 1 shows that Air Tran conforms to the hypothesized LCC-index relations 

with respect to revenue, connectivity and labor indices. Skywest had the closest LCC 

model for convenience, Hawaiian for comfort, and Southwest for the aircraft index. 

Hawaiian Airlines had several items, such as departure and arrival punctuality, load 

factor and aircraft sectors, ranking very close to zero. The aircraft index of Hawaiian 

Airlines should be viewed with caution. Hawaiian mostly operates two types of 

aircraft: 15 Boeing 717s for the short haul intrastate/inter-island routes and 18 Boeing 

767s for flights to the US mainland and overseas. Due to a fairly even share of these 

aircraft in the fleet, the aircraft index of Hawaiian was high compared to Alaska and 

Southwest, which have a single type of aircraft fleet. 

 

[Insert Figure 1 about here] 
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At the other end of the spectrum, American had the highest rank for the 

connectivity and labor indices, Delta with revenue and aircraft, Jetblue with 

convenience, and Alaska with the comfort index. The standard deviation of the 

aircraft index was the highest (0.25), with values ranging between 0.14 and 0.83. The 

connectivity index, however, had the lowest standard deviation (0.13), with values 

more concentrated in the 0.27–0.72 range. 

The airline business model spectrum enables a comparative positioning of 

different airlines along the LCC–FSNC spectrum (Table 2). A number of airline 

attributes were quantified and linearized in a fashion that enabled us to test 

hypotheses concerning the relationship between airline business models and the 

values of the indices. Apart from confirming those airlines that are traditionally 

known as LCCs (e.g., Southwest) or FSNCs (e.g., American, Continental and Delta), 

the spectrum helps to clarify the inexact concept of hybrid airlines, as it provides 

information about the relative positioning of these airlines against the LCC–FSNC 

extremes. This was particularly useful in the case of hybrid models, such as Jetblue 

(0.43), Skywest (0.45), Hawaiian (0.47) and Alaska (0.53).  

The study revealed that while several indices, especially the revenue and labor 

indices, discern LCC and FSNC characteristics very well (increasing along the LCC–

FSNC spectrum), two traditional characteristics typically associated with LCC 

business models, i.e., load factor (comfort) and the use of secondary airports 

(convenience), did not conform to expectations. For these two items, Southwest – 

typically considered to be the blueprint for the LCC business model (Alamdari and 

Fagan, 2005) – resembled an FSNC. In fact, it had the lowest load factor in the study 

sample. More importantly, the key point here is that, in understanding the variation in 

airline characteristics, comfort and convenience are areas where traditional 

conceptualization of the LCC–FSNC dichotomy are least helpful. As mentioned 

earlier, this is partly due to the difficulty in accurately measuring attributes such as 

comfort and convenience – it was noted that there might be better indicators of 

comfort than load factor.   

Certainly there is scope to improve the reliability and the validity of the 

current analysis by including the same items used by Mason and Morrison (2008). 

This could be done with access to OAG and IATA data. Importantly, the research 

could develop a more complex spectrum to account for geographical context and 

change over time. Ultimately, such capacity to track and identify changes along the 



  9 

spectrum can be a useful analytical structure for practitioners and analysts who are 

often subjected to large volumes of marketing intelligence data. Finally, the spectrum 

can be a tool to better understand hybrid airlines – the nature of their business and 

how they can cooperate and/or compete with LCCs, FSNCs or partner with airports. 
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